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Decision-Making for Others: The Impact of Reputational Costs, 

Preference Differences, and Increased Responsibility 

Abstract 

This thesis uses economic experiments to examine the mechanisms behind decision-

making for others; namely, reputational lying costs, ideals projective paternalism and 

preference differences between the decision-maker and their recipient, and increased 

responsibility for more money and more recipients. 

Chapter 1 gives an overview of the literature on decision-making for others and outlines 

how the studies in Chapters 2, 3, and 4 contribute to that literature. 

Chapter 2 reports the first experiment, which investigates whether reputational lying 

costs are lower when lying for someone else because lying for another is deemed more socially 

acceptable. We measured lying behaviour, whilst varying the payoff recipient; either the 

participant themselves or another random participant, and the likelihood of drawing the 

maximum outcome; either a 10% chance or a 55% chance. We find that reputational costs are 

lower when lying for another person and may even switch to providing a reputational benefit. 

Chapter 3 reports the second experiment, which examines whether agents 

paternalistically impose their risk preferences onto investments for others and whether they 

impose them more, the more the recipient’s risk preference differs from their own. In an online 

investment game, we manipulate the recipient of an investment decision; either participants 

themselves or another random participant, and the difference between the agent and recipient’s 

known risk preference within-subjects using the strategy method. We find that even when 

agents know their recipient’s risk preference, they impose their own onto the others’ 

investments paternalistically, and impose them more, the more the recipient’s risk preference 

differs from their own. 

Chapter 4 reports the third experiment, which tests whether agents become more risk-

averse when investing on behalf of a larger number of recipients and with a larger amount of 

money, both in total and per recipient. We use an online investment game, where we vary the 

number of recipients that agents invest for; either one or ten, and also the amount of money 

that each recipient has to invest; either £1 or £10 each. We find that the number of recipients 

has no effect on behaviour, but agents become more risk-averse when investing a larger amount 

for each recipient. 
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Chapter 5 summarises the findings, draws general conclusions from the research 

overall, and suggests possible avenues for future research. 
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Chapter 1: 

Introduction 

1.1 Literature Review and Contribution 

Neoclassical Economics assumes that rational agents are emotionless, have limitless 

cognitive abilities, attention and willpower, and only gain utility when outcomes affect them 

directly (Cartwright, 2018; Dhami, 2016). However, in everyday life, people often make 

decisions that only affect others. Examples range from the trivial to the critical. Parents decide 

their children’s bedtime, friends buy gifts for other friends, but also governments choose how 

to allocate tax revenues and healthcare proxies make decisions for incapacitated patients – 

sometimes even end-of-life decisions. Yet the standard model of self-interest offers no 

predictions of behaviour, since other people’s outcomes do not factor into their utility function 

(Fehr & Schmidt, 1999), suggesting that decisions makers would decide randomly to minimise 

their own cognitive effort (see Eriksen & Kvaløy, 2010 for a discussion). Given this 

inconsistency between standard model assumptions and observed everyday behaviour, 

economists and psychologists alike have begun to extend the model’s utility maximisation 

framework to incorporate concern for others and study how people make decisions on another’s 

behalf. 

Beisswanger et al. (2003) proposed that if people use their own moral judgement and 

preferences to make all of their decisions, intuitively, they should make the same decisions for 

others as they do for themselves. However, self-other differences in decision-making have been 

found in many scenarios. People are found to be more inclined to choose hedonic rather than 

utilitarian products for others (Lu, Liu, et al., 2016), more likely to favour desirable over 

feasible events (Lu et al., 2013), experience less inaction inertia (Lu, Jia, et al., 2016) and 

decision fatigue (Polman & Vohs, 2016), favour more conservative medical treatments 

(Garcia-Retamero & Galesic, 2012b, 2012a), and believe the other’s money has less purchasing 

power (Polman et al., 2018) to name a few of many examples. To explain these differences 

between decisions for oneself and for others, researchers have suggested that either the type 

(Stone et al., 2002) or weighting (Kray, 2000) of motivating factors must differ in decisions 

for others. Yet comparing self-other differences reveals no obvious pattern as to how these 

motivating factors differ. Even within decision domains, the choices people make for others 
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often vary between studies. For example, in the literature on risky decision-making, a similar 

number of studies find people to be more risk-taking for others as those that find people to be 

less (Batteux et al., 2019a; Polman & Wu, 2019). Whilst Agranov et al. (2014), Chakravarty et 

al. (2011), Leder and Betsch (2016), Mengarelli et al. (2014), Pollmann et al. (2014), Rigoli et 

al. (2018), and Wray and Stone (2005) all found that people are more risky for others than they 

are for themselves, Bolton et al. (2015), Bolton and Ockenfels (2010), Charness and Jackson 

(2009), Eriksen et al. (2020), Eriksen and Kvaløy (2010), Füllbrunn and Luhan (2020), 

Montinari and Rancan (2018), Pahlke et al. (2015) and Reynolds et al. (2009) equally found 

that people are less risky for others. Hence, to determine how decisions for others differ from 

self-regarding decisions, researchers have taken a more nuanced approach to examining factors 

that motivate decisions for others. 

Stone and Allgaier (2008) proposed one such factor. They argued that people make 

decisions for others according to what they see as the most socially acceptable in the specific 

decision context, a theory which they refer to as social values theory (Dore et al., 2014). 

Consequently, they suggest that decisions for others are significantly affected by social norms. 

Supporting this theory, they found that in physical safety scenarios where risk-aversion is 

socially valued, participants are less risk-taking for others, yet in relationship scenarios where 

risk-taking is valued they are more risk-taking (Stone et al., 2013). Social values theory also 

offers a plausible explanation for other findings in the literature, accounting for why people are 

more cautious for others in medical decisions (Batteux et al., 2019b; Ubel et al., 2011) and 

follow social norms regarding vaccine administration, even when norms conflict with the 

recipient’s preferences (Petrova et al., 2016). However, whilst social norms dictate some 

decisions for others, there is also evidence that they only predict behaviour in certain scenarios. 

For example, people are only found to follow the norm of being cautious with other people’s 

money when they are held accountable for the decision (Lefebvre & Vieider, 2013; Pahlke et 

al., 2015; Pollmann et al., 2014) or feel directly responsible for the recipient’s outcome (Arfer 

et al., 2015; Charness, 2000; Charness & Jackson, 2009). Without these external and internal 

forces holding decision-makers to such norms, people are often found to decide similarly for 

others as they do for themselves (Pollmann et al., 2014) and abandon prosocial intentions 

toward their recipient (Charness, 2000). Thus, decisions for others are not entirely driven by 

norms. 

Nevertheless, other factors must influence decisions for others in the absence of norms, 

since anonymous decisions are still not taken randomly as the standard model predicts – for 

example, we show in chapter 3 in an anonymous risky decision that the majority of participants 
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follow one of five specific behavioural patterns. Therefore, the psychological distance 

hypothesis has been proposed as another theory to explain decisions for others (Batteux et al., 

2017). The premise of this theory is that the ‘psychological distance’ between decision-makers 

and the recipient of their decision alters how emotionally and cognitively invested they are in 

the decision. Differences in how emotionally invested they are, referred to as emotional 

distance, has been explained in reference to the risk-as-feelings hypothesis (Loewenstein et al., 

2001). This states that people form their own risk preferences from emotional reactions to risk, 

but this emotional response is lower when the resulting payoff is received by someone other 

than the decision-maker. Consequently, when making decisions for others, people are said to 

employ an attenuated version of their own risk preferences. Two strands of literature have 

emerged to support this. First, researchers have found repeatedly that decisions for others are 

more economically rational than decisions for oneself. For others people are less susceptible to 

endowment effects (Wang et al., 2018) less susceptible to framing effects (Sun et al., 2017; 

Ziegler & Tunney, 2015) less loss averse for risky prospects in the loss frame (Andersson et 

al., 2016; Füllbrunn & Luhan, 2017), less risk-averse for risky prospects in the gain frame, 

attenuating the fourfold pattern of risk predicted by prospect theory (Batteux et al., 2017; 

Kahneman & Tversky, 1979; Zhang et al., 2017), and more patient in temporal discounting 

tasks (Albrecht et al., 2010; Ziegler & Tunney, 2012, though also see de Oliveira & Jacobson, 

2021, who finds less patience for others when a real effort task is used). Second, people also 

make decisions that more closely resemble their own preferences when the recipient is a friend 

or a family member, where emotion would play a greater role in the decision. People are found 

to make more economically rational decisions for strangers than for friends (Batteux et al., 

2017) for distant friends than for close friends (Sun et al., 2017), and for relatives who are 

further away on the family tree (Ziegler & Tunney, 2012). This evidence for attenuated 

emotions in decisions for others is also backed up by neuroeconomic evidence. Brain areas 

associated with rewards were activated less in decisions for others (Albrecht et al., 2010; 

Varnum et al., 2014) but were activated more when the recipient was perceived as more similar 

to them (Mobbs et al., 2009) or was their best friend rather than a disliked other (Braams et al., 

2014). Aside from this emotional distance in decisions for others, there are also findings 

showing differences in how cognitively invested agents are, referred to as cognitive distance, 

which is also predicted by the psychological-distance hypothesis. The cognitive distance is 

explained in reference to construal-level theory (Trope & Liberman, 2010), which states that 

the psychologically further an event is from your own immediate experience, the more 

abstractly you view it. The prediction from this would be that decision-makers treat choices for 
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others similarly to hypothetical choices. There is also evidence to support this claim. Just as 

decisions for others are less risk-averse for risky prospects in the gain frame, so too are 

hypothetical choices (Harrison, 2006; Holt & Laury, 2002) and Pronin et al. (2008) even found 

that people make similar decisions for others as they make for their hypothetical selves in the 

distant future. Thus, there is a large body of evidence that when social norms don’t drive 

decisions for others they are made as a dampened version of the decision maker’s own choice 

in the same scenario. 

Though this suggests that decisions for others differ in degree from decisions for 

oneself, decisions are also found to differ in kind (Polman & Wu, 2019). Whilst social norms 

and emotional and cognitive responses to a choice affect both self and other-regarding 

decisions in similar ways, some factors uniquely affect decisions for others. For example, guilt 

is a distinctly social emotion. Morey et al. (2012) found that unique brain areas were 

responsible for modulating the relationship between harm to others and guilt intensity, while 

Wagner et al. (2012) found that trait guilt moderated how loss-averse decision-makers were for 

others. Another factor that only applies in decisions affecting others is an aversion to being 

responsible for others; Leonhardt et al. (2011) found that people making decisions for others 

favour uncertain options so that they can minimise their causal role in the outcome and avoid 

being directly responsible for another’s payoff. Such pressures of responsibility and anticipated 

guilt may also explain why decision-makers are more focused on finding confirmatory 

information (Jonas et al., 2005) and search a wider range of alternatives (Liu et al., 2018) when 

making decisions for others. As in the psychological distance hypothesis, there is also neural 

evidence that decisions for others differ qualitatively, as well as quantitatively, from decisions 

for oneself. Although Jung et al. (2013) replicated the finding that reward-related brain areas 

activate less in decisions for others (as predicted by psychological distance) they also found 

that brain regions associated with theory of mind were considerably more active in decisions 

for others. From this, they concluded that decisions for self and others recruit fundamentally 

different neural processes. This heightened activation of a theory of mind also parallels the 

finding by Füllbrunn and Luhan (2020) that decision-makers attempt to predict how the 

recipient would have decided for themselves when deciding on their recipient’s behalf. 

Therefore, this evidence that decisions for others incorporate factors that do not contribute to 

decisions for oneself, highlights the need to test the unique mechanisms behind decisions for 

others. Despite this, much of the literature has assumed that decisions for others have the same 

mechanisms as self-regarding decisions and interpret intentions a posteriori based on observed 

behaviour. 
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This thesis will, therefore, be devoted to studying some of the mechanisms behind 

decision-making for others; namely, the effect of reputational costs when lying for others, the 

effect of ideals projective paternalism and belief dissonance when investing for others and the 

effect of responsibility for money or a larger number of recipients when investing for others. 

Overall, the previous literature discussed has given us the following broad insights about the 

mechanisms driving decisions for others. Social values theory and related literature have shown 

that agents use norms of socially desirable behaviour to drive decisions for others, meaning 

that context-specific norms cause agents to make different decisions for others in different 

contexts. However, whether each norm is followed in public or whether it is also followed in 

anonymous decisions (i.e. Pollmann et al., 2014) depends on whether the norm is simply 

complied with or internalised by the agent. Emotional and cognitive distance to the recipient is 

also shown to drive differences in decisions for others, as outlined in the psychological distance 

hypothesis. Variations in the norms surrounding how closer and more distant others should be 

treated could cause these differences. However, neuroeconomic evidence showing that 

emotional responses mediate the effect of closeness on decisions for others, suggests that the 

psychological distance hypothesis may complement rather than compete with social values 

theory (Stone & Allgaier, 2008). The finding that decision-makers attempt to predict how 

recipients would make decisions for themselves, on the other hand, may directly contradict the 

forces of social norms. Indeed, others’ preferences and the socially desired behaviour may point 

to different decisions. Therefore, as shown in chapter 3, whether agents emulate how their 

recipients would have made the decision for themselves depends on the amount of weight they 

place on the recipient’s preference and how this interacts with norms.  

As a whole, this thesis most prominently advances our understanding of how and when 

the mechanism of social norms drives decisions for others and when other factors explain 

behaviour instead. We do this in the second chapter by examining whether the act of deciding 

for someone else in itself causes norms to differ, by making misreporting more acceptable, and 

in turn whether this difference affects behaviour. We do this in the third chapter by testing 

whether the norm of ‘doing unto others as they would do for you’ explains why agents will 

make the same decision for others as they do for themselves, or whether paternalism motivates 

this behaviour instead. We do this in the fourth chapter by testing specifically why the most 

prominently examined norm, responsibility for others, affects decisions for others, by testing 

whether the norm applies to the people the decision is made for or the money at stake. Aside 

from this common theme of mechanisms in decision-making for others, the three studies 

making up this thesis also share the methodology of incentivised economic experiments. Each 
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study in turn contributes to the experimental decision-making for others literature more 

specifically in the following ways. 

First, studying lying behaviour in the first project, titled “Would I Lie for You? The 

Impact of Reputational Costs in Prosocial Lying”, provides a unique perspective on decision-

making for others because of the moral cost imposed on the decision-maker. In much of the 

literature discussed above, decisions are ‘DMfO simpliciter' (Ifcher & Zarghamee, 2020), a 

decision made by one person on behalf of another with no benefit or cost to the decision-maker. 

Whilst this scenario has the advantage that it does not confound the decision maker’s other-

regarding preferences with their own financial incentives, it also has the disadvantage that it is 

more difficult to identify the decision maker’s intentions from their observed decisions alone. 

For example, in the literature on risky decision-making, whilst one agent might become more 

risk-averse for their recipient to prosocially protect their profits (Charness, 2000; Charness & 

Jackson, 2009), another may display the same behaviour, but become more risk-averse to try 

to lower their recipient’s payoff due to fairness concerns (Bolton & Ockenfels, 2000; Fehr & 

Schmidt, 1999; Olschewski et al., 2019), or even for the sheer joy of lowering it (Abbink & 

Herrmann, 2011; Abbink & Sadrieh, 2009). This ambiguity is not present in lying for others 

because of this moral cost; an agent who chooses to lie must have cause to do so to offset the 

cost of lying, and whether they choose to increase or decrease their recipient’s randomly drawn 

payoff sends a clear signal of their desired impact from the decision. Additionally, as discussed 

above, the decision-making for others literature overall has only just begun to examine how 

mechanisms in other-regarding decisions differ from mechanisms in self-regarding decisions, 

and even fewer studies examine mechanisms in lying for others specifically. Given the 

evidence showing how norms affect other-regarding decisions (Stone & Allgaier, 2008), it is 

intuitive that differences in norms surrounding lying for others might underlie differences in 

behaviour. Therefore, by examining how reputational lying costs manifest in lies for others, 

this study challenges the assumption in previous research that the structure of lying costs 

remains the same across lies for oneself and for others, with only the financial incentive being 

replaced with social preferences as a motive to lie. 

Second, the second project titled “Do as I Do: Paternalism and Preference Differences 

in Decision-Making for Others” is the first to examine ideals-projective paternalism (Ambuehl 

et al., 2021), the propensity for decision-makers to impose their own ideals onto others 

paternalistically, in a risky decision-making for others context. Whilst studies have identified 

that some participants make decisions for others as they decide for themselves, for example, 

Ifcher and Zarghamee (2020) found that many follow the 'golden rule' of doing for others as 
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they would have done for them, yet as discussed above it has never been identified why this 

might happen. This study fills this gap by not only identifying whether these decision-makers 

simply fail to consider how their recipient would decide for themselves, or whether they 

actively disregard their recipient’s preferences, but it also identifies whether the decision-

maker has prosocial intentions, unlike much of the previous literature. This study is also the 

first to examine belief dissonance (Golman et al., 2016), an intrinsic distaste for encountering 

beliefs that differ from one’s own, in decision-making for others. As discussed in chapter 3, 

the study also rectifies a number of design elements in previous research (i.e. Bolton et al., 

2015; Kling et al., 2019 and Füllbrunn & Luhan, 2022) which prevents them from detecting 

whether agents will follow their recipient’s known risk preferences when deciding on their 

behalf. The study also introduces a novel method to systematically manipulate the difference 

in risk preferences between a decision-maker and the recipient of the decision. 

Lastly, the third project titled “The Needs of the Many: How Responsibility Affects 

Risky Decision-Making for Others” is one of a very limited number that directly manipulates 

responsibility in decision-making for others. Whilst Charness and Jackson (2009) speculated 

three possible drivers of increased risk-aversion under responsibility; namely, blame 

avoidance, anticipating recipient risk preferences and social norms of caution for others, these 

factors are often assumed to explain any observed caution for others in the literature, without 

any evidence of what decision-makers actually feel responsible for; the people or the people’s 

money. In this project, we manipulate both the number of people agents decide for and the 

amount of money, to identify the independent effects of both factors. In this sense, the project 

also contributes substantially to the debate on whether agents are more or less risk-taking for 

others than themselves, which has been the subject of multiple meta-analyses (e.g. Batteux et 

al., 2019; Polman & Wu, 2019). Indeed, it illuminates when previously found increases or 

decreases in risk-taking for others might actually be attributed to the amount of money agents 

are responsible for on behalf of their recipients’, or the number of recipients they are 

responsible for, rather than as an effect of agency itself, as previously assumed. 

1.2 Chapter Summaries 

Chapter 2 examines whether reputational lying costs are lower when lying on another’s 

behalf because lying for another is deemed more socially acceptable. It adapts the ‘chips’ 

method used initially by Abeler et al. (2019) to measure lying behaviour. Participants take one 

of twenty numbered chips out of an envelope in private, then self-report the number between 
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1 and 10 and receive that number as their payoff in GBP. Since participants self-report the chip 

number, they have the opportunity to misreport it to increase their payoff. To test our research 

question, we implement two pairs of between-subjects treatments in this setting. First, we 

manipulate the recipient of the payoff; participants draw chips either to determine their own 

payoff or the payoff of another random participant, earning no payoff for themselves. Second, 

we manipulate the proportion of maximal outcomes (number ‘10’ chips) that participants can 

draw from the envelope; participants have either a 10% or 55% chance of drawing a ‘10’. This 

treatment aimed to vary the probability that misreporting maximally would appear dishonest, 

thus manipulating the reputational cost associated with reporting a ‘10’. We hypothesised, 

firstly, that we would replicate the finding that, for their own payoff, participants would lie 

partially to disguise their lie when there are higher reputational costs in the 10% treatment, but 

lie maximally when reputational costs are alleviated in the 55% treatment. However, we 

hypothesised, secondly, that we would not find this same effect when determining another’s 

payoff if appearing dishonest is less aversive in lies for others. Overall, our findings support 

these hypotheses and suggest that lying for others may even provide a reputational benefit for 

some participants. As predicted, participants do lie partially for their own payoff in the 10% 

treatment and shift to maximal lying in the 55% treatment when reputational costs are lower. 

However, we do not find this effect in lies for others. We find virtually no partial lying for 

others in either the 10% or 55% treatment, suggesting that participants did not try to disguise 

their lie even when they would be more likely to be suspected of dishonesty by onlookers. 

Surprisingly, we even find that the number of maximal lies told decreases in the 55% treatment 

when reporting maximally was less likely to appear dishonest, suggesting that some 

participants were less inclined to lie for others when they could not signal their dishonesty as 

effectively. 

Chapter 3 examines whether participants paternalistically impose their own risk 

preferences onto investments for others and whether they impose them more, the more their 

recipient’s risk preference differs from their own. We adapted the investment game from 

Gneezy and Potters (1997) in an online experiment. Agents made a risky investment decision 

for themselves and then made the same decision on behalf of another participant with complete 

information of how their recipient invested for themselves. When agents invested for the other 

participant, we used the strategy method to elicit decisions for every possible investment the 

decision recipient could have made when investing for their own payoff (i.e. “if your recipient 

invested £0.25 in part one, how much will you invest for them in part two?”). Only the decision 

which matched the recipient’s true investment was implemented. With this, we generated 
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within-subjects data of a systematic deviation in the difference between agents’ own risk 

preferences and their recipient’s risk preferences. Participants had no obligation to either follow 

or deviate from their recipient’s known risk preference, and agents received no financial 

incentive so that only social preferences could drive their decision. Overall, we find that agents 

do project their risk preferences onto others’ investments due to paternalism. The agent’s risk 

preference significantly influenced their investment for others, despite them knowing their 

recipient’s risk preference, and them having no stake in the decision. Investments were also 

significantly predicted by the recipient’s known risk preference, but this was a substantially 

worse predictor than the agent’s risk preference. We also find, as predicted, that agents do 

deviate further from their recipient’s risk preference, the more that preference differs from their 

own. 

Chapter 4 examines whether agents take fewer risks on another’s behalf when 

responsibility is increased; both in terms of the number of people to invest for and the amount 

of money to invest. This study also adopts a Gneezy and Potters (1997) online investment 

game. Participants make an investment decision for their own payoff as a baseline, and make 

an investment decision for other participants, earning nothing themselves, in one of four 

treatments. As a between-subjects treatment, we varied the number of other participants that 

agents invest for; either one other or ten others. As a within-subjects treatment, we varied the 

amount of money that agents could invest on behalf of each participant; either £1 or £10. Whilst 

we manipulate the amount agents can invest for each participant directly, we also indirectly 

increase the total amount that agents are responsible for investing, by increasing the number of 

decision recipients, yet holding the amount each is endowed with constant. However, by 

multiplying the number of recipients by ten, but also dividing the individual endowments by 

ten, we observe a ‘number-of-recipients’ effect without the concurrent increase in total money. 

Overall, we find no evidence that agents become more risk-averse when investing for ten 

others, compared to one other, but agents do become significantly more risk-averse when 

investing £10 for each recipient compared to £1 for each. However, we also find that agents do 

not react to the total amount of money they are responsible for, suggesting that the impact 

investments have on each recipient affects behaviour more than the overall financial impact. 

Finally, chapter 5 summarises the findings from chapters 2, 3 and 4, discusses general 

conclusions about the mechanisms driving decision-making for others and outlines potential 

areas for further research. 
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Chapter 2: 

Would I Lie for You? The Impact of Reputational 

Costs in Prosocial Lying 

2.1 Introduction 

Standard economic theory predicts that rational agents will always lie if it would benefit 

them and could go undetected (Becker, 1968); ‘homo-economicus’ would evade taxes, 

fabricate achievements on resumes, and commit many lucrative crimes (López-Pérez & 

Spiegelman, 2013). However, in reality, 91.7 % of taxable incomes are reported honestly 

(Andreoni et al., 1998), fake qualifications appear on only 14% of CVs (Cullen, 2006), and 

only 8% of U.S. adults have committed a felony (Shannon et al., 2017).  To explain this 

behaviour, economists have established that there are intrinsic costs associated with lying 

(Fischbacher & Föllmi-Heusi, 2013); an internal moral cost and a reputational cost from being 

seen as a liar by others (Abeler et al., 2019; Gneezy et al., 2018). A large and growing literature 

examines how these costs deter people from lying for self-benefit (Fischbacher & Föllmi-

Heusi, 2013; Gneezy, 2005).  However, it has yet to be studied whether liars incur similar costs 

from telling a more socially and morally accepted category of lies; lies that benefit others 

(Levine & Schweitzer, 2014). 

Though the standard model predicts that the outcomes of others should not affect an 

agent’s decisions (Eriksen & Kvaløy, 2010), lies benefitting others are ubiquitous in everyday 

life.  Most people would be willing to exaggerate a colleague’s performance to spare their 

feelings (Lupoli et al., 2018) or lie to a manager or supervisor to benefit a friend (Okeke & 

Godlonton, 2014). Yet despite this prevalence, lying for others, or prosocial lying, is a 

relatively new area for experimental economic research, with few studies testing whether 

people are willing to lie for others and even fewer testing the mechanisms behind it (e.g. Aksoy 

& Palma, 2019; Cadsby et al., 2016; Gino et al., 2013; Okeke & Godlonton, 2014; Wiltermuth, 

2011). Buckle et al. (2021) and Michailidou and Rotondi (2019), among others, identified that 

some participants are willing to lie prosocially, despite receiving no financial incentive. One 

explanation for this is that participants have sufficient other-regarding preferences to outweigh 

their cost of lying. Another may be that participants have a lower reputational cost of lying 
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because prosocial lies are deemed more socially acceptable (Cantarero, Szarota, et al., 2018), 

less unethical (Gino et al., 2013) and are even deemed altruistic (Erat & Gneezy, 2012).  

Whilst these two explanations manifest in the same behaviour, if we do not understand 

the underlying mechanisms we cannot know how to effectively prevent people from telling 

prosocial lies. If the former is true, increasing the probability of being seen as a liar by 

onlookers would be sufficient to deter prosocial lying. Yet, if the latter is true, this intervention 

would have close to no effect. Therefore, with this study, we differentiate between these 

explanations and test whether reputational lying costs are lower in prosocial lies. 

In our experiment, we adapt a method used by Abeler et al. (2019) to elicit lying 

behaviour. We manipulate both the recipient of the payoff and the reputational cost of lying. 

Across our first treatment, participants draw chips to determine either their own payoff or the 

payoff of another random participant, with no incentive for themselves. In our second 

treatment, we manipulate the true probability of drawing the highest outcome and hence the 

likelihood that reporting the highest outcome will be seen as dishonest to onlookers. In previous 

literature, participants are found to misreport non-maximal outcomes (termed ‘partial lying’) 

to disguise their dishonesty to onlookers (e.g. Gneezy et al., 2018). Therefore, we expect that 

participants in our setting will also partially lie when the true probability of drawing the highest 

outcome is lower, but will tell fewer partial lies when the true probability of drawing maximally 

is higher, since they can more credibly claim the highest outcome without appearing dishonest. 

Conversely, if appearing dishonest is less aversive for prosocial liars, we expect that there 

would be no such effect in our ‘other’s’ payoff condition. 

