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Abstract. Gervais & Fessler’s Attitude-Scenario-Emotion (ASE) model is a useful tool for the 

detection of affect in social media. An addition to the model is proposed – the audience – and its 

role in the manifestation of affect is discussed using a cyberbullying scenario. The presence of 

contempt in cyberbullying is also discussed. 

 

Social media is now a standard way of interacting with other people – friends, acquaintances and a 

wider audience of unknown people.  Given the wealth of online activity and its relevance to our 

“real” lives, analysis of social media has gained a lot of interest. In particular, affect detection from 

text attracted many researchers (e.g., Paltoglou & Thelwall, 2012; Altrabsheh et al., 2015; Tromp & 

Pechenizkiy, 2015), where affect is broadly understood as anything to do with human emotion and 

related phenomena. In this area, there is confusing terminology about what is expressed and what 

can be detected from social media text. A recent article (Munezero et al., 2014b) sought to clarify 

this terminology and it is largely aligned with Gervais & Fessler’s article in the sense that emotions 

can be observed and that sentiments can be inferred from different emotion expressions. 

Research in this area focuses on broad categories such as subjective vs. objective text and polarity, 

i.e., positive/negative/neutral (e.g., Liu & Zhang, 2012; Gaber et al., 2015). Some attempts were 

made to detect specific emotions, mostly based on Ekman’s basic emotions model (Ekman, 1992) or 

Russell’s dimensions (Russell & Mehrabian, 1977) (e.g., Balahur, 2013; Paltoglou & Thelwall, 2013). 

In the last five years, detection of more complex affective phenomena has emerged, such as:  

humour and irony (Reyes et al., 2012), nastiness (Justo et al., 2014), and sarcasm (Justo et al., 2014; 

Altrabsheh et al., 2015). Moreover, there is a growing interest in the detection of online activity such 

as anti-social behaviour (Munezero et al., 2014a) and cyberbullying (Dinakar et al., 2012; Zhao et al., 

2016) through the manifestation of affective text (e.g., insults). 

In this context, the ASE model proposed by Gervais & Fessler would be a useful tool for sentiment 

detection. Given the characteristics of the medium of communication, i.e., social media, the addition 

of another dimension is proposed: the audience. The audience is implicit in social media; one may 

not be aware of the entire audience – in fact there is a tendency to underestimate the size of the 

audience (Bernstein et al., 2011), but one accepts that there is an audience and one’s mental model 

of the audience influences one’s online activity (Marwick, 2011; Litt, 2012).  

To illustrate the ASE model with the addition of the audience a cyberbullying scenario is used, where 

cyberbullying is the repeated communication through digital media of hostile/aggressive messages 
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intended to harm/discomfort others (Tokunaga, 2010). The influence of attitudes, audience and 

emotions on behaviour are discussed for several cases (Table 1) – the cases and their explanations 

are not exhaustive; they are meant as an illustration of how the audience has an influence on one’s 

emotions, and, consequently, on one’s behaviour. 

Scenario: X is repeatedly making nasty comments about Y’s appearance on a social network. The last 

comment is more hurtful and is accompanied by an unflattering picture. 

 Case 1 Case 2 Case 3 Case 4 Case 5 

Attitude Appearance is indicative of one’s 
worth 
 

One’s worth is independent of one’s appearance 

Audience Acquaintances; 
friend with X 

Friends; friend 
with X 
 

Friends and 
acquaintances; 
friends with X 

Friends  
  

Friends and 
acquaintances;  
friends with Y 

Emotion Lack of 
compassion 

Mirth Pity for Y Indignation Fear 

Behaviour Indifference Laughter at Y Indifference Defend Y Indifference 

Table 1. Cases of the Attitude-Scenario-Emotion+Audience (ASE+A) model for a cyberbullying 

scenario. 

Case 1 and 2 illustrate the presence of contempt with “cold” and “hot” phenomenology respectively. 

In Case 1, the actor lacks compassion for Y, but the uncertainty over the audience (i.e., perceived risk 

of social negative evaluation/less social reward), prevents a reaction resulting in indifference. Case 2, 

on the other hand, with an audience of friends involved in the bullying (i.e., opportunity to gain 

social reward or fear of losing social approval if not joining) activates hostility in the form of 

laughter.    

Case 3 shows a conflict between one’s beliefs and a friends’ behaviour, which could results in 

compassion for Y, but a reluctance to risk the friendship with X, leading to no reaction. In case 4, 

defending Y is an opportunity to gain social rewards from an audience of friends (presumed to have 

similar beliefs). In case 5, the actor is fearful that defending Y would lead to being targeted as well. 

Thus, the audience has a major role in one’s reactions on social media, with two main dimensions: 

(a) relationship to main actors (X and Y) and (b) the social group (friends/acquaintances/unknown). 

Social reward depending on the audience of friends vs. acquaintances was explored in previous 

research on cyberbullying (Jones et al., 2011; Bastiaensens et al., 2014) – these cost-reward and 

power dynamic aspects are in line with the bookkeeping and commitment functions in social 

relationships, as discussed in Gervais & Fessler’s article.  

Gervais & Fessler define contempt as the lack of caring, but with the lack of intrinsic motivation to 

harm others. In cyberbullying the intent to harm is present, without a clear distinction if this harm is 

the main goal or a means for other ends like social standing.  

In face-to-face bullying and, possibly even more so, in cyberbullying the element of power or social 

standing may be the main goal. This may explain why some people join in the bullying when they do 

not know the victim or the initiating bully. Bertolotti & Magnani (2013) describes this behaviour as 

gratuitously humiliating another person in public and compares it to “sociopathy”. In this sense, it is 
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similar to the “hate crimes” mentioned by Gervais & Fessler and contempt rather than hate is more 

likely to justify such behaviour. 

Using the ASE+A model for affect detection offers the potential to better understand affect in the 

context of social dynamics by integrating elements of the context (i.e., scenario), the audience (the 

network of relations) and attitudes. Of these, perhaps the most challenging is the detection of 

attitudes; in the case of cyberbullying, stereotypes about one’s appearance, intelligence and other 

personal characteristics are often involved (Dinakar et al., 2012) and could be used as a proxy for 

attitudes. 
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