Overall, we find evidence that reputational lying costs are lower in lies for others, and 

may even provide a reputational benefit for some participants. We replicate the finding that 

participants lie partially for their own payoff to disguise dishonesty to onlookers, but shift to 

lying maximally when the reputational cost of a maximal report is lower. However, when lying 

for others, we find no such shift. Participants tell virtually no partial lies for others regardless 

of how likely a maximal report is to be seen as dishonest, suggesting they felt no need to 

disguise their prosocial lying. In fact, we even find an overall decrease in the number of 

maximal lies told when maximal reports were less likely to be viewed as dishonest. This 

suggests that some participants may have been deterred from lying when they were less likely 

to be seen as dishonest. 
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2.2 Related Literature  

Although dishonesty is prevalent in many economic interactions, economists have only 

studied the structure and characteristics of lying costs in self benefitting lies in recent years. 

Becker (1968) is often cited as the first to set dishonest behaviour to an expected utility 

framework (Irlenbusch & Villeval, 2015; Rosenbaum et al., 2014). Becker (1968) argues that 

an individual will commit any crime if the benefits of doing so outweigh the costs, namely the 

probability and severity of the potential conviction. Though later models of dishonesty adopt 

this cost-benefit approach, the two components proposed by Becker (1968) are found to be 

insufficient to predict all lying behaviour. Even when a lie would be both profitable and 

undetectable, many people display an unwillingness to be dishonest (Gneezy, 2005; Jacobsen 

et al., 2018; Lundquist et al., 2009). In a meta-analysis of lying research, Gerlach et al. (2019) 

found that as few as an estimated 30% to 51% of participants lie to gain more money when 

there are no exogenous consequences for dishonesty, which was found across four different 

types of deception games in 565 studies. Thus, without these external incentives to explain the 

prevalence of costly honesty, researchers concluded that lying aversion comes from an internal 

self-sanctioning of behaviour by agents themselves (e.g. Dreber & Johannesson, 2008; 

Fischbacher & Föllmi-Heusi, 2013; Gneezy, 2005). 

One theory to explain why people refrain from lying is the self-concept-maintenance 

hypothesis (Mazar et al., 2008).  This theory suggests that, because people value honesty, they 

want to maintain their self-image as an honest person. If these internalized moral standards are 

violated by being dishonest, their self-concept must be updated to accommodate the dishonest 

behaviour, and they must view themselves as less honest; a highly aversive experience that 

drives people to avoid lying. Supporting this theory, people are found to be more likely to lie 

if they can justify a lie to themselves morally. More dishonesty is found when participants can 

choose between multiple outcomes when only one is payoff relevant (Shalvi et al., 2011), if 

someone else also benefits from their lie (Gino et al., 2013) or if part of the profits are given 

away to another (Ploner & Regner, 2013).  

However, whilst maintaining one’s self-concept may partially contribute to lying 

aversion, people are also rarely the only witness to their dishonest acts, and in most contexts 

that afford deception, lying is seen as a breach of trust which is notoriously difficult to repair 

(Schweitzer et al., 2006). Therefore, more recent models of lying costs incorporate both this 

moral cost of lying and an additional reputational cost from being seen as a liar by others 
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(Abeler et al., 2019; Feess & Kerzenmacher, 2018; Gneezy et al., 2018; Khalmetski & Sliwka, 

2019). It is this reputational cost specifically that we manipulate in our setting. 

Evidence for reputational lying costs comes from a range of different scenarios. The 

most straightforward demonstration is that people tell fewer lies when their lie would be 

observable, even when there is no explicit punishment for lying (e.g Abeler et al., 2019; Gneezy 

et al., 2018; Kajackaite & Gneezy, 2015). However, reputational costs are also found to make 

people lie more in groups when there is greater anonymity (Cohen et al., 2009; Conrads et al., 

2013) and in the most extreme cases,  tell disadvantageous lies if it will help them appear more 

honest (Utikal & Fischbacher, 2013). Aside from deterring people from lying to maximise their 

payoff, reputational costs are also found to make people tell ‘partial lies’, which are lies that 

benefit the liar but not to the maximum extent. For example, in studies using the die-in-the-cup 

method (Fischbacher & Föllmi-Heusi, 2013), where subjects roll a six-sided die and are paid 

based on their reported outcome, partial lies manifest as people overreporting both ‘4’s’ and 

‘5’s’, with ‘5’ being the maximum outcome in this setting (e.g. Geraldes et al., 2021; 

Kajackaite, 2018). Models of lying behaviour account for this by suggesting that maximal 

reports are the most likely to be viewed as dishonest to onlookers, so participants try to avoid 

suspicion by lying non-maximally (Abeler et al., 2019; Gneezy et al., 2018; Khalmetski & 

Sliwka, 2019). Indeed, Dufwenberg and Dufwenberg (2018) explain the intuition behind 

reputational costs increasing in the report, by incorporating belief dependent costs into their 

model. They propose that because the audience understands the reporter’s incentives, they will 

infer that reporters have an incentive to report the highest outcome dishonestly and lower 

incentives to report lower outcomes dishonestly. Consequently, if reporters have high enough 

reputational concerns, they will anticipate this audience belief and forego higher payoffs to 

incur less suspicion. 

Extending this idea, researchers argued that when making dishonest claims, a decision 

maker’s utility falls concurrently with how likely they are to have drawn an outcome by chance, 

because reports of less likely outcomes appear less likely to be honest (Khalmetski & Sliwka, 

2019). The proposed consequence of this is that when the probability of the highest outcome 

being drawn is reduced, the reputational cost associated with reporting the maximum outcome 

increases, which causes more participants to tell partial rather than maximal lies. Gneezy et al. 

(2018) show one example of this in a game where numbers between 1 and 10 could be drawn 

from an envelope. They found that when the maximum €10 payoff had a 10% chance of 

occurring, only nine and ten were over-reported relative to chance, yet when there was a 1% 

chance of €10, seven, eight, nine and ten were over-reported, and the instances of partial lying 
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rose from 12% to 33%. In a similar procedure, Abeler et al. (2019) also showed that the reverse 

behaviour occurs when the probability of the highest outcome being drawn is increased from 

10% to 60%. They found that the estimated proportion of maximal lying rose by almost 30% 

when the prior was increased to 60% from 10%, and referred to this as “drawing in” since 

subjects were drawn into misreporting by the decreased reputational cost of misreporting the 

maximum. We adopt a similar procedure to manipulate reputational lying costs in our setting, 

by increasing the prior probability of drawing the highest outcome across treatments, which 

lowers the likelihood that a maximal report would be seen as dishonest. As in Abeler et al. 

(2019), we expect more participants to misreport the maximum outcome for their own payoff 

when the prior probability is higher, but tell more partial lies when the prior probability of 

drawing the maximum is lower to disguise their dishonesty. Conversely, if participants are not 

concerned with being seen as prosocial liars to onlookers, we would not expect this alleviation 

of reputational costs to affect the type or number of lies told for others. 

Though this extensive literature shows that decision-makers weigh the material benefits 

of lying against various lying costs, fewer studies have examined whether other-regarding 

preferences are sufficient for people to lie for others. If another’s payoff does not affect 

behaviour according to the standard model (Eriksen & Kvaløy, 2010), then agents who have 

the chance to dishonestly affect another’s payoff should be unanimously honest since honesty 

involves the lowest cognitive effort for the decision-maker. Despite this prediction, a newly 

emerging literature shows that in some scenarios people are willing to lie for another’s benefit; 

for in-group members in the field (Aksoy & Palma, 2019; Cadsby et al., 2016; Michailidou & 

Rotondi, 2019), to counteract inequity in the lab (Gino & Pierce, 2009, 2010) and field (Okeke 

& Godlonton, 2014), to help their child (Houser et al., 2016), to benefit charity (Lewis et al., 

2012) and to benefit those who evoke compassion (Lupoli et al., 2017). Nevertheless, in all of 

these mentioned findings, there are extraneous social or personal factors that may have 

influenced the decision to lie; for example, loyalty is found to be a stronger motivator than 

honesty norms, explaining lying for in-groups (Hildreth et al., 2016; Hildreth & Anderson, 

2018) and parents are often expected to be self-sacrificing for their child, which may even 

extend to shouldering the costs of lying (Randles, 2021). However, Buckle et al. (2021) found 

that even when participants could lie to benefit an anonymous other with no incentive but other-

regarding preferences, a significant number were still willing to lie. One interpretation of this 

finding is that, as argued by Gneezy (2005), such altruistic lies are made only for the ‘warm-

glow’ gained in an impure altruistic act (Andreoni, 1990) which offsets standard lying costs. 

Yet, aside from liars gaining warm-glow utility, it is also possible that the cost of lying differs 
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because of the norms surrounding decisions for others. Whilst lying for self-benefit is mostly 

accepted as immoral, lying for another’s benefit is rated as more socially acceptable (Cantarero, 

Szarota, et al., 2018; Lindskold & Walters, 1983) and evokes a different neural response when 

considered by onlookers (Hayashi et al., 2014). Participants are also found to consider lying as 

less unethical when it benefits another (Gino et al., 2013), and those telling prosocial lies are 

perceived to be more moral (Levine & Schweitzer, 2014) and trustworthy (Levine & 

Schweitzer, 2015) than even those telling harmful truths. As well as being seen by others as 

more acceptable, those who tell prosocial lies are also associated with more positive qualities. 

Cantarero, Van Tilburg, et al. (2018) found that a propensity to tell other-oriented lies is 

associated with higher scores on an empathy scale. This all makes it plausible that because 

lying to benefit another is seen in a more positive light, it would be less detrimental to a liar’s 

reputation to be suspected of prosocial lying, so consequently, the reputational cost of lying 

may be lower when lying for others. In our experiment, we test this claim directly. 

2.3 Design and Hypotheses 

Before discussing our hypotheses, we will begin by describing our experimental design 

in section 2.3.1 to provide context for our predictions in section 2.3.2. 

2.3.1 Experimental Design 

We adapt the method used by Abeler et al. (2019) to elicit lying behaviour, which 

allows us to alter the true distribution of possible outcomes across treatments, whilst still 

maintaining the unobservability of lies at the individual level. Participants received an envelope 

and a set of twenty numbered chips. They are informed that they will receive a payoff as 

compensation for completing a questionnaire, but the value of their payoff would be 

determined by randomly drawing one of the chips from the envelope. This was to make the 

payment method of drawing chips more plausible by giving it a purpose, as they did it to 

determine compensation for completing a task rather than arbitrarily for doing nothing. The 

chips are numbered from 1 to 10, with the number drawn translating to an equivalent payment 

in GBP (1 representing £1 etc.). Chips are laid out on the desk in front of participants so that 

they are explicitly shown the distribution of outcomes they could draw. Once any questions are 

answered, participants tip the chips into their envelope, shake the envelope, and then draw out 

one chip. After observing the chip number, they return their chip to the envelope and report 

their outcome on-screen without being observed, allowing them to misreport their outcome to 
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increase their payoff. Returning the chip to the envelope ensures that it is impossible to know 

what outcome participants actually draw. In our setting, it is essential that the true outcome is 

not observable. First, to ensure that participants are not deterred from lying by anticipating 

material consequences, instead of by the intrinsic lying costs which we manipulate. Second, 

when the true state is observable any lie is known with certainty across all treatments, which 

would render our treatment which manipulates reputational costs by varying the likelihood of 

being seen as a liar based on the report, useless. After reporting their outcome, participants then 

complete the questionnaire and are paid privately and in cash. 

We implement this game across two pairs of between-subjects treatments. Our first pair 

varies the recipient of the payoff; participants either draw chips to determine their own payoff 

(OWN) or another random participant’s payoff (OTH). Our second pair of treatments varies 

the proportion of ‘10’ chips which participants could draw; either 2 out of 20 (10% treatment) 

or 11 out of 20 (55% treatment). This treatment varies the likelihood that a report of ‘10’ would 

appear dishonest to onlookers; hence we vary the reputational cost of maximally lying across 

treatments. 

Across both OTH conditions (OTH10% and OTH55%), participants are randomly 

paired up with a partner in the same session and either become ‘active’ or ‘passive’. ‘Active’ 

participants report the chip number to determine the ‘passive’ participant’s payoff. ‘Passive’ 

participants have no influence over their payment and just receive the payoff that the ‘active’ 

participant reports for them. ‘Active’ participants receive no compensation themselves aside 

from the show-up fee. This is to avoid any anchoring or fairness concerns (Bolton & Ockenfels, 

2000; Fehr & Schmidt, 1999) which might have prompted subjects to dishonestly increase or 

decrease their partner’s payoff to make it equivalent to their own if they had earned a fixed fee 

themselves1. By not paying ‘active’ participants, we also ensure that any disadvantageous lying 

can only be attributed to fairness concerns and any beneficial lying can only be attributed to 

other-regarding preferences. ‘Active’ and ‘passive’ pairs are not told who their counterpart is 

and ‘passive’ participants can not verify what chip number is actually drawn for them, only the 

number which their partner reports.  

  

                                                           
1 This was also one reason why the payoff recipient treatment was carried out between-subjects. If participants drew chips to determine both 

their own and another’s payoff, whichever decision came first might have acted as a reference point for fairness preferences; that is, if an agent 
rolled a five for themselves and a one for the other participant, they would have an additional motivation to dishonestly increase their recipient’s 

payoff which would not be held constant across all participants. 
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2.3.2 Hypotheses 

Standard economic theory predicts that all participants will report the highest outcome 

in OWN to maximise their payoff. In OTH, the standard model predicts that all participants will 

report truthfully, as decision-makers receive no incentives to drive behaviour and the payoff of others 

are not incorporated into their utility function (Eriksen & Kvaløy, 2010; Fehr & Schmidt, 1999), so they 

would try to minimise cognitive effort by reacting directly to their given stimuli and report the chip 

number which they observed. Lying aversion offers similar predictions in OTH. As agents gain 

no material incentives to offset the cost of lying, they would report the outcome honestly. In 

OWN, however, assuming there are heterogeneous preferences for honesty in our population 

(Gibson et al., 2013), lying aversion predicts that those with lower lying costs will over-report 

their outcome. 

Contrary to the economic standard model and pure lying aversion accounts, Buckle et 

al. (2021) found that some participants had strong enough other-regarding preferences to lie 

for another participant’s benefit. They did find, however, that fewer participants lied for 

another person than those who lied for themselves. We expect to replicate this result. 

Hypothesis 1: A greater proportion of participants will misreport their outcome in OWN than 

in OTH, within probability treatments. 

As discussed in sections 2.1 and 2.2, intrinsic lying costs are proposed to be made of 

two components; the intrinsic cost associated with the act of lying and the reputational cost of 

being perceived as a liar. Both Gneezy et al. (2018) and Abeler et al. (2019) found that the 

reputational cost caused more people to tell partial lies rather than maximal lies, in an attempt 

to disguise their dishonesty. We decrease this reputational cost of reporting maximally across 

our 10% and 55% treatments, because the higher prior probability that a ‘10’ will be reported 

in the 55% treatment would make even dishonest maximal reports appear more credible. We 

expect this to cause fewer people to partially lie for their own payoff, since they could credibly 

report a 10 instead. As a consequence of this, we also expect those who would have partially 

lied in the 10% treatment due to reputational concerns, to instead maximally lie in the 55% 

treatment when reputational costs are lower. Therefore, we expect the same “drawing in” effect 

as that observed by Abeler et al. (2019). 
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Hypothesis 2: A smaller proportion of participants will tell partial lies in OWN55% than in 

OWN10%, and will lie maximally instead, causing a higher proportion of maximal lies in 

OWN55% than in OWN10%. 

For our main research question, if reputational costs are lower in prosocial lies than 

self-benefitting lies, then reducing that cost across the OTH10% and OTH55% treatments 

should have a much smaller effect on behaviour. In regards to partial lies, this suggests that 

fewer participants would feel the need to disguise their dishonesty by lying partially in 

OTH10% than in OWN10%, so reducing the reputational cost across OTH10% and OTH55% 

would have less of an effect on the number of partial lies told. In regards to maximal lies, this 

suggests that fewer participants will be induced into lying maximally by the reduction in 

reputational costs across OTH10% and OTH55% than across OWN10% and OWN55%; that 

is, we do not expect “drawing in” in lies for others. 

Hypothesis 3: The same proportion of participants will tell partial lies and maximal lies in 

OTH55% as in OTH10%. 

As an extension to hypothesis 3, if participants do have lower reputational costs when 

lying for others we also expect them to rate lying to increase another’s payoff as more 

acceptable than lying to increase their own payoff in our questionnaire, reflecting the findings 

of Levine and Schweitzer (2014) and Cantarero, Szarota, et al. (2018). 

Hypothesis 4: Participants will rate over-reporting as more morally acceptable when another 

participant would gain the money than when they would gain the money themselves. 

In addition to our main predictions, it is also possible that participants will be motivated 

by fairness preferences in OTH since ‘active’ participants gain no payoff themselves (Bolton 

& Ockenfels, 2000; Fehr & Schmidt, 1999). If this is the case, participants may lie 

disadvantageously to lower their recipient’s payoff so it is closer to their own. 

Hypothesis 5: Participants will lie disadvantageously for others to lower their payoff if they 

are influenced by fairness concerns. 

2.4 Implementation 

The experiment was programmed and implemented using Z-Tree (Fischbacher, 2007) 

and carried out across 16 sessions (4 sessions per condition) at the University of Portsmouth’s 
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experimental research labs. A total of 202 participants, consisting of 98 Males, 100 Females, 

and 4 participants who preferred not to state their gender, were recruited via email from the 

lab’s subject pool and were all students or staff at the University2 (aged 18-56 years old). 

Upon arrival, participants were randomly allocated to desks which were separated by 

dividers. A standardised recording of both the general and treatment-specific instructions (see 

Appendix 2A) were played via speakers and any questions were answered in private. In the 

OTH treatments, all subjects initially acted in the role of ‘active’ participant and reported a 

chip number to determine their partner’s payoff. However, once chip numbers had been 

reported, only one member of each pair was randomly determined to be the true ‘active’ 

participant. This was to minimise any anticipated reciprocity concerns or guilt aversion 

(Charness & Dufwenberg, 2006) which might have evoked more lying from participants, if 

they expected their partner to lie for them or if they believed their partner would expect them 

to lie. The other member became ‘passive’ and received their counterpart’s reported payoff. 

Participants were told about this procedure at the start of the experiment and were informed of 

their roles on screen after making their decision but before completing the questionnaire. In the 

questionnaire, we elicited demographics such as participant’s age, sex, nationality and degree 

subject. In addition, we elicited how important faith is to the subject (Likert item from 1 ‘not 

at all important’ to 7 ‘extremely important’), followed by two questions taken from Aimone et 

al. (2020) to elicit the frequency of church attendance and whether subjects perceive god as 

‘always watching their actions’. Aimone et al. (2020) find that those who attend church 

frequently are less likely to lie than those who do not, and they also find that subjects who see 

god as always watching them do not attempt to disguise their dishonesty by lying partially since 

they see their lie as always observable. As our main hypotheses examine instances of partial 

lying, we also measure the frequency of church attendance and perception of god to ensure that 

any reduction in partial lying across the 10% and 55% treatments or the OWN10% and 

OTH10% treatments cannot be explained by incidental differences in participant religiosity. 

Subjects then gave their self-reported willingness to take general risks on a scale from 1 (not 

at all willing to take risks) to 10 (very willing to take risks), based on Dohmen et al. (2011) and 

also answered whether it crossed their mind to misreport their outcome or whether they 

believed others would misreport their outcome (and if so, what percentage of participants 

would). Given that risk of incurring external sanctions (i.e. as in Becker (1968)) should not 

have factored into our participant’s decisions, we elicited general risk scores as a form of 

                                                           
2 Of the students who participated, 41 were Economics students. 
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robustness check to test that general tendency to take risks did not predict lying in our setting. 

We elicited beliefs about the number of other participants that would lie since Bicchieri et al. 

(2020) find that people are more likely to lie when they believe that lying is widespread. We 

then asked how morally acceptable it would be to misreport the chip number if participants 

gained the money themselves, or if another participant gained the money, on a scale from 1 

(totally unacceptable) to 7 (perfectly acceptable). Finally, we provided participants with an 

open text box to explain how they decided what number to report, whether they believed the 

experimenter could know their true chip number and whether they felt observed during the 

experiment. These final questions acted as an additional robustness test for our procedure, to 

ensure that participants did not believe that there would be external material consequences for 

lying, such as exclusion from the subject pool3. 

The experiment lasted approximately 15 minutes on average. All participants received 

a £2 show-up fee4 in addition to earnings from the experiment. In total, they earned between 

£2 and £12 for participating, and an average of £9.16 in OWN10%, £5.34 in OTH10%, £9.81 

in OWN55% and £5.82 in OTH55%. Participants earned less in both OTH treatments due to 

the ‘passive’ participants only earning the show-up fee, which lowers the average. Subjects 

could only participate in the experiment once and were called up individually to receive 

payments privately and in cash before leaving the lab. 

2.5 Results 

We begin by testing whether we replicate the finding that participants tell fewer lies for 

others than they do for themselves (Buckle et al., 2021) and whether we replicate the effect of 

manipulating reputational costs that has been found in previous literature (i.e. Abeler et al., 

2019; Gneezy et al., 2018). We then answer our main research question, by testing whether 

alleviating reputational costs has less of an impact on lying behaviour for others than lying 

behaviour for oneself, which would suggest that reputational costs are lower in lies for others. 

The distribution of reported chip numbers across treatments are displayed below in Figure 2.1. 

                                                           
3 Based on this check, we conclude that our procedure was successful in this regard as 75% reported that they did not believe that the 

experimenter could tell what chip number they drew. This is also a conservative estimate, given that participants could infer by this point 

that the experiment was about lying and they were able to do so, so participants may have answered ‘yes’ as a self-serving bias to justify 
their lack of lying. 
4 While the Portsmouth University experimental lab normally pays a £3 show up fee, we lowered this to £2 to reflect the shorter duration. 
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FIGURE 2.1. Percentage of each outcome reported across treatments. 

Notes. Grey bars indicate outcomes in OWN, red bars indicate outcomes in OTH. Dashed lines indicate the prior 

probability of drawing each outcome. Asterisks display the significance of two-sided binomial tests, testing if 

the observed proportion differs from the theoretical probability;∗ p < 0.10, ∗∗ p < 0.05, ∗∗∗ p < 0.01. 

 The observed distributions differ from the theoretical underlying distribution of 

outcomes in every treatment, according to a series of one-sample Kolmogorov–Smirnov tests 

comparing the observed distribution of reports to a theoretical uniform distribution in the 10% 

treatment and a theoretical distribution with 55% ‘10’s’ and 5% of all other outcomes in the 
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55% treatment5 (OWN10% p < .001; OTH10% p < .001; OWN55% p < .001; OTH55% p < 

.001). Reflecting the previous literature in both 10% conditions, numbers below 7 are generally 

reported less than expected and numbers of 7 or higher are generally reported more than 

expected. However, only 1 (p < .10) and 3 (p < .01) in the OWN10% condition are significantly 

under-reported relative to the expected theoretical distribution, and 7 (p < .001) in the 

OWN10% and 10 (p < .05) in the OTH10% conditions6 are significantly over-reported relative 

to the expected theoretical distribution, according to a series of two-sided binomial tests7. 

Therefore, we can confirm that we observe some evidence that there was misreporting in every 

treatment. While we do not find that ‘9’s’ or ‘10’s’ are significantly over-reported relative to 

the theoretical distribution in OWN10%, as in a similar treatment by Gneezy et al. (2018), 

reports of 9 and 10 are marginally higher than expected from the theoretical distribution in our 

setting, making up 16% and 14% of total reports. 

To test our first hypothesis that participants misreport more for themselves than for 

others, we compare distributions in OWN and OTH with a two-sample Kolmogorov–Smirnov 

test. Both when the data are pooled across the 10% and 55% treatments (p = 0.13) and when 

we compare OWN10% to OTH10% (p = 0.21) and OWN55% to OTH55% (p = 0.92) we find 

no evidence that the distribution of reported outcomes differ, suggesting that participants did 

not report more of the higher outcomes for their own payoff than for another random 

participant’s payoff. Therefore, we fail to reject the null hypothesis and do not support 

hypothesis 1. 

Observation 1: We find no difference between how participants reported for their own payoff 

and for another’s payoff. 

Next, to address the first consequence expected from our reputational cost 

manipulation, predicted by hypothesis 2, we test whether fewer partial lies are told in the 

OWN55% treatment than in the OWN10% treatment, in line with previous literature (i.e. 

Abeler et al., 2019; Gneezy et al., 2018). As stated above, in the OWN10% treatment only 7 is 

significantly overreported (p < .001), with 34% of participants reporting a 7 compared to the 

                                                           
5 All reported p values are from two sided tests. 
6 With all observed overreporting for others, it should be noted that it will be a conservative estimate of the true degree of lying, since it is 

possible that advantageous and disadvantageous lying will co-occur. This could mean that if some participants who actually drew a high 

outcome in OTH misreported a lower outcome, then those who advantageously misreported the higher outcome could simply ‘replace’ the 
true high outcome in the distribution and vice versa. In these cases, the dishonest reports will not result in the outcome being overreported. 
7 However, it should be noted that with 50, 56, 52 and 44 participants in OWN10%, OTH10%, OWN55% and OTH55% respectively, we do 

not have sufficient power to reliably detect even the largest effect from Fischbacher and Föllmi-Heusi (2013) (i.e. reports of the outcome ‘5’ 
in their setting, 35% versus 16.7% prior). With a similar 18% difference between the prior and reports in OWN10%, we would have a power 

of only 0.58, to detect an effect at the 10% level with a binomial test. 
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10% prior probability of drawing it. Thus, we estimate partial lying in the OWN10% treatment 

to be 24% (34% reports of ‘7’ minus the 10% we would expect to be truthful reports) or 12 out 

of the 50 participants in the treatment. In the OWN55% treatment, however, no non-maximal 

outcome is overreported relative to the 5% prior, so we find no evidence that partial lying 

occurred. Whilst this appears to conclusively support our proposition that a smaller proportion 

of participants will tell partial lies in OWN55% than in OWN10%, we also conduct an 

additional robustness test to account for smaller amounts of overreporting that we may not have 

had the power to detect. Therefore, we also create a partial lying dummy variable with all 

outcomes of 7 through to 9 coded as 1 and all other outcomes coded as 08. We then compare 

these frequencies across the OWN10% and OWN55% treatments, adjusting for the prior 

probability of drawing each outcome honestly (i.e. in OWN10% participants had a 30% chance 

of drawing 7, 8 or 9 honestly, whereas in OWN55% the chance was 15%, so we subtract 15% 

from the proportion of reports in OWN10% to account for this, creating 15% honest reports 

plus the proportion of estimated dishonest reports). A binomial test confirmed that the total 

proportion of estimated partial lying was significantly lower in OWN55% (p < .001), with 62% 

of reports in OWN10% being a 7, 8 or 9 (30% prior, so estimated 32% partial lying) but only 

13% of reports in OWN55% were a 7, 8 or 9 (15% prior, so estimated no partial lying)9.  

To test the second proposed consequence of our reputational cost manipulation, 

predicted in hypothesis 2, we also examine whether the participants who were estimated to 

have lied partially in OWN10% due to reputational costs, would have instead been induced to 

lie maximally in OWN55% when the cost of maximally lying was reduced; a phenomenon 

referred to as drawing in. We, therefore, compare the proportion of 10’s reported across 

treatments, adjusting for the difference in both the number of participants who had the 

opportunity to maximally lie and the proportion we would expect to report 10 honestly. As in 

Abeler et al. (2019), we estimate the proportion of maximal liars in each treatment by first 

counting the number of participants who did not report a 10, divided by the number who were 

expected to not draw a 10 (90% in OWN10% and OTH10% and 45% in OWN55% and 

OTH55%) to generate an estimate for the number of honest participants out of those who had 

the opportunity to lie maximally (i.e. who didn’t draw the maximum outcome by chance). We 

then subtracted this proportion from 1 to estimate the number of 10’s reported dishonestly. In 

                                                           
8 We selected 7 as the minimum outcome for partial lying, since it is the lowest non-maximal value to be significantly overreported. 
9 We also tested the difference in the proportion of partial lies across conditions with reports of 10 excluded rather than coded as 0 (i.e. only 

comparing estimated honest reports versus partial lies). As above, we adjusted the number of reports of 7, 8 or 9 in OWN10% to account for 

the difference in prior probability of drawing the three outcomes across conditions, then removed all reports of 10 and compared the 
proportion of partial lies. As above, a binomial test showed that the estimated proportion of partial lies told in OWN55% was significantly 

lower than in OWN10% (p < .01). 
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OWN10%, 43 of the 50 participants did not report a 10, compared to the 45 who were expected 

to not draw 10, thus only 4.4% of participants are estimated to have maximally lied (1 - 
43

45
). 

Conversely in OWN55%, 20 of the 52 participants did not report a 10, compared to the 23.4 

who were expected to not draw 10, thus 14.5% of participants are estimated to have lied 

maximally (1 - 
20

23.4
). We compare these proportions in another two-sided binomial test and find 

a significant difference (p < .10). Based on this, and the findings of an estimated decrease in 

partial lying in OWN55%, we state that hypothesis 2 is supported. 

Observation 2: A smaller proportion of participants told partial lies and a larger proportion 

told maximal lies when the reputational cost of doing so was lower. 

We also conclude that our manipulation of reputational lying costs was successful and 

reputational costs affected estimated lying behaviour as expected from the previous literature. 

Therefore, we move on to testing our main research question; whether the alleviation of 

reputational costs has less of an effect in lies for others. To test our prediction of partial lying 

from hypothesis 3, that there will be the same amount of partial lying in OTH10% and 

OTH55%, we again consider the outcomes which are significantly overreported in both 

conditions. In contrast to OWN10%, no non-maximal outcome is significantly overreported in 

OTH10%; that is, we see no suspected partial lying, suggesting that those who were estimated 

to have lied for others did not feel the need to disguise their dishonesty. Also, unlike OWN55%, 

we find that 5 is significantly overreported in OTH55% (p < .05) with 14% of subjects reporting 

a 5 compared to the 5% prior. This possibly suggests that we see a small amount of 

disadvantageous partial lying, given that 5 is both below the expected payoff of £7.75 in this 

treatment and below the average of all possible outcomes. However, to draw a direct parallel 

to observation 2 in which we address only advantageous partial lying, we compare the 

frequency of reporting 7, 8 and 9 again across the OTH10% and OTH55% treatments10. As 

before, we adjust the proportion of non-maximal reports in OTH10% to account for the 

difference in the prior probability of drawing each outcome honestly. From another binomial 

test, we find no evidence that the overall proportion of estimated advantageous partial lying 

differs between OTH10% and OTH55% (p = 0.12)11, although qualitatively there are 

                                                           
10 Although the number 6 is marginally overreported in OTH10%, we do not factor this in to our partial lying dummy when comparing 

OTH10% and OTH55% because we wish to draw a direct comparison to the shift from partial to maximal lying due to reputational costs 
which is observed across OWN10% and OWN55%.  
11 As before, we tested this difference across OTH conditions with reports of 10 excluded rather than coded as 0. We adjusted the number of 

reports of 7, 8 or 9 in OTH10% to account for the difference in prior probability of drawing the three outcomes across conditions, then 
removed all reports of 10 and compared the proportion of partial lies. Again, a binomial test reconfirmed our results and showed no 

difference in the estimated proportion of partial lies told across OTH55% and OTH10% (p = 0.34). 
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marginally more reports in OTH10%, with 34% of reports being a 7, 8 or 9 (30% prior so 

estimated 4% partial lying) compared to 9% of reports in OTH55% being a 7, 8 or 9 (15% prior 

so estimated no partial lying). Nevertheless, given that this difference is not significant, we find 

support for the partial lying portion of hypothesis 3. This observation, considered in parallel 

with observation 2, provides clear evidence to support our proposition that reputational lying 

costs are lower in prosocial lies. Whilst observation 2 suggests that participants are estimated 

to have shifted from partially lying to maximally lying for their own payoff when reputational 

costs are alleviated, observation 3 suggests we see no such shift when participants have the 

opportunity to lie for others. Furthermore, since we do not replicate the finding that participants 

tell fewer lies for others than they do for themselves (Buckle et al., 2021) this effect also cannot 

be explained by an overall smaller amount of lying for others. We, therefore, examine whether 

this estimated lack of partial lying across OTH10% and OTH55% consequently meant that no 

“drawing-in” occurred; that is, that the proportion of estimated maximal lies told also did not 

differ across OTH10% and OTH55%, as they did across OWN10% and OWN55%. 

As before, we estimate the proportion of maximal liars in each treatment by counting 

the number of participants who did not report a 10, divided by the number who were expected 

to not draw a 10, then subtract this proportion from 1 to estimate the number of 10’s reported 

dishonestly. In OTH10%, 44 of the 56 participants did not report a 10, compared to the 50.4 

who were expected to not draw 10, so 12.7% of participants are estimated to have maximally 

lied (1 - 
44

50.4
). In OTH55%, 20 of the 44 participants did not report a 10, compared to the 19.8 

who were expected to not draw 10, meaning that, when rounded to the nearest whole integer, 

no participant is estimated to have lied maximally (1 - 
20

19.8
). When we compare these 

proportions in a two-sided binomial test, we again find a marginally significant difference (p < 

.10). However, surprisingly, we find that significantly fewer 10s are reported in OTH55% than 

in OTH10%. This suggests that when a report of 10 was less likely to be perceived as dishonest, 

participants are estimated to be less likely to lie maximally for another participant and vice 

versa. This contradicts the prediction of maximal lying from hypothesis 3, therefore we state 

observation 3. 

Observation 3: We find no difference in the proportion of participants who told partial lies 

and a smaller proportion who told maximal lies when the reputational cost of doing so was 

lower. 
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This makes it possible that not only do reputational costs not deter participants from 

lying for others, since the shift from OTH10% to OTH55% did not draw in participants from 

the left side of the distribution, but we find some evidence that participants actually experience 

a reputational benefit from lying maximally for others. This reputational benefit appears to be 

removed once agents are not able to signal their lie by reporting a 10, in the way they could 

signal honesty with a non-maximal report (Abeler et al., 2019; Gneezy et al., 2018). Overall, 

observation 3 supports our proposition that reputational lying costs are lower (and possibly 

reversed) when lying for others. To reinforce this conclusion, we also test whether participants 

rate misreporting to benefit another participant as more morally acceptable than misreporting 

for their own payoff in the post-experiment questionnaire. A Wilcoxon signed-rank test 

revealed a highly significant difference; participants rated lying for others as significantly more 

morally acceptable than lying for themselves (p < .001). Therefore, we support hypothesis 4. 

Observation 4: Participants rate misreporting as more morally acceptable when another 

participant would gain the money than when they would gain the money themselves. 

In addition to advantageous lying, we also examine whether there is any evidence that 

participants disadvantageously lied for others as a result of fairness concerns. As discussed 

above, whilst no non-maximal outcome is overreported in OTH10%, 5 is significantly 

overreported in OTH55% (p < .05). We classify this as estimated disadvantageous partial lying 

since, as discussed above, 5 is both below the expected payoff of £7.75 in this treatment and 

below the average of all possible outcomes. Nevertheless, it is unclear why we only observe 

disadvantageous partial lying in the 55% treatment and why 5 in particular is overreported. Indeed, the 

most extreme prediction from models of fairness concerns dictates that agents who earn nothing 

themselves should disadvantageously report the lowest possible outcome, 1, for others. Similarly, 

disadvantageously lying by reporting the fifth least profitable outcome seems to differ from 

observations of advantageous partial lying, where only the second or third most profitable outcome is 

misreported (Abeler et al., 2019). This suggests that we cannot assume that the same mechanisms drive 

disadvantageous and advantageous partial lying for others. However, examination of these possible 

mechanism differences is out of the scope of this experiment, therefore, we simply state that we find 

some support for hypothesis 5. 

Observation 5: We find some evidence that participants lied disadvantageously for others. 

Finally, we tested whether any of the demographic variables collected in the 

questionnaire, that is, participants’ religious beliefs, beliefs about how many other participants 
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would lie or general risk score, explained any variance in the chip number reported or 

proportion of 7’s, 8’s and 9’s reported for the partial lying dummy. We ran a series of Linear, 

Poisson and Logistic regressions, and found that aside from the effects already reported, only 

the participants’ age had an effect (see Tables 2C.1 and 2C.2 in Appendix 2C for regression 

outputs), with younger participants reporting higher chip numbers than older participants (p < 

.01). This suggests that none of our reported results can be explained by differences in 

religiosity across treatments, beliefs about how widespread lying is, or concerns of external 

sanctions. 

2.6 Discussion and Conclusions 

In this study, we examine whether reputational lying costs are lower when lying on 

another’s behalf, using an adapted version of the experiment by Abeler et al. (2019). We vary 

the recipient of the payoff in one treatment, either participants themselves or another random 

participant, and we vary the prior probability of drawing the payoff maximising outcome in 

another, such that the likelihood of a maximal report being seen as dishonest varies across 

conditions. In our own payoff treatment, we replicate the finding that participants tell partial 

lies rather than maximal lies to disguise their dishonesty from onlookers, yet shift to maximal 

lying when the likelihood of it being seen as dishonest is lower. This suggests that reputational 

costs did have a substantial impact on a participant’s decision to lie for their own payoff. 

However, in our other payoff treatment, we find no difference in the proportion of partial lies 

told regardless of how likely they are to be seen as dishonest, suggesting participants felt no 

need to disguise prosocial lies. This suggests that contrary to self-benefitting lies, reputational 

costs are much less of a deterrent in other-benefitting lies. When considering the proportion of 

maximal lies told, we even found the reverse effect in our OTH treatment than our OWN 

treatment. When maximal reports were less likely to be seen as dishonest, participants told 

fewer maximal lies for others, suggesting that when they could no longer signal their dishonesty 

by reporting a number that was the most likely to be seen as dishonest, this actually deterred 

them from lying. Indeed, if agents ordinarily experience decreased utility when the likelihood 

of appearing dishonest increases (Khalmetski & Sliwka, 2019) then agents lying more in 

OTH10% than OTH55% suggests they must have experienced increased utility from being 

more likely to appear dishonest for others. Overall this suggests that reputational lying costs 

are lower in lies for others, and may even provide a reputational benefit for some participants. 

This conclusion is also reinforced by participants rating lying for another’s benefit as more 
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morally acceptable than lying for self-benefit. In addition to our main results, we also failed to 

replicate the finding that participants lie less for others than they do for themselves (Buckle et 

al., 2021) and found evidence for a small amount of disadvantageous lying for others. 

Our findings support previous literature showing that lying for others is rated as less 

unethical than lying for oneself (Cantarero, Van Tilburg, et al., 2018; Gino et al., 2013). Indeed, 

our conclusions even support findings that altruistic lies are viewed as more moral than selfish 

truths (Levine & Schweitzer, 2014), given that participants only lied for others when they could 

signal to others that they did so. However, because we did not predict this reversed effect a 

priori, a further examination of this would be a promising avenue for further prosocial lying 

research. For example, it is possible that participants did not signal their dishonesty by lying 

partially in OTH55%, because withholding the maximum dishonest payoff to gain a 

reputational benefit may compromise the prosocial value of the signal, as extrinsic incentives 

do in charitable giving (Ariely et al., 2009). Similarly, it is not clear from our setup whether 

participants aimed to signal their lie to the recipient, potentially to foster trust as in Levine and 

Schweitzer (2015), or to the experimenter. These are both questions that could only be 

answered in further research.  

Finally, our finding that the number 5 was overreported in OTH55% establishes a need 

for future research to test the mechanisms behind disadvantageous lying for others. It is 

possible that some participants in our setting had strong enough fairness preferences to 

dishonestly lower their recipient’s outcome, but weak enough preferences to only lower it to 

the fifth least profitable. However, from our experiment we cannot rule out that other unknown 

factors drove this behaviour. For example, it is possible that participants fell prey to the biased 

preference for the middle option in an array (Christenfeld, 1995) or the compromise effect 

(Simonson, 1989). Therefore, future research should specifically test what factors affect how 

people disadvantageously lie for others. 

  



29 
 

Chapter 3: 

Do as I Do: Paternalism and Preference Differences 

in Decision-Making for Others 

3.1 Introduction 

All money managers assume some level of fiduciary duty, which obligates them to put 

the interests of their clients above their own (Bogle, 2009). As part of this ‘duty of loyalty and 

duty of care’ (Bhattacharya et al., 2019), regulators have called for managers to be held to 

‘conduct metrics’ that assess their conduct rather than performance and require them to tailor 

investments to their client’s preferences (Angeli & Gitay, 2015; Laby, 2018). Despite this, 

managers are found to deviate significantly from their client’s preferences, with investments 

more closely resembling their own risk tolerance than their client’s (Foerster et al., 2017). This 

bias not only neglects the individual needs and expressed wishes of investors, but such funds 

are even found to underperform passive benchmarks (Foerster et al., 2017; Linnainmaa et al., 

2021). Although researchers often attribute this underperformance to agency conflicts (Allen 

& Gorton, 1993; Bergstresser et al., 2009; Mullainathan et al., 2012), Linnainmaa et al. (2021) 

concluded that this may actually be caused by agents holding beliefs that their own risk 

preferences would yield higher returns than their clients’; despite the poor performance of their 

own portfolios. This suggests that agents deviate from client preferences and impose their own 

paternalistically (Ambuehl et al., 2021). However, it remains unclear what drives agents to do 

this. We examine one possible influencing factor; how much the client’s risk preference differs 

from the agents’. In particular, we test whether agents discount client preferences more, the 

more their client’s risk preference differs from their own. 

Encountering beliefs that differ from one’s own is found to be aversive for the observer 

because they think the other person holds false beliefs; referred to as belief dissonance (Golman 

et al., 2016; Molnar & Loewenstein, 2020). This suggests that the more a client’s risk attitude 

differs from an agent’s, and the more it would be seen as negatively affecting the client, the 

more the agent would find it aversive and the more they would be driven to correct the client’s 

risk attitude due to social preferences. We test this explanation in a controlled economic 

experiment. 
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We design an investment game where agents invest on behalf of another participant 

with complete information of their recipient’s preferred investment, but no obligation or 

financial incentive to follow it, meaning they can also disregard the preference. We choose to 

examine risk preferences for two reasons. First, so that our findings may apply directly to 

money managers who invest on financial markets. Second, so that we can introduce a finely 

grained, quantifiable variation in the difference between the agent and recipient’s subjective 

preference, to manipulate the degree of belief dissonance experienced. By examining a 

subjective preference like risk, we minimise the influence of social norms or moral judgements 

that may have been present in other types of tasks (e.g. temporal discounting tasks), so that we 

just address differences in beliefs. By having agents receive no financial incentive in our 

setting, we also ensure that only social preferences can influence their investments for others. 

Overall, we find that agents do project their risk preferences onto others 

paternalistically; investments were substantially influenced by the agent’s own risk preferences 

despite them having no stake in the decision. Agents also considered their recipient’s risk 

preferences, but to a significantly lower degree than they projected their own. We also rule out 

the possibility that these findings are driven by agents minimising cognitive effort. Findings 

held both on the subsample who believed their recipient would earn more from their investment 

than the recipient’s investment for themselves, and also on the subsample who had the highest 

concern for others, with either prosocial or altruistic social preferences according to their SVO 

scores. In line with belief dissonance (Golman et al., 2016; Molnar & Loewenstein, 2020), we 

also found that agents deviate further from their recipient’s risk preference the more that 

preference differed from their own. These findings support the notion that money managers 

impose an egocentric paternalistic bias onto clients’ investments, which becomes more 

pronounced, the more manager’s risk preferences differ from their clients’. 

3.2 Related Literature 

Despite the traditional view that financially literate managers should be paternalistic 

and direct their less financially literate clients (Gennaioli et al., 2015), managers are found to 

not improve their client’s returns with paternalistic intervention. Indeed, Linnainmaa et al., 

(2021) found that managers who imposed their risk preferences onto clients made average net 

returns as low as −3% each year. Historically, paternalism has also been viewed with reproach 

and scepticism by economists more generally (Thaler & Sunstein, 2001), yet its influence in 

decisions for others is ubiquitous. Governments impose mandatory pension contributions 
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(Camerer et al., 2003; Zamir, 1998) and restrictions on payday loans (Ambuehl et al., 2021), 

whilst in everyday life, schools and parents limit the clothes children wear and the types of 

food they consume (Ogden et al., 2006; Schwartz et al., 2015). Despite this widespread 

influence, experimental research on the topic is scarce and almost exclusively limited to 

charitable giving or health care scenarios. Nevertheless, in these scenarios, there is empirical 

evidence that people are willing to make paternalistic decisions for others. Whilst people won’t 

directly intervene to force others to be prosocial (Ackfeld & Ockenfels, 2021), people are found 

to prefer restricting their donations to necessities (Gangadharan et al., 2018) or healthcare 

materials (Jacobsson et al., 2007) rather than giving the equivalent monetary value. Even 

amongst equal parties, students at the same university, people forced their matched partner to 

have a healthier lunch, rather than choose their own (Krawczyk & Wozny, 2016).  However, 

whilst these few studies show that people are willing to restrict decisions for others, Ambuehl 

et al., (2021) were the first to show that agents most often restrict choices by trying to align 

other’s choices with their own; echoing countless historical examples of groups imposing their 

religious, moral and cultural values onto others (Dworkin, 2005; Lynch & Schwarz, 2016).  

They referred to this form of paternalism as ideals projective paternalism. Therefore, if agents 

in our setting are paternalistic when making decisions for others, we would also expect 

interventions to be egocentrically biased and hence influenced by the agent’s own risk 

preferences to some degree. 

Given how little research examines paternalism, it remains unclear what drives agents 

to act as ideals projective paternalists in particular. Ambuehl et al. (2021) argued that those 

who were the most paternalistic had the strongest beliefs that enforcing the ‘virtue’ of patience 

would benefit their recipient. From this, it seems plausible that projective paternalists will also 

have the most conviction in their own beliefs. Indeed, it is a recurring finding that people 

overestimate how objectively they respond to the properties of a scenario, believing that their 

assessment is the correct one (Loewenstein, 2005; Van Boven & Loewenstein, 2005). Aside 

from conviction in their own beliefs, Schroeder et al. (2017) show that believing recipients 

would make a wrong decision also makes people more paternalistic. They find that people are 

more likely to favour paternalistic aid over direct cash donations when they believe that the aid 

recipients would decide how to use the cash unwisely. Therefore, one thing which may drive 

agents to impose their ideals onto others is belief-dissonance; a discomfort from believing that 

another person holds false beliefs if their belief differs from one’s own (Golman et al., 2016; 

Molnar & Loewenstein, 2020). Although Molnar and Loewenstein (2020) discussed belief 

dissonance in relation to verifiable beliefs, Golman et al. (2016) argued that dissonance is most 
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acute if people come to different beliefs from the same information, resembling the process of 

forming different risk preferences from the same risky prospect. They proposed that the reason 

behind this was that it threatens a person’s confidence in their own beliefs, to see others’ beliefs 

differ. In turn, Gal and Rucker (2010) found that when a person’s belief confidence is 

undermined, this dissonance makes them more likely to impose their beliefs onto others – 

reflecting a possible form of ideals projective paternalism. Overall, this suggests that agents in 

our setting who encounter recipients with different risk preferences to themselves will have a 

greater propensity to deviate from their recipient’s preference and paternalistically impose their 

own preferences onto investments. 

Aside from agents projecting their own preferences onto decisions for others, there is 

also evidence that agents consider their recipient’s preferences in such decisions. For example, 

Füllbrunn and Luhan (2015) found that agents estimated their recipient’s risk preferences, in 

order to invest (at most) as they believe their recipient would invest for themselves; a process 

which Tunney and Ziegler (2015) refer to as simulated perspective-taking. This makes it 

possible that we would find the same in our setting, rather than ideals projective paternalism. 

Yet, previous research directly testing whether agents simulate their decision recipient’s known 

risk preference when making risky decisions for them is limited to the papers by Füllbrunn and 

Luhan (2022), Bolton et al. (2015) and Kling et al. (2019). The results of these studies are 

somewhat mixed. Whilst, Füllbrunn and Luhan (2022) found no difference in investments 

when agents did and did not know their recipient’s preference, Bolton et al. (2015) found that 

agents only adjusted to their recipient if they were more risk-averse than themselves and Kling 

et al. (2019) found that 49.3% of agents followed their recipient’s preference exactly, with a 

further 38.4% attempting to follow but misinterpreting the preference communicated to them. 

These different findings may be reconciled, however, by considering differences in 

experimental design. In Füllbrunn and Luhan (2022), because agents made one investment 

decision on behalf of six recipients with different preferences, it was impossible to invest 

according to every recipient’s preference in this setting. In Bolton et al. (2015), agents made 

risky decisions to decide their own and their recipient’s aligned payoff, so agents had a clear 

financial incentive to not consider their recipient’s preference, which may explain why the 

preferences of those who favoured higher risks were disregarded. Finally, in Kling et al. (2019) 

because recipients communicated a subjective profile name (e.g. conservative, balanced etc.) 

to represent their preferred range of investments, the authors not only found substantial 

miscommunication between how agents and recipients perceived the investment preference (an 

issue also found by Holzmeister et al., 2019) but also, what qualified as simulating was 
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imprecise, making it impossible to measure more subtle deviations from their recipient’s 

preference. Thus, it is difficult to identify whether agents who strayed from their recipient’s 

wishes in these studies would have done so if they were not influenced by these other factors. 

In our study, we alter these elements by limiting agents to one recipient, giving them no 

financial stake in the decision, and letting them see the precise investment their recipient would 

have made for themselves. With these changes considered, it is possible that agents in our study 

may entirely simulate their recipient’s risk preferences rather than project their own. 

Whilst all of the discussed theories suggest that agents consider either their own risk 

preferences, their recipients’ or a mixture of both, in the more general literature on risky 

decision-making for others, agents are found to prioritise other factors. One such factor is the 

influence of perceived responsibility. Charness and Jackson (2009) proposed that when people 

bear responsibility for another’s outcome, they behave more prosocially than if they had 

diminished responsibility (Charness, 2000). This responsibility-alleviation effect suggests that 

this prosocial impulse causes agents to be more cautious when taking risks for others than they 

would be for themselves. Support for this effect has been found when agents and recipients 

both received the payoff from a decision (Charness & Jackson, 2009; Pahlke et al., 2015) and 

when agents received a fixed payoff themselves and made a risky decision on behalf of a group 

(Reynolds et al., 2009). Charness and Jackson (2009) argued that one source of this increased 

risk aversion was the agents’ desire to comply with social norms of caution when in a position 

of responsibility. This makes it possible that rather than imposing their own risk preferences 

onto others, agents in our setting may follow this social norm of caution. Petrova et al. (2016) 

support this proposition, finding that agents prioritise social norms in decisions for others over 

their recipient’s preferences in some scenarios. Whilst agents were willing to follow their 

recipient’s preferences about vaccine administration if the preference complied with social 

norms, when the preference opposed social norms, agents deviated from their preference in the 

norm’s direction. Therefore, even in our scenario where the effect of norms may be less 

pronounced than in a scenario about vaccine administration, agents may similarly prioritise 

social norms of caution over paternalistic impulses to impose their own preferences. If this is 

the case, we would expect agents to be indiscriminately more cautious for their recipient than 

they are for themselves, since the responsibility alleviation hypothesis predicts that the agent’s 

risk preference will be the reference point for a norm driven ‘cautious shift’. 

Aside from prioritising social norms, previous research also suggests that agents’ risk 

preferences, and their degree of loss aversion, might be attenuated in decisions for others, rather 

than actively imposed (e.g. Andersson et al., 2016; Batteux et al., 2017). One theory proposed 



34 
 

to explain this behaviour is the psychological distance hypothesis. This posits that when 

making decisions for others, the ‘psychological-distance’ between the agent and the outcome 

of the decision causes them to see the decision as more abstract, in line with self-construal 

theory (Trope & Liberman, 2010). As a consequence of this distance, the decision maker's 

personal emotional reaction to risk which drives their own risk preferences, according to the 

risk-as-feelings hypothesis (Loewenstein et al., 2001), is dampened because they do not 

experience the emotion so intensely when they will not experience the consequence. This 

attenuated emotional reaction to risk is said to cause decisions for others to be more 

economically rational than personal decisions (Andersson et al., 2016; Sun et al., 2017; Zhang 

et al., 2017). Significant support for this theory comes from neuroeconomic evidence. FMRI 

data revealed that brain areas associated with altruism (Zhang et al., 2019) and those governing 

emotion and reinforcement (Albrecht et al., 2010; Jung et al., 2013) are activated less in 

decisions for others than for the self, an effect which is moderated by empathic concern for 

recipients (Ogawa et al., 2018) and the similarity between the decision-maker and recipient 

(Mobbs et al., 2009). Further behavioural support comes from findings that rational choice 

anomalies and biases are attenuated in decisions for others. Participants are found to be less 

susceptible to framing effects (Ziegler & Tunney, 2015) delay discounting (Ziegler & Tunney, 

2012) and the endowment effect (Wang et al., 2018) when deciding on another’s behalf. This 

suggests that in our setting, agents may also invest for others with a less extreme version of 

their own risk preference, rather than actively imposing their preferences. 

To summarise, we design a scenario to test whether agents paternalistically impose their 

own risk preferences onto investments for others and whether belief dissonance affects the 

degree that they paternalistically project. Agents make an investment decision on behalf of a 

recipient with no financial stake in the decision, in contrast to Bolton et al. (2015), and also 

complete information about the recipient’s own investment choice, in contrast to Kling et al. 

(2019). When investing for the recipient, we use the strategy method to systematically vary the 

difference between the agent and recipient’s preferences. This design element lets us observe 

an entire function of participant reactions to every possible risk preference, and also the 

smallest to the most extreme preference differences. It also allows us to observe reactions to 

infrequent and more extreme risk-preferences by every single participant, rather than relying 

on chance pairings as in previous studies. In addition to our two main research questions, our 

design also allows us to identify the behavioural markers of other theories discussed in the 

risky decision-making for others literature, so we can attribute decision patterns directly to each 

mechanism. We can identify if agents are following social norms of caution, in line with 
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responsibility alleviation, or using a dampened version of their own preference, in line with the 

psychological distance hypothesis. 

3.3 Experimental Design 

We conduct a one-shot Gneezy and Potters (1997) investment game12, in which we vary 

the recipient of the investment decision in a within-subjects treatment. In the first part, OWN, 

participants are endowed with £2.25 and must choose what value, in £0.25 increments 𝑋 ∈ {0, 

0.25, …, 2.25} to invest in a risky asset (𝑋𝑂𝑊𝑁) for their own payoff. The amount invested has 

a 2/3 chance of being lost (𝜋𝐼 = 2.25 − 𝑥) and a 1/3 chance of being retained, with an 

additional 250% return on the investment (𝜋𝐼 = 2.25 + 2.5𝑥). In the second part, OTH, 

participants take the same investment decision, but they invest on behalf of another participant 

(𝑋𝑂𝑇𝐻) receiving no payoff themselves from the decision. By not giving agents a stake in the 

decision in OTH, we aim to not confound potentially paternalistic intent with conflict of 

interest. For a decision to be considered paternalistic, agents must make it for their recipient’s 

benefit, so if they had any stake in the decision we would not be able to identify whether agents 

were driven by social preferences or their own self-interest. To minimise the influence of 

fairness preferences across parts one and two, only one of the two parts is paid at random 

(Charness et al., 2016) so that decisions in part two are not driven by participants attempting 

to make their recipient’s payoff equal to their own from part one. Participants are told the 

payoff relevant part after making both decisions. 

In OTH13, we use the strategy method to elicit investment decisions from agents in 

response to every possible investment their recipient could have made for themselves in OWN 

(if their recipient invested £0.00, £0.25 etc.). With this, participants invest conditional on how 

much their recipient actually chose to invest for themselves in OWN (𝑋𝑃
𝑂𝑇𝐻), because only the 

investment that matched the recipient’s decision from part one is paid, but all decisions had the 

potential to be payoff relevant so each remained incentivised. This manipulation allows us to 

systematically vary the difference in risk preferences between the agent and their recipient 

                                                           
12 Using this game meant we could not differentiate between risk-neutral and risk-seeking preferences because of the positive expected 

return of investments. However, this characteristic allowed us to more easily identify when behaviour was explained by the agents 

attenuating their own risk preference (as in the psychological distance hypothesis) rather than following their recipient’s. If the payoff 
maximising choice was in the center of all possible decisions (e.g. switching at prospect 5 as in Holt and Laury (2002)), then for every 

observation where this choice lay between the recipient and agent’s preferences we could not identify whether agents chose this because 

they were influenced by their recipient’s preferences, or whether they were simply attenuating their own. We avoid this in the Gneezy and 
Potters (1997) game because the risk-neutral choice of investing everything would rarely fall between an agent and principal’s preferences. 
13 We choose to have recipients invest in OWN, rather than relay their preferred investment, to avoid them forming second-order beliefs 

about their agent’s reaction, which could make them alter their request in anticipation. Instead, by seeing the recipient’s true incentivised 
risk preference from OWN, agents receive a clear signal, such that any other choice would be an active departure from the recipient’s 

wishes. 



36 
 

within-subjects, by taking each hypothetical decision as a series of treatments where only one 

is realised (Charness et al., 2016). During the analysis, each choice is categorised according to 

the difference between the agent’s choice in OWN and the recipient’s preference 

(𝑋𝑃
𝑂𝑇𝐻 −  𝑋𝑂𝑊𝑁) to capture differences in risk preferences as an independent variable, a 

statistic which we label 𝑃𝑂𝑊𝑁
14. 

After making their decisions, participants are randomly assigned an agent who will 

invest for them and a recipient for whom they will invest, such that no pair of subjects is both 

agent and recipient for one another. This aimed to avoid any first or second-order reciprocity 

concerns that might have arisen if subjects were paired and could react to beliefs about their 

agent’s decision or expectations. 

3.4 Implementation 

We conducted the experiment on the website Prolific.co, using the online survey 

software Qualtrics. We recruited a sample of 200 participants, consisting of 101 Males and 99 

Females (aged 18-77 years old). Participants could only participate in the experiment once and 

had to be United Kingdom residents15. We also pre-screened participants to ensure that they 

spoke fluent English and were using a desktop computer, to increase the likelihood that they 

were fully concentrating on the experiment. In line with Prolific rules, participants received a 

fixed £1.70 payment for the estimated 20-minute experiment and received their experimental 

payoff as a bonus payment (max bonus £8.18, min £0). 

On the first page, participants received introductory instructions (see Appendix 3A) 

which outlined how payoffs would be determined and informed them that although the 

experiment was in two parts, only one of these parts would be paid. Participants were also told 

that there would be comprehension questions throughout, which they had to answer correctly 

to receive their payment. They received instructions for part one on screen, after which they 

answered comprehension questions to ensure understanding (see Appendix 3A for questions). 

If a question was answered incorrectly, they received a hint above the question, but they could 

                                                           
14 By using the strategy method, we create far more observations which generate a large 𝑃𝑂𝑊𝑁 statistic, relative to the direct response 

method. Although in this game, investing the full endowment maximises expected value, historically, only a small fraction of subjects make 
this choice (Charness et al., 2013), so using the strategy method ensures we are not reliant on those with the more extreme risk preferences 
to generate pairings with larger preference discrepancies. 
15 This was primarily because cultural differences in behaviour were not relevant to our research question, but also because investments were 

in discrete 25p intervals, so if these were converted into another currency to allow for those from other countries to participate, they would 
either represent a different size of incentive if they were not adjusted by exchange rate or purchasing power parity, or they would not be in 

intuitive monetary intervals if they were adjusted. 
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not continue to the decision screen until all answers were correct16. After they had made their 

decision in part one, they received instructions for part two. Since we needed information from 

OWN (part one) to implement OTH (part two), we did not reverse the order of OWN and OTH 

to test for order effects17. After reading the instructions for part two, participants again had to 

answer comprehension questions correctly before they could make their decision. The 10 

conditional investment decisions in part two were all displayed on the same screen. However, 

each decision was elicited in a random order to negate consistency concerns or order effects.  

Participants answered a follow-up questionnaire after completing part two. Since one 

of the main theories we consider is ideals projective paternalism, we include a question to test 

paternalistic intent similar to Ambuehl et al., (2021). For an agent to be considered as having 

paternalistic intent, they must believe that their intervention is in the recipient’s best interest 

(Dworkin, 1972). Therefore, after making their decisions, we ask agents whether they thought 

their recipient would earn more from their own investment in part one, from the investment 

they had made for them in part two, or the same amount in both parts18. This question also 

allows us to identify whether agents project their preferences simply to minimise cognitive 

effort. If agents did not consider their recipient’s outcome in their decision-making, agents 

would likely hold the belief that their recipient made a better decision for themselves when 

they were directly responding to incentives, than they made for their recipient with minimal 

cognitive effort19. To make this question incentive-compatible, agents received an extra £0.30 

if they guessed correctly. Aside from this, we included an open-ended question where 

participants could explain how they invested in part two, the 6 primary items of the SVOSM 

slider measure (Crosetto et al., 2019; Murphy et al., 2011) to test Social Value Orientation, and 

the 40 primary items of the empathy quotient test (EQ) to measure trait empathy scores (Baron-

Cohen & Wheelwright, 2004). The Social Value Orientation (SVO) slider allows us to 

categorise participants into ‘altruists’ who aim to maximise another’s payoff, ‘prosocial’ 

                                                           
16 Although it was, in principle, possible for participants to click through all answers until they found the right combination without 

understanding the instructions, only one of the possible 243 (35) combinations was correct, so we considered this feature enough of a 

deterrent to assume that all participants who completed the experiment had understood and paid attention. 
17 As noted by Brosig et al., (2003), participants undertake greater self-reflection from the beginning if they are aware that they will 

subsequently resume their counterpart’s role, so it would also have presented a confound in our design if those who were to complete OTH 

first could base their subsequent decision in OWN on beliefs about their agent’s reaction, rather than their own risk preferences. 
18 It could be argued that because we ask agents which decision would maximise earnings, this points to the expected return of the 

investment rather than the expected utility, such that the only correct answer is to select the decision which invests the most. However, we 

concluded that if we attempted to elicit beliefs about what would maximise the recipient’s expected utility instead, then by definition this 
would be based on the recipient’s risk-aversion so the only ‘correct’ answer would be to follow the recipient’s risk preference. This, to some 

degree, fails to capture paternalism since agents must believe that, although the recipient’s decision may maximise the recipient’s expected 

utility (or they would not have chosen it in OWN), another decision would be objectively more beneficial to the recipient. It is this belief 
that we aimed to elicit. Using the recipient’s earnings as the unit of measurement also has the advantage that it allows us to make this belief 

elicitation incentivised. 
19 As an additional robustness check for this manipulation, we also test whether those who project their own preferences and do not answer 
that part two would earn their recipient more money have lower SVO scores, denoting low other-regarding preferences, and simply project 

to minimise cognitive effort. 
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participants who are inequality averse and aim to maximise joint payoffs, ‘individualists’ who 

aim to maximise their own income and ‘competitors’ who aim to maximise how much more 

they earn than their counterpart. The EQ scale uses 4-point Likert items to measure agreement 

with statements that reflect the facets of trait empathy, from strongly agree to strongly disagree. 

Throughout the EQ scale, we included 4 attention checks. Participants were excluded from our 

analysis and received no payment if they failed more than one attention check (one participant 

was excluded for this reason).  

On the final page, participants were told which part they were being paid for and 

whether the project was a success or a failure. These were both determined at random. 

Investment outcomes were only revealed at the end of the experiment to avoid anchoring 

effects, such as gamblers fallacy, hot hand fallacy (Gilovich, Vallone, & Tversky, 1985; 

Tversky & Kahneman, 1971), and affective responses to earlier outcomes influencing 

subsequent decisions (Damasio, 1996; Ludvig & Spetch, 2011). 

Participants who received the bonus from part two were randomly matched with 

another participant whose decision determined their payment and another different participant 

whose payment they determined. On average, participants took 19 minutes to complete the 

study and earned £4.20, including the bonus payment (max bonus £8.18, min £0). This is a 

high rate of payment for Prolific users (Prolific’s minimum hourly payment is £5 an hour and 

our participants earned £13.26 on average). 

3.5 Hypotheses 

In our setting, the standard model prediction is that agents will follow their own risk 

preference in OWN, yet the standard model offers no prediction of behaviour in OTH since 

agents gain no monetary incentive to drive their decision and other people’s payoffs are not 

incorporated into their utility function (Eriksen & Kvaløy, 2010, Fehr & Schmidt, 1999). 

However, recent evidence by Ambuehl et al (2021) suggests that some agents impose their own 

ideals onto decisions for others if they believe it is in the recipient’s best interest. If all agents 

in our sample act as the most extreme form of ideals projective paternalists, they would invest 

in OTH exactly as they invested in OWN and disregard their recipient’s preference entirely. 

Hypothesis 1A: Agents will invest for their recipient as the agent invested for themselves. 

However, whilst in Ambuehl et al (2021) participants restricted others to the fullest 

extent (i.e. forcing others to choose the most patient option) 11.6% of the time, participants 
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restricted others partially (i.e. removed the most impatient option, but let others choose between 

the penultimate and most patient option) 32.7% of the time. This suggests that, as a less extreme 

prediction of ideals projective paternalism, we might also see agents project their preferences 

to some extent but not entirely. 

Hypothesis 1B: Investments in OTH will be significantly influenced by the agent’s own risk 

preference. 

From the discussed behaviour alone, however, we cannot identify whether agents act 

with paternalistic intent (as discussed in section 3.4). Therefore, to be considered ideals 

projective paternalists, agents must both project their own preferences in OTH, and say that 

part two would earn their recipient more money than part one. 

In our setting, we also look to the theory of belief dissonance as a potential factor that 

determines how much weight agents put on their own preferences (Golman et al., 2016; Molnar 

& Loewenstein, 2020), as discussed in section 3.2. Golman et al., (2016) argued that such belief 

dissonance would drive people to try to change others’ beliefs to more closely resemble their 

own. If agents in our setting also experience belief dissonance with regard to differences in risk 

preference, we expect agents to weigh their own preferences more heavily, overruling those of 

their recipient, the more their recipient has different preferences from them. 

Hypothesis 2: Agents will invest further from their recipient’s preference, and more in line 

with their own, the further their recipient’s preference is from their own. 

As a caveat to this hypothesis, it should be considered that because we expect belief 

dissonance to make agents exert a greater degree of projective paternalism, it assumes that 

participants will not all be absolute projective paternalists (hypothesis 1A) but will project to 

varying degrees (hypothesis 1B). Hence, hypothesis 2 will only be considered as evidence for 

belief dissonance if agents are not all absolute projective paternalists, since this would render 

hypothesis 2 true by construction, but would not necessarily imply that participants experienced 

belief dissonance. 

Aside from the difference between the agent and recipient’s risk preference, we also 

consider the effect of SVO and EQ on how far agents deviate from their recipient’s preference. 

Ambuehl et al (2021) found that ideals-projective paternalists had stronger beliefs about the 

benefits of their decision for recipients, so we would expect those with more concern for their 

recipients to impose their own risk preferences more. 
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Hypothesis 3: The higher SVO agents have, the more they will deviate from their recipient’s 

preference. 

 O’Connell et al (2013) also found that those with higher trait empathy more readily 

simulated another’s perspective, so we also expect them to simulate more in our setting.  

Hypothesis 4: The higher EQ agents have, the less they will deviate from their recipient’s 

preference. 

Whilst the theories discussed so far predict that agents will project their preferences 

onto others to some degree, Füllbrunn and Luhan (2015) and Batteux et al. (2017), among 

others, proposed that when agents make decisions for others they attempt to predict, or 

‘simulate’ what their recipient would have chosen for themselves. Therefore, in its most 

extreme form, simulated perspective-taking predicts that when agents know how their recipient 

would have invested with certainty, they would invest in line with it.  

Hypothesis 5A: Agents will invest for their recipient as their recipient invested for themselves. 

However, as for ideals projective paternalism, the limited research on this topic 

suggests that agents often only simulate their recipient’s preferences to some extent (Foerster 

et al., 2017; Kling et al., 2019). This suggests that, as a less extreme prediction of simulated 

perspective-taking, we would expect agents to take their recipient’s risk preferences into 

account to some degree, but not follow them exactly. 

Hypothesis 5B: Investments in OTH will be significantly influenced by the recipient’s known 

risk preference. 

Whilst all of the discussed theories suggest that agents will acknowledge their 

recipient’s preferences to some degree, even if they actively choose to overrule it, it is also 

plausible that agents will be influenced by other factors. The theory of responsibility-alleviation 

(Charness, 2000) suggests that individuals are socialised to act more cautiously under positions 

of responsibility and attempt to avoid blame by taking fewer risks when their decisions affect 

another. If agents in our sample place more weight on this social norm of caution for others 

than their own or their recipient’s risk preferences, then they will take fewer risks in OTH than 

they take in OWN, referred to in previous literature as a ‘cautious shift’ (Füllbrunn & Luhan, 

2015), regardless of their recipient’s risk preference. 
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Hypothesis 6: Investments in OTH will be significantly lower than in OWN across all levels 

of OTH. 

A diverging prediction also comes from the psychological distance hypothesis, as 

discussed in section 3.2, which predicts that agents may invest according to a ‘dispassionate’ 

version of their own risk preferences in OTH rather than considering their recipient’s 

preference at all (Andersson et al., 2016). Consequently, since less emotion-driven choices are 

proposed to be more economically optimal (Batteux et al., 2017; Loewenstein et al., 2001) this 

suggests agents would invest more than they invested for themselves across all levels of OTH 

since in our setting investing the full endowment is the payoff maximising choice. This is 

referred to in previous literature as a ‘risky shift’ (Füllbrunn & Luhan, 2015). 

Hypothesis 7: Investments in OTH will be significantly higher than in OWN across all levels 

of OTH. 

We summarise the predictions of each of these theories in Table 3.1 below. 

TABLE 3.1. Summary of Predictions by Theory 

Theory   

Ideals-Projective Paternalism   𝑋𝑂𝑇𝐻 =  𝑋𝑂𝑊𝑁 

Belief Dissonance  𝑆𝑃
𝑂𝑇𝐻 = 𝑃𝑂𝑊𝑁 

Simulation  𝑋𝑂𝑇𝐻 =  𝑋𝑃
𝑂𝑇𝐻 

Responsibility Alleviation  𝑋𝑂𝑇𝐻 <  𝑋𝑂𝑊𝑁 

Psychological Distance  𝑋𝑂𝑇𝐻 >  𝑋𝑂𝑊𝑁 

Notes. Summary of each theory’s predictions. An agent’s investment for themselves is denoted by 𝑋𝑂𝑊𝑁 , their 

investment for the recipient, by 𝑋𝑂𝑇𝐻  and the recipient’s preference by 𝑋𝑃
𝑂𝑇𝐻. The difference between the agent 

and recipient’s investment for themselves is then denoted by 𝑃𝑂𝑊𝑁  and the difference between what the 

recipient invested for themselves and what the agent invested for them is denoted by  𝑆𝑃
𝑂𝑇𝐻. 

3.6  Results 

In this section, we begin by looking at the effect of the agent and recipient’s risk 

preference on investments for others directly, reporting whether, overall, agents project their 

risk preferences onto others (hypothesis 1A and 1B) or simulate their recipient’s risk 

preferences (hypothesis 5A and 5B). In the next section, preference differences, we consider 
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whether agents put less weight on their recipient’s preference, and more on their own, the more 

that preference differs from their own (hypothesis 2) and whether agents with higher SVO 

deviate more (hypothesis 3) and higher EQ deviate less (hypothesis 4). Next, we examine 

whether agents adopt an overall cautious shift (hypothesis 6) or risky shift (hypothesis 7), 

independent of either their own or their recipient’s preference. In the final section, behavioural 

types, we explore the significant heterogeneity in each agent’s reaction to their recipient’s risk 

preference. Here we establish distinct behavioural types based on theory and examine whether 

types differ by personal risk preference, SVO score, or EQ score. 
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3.6.1  Project or Simulate? 

We begin by examining the average investment in OWN and OTH across each 

preference level in Figure 3.1. 

 

FIGURE 3.1. Average amount invested for all recipient’s possible preferences.  

Notes. The dashed line shows the average investment for the other participant, for each of the recipient’s 

possible investment preferences. The solid blue line denotes how much would have been invested if agents 

followed their recipient’s preference exactly, and the black line shows the average investment agents made for 

themselves. Error bars indicate standard deviations. 

From Figure 3.1, it is clear that we do not see complete projection of the agent’s own 

preferences, as predicted by hypothesis 1A, nor complete simulation of the other’s preference 

when preferences are known, as predicted by hypothesis 5A. Therefore, we begin by 

conducting a series of regressions, to test how much agents weigh their own and their 

recipient’s risk preferences in their investments. In Table 3.2 we report the results of six 

models. In models 1-3 we regress investment amount in OTH on the recipient’s investment 
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preference and the agent’s investment in OWN, both with (model 3) and without (models 1 

and 2) censoring at the minimum (£0) and maximum (£2.25) investment amounts. In models 

4-6 we include gender and age as control variables, to ensure they cannot explain behaviour 

independent of our intended manipulation, both with (model 6) and without (models 4 and 5) 

censoring at the minimum (£0) and maximum (£2.25). 

TABLE 3.2. Influence of Agent and Recipient’s Risk Preference 

Regardless of the model used, both the agent and recipient’s risk preferences 

significantly predict the amount invested at the 1% level; which we also confirm with non-

parametric tests20 to check that the effect is robust to different analysis methods. However, from 

the error bars in Figure 3.1, it is clear that there is considerable variation in agents’ investment 

choices; in our sample, some people entirely simulate their recipient’s preference and some 

                                                           
20To test how heavily own and recipient’s preferences were weighted for each observation, we calculated an ‘own’ and ‘other’ preference 

weight for each participant. We took the difference between the agents' investment in OWN and their investment in OTH as a measure of 
how much they shifted toward their recipient’s preference, and then standardised this shift as a proportion, by dividing it by the difference 

between the agent’s preference and the recipient’s preference, creating a proportional ‘other’ weight. Consequently, if agents did not alter 

their investment between OWN and OTH, they would generate a weight of 0, and if they entirely simulated their recipient’s preference they 
would generate a weight of 1. To calculate the ‘own’ weight, we simply subtracted the ‘other’ weight from 1, such that a 0 would be 

complete weighting of the other’s preference and a 1, complete weighting of their own. By dividing each shift by the preference difference, 

we had to exclude all observations where the preference difference was 0, and all observations where the investment lay outside of the agent 
or recipient’s risk preferences, leaving us with 1180 of each preference weight. The remaining other and own weights both differed 

significantly from 0 (p<.001) according to two, one-sample Wilcoxon signed-rank tests. 

Notes. Across all models, we take the amount invested in OTH as the dependent variable and the recipient’s risk 

preference and the agent’s investment in OWN as the independent variables, both with (4-6) and without (1-3) age 

and gender dummies as controls. We consider linear (1 and 4), Poisson (2 and 5) and Tobit (3 and 6) mixed-

effects models for our analysis. Standard errors in parentheses. ∗ p < 0.10, ∗∗ p < 0.05, ∗∗∗ p < 0.01.    

 (1)           (2)    (3)    (4)     (5)    (6) 

 Linear 

mixed-effects 

Mixed-effects 

Poisson 

Mixed-effects 

Tobit 

Linear mixed-

effects 

Mixed-effects 

Poisson 

Mixed-effects 

Tobit 

𝑋𝑃
𝑂𝑇𝐻

 0.19*** 

(0.02) 

0.18*** 

(0.03) 

0.22*** 

(0.02) 

0.19*** 

(0.02) 

0.18*** 

(0.03) 

0.22*** 

(0.02) 

       

XOWN 0.38*** 

(0.05) 

0.37*** 

(0.05) 

0.59*** 

(0.07) 

0.39*** 

(0.05) 

0.38*** 

(0.05) 

0.60*** 

(0.07) 

       

Male Dummy    -0.12** 

(0.06) 

-0.12** 

(0.06) 

-0.20** 

(0.08) 

       

Age    0.003 

(0.002) 

0.003 

(0.002) 

0.004 

(0.003) 

       

Constant 0.43*** 

(0.06) 

-0.60*** 

(0.07) 

0.15 

(0.09) 

0.38*** 

(0.10) 

-0.66*** 

(0.10) 

0.09 

(0.14) 

       

Observations 2000 2000 2000 2000 2000 2000 
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people entirely project. Therefore, we also excluded all participants who we classified as 

extreme types (N = 1010, see section 3.6.4 for classification criteria) and re-conduct all 

regressions on the subsample to test whether the extreme types are driving these effects. Even 

with extreme types excluded, results remained qualitatively identical (see Table 3B.1 in 

Appendix 3B). 

To establish if agents are significantly influenced by their risk preferences due to 

projective paternalism, we re-run the regressions from Table 3.2 on the sample of agents who 

answered that their investment in part two would earn their recipient more money than the 

recipient’s investment for themselves in part one (as discussed in sections 3.4 and 3.5). We 

find qualitatively identical results to the regression in Table 3.2 for the own and others’ 

preference variables (see Table 3B.2 in Appendix 3B). In fact, the agent’s own preference 

seems to have an even larger influence, with the coefficient often being larger than that in Table 

3.2, ranging from 0.48 to 0.82 depending on the model used. Nevertheless, as a further 

robustness check we also re-run the regressions from Table 3.2 on the subsample of participants 

whose SVO scores classified them as either prosocial or altruistic (N=1490), excluding those 

who classified as individualistic or competitive (N=510). This was to ensure that this finding 

was not driven by those with low other-regarding preferences investing for their recipient as 

they invested personally to minimise cognitive effort. Although it was unlikely that our finding 

was driven by agents minimising cognitive effort, given that only 7% of agents in our sample 

followed their own preferences exactly anyway, we found identical results regardless of the 

model used (see Table 3B.3 in Appendix 3B). Even on those with relatively high other-

regarding preferences, the agents’ preference coefficient stayed significant at the 1% level. 

Therefore, we find that agents did paternalistically project their risk preferences onto others, 

supporting hypothesis 1B. 

Observation 1: Investments in OTH are significantly influenced by agents paternalistically 

projecting their own risk preferences. 

Aside from the effect of the agent’s own risk preferences on investments holding 

through our robustness checks, the effect of the recipient’s risk preference also remained 

significant at the 1% level throughout. This suggests that agents do incorporate their recipient’s 

risk preferences into their investment decisions, even with no economic incentive to do so. 

Further, given that the effect held on the subsample of participants who were not extreme types 

and those who were classified as prosocial or altruistic, we also conclude that the effect was 
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not driven by extreme simulators or participants mimicking the preference presented to them 

to minimise cognitive effort. Therefore, we support hypothesis 5B and state observation 2. 

Observation 2: Investments in OTH are significantly influenced by agents simulating their 

recipient’s known risk preference.  

Across a series of Wald tests, we also examined whether agents projected more or 

simulated more in our setting. We compared the coefficients for the agent and recipient’s 

preferences in every model discussed and found unanimously that agents weight their own 

preferences more heavily than their recipient’s (p < .001 for all Wald tests), suggesting agents 

imposed their own preferences more than they considered their recipient’s. Therefore, we look 

at the difference in agent-recipient risk preferences next to examine a potential source of this 

bias. 

3.6.2 Preference Differences 

To test whether agents discount their recipient’s preference more, the more that 

preference is different to their own (hypothesis 2), we consider another series of regressions. 

In Table 3.3 we report the results of a further four models. In models 1 and 2, we take how 

much agents deviated from their recipient’s risk preferences as our dependent variable (𝑋𝑂𝑇𝐻 −

𝑋𝑃
𝑂𝑇𝐻 = 𝑆𝑃

𝑂𝑇𝐻) and the difference between the agent and recipient’s risk 

preferences (𝑋𝑃
𝑂𝑇𝐻 −  𝑋𝑂𝑊𝑁 = 𝑃𝑂𝑊𝑁) as our independent variable. In models 3 and 4 we then 

also consider the potential moderating effects of EQ and SVO score, and also include gender 

and age as control variables. In models 2 and 4, we censor the data for each observation, based 

on how far it was possible for agents to deviate from their recipient’s preference21. 

  

                                                           
21 For example, when investing for a recipient who invested £0.50 for themselves, an agent’s deviation from that preference could only 

resume values between -0.5 and 1.75, i.e. agent could only invest up to £0.50 less than the recipient wanted, or up to £1.75 more. 
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TABLE 3.3. Influence of Preference Difference between Agent and Recipient 

From Table 3.3, we see that across all specifications, there is a highly significant 

negative relationship between how far agents deviate from their recipient’s wishes and the 

difference in risk preference between the agent and recipient. That is, the more risk-taking the 

recipient is than the agent, the more the agent shifts away from their preference toward their 

own risk-averse preferences and vice versa. As before, to exclude the possibility that extreme 

types drive this effect, we excluded all of the extreme types from our data (N = 1010, see section 

3.6.4) and re-run the regressions, finding again that the effect remained identical (see Table 

3B.4 in Appendix 3B). 

To once again establish projective paternalistic intent behind this effect, we re-ran the 

regressions from Table 3.3 on the sample of agents who answered that their investment in part 

two would earn their recipient more money than the recipient’s investment for themselves in 

part one. As before, we found qualitatively identical results, with the preference difference 

variable remaining significant at the 1% level (see Table 3B.5 in Appendix 3B). This suggests 

that, as we proposed, agents are paternalistically projecting their preferences more, the more 

 (1)          (2)         (3)          (4) 

 Linear mixed-

effects 

Mixed-effects  

Tobit 

Linear mixed- 

effects 

Mixed-effects  

Tobit 

𝑃𝑂𝑊𝑁 -0.77*** 

(0.02) 

-0.76*** 

(0.02) 

-0.77*** 

(0.02) 

-0.76*** 

(0.02) 

     

SVO   -0.001 

(0.003) 

-0.002 

(0.003) 

     

EQ   0.002 

(0.003) 

0.002 

(0.003) 

     

Male Dummy   -0.14** 

(0.07) 

-0.20** 

(0.09) 

     

Age   0.004 

(0.003) 

0.005 

(0.003) 

     

Constant -0.05 

(0.03) 

-0.06 

(0.04) 

-0.14 

(0.16) 

-0.16 

(0.21) 

     

Observations 2000 2000 2000 2000 

Notes. Across all models, we take the agent’s shift from the recipient’s preference as the dependent variable and 

the difference between the agent’s risk preference and the recipient’s risk preference as the independent 

variable, both with (1 and 2) and without (3 and 4) SVO score, EQ score or age and gender dummies as 

controls. We consider Linear (1 and 3) and Tobit (2 and 4) mixed-effects models for our analysis. Standard 

errors in parentheses. ∗ p < 0.10, ∗∗ p < 0.05, ∗∗∗ p < 0.01. 
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their recipient’s preference differs from their own22. However, given that a positive (negative) 

preference difference yields such a pronounced negative (positive) shift, it is plausible that this 

directionality is driving the effect in Table 3.3 rather than the magnitude of the preference 

difference and investment shift themselves. Therefore, as another robustness check, we also re-

ran all regressions on the absolute distance from the recipient’s preference, with the absolute 

difference in preferences as the independent variable. As in Table 3.3, the preference difference 

coefficient remained significant at the 1% level (see Table 3B.7 in Appendix 3B). Thus, we 

support hypothesis 2 and state observation 3. 

Observation 3: Agents deviate further from their recipient’s known risk preference and 

closer to their own, the more their own risk preference differs from their recipient’s. 

We also test whether agents deviate further from their recipient’s preferences when the 

hypothetical recipient has a risk preference above or below the mean investment in our sample 

(M = £1.14). We regress the absolute shift from the recipient’s preferences, on a dummy 

variable for above and below mean risk preference and an interaction term for above and below 

mean preferences by absolute preference difference, as well as EQ score, SVO score, age and 

gender as controls (see Table 3B.7 in Appendix 3B). We found that agents were less willing to 

accommodate a risky recipient than a cautious one; agents deviated further when the recipient 

preferred an above mean investment to one below the mean (p < .05), however, this did not 

interact with the magnitude of difference in preference (p = 0.95). Thus, we state observation 

4. 

Observation 4: Agents deviate further from their recipient’s preference when the recipient 

has an above-average risk preference than when their preference is below average. 

To establish whether the agent’s own preference acts as a reference point for this 

deviation asymmetry, we also test whether agents deviate further from their recipient’s 

preferences when the recipient has a risk preference above (positive preference difference) or 

below (negative preference difference) their own. Here, we regress the absolute shift from the 

recipient’s preferences, on a dummy variable for positive and negative preference difference 

and an interaction term for positive and negative preference difference by absolute preference 

difference, as well as EQ score, SVO score, age and gender as controls (see Table 3B.8 in 

                                                           
22 As before, we test that agents do purposely deviate from their recipient’s preference, rather than attempt to minimise cognitive effort, by 
re-running the regressions from Table 3, on the subsample of participants whose SVO scores classified them as either prosocial or altruistic. 

Again, results remained identical to those in Table 3 – see table 3B.6 in Appendix 3B for regression output. 
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Appendix 3B). To create the positive or negative preference difference dummy variable, we 

had to exclude all observations where there was no preference difference between agent and 

recipient (N = 200). We find that although there was no significant difference in deviation when 

recipients were more or less risky than the agent (p = 0.84), the deviation across preference 

differences did differ, depending on whether the difference between agent and recipient’s 

preference was positive or negative (p < .05). This interaction is displayed in Figure 3.2. 

 

FIGURE 3.2. Average absolute deviation from recipient’s preference for all absolute preference differences. 

Notes. Both lines show the average deviation from the other participant’s preference, for each possible difference 

between the agent and recipient’s preferences – displayed as the absolute deviation and absolute preference 

difference. The dashed red line shows the absolute average deviation when the recipient is more risk-taking than 

the agent, and the solid blue line shows the absolute average deviation when the recipient is less risk-taking than 

the agent.  

Figure 3.2 shows that whilst agents deviate by approximately the same amount across 

positive and negative preference differences when differences are small, the gap between 

positive and negative widens as the preference difference gets larger. This gap that opens up 

across risk preferences may come from norms of being more cautious for others in a position 

of responsibility. Indeed, if social norms dictate that it is more ‘prosocial’ to be cautious when 
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you are responsible for another, this could explain why participants are more willing to 

accommodate more cautious recipients. However, we do not explicitly elicit the mechanisms 

behind this, so we simply state observation 5. 

Observation 5: Agents deviate further from their recipient’s preference when the recipient is 

more risky than them, than when the recipient is less – but only when there is a large 

difference in preferences. 

Aside from these effects associated with the agent and recipient’s preference difference, 

we also tested whether agents with higher SVO deviated further from their recipient’s 

preference and whether agents with higher EQ deviated less. Surprisingly though, we do not 

find any relationship between either SVO score or EQ score and how close agents invest to 

their recipient’s preference. Therefore, we do not support hypotheses 3 or 4, and state 

observations 6 and 7. 

Observation 6: We find no relationship between SVO score and how far agents deviate from 

their recipient’s preference. 

Observation 7: We find no relationship between EQ score and how far agents deviate from 

their recipient’s preference. 

In addition to our main results, from Tables 3.2 and 3.3 we also find a significant gender 

effect. Whilst males were significantly more risky for themselves (M = 1.16) than females (M 

= 1.07) according to a two-sample Wilcoxon Rank-Sum test (p < .001), males were less risky 

for their recipients (M = 1.03) than females (M = 1.10) and they also deviated further from their 

recipient’s preference (M = -0.10 vs M = -0.02)23. One possible explanation for this is that in 

line with previous findings (Baron-Cohen & Wheelwright, 2004) females were also found to 

have higher trait empathy (M = 44.5) than males (M = 36.7) according to a two-sample 

Wilcoxon Rank-Sum test (p < .001), which may explain why they were less willing to deviate 

from their recipient’s preferred investment. 

  

                                                           
23 We also confirmed these two findings with two-sample Wilcoxon Rank-Sum tests, and both were significant at the 5% level. 
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3.6.3 Cautious or Risky Shift? 

We now test hypotheses 6 and 7, whether agents will be indiscriminately more cautious 

or more risky for their recipients regardless of their preference. From Figure 3.1, it seems clear 

that on average investments in OTH are not uniformly lower or uniformly higher than 

investments in OWN across preference levels, as predicted by the responsibility alleviation 

(hypothesis 6) and psychological distance (hypothesis 7) hypotheses. Nevertheless, we verify 

this with nonparametric tests. We begin by testing whether agents are significantly more 

cautious for their recipient, in all instances that their recipient had a riskier or equivalent risk 

preference to them. We narrow our test to this subsample, because whilst increased caution for 

recipients with more cautious risk preferences than the agent could be explained by either 

simulated perspective-taking or a responsibility alleviation effect, increased caution for riskier 

or equivalently risky recipients could only be explained by responsibility alleviation. We find 

in a two-sample Wilcoxon signed-rank test that agents invested significantly more for 

recipients who were more risky than them (p < .001) in contrast to hypothesis 6, allowing us 

to rule out an overall cautious shift. 

Observation 8: We find no evidence that investments in OTH are significantly lower than in 

OWN across all levels of OTH. 

Similarly, to address hypothesis 7, we test whether agents are significantly more risk-

taking for their recipient when their recipient had a more cautious or equivalent risk preference 

to them. As before, we narrow our test to this subsample, because whilst increased risk-taking 

for recipients with more risky risk preferences than the agent could be explained by either 

simulated perspective-taking or a psychological distance effect, increased risk-taking for more 

cautious or equivalently cautious recipients could only be explained by a psychological 

distance effect. Again, we find in a two-sample Wilcoxon signed-rank test that agents invested 

significantly less for recipients who were more cautious than them (p < .001) in contrast to 

hypothesis 7. This also allows us to rule out an overall risky shift, thus we state observation 9. 

Observation 9: We find no evidence that investments in OTH are significantly higher than in 

OWN across all levels of OTH. 
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3.6.4 Behavioural Types 

Figure 3.1 clearly shows that there is considerable heterogeneity in agents’ responses 

to their recipient’s risk preference. Therefore, for the rest of our analysis, we divide our sample 

into behavioural types based on the most extreme behaviour expected from each theory in 

section 3.5. 

Agents were categorised as ‘projective paternalists’ if they invested for their recipient 

as they invested for themselves across all recipient preferences, and also answered that their 

investment for the recipient would earn the recipient more money than the recipient’s 

investment for themselves. Due to this criterion, we excluded 3 participants who did not give 

this answer24. An agent was also categorised as a ‘simulator’ if they followed the recipient’s 

preference exactly25, a ‘cautious shifter’ if they always invested less than or equal to their own 

investment, and a ‘risky shifter’ if they always invested more than or equal to their own 

investment, regardless of the recipient’s preference. From studying our data, a final behavioural 

type was observed; those who reversed their recipient’s preference, who we have termed 

‘reversers’26. Through this categorisation exercise, we identified 101 participants who were 

considered extreme types, with the remaining 99 either placing weight on multiple factors (e.g. 

considering their own preference, the recipient’s preference, the preference difference, norms 

of caution and attenuating their own preference) or were driven by other factors which have 

not yet been addressed in previous theory. The frequency of each type, their average personal 

investment, SVO score, EQ score and average investment by recipient preference is displayed 

in Table 3.4. 

  

                                                           
24 As a robustness check for this exclusion criteria, we compared the SVO scores of the 3 excluded participants to the average score in the 

rest of our sample. Although a meaningful inferential test could not be conducted on data from 3 participants, SVO scores were considerably 
lower in the excluded participants (M = 19.04) than in the rest of the population (M = 28.21), suggesting that they may have invested for 

their recipient as for themselves to minimise cognitive effort, given their low other-regarding preferences.  
25 We excluded 4 participants who invested as simulators from further analysis, because they did not answer ‘Both parts would earn them 
the same payoff’ to the question ‘Do you think your recipient would earn more money from their own investment in part one, from your 

investment for them in part two, or the same amount in both parts?’. This was the only correct answer for agents who invested the same in 

part two as recipients invested in part one. Thus, these participants could not have understood the instructions adequately. 
26 As there is no theory that predicts this pattern of behaviour, we did not test for the potential mechanism behind this in our initial 

experiment. However, from questionnaire open responses, many reversers expressed that they wanted to “try to balance” the other’s 

investment, such that “if they invest more i invested less”. This suggests that they either misunderstood that only part one or two was paid, 
or they were trying to moderate the recipient’s risk preference if they viewed it as too extreme. The latter explanation would benefit from 

being examined in further study. 
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TABLE 3.4. Behavioural Types: Frequency, Average OWN Investment, SVO, EQ and Average OTH Investments 

The first thing we notice when examining types, is that the cautious shifters invest a lot 

for themselves, while the risky shifters invest very little. In fact, across two logistic regressions, 

a high investment preference significantly predicted membership in the cautious shifter group 

(p < .001) and a low preference predicted membership as a risky shifter (p < .001). Whilst this 

resembles previous findings (e.g. Füllbrunn & Luhan, 2015), our result suggests that this cannot 

be driven by agents with extreme preferences estimating that their recipient has less extreme 

preferences than them since our risky and cautious shifters did not entirely simulate when 

preferences were known. As discussed in the previous section, a plausible explanation for this 

may be that rather than appeasing their recipient, our risky and cautious shifters may have been 

more concerned about following social expectations and avoiding blame (a core explanation 

for the responsibility-alleviation hypothesis; Charness & Jackson, 2009) by investing 

according to predicted consensus. However, as before, since we do not explicitly test this 

mechanism, we simply state observation 10. 

Observation 10: Risky shifters were the most cautious for themselves and cautious shifters 

were the riskiest for themselves – but shifts cannot be explained by agents’ attempts to predict 

their recipient’s risk preference. 

In terms of SVO and EQ scores across types, our results are surprising. In contrast to 

our prediction, we find in a logistic regression that SVO score does not predict being 

categorised as a projective paternalist (p = 0.85), with projective paternalists having a mean 

      Other's Preference 

Type N OWN SVO EQ £0.00 £0.25 £0.50 £0.75 £1.00 £1.25 £1.50 £1.75 £2.00 £2.25 

Projective 

Paternalists 
10 £0.98 26.02 30.90 £0.98 £0.98 £0.98 £0.98 £0.98 £0.98 £0.98 £0.98 £0.98 0.98 

Simulators 22 £1.22 27.18 35.64 £0.00 £0.25 £0.50 £0.75 £1.00 £1.25 £1.50 £1.75 £2.00 2.25 

Cautious 
Shifter 

35 £1.64 26.19 38.11 £0.88 £0.91 £0.93 £0.81 £0.99 £0.90 £0.91 £0.82 £0.82 0.84 

Risky 

Shifter 
17 £0.54 28.63 37.53 £1.03 £0.97 £1.18 £1.15 £1.25 £1.26 £1.32 £1.50 £1.60 1.59 

Reversers 10 £1.15 31.93 44.20 £2.25 £2.00 £1.75 £1.50 £1.25 £1.00 £0.75 £0.50 £0.25 0.00 

Notes. The table displays the five behavioural types found in our data, alongside the number of participants who 

fit the type, each type’s average investment in OWN, SVO and EQ score, and each type’s average investment in 

OTH across recipient preferences.  
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SVO of 26.02, compared to a mean SVO of 28.18 in the rest of our sample27. Thus, we state 

observation 11. 

Observation 11: Extreme projective paternalists do not have higher SVO than non-projective 

paternalists. 

Even more surprisingly, we also find in a logistic regression that EQ score marginally 

predicts being a simulator (p < .10), with simulators having a lower mean EQ of 35.64 than the 

mean EQ score of 41.16 in the rest of our sample28. Participants’ answers to the open question, 

how did they decide for their recipient, also did not shed any light on why we may have found 

this. Answers often referred to wanting to “respect their (the recipient’s) level of risk aversion”, 

to “adhere to their (the recipient’s) evaluation of cost/benefit” or comply with the “level of 

investment they (the recipient) are comfortable with”, and some even acknowledged that “they 

(the recipient) may be more or less risk-averse than I am, so I chose to match their own level 

of risk”. All of these statements seem to follow the accepted definition of the cognitive 

component of empathy; that is, putting aside one’s own perspective and attributing others with 

their own (Baron-Cohen & Wheelwright, 2004; Leslie, 1987). Therefore, aside from potentially 

the relatively small sample size (22 simulators), it is unclear why simulating agents had lower 

EQ; nevertheless, we state observation 12.  

Observation 12: Extreme simulators have marginally lower EQ than non-simulators. 

Although the average EQ score for simulators was rather counterintuitive, EQ scores 

for projective paternalists were more intuitive. We found in a logistic regression that EQ score 

significantly predicted being a projective paternalist (p < .05) with projectors having a mean 

EQ of 30.9 which was much lower than the 41.06 mean of the rest of our sample29. This 

suggests that those who were willing to disregard their recipient’s risk preferences may have 

had more difficulty putting themselves in their recipient’s position. 

  

                                                           
27 We also compared the SVO scores of projective paternalists and non-projective paternalists with a two-sample Wilcoxon rank-sum test, 

and found the same result (p = 0.67). 
28 We also compared EQ scores across simulators and non-simulators with a two-sample Wilcoxon rank-sum test, and found qualitatively 

the same result at a 5% significance level (p < .05). 
29 This difference was confirmed in a two-sample Wilcoxon rank-sum test (p < .05). 
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3.7 Discussion and Conclusions 

We used an online Gneezy and Potters (1997) investment game to test whether agents 

paternalistically project their risk preferences in investments for others and whether they 

project them more, the more their recipient’s risk preferences differ from their own. When 

investing for their recipient, we use the strategy method to systematically vary the difference 

between the agent and recipient’s preferences, which let us observe an entire function of 

participant reactions to every possible risk preference, and also the full spectrum of possible 

preference differences. Our design also allowed us to identify when agents acted in line with 

other theories from the risky decision-making for others literature, so we could attribute 

specific behavioural patterns to specific mechanisms. 

We find that when investing for others across all preferences, agents do project their 

risk preferences onto others paternalistically. Supporting ideals projective paternalism 

(Ambuehl et al., 2021), investments were significantly influenced by the agent’s own risk 

preferences, even when they had no stake in the decision and when we ruled out the possibility 

that agents projected to minimise cognitive effort. We also find that agents considered their 

recipient’s risk preferences to some degree, albeit significantly less than they projected their 

own. In line with the theory of belief dissonance (Golman et al., 2016), we also find that agents 

consider their recipient’s preferences less, the more that preference differs from their own, 

suggesting that agents were more driven to act as ideals projective paternalists, the more they 

believed their recipient had ‘false beliefs’ (Molnar & Loewenstein, 2020). Reflecting Füllbrunn 

and Luhan (2015) and Batteux et al., (2019), we also find that agents deviate more from the 

preferences of those with above-average risk preferences than those with below-average 

preferences. Finally, we also found considerable heterogeneity in how agents responded to their 

recipient’s risk preferences. The majority of participants’ behaviour followed one of five 

extreme behavioural types based on existing theories; namely ‘projective paternalists’ if they 

invested for their recipient as they invested for themselves, ‘simulators’ if they followed the 

recipient’s preference exactly, ‘cautious shifters’ if they always invested less than or equal to 

their own investment, ‘risky shifters’ if they always invested more than or equal to their own 

investment and ‘reversers’ if they invested the opposite of their recipient’s preference. 

In relation to financial markets, our findings reflect those of Foerster et al (2017) and 

Linnainmaa et al., (2021) in suggesting that money managers actively impose an egocentric 

bias on their client’s investments. However, we build on their findings by showing 

experimentally that this is driven, at least in part, by paternalism rather than agency conflicts. 
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Even in our random online sample, where agents had no more expertise than their recipients, 

no career repercussions from underperformance and no financial stake in the decision, they still 

imposed their preferences onto client investments. We also show that this agent-centric bias 

may become more pronounced the more the client’s preferences differ from their manager’s. 

Overall our findings contribute to the ongoing policy debate about when and how managers 

fail to invest in line with their client’s needs. Despite the traditional view that financially literate 

managers should direct their less financially literate clients to invest as they would invest 

(Gennaioli et al., 2015), there is growing evidence that clients, as well as legislators, want 

managers to better represent their risk preferences. For example, Aimone and Pan (2020) found 

that stakeholders rewarded trustees based on the outcome of their choices, but equally rewarded 

them for emulating what they would have chosen for themselves, independent of the outcome. 

Our findings suggest that managers focus on achieving a favourable outcome by imposing their 

risk preferences in investments, yet, considering the chronic underperformance of manager-led 

funds (Bergstresser et al., 2009; Fama & French, 2010), it seems clients might actually receive 

a more satisfactory service if managers focused on matching their clients’ risk preferences. 

However, our findings also suggest that this may only be achieved if managers were matched 

with clients according to risk preference.  
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Chapter 4: 

The Needs of the Many: How Responsibility Affects 

Risky Decision-Making for Others 

4.1 Introduction 

Most Economists acknowledge that a significant cause of the global financial crisis was 

money managers taking excessive risks with their clients’ money (Eriksen et al., 2020). This 

extreme risk-taking is commonly attributed to the limited liability bonus schemes which allow 

managers to earn a percentage commission from successful investments, whilst clients absorb 

any losses (Allen & Gorton, 1993; Fabretti et al., 2017; Holmen et al., 2014; Kleinlercher et 

al., 2014). Rajan (2006) even argued that these perverse incentives, and the resulting risk-

taking, are a primary source of systemic instability in the finance sector. Echoing Allen and 

Gorton (1993), Rajan (2006) concludes that existing remedies are too costly to be incentive-

compatible, so as a result, investors and policymakers alike have called for more cost-effective 

ways to temper excessive risk-taking and prevent the events of 2007-08 from being repeated 

(Angeli & Gitay, 2015; Bebchuk & Spamann, 2010; Jackson, 2018). Existing literature points 

to evoking a sense of responsibility as one such way to promote greater risk-aversion (Bolton, 

Ockenfels, & Stauf, 2015; Charness, 2000; Charness & Jackson, 2009; Füllbrunn & Luhan, 

2015). However, whilst many studies have identified that responsibility for others makes agents 

take fewer risks with another’s money, no research has directly examined what aspects of 

responsibility drive this effect, and hence, how to manipulate it. Therefore, in this study, we 

analyse two potential factors that may amplify perceived responsibility in risky decision-

making for others - the number of recipients agents will impact with their investment decisions 

and the amount of money they are investing.  

To test this, we use an online experiment with a systematic variation of the number of 

recipients, the invested sum per person and the overall total amount that each agent invests. 

With the first two variables, we examine whether agents approach investing the same total 

endowment differently when it belongs to fewer recipients who are endowed with a large 

amount or many recipients who are endowed with a small amount. This allows us to rectify a 

gap in the existing literature; namely, when investing for a larger number of recipients, is it the 

number of people impacted or the amount of money that affects the decision. Whilst previous 
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studies have looked at decision-making on behalf of a group (e.g. Ertac & Gurdal, 2012; 

Füllbrunn & Luhan, 2015, 2020; Reynolds et al., 2009), they tend to examine an increased 

number of recipients but hold the endowment of each recipient constant. Consequently, this 

leads to an increase in the number of recipients and inadvertently an increase in the total 

endowment that agents have available to invest. Therefore, we are the first to disentangle this 

and examine the independent effects of an increased number of recipients and the total amount 

of money. 

We implement a variation of the Gneezy and Potters (1997) investment game to mimic 

a real-life investment environment. As a baseline, participants make an investment decision for 

their own payoff. As our treatments, participants make an investment decision for the payoff 

of either one or ten other participants who have an endowment of either £1 or £10 each. When 

acting as an agent, participants have no financial stake in their recipients’ investment. Though 

the eventual aim of our research is to find a behavioural intervention that may counteract the 

aforementioned risk-taking under limited liability, we do not include limited liability in our 

experiment as we wish to establish how a responsibility effect can be manipulated as a first 

step. 

We replicate an overall responsibility alleviation effect across treatments, but we find 

no evidence that agents become more risk-averse when investing for more recipients. We do 

however see a significant effect of the increased endowment amount, with agents investing 

significantly less when their recipients have a £10 versus £1 endowment. This effect can be 

explained by increased relative risk aversion; just as agents become more risk-averse for 

themselves with a £10 versus £1 endowment, they similarly become more risk-averse for others 

with larger stakes. We also find that agents do not react to the total endowment of the group; 

participants only become more risk-averse when each recipient’s endowment increases, but not 

when the overall amount to invest increases. Finally, in line with predictions that agents try to 

invest as they think their recipient(s) would invest for themselves, agents also believed that 

their recipient(s) would have been more cautious when investing £10 than £1, but the 

investments were also substantially influenced by the agent’s own risk preferences. 

4.2 Related Literature 

The theory that being in a position of responsibility affects behaviour was first proposed 

by Charness (2000) as the responsibility alleviation effect, which states that being responsible 

for another’s outcome prompts agents to make more pro-social decisions than if they were not 
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directly responsible (Charness & Jackson, 2009). In the risk domain, Charness and Jackson 

(2009) found that this responsibility effect resulted in agents being more cautious for others 

than they are for themselves. They proposed three possible mechanisms to explain this effect. 

First, they argued that being more cautious for another is a social norm; as in a parent-child 

relationship, people are socialised to think they should be more cautious when responsible for 

someone else. Reinforcing this claim, Stone et al. (2013) found that agents rated caution in a 

risky physical safety context as more socially appropriate, and were also more cautious on 

behalf of others as a result. Anderson and Galinsky (2006) also found that those who were 

primed with a sense of power took significantly fewer risks if they also reported feeling a sense 

of responsibility. Second, Charness and Jackson (2009) suggested that agents become more 

cautious for others to try to avoid blame for negative outcomes. This argument is also supported 

by literature on the effects of accountability on decision-making for others. Both Lefebvre and 

Vieider (2013), and Arfer et al. (2015) found that when agents had a chance to be explicitly 

required to explain their investment and lottery decisions, they were more risk-averse for 

dependants than when they were not overtly held responsible. Third, Charness and Jackson 

(2009) argued that agents attempt to decide for others as they predict others would decide for 

themselves, but predict that the average person is more cautious than they are. Kray (2000) 

came to a similar conclusion, finding that advisors tended to choose in line with what they 

thought most people would prefer. However, there is evidence that agents do not always predict 

that others are more cautious than they are. Füllbrunn and Luhan (2015) split their observations 

into agents with above or below average risk aversion and found that participants with low risk 

aversion predicted that others would prefer lower risk levels than themselves, and those with 

high risk aversion predicted that others would prefer higher levels of risk than themselves. 

Therefore, given this finding, we also test this final mechanism in our setting to see whether 

any observed increase in caution is driven by those who had lower risk aversion for themselves. 

Overall, this body of research suggests that placing agents in a position of responsibility should 

be an effective way to evoke increased risk-aversion. 

Despite this, there is mixed evidence when risky decisions are made for only one other 

person, with some results showing higher and some showing lower levels of risk when 

compared to investments for oneself (Batteux et al., 2019a; Füllbrunn & Luhan, 2015; Polman 

& Wu, 2019). On the one hand, agents are found to make more cautious lottery choices when 

their payoffs are aligned with another’s, both when losses are possible (Montinari & Rancan, 

2018) and when they are not (Bolton et al., 2015; Bolton & Ockenfels, 2010; Pahlke et al., 

2015). Yet on the other, similar studies find that agents make more risky lottery choices without 
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aligned payoffs, also with the possibility of losses (Andersson et al., 2016; Mengarelli et al., 

2014) and without (Chakravarty et al., 2011; Rigoli et al., 2018). These mixed findings suggest 

that having responsibility for one person is not sufficient to reliably evoke less risk-taking. Yet 

based on this evidence alone, we should not conclude that assuming responsibility for another 

always has mixed effects on decision-making. Indeed, in contrast to findings of decision-

making for one other, the few studies which look at decision-making for multiple others are 

more consistent in their findings and show a unanimous responsibility alleviation effect with 

decreased risk-taking for others. Agents who made decisions on behalf of a group were found 

to make more cautious lottery choices for four and six recipients (Reynolds et al., 2009) and 

more cautious investment decisions for five recipients (Ertac & Gurdal, 2012) and six 

recipients (Füllbrunn & Luhan, 2015, 2020), regardless of whether the agent’s payoffs were 

aligned with their recipient’s payoff or not. This increased caution on behalf of a group is even 

found to extend beyond games that elicit risk preferences directly, to trust games (Berg et al., 

1995) and modified interdependent security dilemmas (Kunreuther & Heal, 2003). In a trust 

game, Song (2008) found that agents acting on behalf of their three-person group were less 

trusting than when deciding for themselves alone, and Atanasov and Kunreuther (2016) found 

in a deterministic prisoner’s dilemma (which employed an interdependent security dilemma 

setup) that agents representing their three-person group were less cooperative than individuals. 

Song (2008) and Atanasov and Kunreuther (2016) both cited increased caution on behalf of 

their group members as driving lower reciprocity expectations (and hence less trust) in the trust 

game and an increased propensity to defect in the deterministic prisoner’s dilemma. As such, 

findings that agents are more cautious for a group than they are for themselves seem more 

pervasive and robust than the finding that agents are more cautious when responsible for one 

person. Based on this trend, we argue that increasing the number of people that agents invest 

for may amplify the effect of responsibility and, as a result, evoke increased risk-aversion more 

reliably. 

With this considered, if we were to only increase the number of recipients while holding 

each recipient’s stake in the decision constant, we would not only increase the number of people 

affected, but also the total amount of money the agent is responsible for (as outlined in section 

4.1). Given the increased relative risk-aversion found in higher stakes risks (Fehr-Duda et al., 

2010; Markowitz, 1952; Weber & Chapman, 2005) we might expect this increase in money to 

evoke more risk-aversion independent of the number of recipients. Therefore, to understand a 

potential responsibility effect, it is critical to differentiate between these factors. Yet, 

considering the consistency of previous findings that deciding for a group evokes more risk 
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aversion, surprisingly little research has tested either of the discussed factors. The only other 

study that directly tests the effect of increasing the number of recipients is Eijkelenboom et al. 

(2019), who use a multiple price list setup (Holt & Laury, 2002) to test risky decision-making 

for one or three others. They found that when the number of recipients increases from one to 

three, those participants who were risk-averse became riskier and those who were risk-taking 

became more cautious, which cancelled out to a slight, but not significant, overall reduction in 

risk-taking for three recipients versus one. The present study extends this sparse literature in 

two crucial ways. First, as compared to the relatively small increase in the number of recipients 

in Eijkelenboom et al., (2019), we compare decision-making for one and ten recipients to create 

a more pronounced increase in responsibility. Second, as discussed, our experimental design 

allows us to also control how the resulting increase in the total amount of money agents are 

responsible for affects behaviour independent of the number of people. 

The idea that risk-aversion increases with the magnitude of payoffs was first predicted 

in the utility function proposed by Markowitz (1952). He argued that whilst people are typically 

risk-averse for gains and risk-seeking for losses, this pattern reverses at smaller stakes, 

producing a value function with three inflection points, which goes from convex for small gains 

to concave for larger ones, and concave for small losses to convex for larger ones. In the gain 

frame, Prelec and Loewenstein (1991) later termed risk-aversion for larger stakes and risk-

seeking for small, the ‘peanuts effect’. Whilst little evidence has been found that people 

become risk-averse for small losses, Kachelmeier and Shehata (1992) and Weber and Chapman 

(2005) found that people are risk-seeking for small gains and become more risk-averse as gains 

get larger. Indeed, Kachelmeier and Shehata (1992) found that participants demanded certainty 

equivalents that exceeded the expected value for lotteries with small prizes, which then 

decreased as prizes got larger, and Weber and Chapman (2005) found that participants 

marginally favoured riskier prospects when the certain option in a lottery offered $1, which 

reversed when the payoff increased to $10, $100 or $1000 (though lotteries were hypothetical 

and they did not replicate this effect in a second experiment). These studies provide some 

evidence for a peanuts effect, suggesting that participants may be risk-seeking for one other in 

our lower stakes condition, but more risk-averse for others when the total amount to invest 

increases; both when investing for a group and when investing a larger amount for one other. 

However, whilst the evidence that participants switch to being risk-seeking for small incentives 

is relatively limited, the finding that participants become more risk-averse as incentives 

increase is much more robust and replicable. For example, Holt and Laury (2002) found that 

participants were even risk-averse for incentives as low as $0.10 to $3.85, and then chose 
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increasingly more safe options as incentives were multiplied by 20, 50 and 90, and Bombardini 

and Trebbi (2012) found using data from an Italian game show that participants were close to 

risk-neutral for small stakes, yet became increasingly more risk-averse for large stakes gambles 

up to €500,000. This suggests that while risk-seeking for small stakes is not found as reliably, 

there is ample evidence that we may observe increased risk-aversion when participants invest 

higher stakes in our setting, independent of the number of recipients they invest for. 

Aside from testing how agents invest when the number of recipients and amount of 

money to invest increases, it is also an open question whether agents will approach investing 

the total endowment differently when it belongs to a few recipients who have large 

endowments or many recipients who have small endowments. That is, is one recipient’s £10 

invested in the same way as ten recipient’s £1. Indeed, Andreoni (2007) found in a gift-giving 

experiment that, for the average participant, one person receiving a gift of $1.59 provides the 

same utility as two people receiving $1 each, suggesting that the private value of gifts falls 

marginally relative to the social value when it is spread across multiple people. Therefore, to 

isolate and measure the effects of both an increase in money and an increase in recipients 

independently, we implement two conditions where agents invest the same total sum, but in 

one it is a large endowment belonging to one person, and in the other, it is a small endowment 

provided by many people. This allows us to not only determine whether increased 

responsibility in terms of the number of recipients or the total amount of money evokes 

increased risk-aversion, but it also lets us identify whether the impact to the individual or the 

total social impact results in a greater increase in risk-aversion. 

4.3 Experimental Design 

We implement a variation of the Gneezy and Potters (1997) investment game. In the 

baseline treatment, participants make an investment decision to determine their own payoff 

(henceforth OWN). Participants start with an endowment, 𝐸, and can invest any amount 𝑋 ∈

(0, 𝐸) into a risky project. This investment is lost (𝜋 = 𝐸 − 𝑥) with a probability of 2 3⁄  or 

earns an additional 250% return (𝜋 = 𝐸 + 2.5𝑥) with a probability of 1 3⁄ . Any amount not 

invested is kept risk-free and paid out regardless of the project’s outcome. Investment amounts 

provide a reliable measure of risk preferences for each participant, making this game an 

effective tool to detect treatment effects (Charness et al., 2013). 

Across all remaining treatments, we implement an investing for others treatment 

(henceforth OTH or GROUP), in which participants make the same investment decision as 
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OWN, but determine the payoff received by other participants rather than themselves. 

Participants are grouped, with one participant per group randomly assigned as ‘active’ (a) and 

all remaining participants as ‘passive’ (p). The active participant is responsible for investing 

the endowments received by all passive group members but receives no compensation 

themselves  𝜋𝑎 = 030 so that only social preferences can drive their decision. The aim of this 

was to prevent agents from having an anchor for fairness preferences that might have a different 

effect on behaviour between treatments. For example, if we had agents earn a flat fee of the 

maximum possible payoff in OTH, then fairness concerns would drive them to try to maximise 

their recipient’s payoff. However, in the GROUP treatments where the total amount invested 

is multiplied by ten, even the total amount endowed to the recipients before investing would 

be more than the agent’s payoff which might drive agents to try to lower their recipients’ payoff 

to make the total closer to their own. We avoid this issue by paying agents nothing for their 

decision. Passive members all receive the same endowment and the active participant makes 

one investment decision for the whole group, meaning that the amount invested is identical for 

every passive participant. 

We modify this OTH treatment to test the responsibility effect (as discussed in sections 

4.1 and 4.2) in a 2 x 2 mixed factorial design. In our between-subjects treatment, we vary the 

number of passive participants for whom the active participant invests; either 1 other 

participant (OTH) or 10 other participants (GROUP). We chose 1 recipient as our ‘small’ 

group, as the smallest number possible which would consequently give the largest 

multiplicative difference between groups. We selected 10 recipients as our ‘large’ group 

because the tenfold increase is a significant variation, but group size effects have been found 

to diminish in groups of more than 10 (Isaac & Walker, 1988; Isaac et al., 1994; Levine et al., 

2010). We vary our second treatment variable, the endowment that can be invested for each 

passive participant, within-subjects; with active participants deciding how to invest either £1 

or £10 per passive participant. The resulting four treatments are summarised in Table 4.1 

below. Though we test the effect of a higher number of recipients in our GROUP treatment, by 

increasing this alone we inadvertently increase both the number of recipients and the total 

amount of money agents are responsible for investing. Both of these factors may influence 

behaviour independently, so this acts as a confound for isolating a ‘number-of-recipients’ effect 

                                                           
30 It could be argued that paying managers nothing encourages them to invest according to their preferences for a fair payment allocation 

between themselves and the other group members (Bolton & Ockenfels, 2000; Fehr & Schmidt, 1999) and hence would evoke them to try 

and lose their recipient’s money to bring them closer to their own payoff of zero. However, Füllbrunn and Luhan (2020) found no 
significant difference in behaviour when managers received the maximum achievable payment of 31.50 euro as a fixed payment, and when 

the manager received no payment. 
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which is driven solely by the number of people. Our design allows a controlled variation of 

each factor to study the effects in isolation. By comparing the OTH to GROUP treatment, we 

test an effect of increased people and overall money. By comparing the £1 to £10 treatment, 

we test an effect of increased individual and overall endowment amount. However, by 

comparing GROUP1 to OTH10 we test the effect of increased individual endowment and 

number of recipients only, whilst holding the total amount of money agents are responsible for 

constant (£10). 

In the OWN treatments which precede each condition, we also alter the endowment 

which each participant invests for themselves across 1 (OWN1) to 10 (OWN10) to reflect their 

recipients’ endowment. This is done for two reasons. First, to minimise fairness concerns by 

keeping the amount participants could earn in OWN and OTH/GROUP approximately equal 

across the experiment. Second, so we can test and control whether an effect of increased money 

for others can be explained by increased relative risk aversion or whether there is an additional 

interaction effect of resuming agency for a larger amount (i.e. does the shift OWN10 to OTH10 

differ from the shift from OWN1 to OTH1) which might contribute to an ‘increased money for 

others’ effect, but could not be attributed to increased relative risk aversion. 

TABLE 4.1. Summary of Total Endowments across Treatments 

Number of Recipients 

Endowment Amount 

£1 £10 

OTH (1 Other) OTH1 (£1 Total) OTH10 (£10 Total) 

GROUP (10 Others) GROUP1 (£10 Total) GROUP10 (£100 Total) 

Notes. Summary of our two pairs of treatments and the total amount of money that active participants are 

responsible for investing in parentheses. All treatments were proceeded by an own decision-making treatment, 

OWN, as a baseline, in which participants invested the amount denoted under ‘endowment amount’ for 

themselves. 

4.4 Implementation 

We conducted our experiment on the online survey platform Qualtrics with 199 

participants, 99 in the GROUP condition and 100 in the OTH condition, who were either 

students or staff at the University of Portsmouth. Our sample consisted of 79 Males, 118 

Females, 1 person who classified themselves as ‘Other’ and 1 person who preferred not to say 

(aged 18-54 years old). No personal identifiers were collected and participant anonymity was 
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guaranteed to avoid accountability effects (Pollmann et al., 2014). Participants could only take 

part in the experiment once and earned £5.45 on average for the estimated 20-minute 

experiment (no show-up fee was paid). 

At the start of the experiment, participants were given introductory instructions telling 

them that payoffs would depend on their decisions or the decisions of another participant. We 

also informed them that the experiment would be in four parts, but only one randomly 

determined part would be paid. This was done to exclude cross-game effects or the possibility 

of hedging from repetitions (Charness et al., 2016). We determined the payoff relevant part for 

each participant using a random number generator after the experiment had finished. 

Participants received instructions for part one after clicking to sign a consent form. Instructions 

for each part were only displayed once the previous part had been completed. To control for 

order effects, we implemented the OTH treatment and GROUP treatment in four different 

orders (eight total) with participants equally distributed across orders (see Table 4.2 for all 

treatment orders). 

To complete the OTH and GROUP conditions, we allocated participants to a group 

with 1 (OTH) or 10 (GROUP) other participants for whom they made their investment decision. 

Initially, every participant within a group made the decision for the other group members, but 

only one member was determined to be the ‘active’ participant whose decision would be 

implemented. The remaining participants became ‘passive’ and were paid according to the 

‘active’ member’s decision31. Participants were informed of this procedure before making their 

decision. 

After the instructions for part one and part two, participants answered comprehension 

questions to ensure they had understood the task (see Appendix 4A for questions). After 

making their decisions in all four parts, participants answered a follow-up questionnaire. We 

first elicited their age, gender and native language. We then asked each participant’s self-

reported willingness to take general risks on a scale from 1 (not willing to take risks) to 10 

(willing to take high risks), based on Dohmen et al. (2011)32. We then gave participants a text 

box to explain how they made their decision. Finally, we asked participants how much of the 

                                                           
31 It should be noted that because only one participant per group was active, each member’s chance of making a payoff relevant decision 
decreased from 1/2 in OTH, to 1/11 in GROUP. This may affect behaviour independent of our intended manipulation. However, if this does 

affect behaviour, it will act in the opposite direction to our predicted effect. The diffusion of responsibility literature shows that as group size 

increases, the perceived responsibility of each group member decreases (Darley & Latané, 1968), and participants are also found to be more 
risk-taking when they see a decision as hypothetical (Harrison, 2006); a situation more closely resembling decisions in GROUP than OTH. 

Therefore, this design element simply renders our test of a responsibility effect as more conservative. 
32 We elicited the general risk score as an additional measure of risk because, unlike in our OWN treatments where risk preferences may 
vary depending on the size of endowments, general risk scores provide one score which represents overall risk preference (Dohmen et al., 

2011). 
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£1 and £10 endowments they thought the recipient of their decision would invest for 

themselves, as in Füllbrunn and Luhan (2015). 

Participants learned the outcome of their investment decision, as well as their payoff 

relevant part and allocated role (active or passive) in a follow-up email after the experiment. 

They did not receive investment outcomes during the experiment, to prevent anchoring effects 

such as gamblers fallacy or hot hand fallacy (Gilovich et al., 1985; Tversky & Kahneman, 

1971) and to prevent affective responses to earlier outcomes influencing subsequent decisions 

(Damasio, 1996; Ludvig & Spetch, 2011). 

TABLE 4.2. Summary of Treatments and Orders they were conducted in 

 Part One Part Two Part Three Part Four 

Order 1 OWN1 OTH1/GROUP1 OWN10 OTH10/GROUP10 

Order 2 OWN10 OTH10/GROUP10 OWN1 OTH1/GROUP1 

Order 3 OTH1/GROUP1 OWN1 OTH10/GROUP10 OWN10 

Order 4 OTH10/GROUP10 OWN10 OTH1/GROUP1 OWN1 

Notes. All treatments and the order in which they were conducted. To control for order effects, we ran OTH and 

GROUP in 4 orders. Across OTH and GROUP, 25 participants completed the experiment in each order, aside 

from order 1 in the GROUP treatment which had 24. 

4.5 Hypotheses 

Researchers have found that an agent’s own risk preference substantially influences 

how risky they are for others (Batteux et al., 2017). Therefore, we do not consider the average 

amount invested in the OTH and GROUP treatments, but rather how much investments change 

from OWN to OTH or GROUP. By analysing these changes, we are comparing each individual 

to their own risk preference as a baseline, correcting our observations by the observed risk 

preferences and isolating the pure effect of our treatment variations.  

As in all decision-making for others where the agent has no monetary stake in the 

decision, the standard model of self-interest remains silent (Eriksen & Kvaloy, 2010) since it 

does not incorporate the payoffs of others into an agent’s utility function (Fehr & Schmidt, 

1999). Therefore, while the amount invested in OWN across all treatments would reflect the 

participant’s risk preferences (Charness et al., 2013), the standard model offers no prediction 

of behaviour in either the OTH or GROUP treatments. However, as discussed in section 4.2, 
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the principle of responsibility alleviation suggests that assuming responsibility for another’s 

payoff makes participants more cautious for others than they are for themselves (Charness, 

2000; Charness & Jackson, 2009). It should be noted that when we refer to ‘responsibility 

alleviation’, we reference the responsibility alleviation hypothesis (Charness & Jackson, 2009) 

that people are more cautious when they resume responsibility for others, rather than the literal 

meaning of the removal of responsibility. Therefore, responsibility alleviation predicts that 

participants will be more cautious for others than they are for themselves across all treatments. 

Hypothesis 1: Participants will invest more cautiously for others across all treatments than 

they will for themselves. 

Also, in line with responsibility alleviation, and reflecting previous findings (see 

section 4.2), we propose that increased risk-aversion under responsibility will be amplified 

when participants are responsible for a greater number of recipients. The resulting prediction 

would be that participants will overall invest more cautiously on behalf of 10 recipients than 

on behalf of 1. 

Hypothesis 2: Participants will invest more cautiously for 10 recipients than they will for 1 

recipient. 

Aside from the number of recipients, the amount that each individual recipient is 

endowed with may also affect how participants invest for others. Previous research shows that 

relative risk-aversion often increases for higher stakes risks (Fehr-Duda et al., 2010; 

Markowitz, 1952). This suggests that participants may be more cautious when investing £10 

for each recipient than when investing £1. 

Hypothesis 3: Participants will invest more cautiously when their recipient(s) are endowed 

with £10 than when they are endowed with £1. 

Since we use the shift in investment from OWN as our dependent variable, it is possible 

that the effect of money predicted by hypothesis 3 could be driven by an additional interaction 

effect associated with resuming agency for a larger amount for others, rather than the increasing 

relative risk-aversion from the higher endowment (as discussed in section 4.3). Therefore, to 

control for this we also test whether the effect of resuming agency itself (i.e. OWN1 to OTH1 

and OWN10 to OTH10) is the same in the £1 condition and the £10 condition as a robustness 

check. 
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In addition to the amount each individual recipient is endowed with, we also consider 

how the total amount that participants are responsible for affects behaviour. Indeed, it is 

possible that because the total amount of money that agents invest increases unintentionally 

with the number of recipients (see section 4.3 for a discussion), greater risk-aversion for 10 

recipients than for 1 could be caused by this total increase in money rather than the 

responsibility for recipients. On one hand, if only the total increase in money affects behaviour, 

then investing £1 for 10 recipients would be equivalent to investing £10 for 1, and hence 

participants would be equally risk-taking in GROUP1 and OTH10. On the other, if the number 

of recipients affects behaviour independent of the increase in money, the prediction is that 

agents would be more cautious when investing £1 for 10 recipients than £10 for 1 recipient. 

Considering that we predict there will be a ‘number-of-recipients’ effect independent of the 

total amount of money, we state the latter prediction as our hypothesis. 

Hypothesis 4: Participants will invest £1 for 10 recipients more cautiously than they will invest 

£10 for 1 recipient. 

Finally, as Charness and Jackson (2009) proposed that one component driving a 

responsibility effect is an agent’s belief that their recipient would be more cautious than them, 

it is also possible that an increase in risk-aversion across treatments in our setting may be driven 

by a change in agent’s beliefs about how their recipient(s) would invest. This suggests that if 

agents become more cautious for their recipient(s), they will also believe that their recipient 

would have been more cautious for themselves. 

Hypothesis 5: If agents become more cautious for their recipient(s), they will also predict that 

their recipient(s) would have been more cautious for themselves. 

4.6  Results 

To test for an overall responsibility alleviation effect, we begin by reporting whether 

agents are more cautious for others than they are for themselves. We then answer our main 

research questions, by testing whether agents become more risk-averse when they are 

responsible for more recipients, more risk-averse when responsible for more money, and how 

the total amount agents invest affects investment decisions. 

Average investments in each treatment, with investments in the £10 endowment 

treatments divided by 10 to normalise them as a proportion of the endowment amount, are 

displayed in Table 4.3 below. The first column shows investments overall and the second and 
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third columns show investments made by those with below-average and above-average general 

risk scores (Dohmen et al., 2011)33. 

TABLE 4.3. Average Investment by Treatment as a Proportion of Endowment Amount 

    All (N = 199) Low Risk (N = 88) High Risk (N = 111) 

  

  
£1 

Endowment 

£10 

Endowment 

£1 

Endowment 

£10 

Endowment 

£1 

Endowment 

£10 

Endowment 

 

  
 

𝑋𝑂𝑊𝑁 0.76 (0.30) 0.56 (0.30) 0.70 (0.31) 0.38 (0.22) 0.80 (0.29) 0.68 (0.30) 

OTH  

  

𝑋𝑂𝑇𝐻 0.72 (0.35) 0.59 (0.30) 0.68 (0.34) 0.43 (0.25) 0.75 (0.36) 0.70 (0.29) 

 

 
𝑆𝑂𝑇𝐻 -0.04 (0.28) 0.03 (0.25) -0.02 (0.26) 0.05 (0.22) -0.05 (0.29) 0.02 (0.26) 

  
𝑋𝑂𝑊𝑁 0.69 (0.31) 0.57 (0.27) 0.58 (0.31) 0.46 (0.22) 0.79 (0.29) 0.66 (0.28) 

GROUP 

  

𝑋𝐺𝑅𝑂𝑈𝑃 0.63 (0.31) 0.55 (0.24) 0.54 (0.29) 0.48 (0.20) 0.71 (0.31) 0.60 (0.27) 

 𝑆𝐺𝑅𝑂𝑈𝑃 -0.06 (0.27) -0.02 (0.19) -0.04 (0.29) 0.02 (0.18) -0.08 (0.25) -0.06 (0.19) 

 

Notes. The table displays the average proportional amount invested in each treatment, across all participants, but 

also split by those who had general risk scores below (low risk) and above (high risk) six. The endowment amount 

(£1 or £10) was a within-subjects factor and the number of recipients (1 or 10) was a between-subjects factor. 

Standard deviations in parentheses. 

As described in section 4.5, we will use the agent’s shift in investment from OWN, 

which we label 𝑆𝑂𝑇𝐻 or 𝑆𝐺𝑅𝑂𝑈𝑃, as the dependent variable for our main analysis, rather than 

the average investments in each treatment. Before calculating the shifts, we divided 

investments in the £10 endowment treatments by 10 to normalise them as a proportion of the 

endowment for all treatments34. Although we alter the endowment participants invest for 

themselves to £10 in both 10 conditions (OWN10) we consider shifts in behaviour from OWN1 

to answer our main research question so that 𝑆𝐺𝑅𝑂𝑈𝑃1 and 𝑆𝑂𝑇𝐻10 are directly comparable. For 

us to use 𝑆𝐺𝑅𝑂𝑈𝑃1 and 𝑆𝑂𝑇𝐻10 to isolate the effect of the number of recipients alone, we want 

to ensure that the only difference between 𝑆𝐺𝑅𝑂𝑈𝑃1 and 𝑆𝑂𝑇𝐻10 is the number of recipients. A 

shift from OWN1 to GROUP1 captures a change in agency (self or other), a change in the 

number of recipients (1 or 10) and a change in the total amount of money participants must 

invest (£1 for self or £10 total for the group; see Table 4.1 for reference). However, if 𝑆𝑂𝑇𝐻10 

were calculated as a shift from OWN10 to OTH10, rather than OWN1 to OTH10 as we do, this 

                                                           
33 We split the sample using the general risk scores rather than investment amounts, because investments changed depending on the amount 
of endowment participants received, yet general risk scores provided an overall risk measure for each participant. However, in a mixed 

effects regression, we found that general risk score predicted investment amount at the 1% level p < .001 after controlling for endowment, 

suggesting that they did accurately capture each participant’s risk preference.  
34 We also, alternatively, calculated shifts by multiplying investments in the £1 endowment treatments by 10 so they represented a GBP 

amount shift from £10, however all of our results were qualitatively identical regardless of how shifts were normalised. 
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would only capture a change in agency (self or other) but not a change in the total amount of 

money (£10 for self and £10 for other). Consequently, 𝑆𝐺𝑅𝑂𝑈𝑃1 and 𝑆𝑂𝑇𝐻10 would differ in two 

ways; in the change in the number of recipients (1 or 10) and also the change in the total amount 

of money participants invest (£1 for self to £10 for others in 𝑆𝐺𝑅𝑂𝑈𝑃1, versus £10 for self to £10 

for others in 𝑆𝑂𝑇𝐻10). Therefore, so the number of recipients is the only difference between 

𝑆𝐺𝑅𝑂𝑈𝑃1 and 𝑆𝑂𝑇𝐻10, we calculate them from the same reference point, OWN1, so that 𝑆𝑂𝑇𝐻10 

captures the same shift in total money that is captured in 𝑆𝐺𝑅𝑂𝑈𝑃1 (i.e. £1 for self and £10 for 

others). Shifts are thus calculated as the amount invested in each treatment minus the amount 

invested in OWN1 (e.g. 𝑆𝑂𝑇𝐻10 = 𝑋𝑂𝑇𝐻10 − 𝑋𝑂𝑊𝑁1). 

A positive shift shows that agents were more risk-taking for their recipient(s) than they 

were for themselves, and a negative shift shows that agents were more risk-averse for their 

recipient(s). Average shifts in each treatment from 199 participants are displayed below in 

Figure 4.1. 

 

FIGURE 4.1. Average shift in investment from OWN1 when investing for recipient(s). 

Notes. Shifts were calculated as the amount of their recipient(s) endowment invested, minus the amount they 

invested for themselves in OWN1. A positive shift means that agents were more risk-taking for their recipient(s) 

and a negative shift means that they were more risk-averse. Bars in grey show the average percentage shift when 

agents invested for one recipient and red bars show the average percentage shift when investing for ten recipients. 

In contrast to standard model predictions, and supporting hypothesis 1, agents are, to 

some degree, more cautious for their recipient(s) than they are for themselves in every 

condition. To test whether they become significantly more cautious, we perform a series of 
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one-sample Wilcoxon signed-rank tests. We find that whilst shifts are significantly different 

from 0 for the OTH10 (p < .001), GROUP1 (p < .05) and GROUP10 (p < .001) treatments, the 

shift in OTH1 is not significant (p = 0.26). However, pooled across all treatments, this equates 

to an overall cautious shift when agents invested with other people’s endowment rather than 

their own (p < .001), supporting an overall responsibility alleviation effect. Hence, we state 

observation 1. 

Observation 1: Overall agents are more cautious when investing for other participants than 

they are for themselves in our setting. 

However, as is clear from Figure 4.1, there are differences in the magnitude of cautious 

shifts across treatments. First, we address hypothesis 2 by testing whether, overall, agents are 

more cautious in GROUP than in OTH; a ‘number-of-recipients’ effect with a concurrent 

increase in money. Using a Wilcoxon rank-sum test we find no overall significant difference 

between 𝑆𝑂𝑇𝐻 and 𝑆𝐺𝑅𝑂𝑈𝑃 (p = 0.67). This null effect also holds when we split the sample by 

endowment amounts; using two more Wilcoxon rank-sum tests we find no significant 

difference between either 𝑆𝑂𝑇𝐻1 and 𝑆𝐺𝑅𝑂𝑈𝑃1 (p = 0.41) or 𝑆𝑂𝑇𝐻10 and 𝑆𝐺𝑅𝑂𝑈𝑃10 (p = 0.81). 

Therefore, we state observation 2. 

Observation 2: We find no difference between how agents invest for 10 recipients and how 

they invest for 1, even when controlling for differing endowment levels. 

This finding suggests that, in our setting, there is no evidence that increasing the number 

of recipients that agents are responsible for increases the responsibility alleviation effect. It 

may be that assuming responsibility for another has a fixed rather than cumulative effect on 

behaviour; that is, it may be the act of taking on responsibility for another that changes 

behaviour rather than the magnitude of that responsibility.  

Next, we address hypothesis 3 and consider the effect of increasing the amount of 

money agents are responsible for investing for each recipient; an endowment amount effect. 

Using a Wilcoxon signed-rank test, we find a highly significant difference between 𝑆1 and 𝑆10 

(p < .001), with agents becoming significantly more cautious when investing £10 for their 

recipient(s) than when investing £1. This finding also holds, regardless of whether agents invest 

for 1 other or 10 others. Across two more Wilcoxon signed-rank tests, we find that agents 

become significantly more cautious when investing £10 versus £1 for 1 recipient (𝑆𝑂𝑇𝐻1 >
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𝑆𝑂𝑇𝐻10, p < .001) and when investing £10 versus £1 for 10 recipients (𝑆𝐺𝑅𝑂𝑈𝑃1 > 𝑆𝐺𝑅𝑂𝑈𝑃10, p 

< .05). With this considered, we state observation 3. 

Observation 3: Agents are more cautious when investing a £10 endowment for their 

recipient(s) than they are investing a £1 endowment. 

As discussed in section 4.5, we also test whether observation 3 is attributed to 

increasing relative risk-aversion at higher stakes, as you would see in a self-regarding decision, 

or an interaction effect from resuming responsibility for a larger endowment for others (i.e. 

whether agency has a different effect at different stakes). To control for this, we consider the 

effect of agency with a £10 endowment by comparing how agents invested in OWN10 versus 

OTH10 and GROUP10, rather than their shift from OWN1. Two one-sample Wilcoxon signed-

rank tests showed that neither the shift from OWN10 to OTH10 (p = 0.49) nor OWN10 to 

GROUP10 (p = 0.28) significantly differed from 0, allowing us to rule out the possibility that 

observation 3 is explained by agency having a different effect when investing £10 rather than 

£1. This, therefore, suggests that the increased risk-aversion that people normally display when 

taking higher stakes risks for themselves also extends to higher stakes risks for others (Fehr-

Duda et al., 2010; Markowitz, 1952). 

However, from considering observations 2 and 3 in parallel, it seems that this only 

applies when each recipient’s endowment increases, but not from a general increase in the total 

amount of money agents are responsible for35. If an increase in the total amount of money also 

evoked this increased risk aversion, we would have seen a ‘number-of-recipients’ effect within 

each endowment condition (i.e. from 𝑆𝑂𝑇𝐻1 to 𝑆𝐺𝑅𝑂𝑈𝑃1 and 𝑆𝑂𝑇𝐻10 to 𝑆𝐺𝑅𝑂𝑈𝑃10) since both 

involved a tenfold increase in the total amount of money agents were responsible for. 

Therefore, to confirm this finding that increased money for each individual rather than 

increased money in total drives this ‘endowment amount’ effect, we also compare across 

𝑆𝐺𝑅𝑂𝑈𝑃1 and 𝑆𝑂𝑇𝐻10. Given the null ‘number-of-recipients’ effect, we do not expect 𝑆𝐺𝑅𝑂𝑈𝑃1 

to be lower than 𝑆𝑂𝑇𝐻10 as predicted by hypothesis 4. Also, given that the total amount of 

money is held constant across 𝑆𝐺𝑅𝑂𝑈𝑃1 and 𝑆𝑂𝑇𝐻10, any difference between them can only be 

explained by the difference in individual endowment sizes. Using a Wilcoxon rank-sum test, 

we find that agents become significantly more cautious when investing £10 for one recipient 

                                                           
35 Here it should be noted that agents were explicitly told the total amount of money they were responsible for (see Appendix 4A for 
experimental instructions), so this null effect cannot be explained by agents not being aware of the total amount they would be investing for 

recipients. 
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than they are investing £1 for 10 recipients (𝑆𝑂𝑇𝐻10 < 𝑆𝐺𝑅𝑂𝑈𝑃1, p < .05). This further supports 

an ‘individual endowment’ effect; thus, we state observation 4. 

Observation 4: Agents react more to the amount they invest for each individual recipient than 

they react to an increase in the total amount of money they are responsible for. 

To reinforce these findings from non-parametric tests, we also conduct a series of 

regressions. Four models are reported in Table 4.4. In models 1 and 2 we regress the shift from 

OWN1 on endowment amount, the number of recipients and the interaction between these 

factors, both with (model 2) and without (model 1) censoring at the minimum and maximum 

shifts that each agent could make relative to their own investment in OWN1. In models 3 and 

4, we add in a series of control variables; gender, age, an English native speaker dummy, an 

above or below average self-reported general risk score dummy and the three dummy variables 

testing for order effects. As in models 2 and 1, these are conducted both with (model 4) and 

without (model 3) censoring36. All models reaffirm our previous findings; of our main treatment 

variables, only the individual endowment amount affects the shift from OWN1. However, the 

age and dummy variable comparing order 1 to order 4 (see Table 4.2 for reference) are also 

significant. Those who were older had a larger (in our case, less pronounced negative) shift 

from OWN1 and those who completed the experiment in order 1 had a larger (also less 

pronounced negative) shift than those in order 4. Since the age variable was only marginally 

significant and there were no other order effects; that is, completing OWN versus 

OTH/GROUP first and investing £1 versus £10 first had no overall effect since order 2 and 

order 3 did not differ from order 4, we conclude that these factors did not affect our overall 

results. 

                                                           
36 For the regressions shown here, we used the shift from OWN1 as the dependent variable so that findings are consistent with the other 
results in this section. However, we also conducted the same regressions using amount invested in each treatment as the dependent variable, 

which can be found in Appendix 4B. 
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TABLE 4.4. Investment Shifts relative to OWN1 across Endowment and Number of Recipients 

As a final step, to address hypothesis 5 we test whether participants are more cautious 

when investing £10 for their recipient(s), in order to invest as they believe recipients would 

invest for themselves, as discussed in section 4.2 and previous literature (Charness & Jackson, 

2009; Füllbrunn & Luhan, 2015; Kray, 2000). To this end, we elicited beliefs about what 

 (1) (2) (3) (4) 

 Linear mixed-

effects 

Mixed-effects 

Tobit 

Linear mixed-

effects 

Mixed-effects 

Tobit 

Endowment -0.13*** 

(0.03) 

-0.24*** 

(0.06) 

-0.13*** 

(0.03) 

-0.24*** 

(0.06) 

     

Number of Recipients -0.02 

(0.04) 

-0.09 

(0.06) 

-0.02 

(0.04) 

-0.09 

(0.06) 

     

Endowment x Number of 

Recipients 

0.04 

(0.05) 

0.09 

(0.08) 

0.04 

(0.05) 

0.09 

(0.08) 

     

Male Dummy   -0.02 

(0.04) 

0.003 

(0.05) 

     

Age   0.006* 

(0.003) 

0.006 

(0.004) 

     

English Dummy   -0.05 

(0.04) 

-0.04 

(0.05) 

     

High Risk Dummy   0.008 

(0.04) 

0.07 

(0.05) 

     

Order 1 Dummy   0.11** 

(0.05) 

0.05 

(0.07) 

     

Order 2 Dummy   -0.06 

(0.05) 

-0.06 

(0.07) 

     

Order 3 Dummy   0.05 

(0.05) 

0.003 

(0.07) 

     

Constant -0.04 

(0.03) 

0.13*** 

(0.05) 

-0.16 

(0.10) 

-0.03 

(0.13) 

     

Observations 398 398 398 398 

Notes. Across all models we take the shift from OWN1 as the dependent variable and an endowment amount 

dummy, a number of recipients dummy and an interaction term as the independent variables, both with (1 and 2) 

and without (3 and 4) additional control variables. We consider linear (1 and 3) and Tobit (2 and 4) mixed-effects 

models for our analysis. Standard errors in parentheses. ∗ p < 0.10, ∗∗ p < 0.05, ∗∗∗ p < 0.01.    
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participants thought their recipient(s) invested in the £1 and £10 endowment treatments in the 

questionnaire following the main treatments. Reflecting participants’ increased caution when 

investing £10 for recipients, they both believed their recipient(s) would have invested a smaller 

proportion of the £10 than the £1 (𝑋𝑃𝑅𝐸𝐷𝐼𝐶𝑇1 > 𝑋𝑃𝑅𝐸𝐷𝐼𝐶𝑇10, p < .001), and believed their 

recipient(s) would invest less of the £10 than participants invested of the £1 for themselves 

(𝑋𝑂𝑊𝑁1 > 𝑋𝑃𝑅𝐸𝐷𝐼𝐶𝑇10, p < .001). This suggests that to some extent participants did invest in 

line with how they believed recipients would invest for themselves, supporting hypothesis 5. 

Therefore, we state observation 5. 

Observation 5: Agents invested £10 more cautiously for their recipients in line with their belief 

that recipients would invest £10 more cautiously for themselves.  

In addition to considering their recipient’s predicted risk preference, Füllbrunn and 

Luhan (2015) found that those who were more risk-averse for themselves invested less than 

they believed the recipients would invest for themselves. Consequently, as in Füllbrunn and 

Luhan (2015), we split our sample into those with above-average general risk scores (h) and 

those with below-average scores (l) to test whether agents are biased by their own risk 

preference to any degree in our setting. To test this, we examine whether agents deviate from 

their recipient’s predicted preference, in the direction of their own (𝑆𝐷𝐸𝑉𝐼𝐴𝑇𝐼𝑂𝑁 =

𝑋𝑂𝑇𝐻/𝐺𝑅𝑂𝑈𝑃 − 𝑋𝑃𝑅𝐸𝐷𝐼𝐶𝑇). A positive 𝑆𝐷𝐸𝑉𝐼𝐴𝑇𝐼𝑂𝑁 denotes that participants invested more for 

their recipients than they thought recipients would invest for themselves and a negative 

𝑆𝐷𝐸𝑉𝐼𝐴𝑇𝐼𝑂𝑁 denotes that they invested less. With the sample split into high and low risk, we 

find that those in the low risk sample invested significantly less of the £1 (𝑆𝑙
𝐷𝐸𝑉𝐼𝐴𝑇𝐼𝑂𝑁1 = -0.13, 

p < .001) and marginally less of the £10 (𝑆𝑙
𝐷𝐸𝑉𝐼𝐴𝑇𝐼𝑂𝑁10= -0.35, p < .10) than they predicted 

their recipient(s) would invest with the same endowment, while those in the high risk sample 

invested the same amount of the £1 (𝑆ℎ
𝐷𝐸𝑉𝐼𝐴𝑇𝐼𝑂𝑁1 = -0.03, p = 0.47) and significantly more of 

the £10 (𝑆ℎ
𝐷𝐸𝑉𝐼𝐴𝑇𝐼𝑂𝑁10=0.82, p < .05). This pattern of high-risk participants investing more 

than they predicted and low risk participants investing less, suggests that participants were 

influenced by their own risk preferences. Thus, we conclude by stating observation 6. 

Observation 6: Agents’ investments for their recipients are influenced by their own risk 

preferences. 
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4.7 Discussion and Conclusions 

In this study, we use an online Gneezy and Potters (1997) investment game to test 

whether agents are more cautious when investing on behalf of ten recipients than when 

investing for one, and whether they are more cautious when investing more money on their 

behalf. We are also the first study to implement a controlled variation of both the number of 

recipients and each recipient’s endowment, which allows us to control for the amount that 

agents were responsible for investing both overall and per person. We find that agents invest 

no differently for ten recipients than they do for one, however, agents are significantly more 

cautious when recipients are endowed with £10, than when they are endowed with £1. Since 

agents invested no differently for a larger number of recipients, which came with a concurrent 

larger amount of money overall, this suggests that neither the number of recipients nor the total 

amount of money to invest affects decisions. Indeed, we find that it is only the amount that 

each individual recipient is endowed with that evokes increased caution; agents are more 

influenced by how their decision impacts the individual than the total social impact. We also 

find an overall responsibility alleviation effect, as predicted by Charness and Jackson (2009); 

agents invest more cautiously for their recipients than they do for themselves. Additionally, in 

line with the increased caution across endowment amount treatments, agents also believed that 

their recipient(s) would have been more cautious for themselves, but investments are also 

substantially influenced by the agent’s own risk preferences. 

Overall, we find that the responsibility effect is primarily driven by feelings of 

responsibility for the impact on the individual recipient, not the total magnitude of the decision 

in terms of the number of people affected or the total amount to invest. Given the consistency 

of previous findings that agents become more cautious for a group than for themselves (as 

discussed in section 4.2), our lack of a ‘number-of-recipients’ effect is surprising. Not only do 

we not find that agents are more cautious for a group than for one recipient, but we also find 

that agents are only more cautious for a group than they are for themselves when investing £1, 

but not when investing £10. One possible explanation for this might be our choice of method. 

Since we had all participants first act as agents, but only one be randomly selected to be the 

‘active participant’, the chance of making a payoff relevant decision decreased across OTH to 

GROUP which may have led to a diffusion of responsibility (Darley & Latané, 1968). This is 

where someone becomes less likely to feel responsible for an action when they are a member 

of a group, since they disproportionately assume that others will resume responsibility instead. 

If this caused increased risk-taking (e.g. Cline & Cline, 1980; Wallach et al., 1964), this might 
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have dampened an increase in risk-aversion. However, previous studies that have found a 

cautious shift in decisions for a group (e.g. Füllbrunn & Luhan, 2015, 2020) have used a similar 

‘pay one’ method (Charness et al., 2016) making this explanation less plausible. Another 

possibility might be the increased social distance agents had from their recipients in an online 

setting. Therefore, it would be interesting to test whether a ‘number-of-recipients’ effect would 

emerge in a laboratory or field setting, where agents are psychologically closer to their 

recipients and the consequences of their decision. 

With regards to mechanisms behind our observed behaviour, of the three proposed by 

Charness and Jackson (2009) (see section 4.2), our results are explained most intuitively by 

agents attempting to predict how their recipients would have invested the relevant endowment 

themselves. Indeed, the fact that agents only responded to individual endowment amounts and 

not the total money invested suggests this effect was not driven by social norms associated with 

larger amounts of money. Similarly, since we found no ‘number-of-recipients’ effect, we can 

also conclude that participants were not influenced by any norms of caution for more recipients. 

However, we cannot conclude from this that such norms do not exist or would never influence 

behaviour, since agents in our setting were anonymous, so were not held publicly or privately 

accountable to social norms. Dana and Strobel (2019) find evidence suggesting this may have 

made a difference to behaviour. They found that when agents know they will reveal their 

decisions in public, they become more risk-averse for others, yet when they are directly 

accountable to their dependent, they become more risk-taking, suggesting that norms of caution 

may only come into effect when agents are held publicly accountable. If this is the case, it is 

possible that if a norm of further caution for more dependents exists, a number of dependents 

effect could emerge if agents made their decision in public. As we did not incorporate public 

accountability into our experiment, this would be an interesting avenue for further research into 

responsibility alleviation. 

Our finding that agents prioritised the impact to individuals, and were relatively 

unaffected by the total amount of money they were responsible for investing also reflects 

Andreoni (2007) who found that a giver’s private value of a gift does not increase 

proportionally with the total social value as the number of recipients grows. As far as this 

finding can generalise to financial markets, this suggests that money managers could be 

induced to invest more cautiously by taking on fewer higher value clients, rather than many 

clients with smaller portfolios. However, future studies should aim to test this in the field, to 

assess whether this finding can be utilised in a real-world setting. 
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Chapter 5: 

Discussion and Conclusion 

5.1 Chapter Summaries 

In this thesis, I have reported three studies that each address the mechanisms behind 

decision-making for others. The first study (Chapter 2) examines reputational costs in lying for 

others. The second study (Chapter 3), investigates the effects of ideals projective paternalism 

and preference differences between agent and recipient when investing on behalf of others, and 

the third study (Chapter 4) tests the effect of increased responsibility for a larger sum of money 

and a greater number of recipients when investing for others. 

In Chapter 2, we tested whether reputational lying costs are lower in lies told for others 

because lying for someone else is seen as more socially acceptable than lying for oneself 

(Cantarero, Szarota, et al., 2018). We measured the type and frequency of lying behaviour, 

whilst varying the recipient of the reported payoff; either the participant themselves or another 

random participant, and the true probability of drawing the maximum outcome; either a 10% 

chance or a 55% chance. We find that participants do experience lower reputational costs when 

lying on behalf of others. Participants overreport non-maximally in the 10% treatment for their 

own payoff, a behaviour which is used to disguise dishonesty from onlookers due to 

reputational costs (Abeler et al., 2019; Gneezy et al., 2018; Khalmetski & Sliwka, 2019), but 

do not overreport non-maximally in the 55% treatment and instead overreport maximally when 

they can do so while credibly appearing honest. Conversely, we see no non-maximal 

overreporting in either the 10% or 55% treatments for others; participants did not feel the need 

to disguise their lie even when a maximal report was more likely to be seen as dishonest. We 

even find that participants overreport the maximum outcome less in the 55% treatment for 

others. This suggests that contrary to self-regarding decisions where agents experience 

disutility from being more likely to be seen as dishonest, in other-regarding decisions agent’s 

utility must have actually increased when they were more likely to be seen as dishonest in the 

10% treatment. 

In Chapter 3, we tested whether agents impose their risk preferences onto investments 

for others paternalistically and whether they impose them more severely when the other’s risk 
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preference differs greatly from their own. We used an online investment game, in which we 

manipulated the recipient of an investment decision; either participants themselves or another 

random participant, but also manipulated the distance between the agent and recipient’s risk 

preferences within-subjects. We used the strategy method to do this, such that agents also had 

complete information of their recipient’s risk preference, by making investment decisions for 

every possible investment the other participant could have made for themselves. We observe 

that agents did project their risk preferences onto others’ investments paternalistically, 

reinforcing the finding of Ambuehl et al. (2021) that paternalism is egocentrically biased. 

However, whilst agents were influenced by their own preferences, they also considered their 

recipient’s risk preferences, but to a lesser degree. We also found, as predicted, that agents did 

invest further from their recipient’s known risk preference and closer to their own, the more 

the other’s preference differed from theirs. This supports the theory of belief dissonance 

(Golman et al., 2016; Molnar & Loewenstein, 2020) and suggests that agents were more driven 

to impose their risk preferences onto others when they believed that the other held incorrect 

beliefs about the optimal investment. 

Finally, in Chapter 4, we tested whether agents become more risk-averse for others 

when they are responsible for investing for a greater number of people and with a greater 

amount of money. In this chapter, we also used an online investment game, in which we varied 

the number of other participants that agents invested for; one other or ten others, and we varied 

the amount of money that each other person was endowed with; either £1 each or £10 each. 

With the former manipulation, we indirectly manipulated the total amount that agents invested 

for others, by holding individual endowments constant but increasing the number of recipients. 

However, we could also observe a ‘number-of-recipients’ effect without the concurrent 

increase in total money, by comparing the ‘one other-£10 endowment’ treatment and the ‘ten 

others-£1 endowment treatment’, across which the total endowment was held constant. Overall, 

we did not observe any evidence that agents become more risk-averse when they are 

responsible for investing on behalf of more people. However, we did find that agents become 

more risk-averse when investing a larger amount of money for others, showing that the 

increasing relative risk-aversion observed in higher stakes risks in self-regarding decisions, 

also applies to other-regarding decisions. Nevertheless, this effect only occurred when each 

individual recipient’s endowment increased, but not when the total endowment overall 

increased. 
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5.2 Conclusions and Future Research 

Overall, in Chapter 2 we show that agents experience lower reputational costs when 

lying on behalf of others, and may even gain a reputational benefit. In Chapter 3 we show that 

agents are willing to impose their own risk preferences onto investments for others 

paternalistically, and impose them more, the more the other’s risk preference differs from their 

own. In Chapter 4 we show that while agents are not more cautious when investing for a larger 

number of recipients, or with a larger amount of money overall, they are more cautious when 

responsible for investing a larger amount for each recipient. However, aside from the particular 

contributions of each study, the three experiments presented in this thesis also inform the 

overall literature on decision-making for others.  

We provide evidence that social norms do effect decisions for others, in line with social 

values theory (Stone & Allgaier, 2008), but that norms may differ when the recipient of the 

decision differs. Therefore, it may be too reductionist to assume that people only make 

decisions for others according to what is valued in the particular decision domain. We also 

show that norms are not the only thing that influences behaviour, as agents consider multiple 

factors simultaneously when making decisions for others; they were influenced by both their 

own and their recipient’s risk-preferences. This suggests two things. Firstly, that agents may 

be willing to exert considerable cognitive effort when making decisions for others, even when 

they will not benefit. Second, theories that suggest that all decisions for others should follow 

one behavioural pattern, such as a risky or cautious shift, will be too reductionist to explain a 

large proportion of behaviour. Having said this, chapter 4 also reasserts that money 

significantly effects decisions, even when that money is someone else’s. This means that the 

standard model may still provide a useful foundation from which to develop theories of 

decision making for others on. Having said this, the majority of participants across all three 

chapters displayed some kind of social preferences, in contrast to standard model predictions. 

However, these social preferences often manifested differently in decisions for others than 

monetary incentives would in decisions for oneself. Deciding for another person was shown to 

add an additional layer or variation in the influencing factors that contribute to decision-

making, which are not relevant in decisions for oneself. For example, in Chapter 2, social 

preferences were sufficient to make some participants lie to increase another’s payoff, as 

financial incentives might drive them to lie for themselves, yet the variation in moral standards 

in lies for others meant that the observed behaviour differed. For others, we observed no partial 

lying. In Chapter 3, agents faced a situation where their recipient’s preferred decision often 
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differed from how they responded to financial incentives when deciding for themselves, such 

that the social preference to maximise their recipient’s payoff and the social responsibility to 

follow their recipient’s preference conflicted; a concern which is unique to decisions for others. 

Aside from these differences in norms and social responsibility concerns, we found that the 

individual characteristics of the decision-maker also had considerable influence over decisions 

for others, despite decision-makers having no stake in the decision. In Chapter 3, the agents’ 

personal risk preferences were a better predictor of investments for others than the other’s 

known risk preference. In Chapter 4, agents deviated from what they predicted their decision 

recipient would have invested for themselves, in the direction of their own risk preferences. 

While we present novel contributions to the decision-making for others literature, this 

topic, in general, is still a fertile area for further research. In Chapter 2, we concluded that lying 

for others provided a reputational benefit as a logical deduction from existing findings and 

models of reputational lying costs in self-regarding decisions (i.e. Abeler et al., 2019; 

Dufwenberg & Dufwenberg, 2018; Gneezy et al., 2018; Khalmetski & Sliwka, 2019). 

However, since our a priori hypotheses only predicted that reputational costs would be lower 

in lies for others, not reversed to a benefit, this proposition should be tested directly in a targeted 

experiment. An example could be, a setting where agents can incur a small fee to make their 

lie observable, utilising the observability treatments used by Abeler et al., (2019) and Gneezy 

et al., (2018) to manipulate reputational lying costs. Additionally, given that in lies for others 

two actors with different consequences stemming from the lie can infer how likely a report is 

to be dishonest; the experimenter and the recipient of the lie, further research should also 

examine how varying the observability of the lie to each actor independently affects 

reputational costs or benefits. Indeed, it is possible that participants simultaneously incur a 

reputational benefit from the beneficiary of the lie acknowledging their altruism, and a 

reputational cost from the experimenter inferring that they had been dishonest, which may have 

worked in tandem in our experiment. Therefore, to understand the mechanisms in lying for 

others further, these two potentially different effects should be teased apart in an experiment. 

Further, given the different norms and ways lying costs may interact in lies for others, future 

research should aim to develop a formal theoretical model which incorporates the components 

from existing models of lying behaviour (e.g. Abeler et al., 2019; Dufwenberg & Dufwenberg, 

2018; Gneezy et al., 2018; Khalmetski & Sliwka, 2019), but also the multiple observers and 

the agent’s other-regarding preferences which might effect prosocial lying uniquely (Bolton & 

Ockenfels, 2000; Fehr & Schmidt, 1999).  
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In Chapter 3, we have identified that observing different beliefs to oneself evokes more 

projective paternalism, yet Golman et al., (2016) also proposed that those who are more 

confident in their beliefs are also more likely to impose them onto others, as well as those who 

have their beliefs shaken by viewing different beliefs to their own as we tested. This makes it 

possible that manipulating an agent’s confidence in their beliefs will similarly evoke ideals 

projective paternalism, as well as observing different preferences to oneself as we found. 

Another way to examine this topic is from the perspective of the decision recipient. Given the 

traditional view on financial markets that financially literate managers should be paternalistic 

to some extent and direct their less financially literate clients (Gennaioli et al., 2015), it could 

improve client satisfaction enormously to examine under what circumstances they would prefer 

managers to project their views and when they would rather they followed their preferences. 

In our setting, some agents also projected their preferences more severely than others, 

regardless of their recipient’s risk preference. To contribute to the literature on paternalistic 

leadership (Pellegrini & Scandura, 2008), future research should examine whether the 

conviction that these more extreme types have in their views also causes them to self-select 

into leadership positions. If, for example, ideals projective paternalists become managers or 

politicians, this could negatively impact how well employee and constituent views are 

represented in company and policy decisions, so this possibility should be examined. 

In Chapter 4, we found that being responsible for a larger number of recipients does not 

affect investment decisions. However, one possible reason for this may be the use of a financial 

context, which is shown to produce less affect driven responses than other contexts, for 

example, the medical context (Pachur et al., 2014; Popovic et al., 2019). Therefore, future 

research should test whether the type of responsibility, financial or medical, affects whether 

agents are more cautious when deciding for more recipients. Indeed, Charness and Jackson 

(2009) proposed that responsibility effects are evoked by a “feeling of responsibility”, so it is 

plausible that a ‘number-of-recipients’ effect might occur in a medical decision when the 

context is more affect-laden. It is also worth noting that our experiment was conducted online, 

so in our context agents were arguably very psychologically distant from the people affected 

by their decision (Trope & Liberman, 2010). Psychological distance is known to make 

decisions for others less affect driven and more economically rational (Ogawa et al., 2018), so 

this too could have dampened the ‘feeling’ of responsibility. Therefore, to unequivocally say 

that the number of recipients has no effect on decision-making for others, it is necessary for 

future research to also test this in a laboratory or field experiment where the emotion associated 

with the decision is more salient. 
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In the area of decision-making for others more generally, the most pressing gap that 

future research should address is creating a theoretical model. As it stands, there has been no 

attempt at an all-encompassing economic theoretical model (though Tunney & Ziegler, 2015, 

present a psychological framework that offers a valuable starting point) that might consolidate 

all previous findings and explain decision-making for others on a more general level (Füllbrunn 

et al., 2020). To inform such a model this thesis offers three key takeaways. First, it should 

allow that agents can be influenced by multiple factors simultaneously. Second, it should not 

simply adapt previous models of self-regarding decisions by replacing the economic incentive 

with social preferences. It should also consider other factors that uniquely affect or uniquely 

differ in decisions for others, such as the different norms and additional considerations of the 

recipient’s preferences. Third, it should also account for the substantial influence from the 

decision maker’s own preferences, even when the decision-maker receives no financial 

incentive. 
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Appendix 2A. Instructions 

Introduction 

Before we begin, please note the following 

• Do not talk to any other participant from now on  

• Put your phone on airplane/flight mode  

• Use only those functions of the PC that are necessary for the experiment. 

If you have any questions during the study, please raise your hand and one of the 

experimenters will answer your questions in private. Please do not ask questions aloud since 

this could influence the other participants. 

The purpose of this experiment is to study decision making behaviour. The data from the 

experiment will be anonymized and cannot be related to your identities. Neither the other 

participants nor the experimenter will find out which choices you have made and how your 

final earnings are determined during the experiment. 

  



106 
 

Treatment OWN 

 

Every participant will receive £2 for arriving on time, but you will also have the chance to 

earn additional money as payment for completing a questionnaire.  

 

However, this payment is not the same for every participant. You will determine your own 

payment by drawing a numbered chip from the envelope on your desk.   

 

Each chip either has the number 1, 2, 3, 4, 5, 6, 7, 8, 9 or 10 written on it. As you can see 

from the chips in front of you, there are 20 chips in total, with 2 chips of each number (with 1 

chip each of the numbers 1, 2, 3, 4, 5, 6, 7, 8 and 9, and 11 chips with the number 10 on), 

meaning that each number is equally likely to be drawn (that 10 is the most likely to be 

drawn). 

 

Your payment in pounds sterling is equal to the number on the chip you draw. For example, 

should you draw a 1, you would be paid £1, should you draw a 10 you would be paid £10. 

You can find these payoffs in the table below.  

 

Once these instructions have finished playing, you will be asked to place all of the chips on 

the desk in front of you into the envelope. You will then shake the envelope a few times and 

then, without looking, randomly draw a chip from the envelope to determine your payoff. 

After observing the outcome of the draw, place the chip back into the envelope. 

 

Should you have any questions, please raise your hand. If you are ready, please press OK. 
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Treatment OTH 

 

Every participant will receive £2 for arriving on time, but some participants will also have the 

chance to earn additional money as payment for completing a questionnaire.  

 

In this experiment, you will be randomly paired with another participant in this room. 

Neither you nor your partner will learn who you are paired with. Instead of determining your 

own additional payment for completing the questionnaire, you will determine what 

additional payment your partner will receive.   

 

However, this payment is not the same for every participant. You will determine your partner’s 

payment by drawing a numbered chip from the envelope on your desk.   

 

Each chip either has the number 1, 2, 3, 4, 5, 6, 7, 8, 9 or 10 written on it. As you can see 

from the chips in front of you, there are 20 chips in total, with 2 chips of each number (with 1 

chip each of the numbers 1, 2, 3, 4, 5, 6, 7, 8 and 9, and 11 chips with the number 10 on), 

meaning that each number is equally likely to be drawn (that 10 is the most likely to be 

drawn). 

 

The payment given to your partner in pounds sterling is equal to the number on the chip you 

draw. For example, should you draw a 1, they would be paid £1, should you draw a 10 they 

would be paid £10. You can find these payoffs in the table below.  

 

Both members of each pair will report their partner’s payoff on screen, but only one of these 

payoffs will be implemented. After you have both entered the payoff, one member will be 

randomly assigned the role of ACTIVE participant, and the other, the role of PASSIVE 

participant. If you are the ACTIVE participant, your partner will receive the additional 

payment which you have reported, but you will receive no additional payment yourself. 

If you are the PASSIVE participant, you will receive the additional payment reported by your 

partner, but you will have no influence over the amount received. You will not be informed 

who your partner is and your partner will not be informed who you are.  

Once these instructions have finished playing, you will be asked to place all of the chips on the 

desk in front of you into the envelope. You will then shake the envelope a few times and then, 

without looking, randomly draw a chip from the envelope to determine your partner’s payoff. 

After observing the outcome of the draw, place the chip back into the envelope. 

 

Should you have any questions, please raise your hand. 
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Procedure 

 

Please place all of the chips into the envelope provided, shake up the envelope, and draw out 

one chip.  

When you have observed the outcome, put the chip back into the envelope, then click 

CONTINUE. 

Now please enter the number that was on your chip. 

The chip number you report may determine your partner’s additional payoff.  

Number drawn 

Resulting payment 
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Questionnaire 

Please answer all questions truthfully. The answers are anonymous and cannot be linked with 

your identity.  

1. Age:  _______________ 

2. Sex:  male   female            prefer not to say  

3. Nationality:  _________________ 

4. Undergraduate degree title: ____________________  

5. Which year of this course are you in? Please leave empty if you have completed your 

undergraduate degree ____________________ 

6. How many people participating in this experiment today do you know personally?  

______________ 

7. How important is ‘faith’ and ‘religion’ for your well-being and your overall life 

satisfaction? Please indicate on the scale below from 1 (not important) to 7 (extremely 

important). 

 

8. Aside from weddings, funerals and mandatory church services, how often do you 

attend religious services? 

• Less than once a year 

• Once a year 

• A few times a year 

• Once a month 

• Two to three times per month 

• Once per week 

• More than once per week 

 

9. How do you perceive God? 

• Always watches our actions 

• Sometimes watches our actions 

• Rarely watches our actions 

• Never watches our actions 

• Not applicable – I am not religious 

 

10. How do you see yourself: are you generally a person who is fully prepared to take 

risks or do you try to avoid taking risks? Please tick a box on the scale, where the value 0 

means: ‘not at all willing to take risks’ and the value 10 means: ‘very willing to take risks’. 

Not at all 

important 

Low 

importance 

Slightly 

important 

Neutral Moderately 

important 

Very 

important 

Extremely 

important 
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11. Did it cross your mind to report a different number than the number on your chip? 

Yes   No  

12. Do you think that any other participants will have reported a different number than the 

number on their chip? 

Yes   No  

13. If you answered 'Yes' to the previous question... 

Approximately what percentage of participants do you think have reported a number higher 

than the number on their chip? Please tick one answer. If you answered no to the previous 

question, leave the checkboxes blank. 

10% 20% 30% 40% 50% 60% 70% 80% 90% 100% 

          

14. Due to the requirement to put your chip back into the envelope, some participants 

may intentionally report a number which is higher than the chip number which they drew in 

order to gain more money. Please indicate on the scale below from 1 (Totally unacceptable) 

to 7 (Perfectly acceptable) how morally acceptable this would be if… 

a)  They gained the money for themselves. 

 

b) Another participant gained the money. 

 

12. Please describe briefly how you decided what number to report for the questionnaire 

payoff: 

___________________________________________________________________________

___________________________________________________________________________

___________________________________________________________________________ 

 1 2 3 4 5 6 7 8 9 10  

not at all 

willing to 

take risks 

          
very willing 

to take risks 

Totally 

unacceptable 

Unacceptable Slightly 

unacceptable 

Neutral Slightly 

acceptable 

Acceptable Perfectly 

acceptable 

       

Totally 

unacceptable 

Unacceptable Slightly 

unacceptable 

Neutral Slightly 

acceptable 

Acceptable Perfectly 

acceptable 
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13. Do you think that the experimenter knows, or can find out, what chip number you 

drew from the envelope? 

Yes   No  

14. Did you get the sense that your behaviour was being observed when you drew the 

chip from the envelope? Please briefly describe the reason for your answer: 

___________________________________________________________________________

___________________________________________________________________________

___________________________________________________________________________ 
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Appendix 2B. Decision Screen 
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Appendix 2C. Regressions 

TABLE 2C.1 Chip Number reported across Treatments  

 (1) (2) (3) (4) 

 OLS Poisson OLS Poisson 

Treat -0.30 

(0.40) 

-0.04 

(0.05) 

-0.45 

(0.42) 

-0.06 

(0.05) 

     

Percentage Treat 0.62 

(0.41) 

0.08 

(0.05) 

0.57 

(0.41) 

0.08 

(0.05) 

     

Male Dummy   -0.20 

(0.40) 

-0.03 

(0.05) 

     

Age   -0.09** 

(0.04) 

-0.01** 

(0.005) 

     

Risk Score   0.09 

(0.11) 

0.01 

(0.01) 

     

Faith Importance   0.24 

(0.19) 

0.03 

(0.02) 

     

Church Frequency   0.04 

(0.17) 

0.005 

(0.02) 

     

God watches   -0.09 

(0.18) 

-0.01 

(0.02) 

     

Econ Dummy   0.15 

(0.54) 

0.02 

(0.07) 

     

English Dummy   0.55 

(0.43) 

0.07 

(0.06) 

     

Other Report   0.43 

(0.58) 

0.06 

(0.08) 

     

Other Percentage   -0.66 

(1.09) 

-0.09 

(0.14) 

     

Constant 7.18*** 

(0.35) 

1.97*** 

(0.05) 

7.59*** 

(1.23) 

2.04*** 

(0.17) 

     

Observations 202 202 202 202 

Notes. Across all models we take the chip number reported as the dependent variable and a payoff recipient dummy 

and a percentage treatment dummy as the independent variables, both with (1 and 2) and without (3 and 4) 

additional control variables. We consider linear (1 and 3) and Poisson (2 and 4) regression models for our analysis. 

Standard errors in parentheses. ∗ p < 0.10, ∗∗ p < 0.05, ∗∗∗ p < 0.01.    
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TABLE 2C.2 Partial Lying Dummy across Treatments  

 

 (1) (2) 

 Logistic Logistic 

Treat 0.33*** 

(0.13) 

0.32*** 

(0.13) 

   

Percentage Treat 0.18*** 

(0.07) 

0.17*** 

(0.07) 

   

Male Dummy  1.17 

(0.45) 

   

Age  0.98 

(0.04) 

   

Risk Score  0.91 

(0.10) 

   

Faith Importance  1.10 

(0.21) 

   

Church Frequency  1.15 

(0.19) 

   

God watches  0.85 

(0.16) 

   

Econ Dummy  1.56 

(0.72) 

   

English Dummy  0.90 

(0.38) 

   

Other Report  2.22 

(1.34) 

   

Other Percentage  1.38 

(1.33) 

   

Constant 1.06 

(0.31) 

1.11 

(1.31) 

   

Observations 186 186 

Notes: Across all models we take a dummy coding whether participants reported a 7, 8 or 9 or not as the dependent 

variable and a payoff recipient dummy and a percentage treatment dummy as the independent variables, both with 

(1) and without (2) additional control variables. We consider a logistic regression model for our analysis. Standard 

errors in parentheses. ∗ p < 0.10, ∗∗ p < 0.05, ∗∗∗ p < 0.01.  
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TABLE C2.3 Partial Lying Dummy without 10 Reports across Treatments  

 

 (1) (2) 

 Logistic Logistic 

Treat 0.29*** 

(0.12) 

0.25*** 

(0.12) 

   

Percentage Treat 0.38** 

(0.17) 

0.32** 

(0.16) 

   

Male Dummy  1.17 

(0.52) 

   

Age  0.96 

(0.04) 

   

Risk Score  0.99 

(0.13) 

   

Faith Importance  1.27 

(0.27) 

   

Church Frequency  1.13 

(0.20) 

   

God watches  0.80 

(0.17) 

   

Econ Dummy  2.09 

(1.13) 

   

English Dummy  1.26 

(0.62) 

   

Other Report  1.94 

(1.43) 

   

Other Percentage  1.78 

(2.32) 

   

Constant 1.72 

(0.56) 

1.00 

(1.42) 

   

Observations 111 111 

Notes: Across all models we take a dummy coding whether participants reported a 7, 8 or 9 or not as the dependent 

variable, with reports of 10 excluded, and a payoff recipient dummy and a percentage treatment dummy as the 

independent variables, both with (1) and without (2) additional control variables. We consider a logistic regression 

model for our analysis. Standard errors in parentheses. ∗ p < 0.10, ∗∗ p < 0.05, ∗∗∗ p < 0.01.  
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Appendix 3A. Instructions 

Introduction 

Investing for Others 
 

 
Welcome to the experiment. You will be paid a fixed payment of £1.70 for 
completing this study, but you will also be able to earn a bonus payment depending 
on your decisions, or the decisions of another participant. You will receive the fixed 
payment and the bonus payment once we have had responses from all participants 
which could take up to 3 weeks. 
 
The study will be in two parts, but you will receive the bonus payment for only 
one of these parts. Which part you receive your bonus payment from will be 
randomly determined at the end of the experiment, however, you must complete 
both parts and answer all comprehension questions correctly to receive your 
payment. Once you have completed part one and part two, the study will end with a 
questionnaire which you must complete to earn your payment. 
 
Please check that the stated Prolific ID is correct, and provide your age and the 
gender you would describe yourself as, to verify that these match your prolific profile. 
Then click the box to verify the captcha below. 
 
Prolific ID 

________________ 

Age (in years) 

__________ 

Gender 

• Male 

• Female 

• Prefer not to say 

Verify 
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Part One (OWN) 

 

Investing for Others 

Instructions for Part One 

  

In this part (part one), you receive £2.25 in real money. 
  

You can choose to invest any amount of your £2.25, into a risky ‘project’, in 

increments of 25p (£0.25, £0.50, £0.75 etc.). This risky project can either be 

a success or a failure. 

 

·         If the project is successful, you will get your investment back, plus 

an additional 2.5 times your investment. So, if you invested £1, you would get the 

£1 you invested back, plus an extra £2.50 (2.5 x £1) as a return for the investment. 

 

·         If the project is a failure, you would lose the amount you invested. So if you 

invested £1, you would lose that £1. 

 

Anything of the £2.25 that you choose not to invest in the risky project, you keep as 

‘safe’ – that is, you would not make any return on that money, but there would also 

be no risk of losing it. 

 

So, as an example, let’s say you invested £1 of your £2.25… 

 

If the project was a success your payment would be £4.75 total, because you would 

receive: 

 

·         The £1.25 that you did not invest. 

·         The £1 that you invested back. 

·         Plus an extra £2.50 (2.5 x £1) as a return for the investment. 

 

If the project was a failure your payment would be £1.25 total, because you would 

lose your £1 investment and only receive: 

 

·         The £1.25 that you did not invest. 

 

Whether the project is a success or a failure is randomly determined by an algorithm 

at the end of the experiment. A number between 1 and 3 will be generated on 
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screen. 

 

·         If the number is a 3, the project was successful. 

·         If the number is a 1 or a 2, the project was a failure. 

 

This means that the project has a 1/3rd chance of success and a 2/3rd chance of 

failure. You will only find out the outcome of your investment at the end of the 

experiment. 

 

The money you earn in this part is real money. If this part is chosen for the 

payout at the end of the experiment, this will be your bonus payment. 

 

On the next screen, you will answer some comprehension questions to test that you 

have understood the task. You will make your investment decision once you have 

answered these correctly.  After that, you will receive instructions for part two. 
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Part One Comprehension Questions 

Investing for Others 

Please answer all of the following questions to make sure you understand the 

task correctly. You will only be able to continue with the experiment if all of 

your answers are correct. 

 

1. What is the probability that the risky project will be successful? 

• 3/3 

• 2/3 

• 1/3 

2. What is the probability that the risky project will be a failure?  

• 2/3 

• 1/3 

• 3/3 

3. If you invest £0.00 into the risky project, what will your bonus payment for part one 

be?  

• £0.00 

• £1.00 

• £2.25 

4. If you invest £1 into the risky project and it is a failure, what will your bonus 

payment for part one be?  

• £1.25 

• £0.00 

• £1.00 

5. If you invest £1 into the risky project and it is a success, what will your bonus 

payment for part one be?  

• £3.00 

• £4.75 

• £1.25 
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Part One Decision Screen 
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Part Two (OTH) 

Investing for Others 

Instructions for Part Two 

  

Thank you for completing part one. 

  

In part two you will make the same investment decision as in part one. However, 

rather than deciding how much of your own £2.25 to invest, you will now decide how 

much of another random participant’s £2.25 to invest on their behalf. This 

means that your decision in part two will determine the bonus payment 

received by another participant completing this experiment. 

  

You will not earn any money for making this investment decision, however, another 

random participant will invest on your behalf in part two. The person determining 

your bonus payment in part two will not be the same person as the person you are 

investing for. 

  

As a reminder of the task, you can invest any amount of your recipient’s £2.25, in 

increments of 25p (£0.25, £0.50, £0.75 etc.), into a risky ‘project’. Anything you do 

not invest is kept by your recipient. The risky project can either be a success or 

a failure. 

  

·         If the project is successful, your recipient will get the investment back, plus 

an additional 2.5 times the amount you invested on their behalf. 

·         If the project is a failure, they would lose the amount that you invested for 

them. 

  

Whether the project is a success or a failure is randomly determined by an algorithm 

at the end of the experiment, and the project has a 1/3rd chance of success and 

a 2/3rd chance of failure. You will only find out the outcome of the investment at the 

end of the experiment. 

  

The money invested in this part is real money. If this part is randomly selected 

for the pay out at the end of the experiment, this will be your recipient’s bonus 

payment.  
  



122 
 

Investing for Others 

Like you, the recipient of your investment decision also made this investment 

decision for themselves in part one. 

  

Because you do not know what they invested for themselves in the first part – 

i.e. they could have invested either £0.00, £0.25, £0.50, £0.75, £1.00, £1.25, 

£1.50, £1.75, £2.00 or £2.25 for themselves - you will make one investment 

decision for each possible choice they could have made for themselves. That 

is, you will make one investment for the possible scenario where they had 

invested £0.00, one investment for the possible scenario where they had 

invested £0.25… and so on. 

  

Whatever they chose in part one, we will use your corresponding decision to 

determine their payment in part two. 

 

Take a look at the two examples in the picture below: 

 

- If the recipient invested £0.75 for themselves in part one (first example), you 

chose to invest £0.25 for them in part two (highlighted in blue). 

 

- If the recipient invested £1.25 for themselves in part one (second example), 

you chose to invest £2.00 for them in part two (highlighted in blue). 

 

If it then turns out that your matched recipient did invest £0.75 for themselves, 

only your answer to the first question would determine their payment and you 

would invest £0.25 on their behalf. 

 

This means all 10 of your decisions could determine your recipient’s bonus 

payment, but we will only use the decision that matches your recipient’s 
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ACTUAL choice in part one. You can invest as much for your recipient as you 

want and you will not be told who your recipient is and your recipient will not be told 

who you are. 

 

On the next screen you will answer some comprehension questions to test that you 

have understood the task. Once you have answered these questions correctly, you 

will then make the investment decisions. 
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Part Two Comprehension Questions 

Investing for Others 

Please answer all of the following questions to make sure you understand the 

task correctly. You will only be able to continue with the experiment if all of 

your answers are correct. 

1. If you invest £0.00 into the risky project, what will your recipient’s bonus payment 

for part two be?  

• £0.00 

• £2.25 

• £1.00 

2. Whom will you be investing for in part two?  

• Another random participant who will also complete this experiment 

• Myself 

3. In the example picture below, how much will you have invested for your recipient 

in part two if they invested £1 for themselves in part one? 

 

  

• £0.00 

• £1.00 

• £2.00 

4. If the person investing for you in part two invests £0.00 on your behalf, what 

would your bonus payment for part two be? 

• £0.00 

• £1.00 

• £2.25 
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Part Two Decision Screen 
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Thank you 

Thank you for completing part two. You will now proceed to the questionnaire. 

 

Questionnaire 

Questionnaire 
  
You will now complete the questionnaire. 
Please answer all questions truthfully. The answers are anonymous and 
cannot be linked with your identity. 
  
  
Please state briefly how you decided what to invest for the recipient in part two of the 
experiment 

 
_______________________ 
 

The recipient will only be paid for either part one or two. 
Do you think your recipient would earn more money from their own investment in 
part one, from your investment for them in part two, or the same amount in both 
parts? 
 
If you guess correctly which part would earn them more money, an additional £0.30 
will be added to your bonus payment. 

 

• Part one (their investment for themselves) 

• Part Two (my investment for them) 

• Both parts would earn them the same payoff 
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SVO Slider measure – 6 primary items 

In this task, imagine that you have been randomly paired with another person, whom 
we will refer to as the other. This ‘other’ is hypothetical and has no relation to your 
recipient from part two of the experiment. Imagine this other person is someone you 
do not know and will remain mutually anonymous. All of your choices would be 
completely confidential. 
 
You will be making a series of decisions about allocating resources between you and 
this other hypothetical person. For each of the following questions, please indicate 
the distribution of money you would prefer most by selecting your preferred payoff 
allocations. This payoff allocation is hypothetical and you will not receive money 
for this aside from your £1.70 fixed payment. You can only make one selection for 
each question. Please make your decisions as if they would yield money for both 
yourself and the other person. 
 
In the example below, a person has chosen to distribute the payoff so that he/she 
receives £50, while the anonymous other person receives £40. 
 
This is a hypothetical situation and you will not earn any money from these 
decisions. 

 

 

There are no right or wrong answers, this is all about personal preferences. After you have 

made your decision, select the resulting distribution of money by clicking on your 

choice. As you can see, your choices would influence both the amount of money you 

receive as well as the amount of money the other would receive. 



128 
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Empathy Quotient – 40 primary items 

Below is a list of statements. Please read each statement carefully and rate how 
strongly you agree or disagree with it by selecting your answer. 
  
In order for the scale to be valid, you must answer every question. 
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Investment Outcomes 

Investing for Others 

Thank you for completing the questionnaire. Either a 1 or a 2 will now be randomly 

generated to determine whether you will receive bonus payment from part 1 or part 

2.  

  

You will be paid for part: 1 

  

Either a 1, 2 or 3 will now also be generated to determine whether the investment 

was a success or a failure. As a reminder, a 3 means that the investment was 

successful. A 1 or 2 means that the investment was a failure.  

  

The computer generated a: 3, which means the project was a SUCCESS 

  

We will inform you of the amount of your bonus payment once all participants have 

completed this experiment. 

 

Instructions: End Page 

You have now finished the experiment - thank you for your participation. 
  
We will be in contact regarding your bonus payment once all participants have 
completed this experiment. If you have any concerns regarding this research please 
contact Georgia Buckle, Principal Investigator at georgia.buckle@port.ac.uk in the 
first instance, Dr Wolfgang Luhan at Wolfgang.luhan@port.ac.uk in the second, 
Professor Lester Hunt at lester.hunt@port.ac.uk in the third, or if you have still not 
received a satisfactory response, you can contact the Data Protection Officer 
Samantha Hill at samantha.hill@port.ac.uk. 
  
Thank you very much for taking part in this experiment. 
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Appendix 3B. Regressions 

TABLE 3B.1. Influence of Agent and Recipient’s Risk Preference – Without Extreme Types 

 

 (1)           (2)    (3)    (4)     (5)    (6) 

 Linear 

mixed-effects 

Mixed-effects 

Poisson 

Mixed-effects 

Tobit 

Linear mixed-

effects 

Mixed-effects 

Poisson 

Mixed-effects 

Tobit 

Recipient 

Preference 

0.18*** 

(0.02) 

0.16*** 

(0.04) 

0.19*** 

(0.03) 

0.18*** 

(0.02) 

0.16*** 

(0.04) 

0.19*** 

(0.03) 

       

OWN  

Preference 

0.44*** 

(0.08) 

0.41*** 

(0.08) 

0.49*** 

(0.08) 

0.45*** 

(0.07) 

0.42*** 

(0.08) 

0.50*** 

(0.08) 

       

Male Dummy    -0.12** 

(0.06) 

-0.11* 

(0.06) 

-0.14** 

(0.07) 

       

Age    0.002 

(0.002) 

0.002 

(0.003) 

0.002 

(0.003) 

       

Constant 0.43*** 

(0.09) 

-0.54*** 

(0.11) 

0.37*** 

(0.10) 

0.42*** 

(0.12) 

-0.56*** 

(0.14) 

0.36*** 

(0.14) 

       

Observations 990 990 990 990 990 990 

Notes. Across all models we take the amount invested in OTH as the dependent variable and the recipient’s risk 

preference and the agent’s investment in OWN as the independent variables, both with (4-6) and without (1-3) age 

and gender dummies as controls. We consider linear (1 and 4), Poisson (2 and 5) and Tobit (3 and 6) mixed-

effects models for our analysis. Standard errors in parentheses. ∗ p < 0.10, ∗∗ p < 0.05, ∗∗∗ p < 0.01.    
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TABLE 3B.2. Influence of Agent and Recipient’s Risk Preference – On those who said part two would earn 

their recipient more money 

 

  

 (1)           (2)    (3)    (4)     (5)    (6) 

 Linear 

mixed-effects 

Mixed-effects 

Poisson 

Mixed-effects 

Tobit 

Linear mixed-

effects 

Mixed-effects 

Poisson 

Mixed-effects 

Tobit 

Recipient 

Preference 

0.19*** 

(0.02) 

0.17*** 

(0.04) 

0.24*** 

(0.03) 

0.19*** 

(0.02) 

0.17*** 

(0.04) 

0.24*** 

(0.03) 

       

OWN  

Preference 

0.51*** 

(0.07) 

0.48*** 

(0.07) 

0.82*** 

(0.11) 

0.51*** 

(0.06) 

0.49*** 

(0.06) 

0.81*** 

(0.10) 

       

Male Dummy    -0.25*** 

(0.08) 

-0.27*** 

(0.08) 

-0.39*** 

(0.13) 

       

Age    0.005 

(0.003) 

0.006 

(0.003) 

0.007 

(0.005) 

       

Constant 0.31*** 

(0.06) 

-0.72*** 

(0.11) 

-0.09 

(0.14) 

0.29** 

(0.13) 

-0.79*** 

(0.14) 

-0.11 

(0.20) 

       

Observations 950 950 950 950 950 950 

Notes. Across all models we take the amount invested in OTH as the dependent variable and the recipient’s risk 

preference and the agent’s investment in OWN as the independent variables, both with (4-6) and without (1-3) age 

and gender dummies as controls. We consider linear (1 and 4), Poisson (2 and 5) and Tobit (3 and 6) mixed-

effects models for our analysis. Standard errors in parentheses. ∗ p < 0.10, ∗∗ p < 0.05, ∗∗∗ p < 0.01.    
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TABLE 3B.3. Influence of Agent and Recipient’s Risk Preference – Without Individualist or Competitive SVO 

scores 

 

  

Notes. Across all models we take the amount invested in OTH as the dependent variable and the recipient’s risk 

preference and the agent’s investment in OWN as the independent variables, both with (4-6) and without (1-3) age 

and gender dummies as controls. We consider linear (1 and 4), Poisson (2 and 5) and Tobit (3 and 6) mixed-

effects models for our analysis. Standard errors in parentheses. ∗ p < 0.10, ∗∗ p < 0.05, ∗∗∗ p < 0.01.    

 (1)           (2)    (3)    (4)     (5)    (6) 

 Linear 

mixed-effects 

Mixed-effects 

Poisson 

Mixed-effects 

Tobit 

Linear mixed-

effects 

Mixed-effects 

Poisson 

Mixed-effects 

Tobit 

Recipient 

Preference 

0.20*** 

(0.02) 

0.20*** 

(0.04) 

0.25*** 

(0.02) 

0.20*** 

(0.02) 

0.20*** 

(0.04) 

0.25*** 

(0.02) 

       

OWN  

Preference 

0.37*** 

(0.05) 

0.36*** 

(0.05) 

0.53*** 

(0.08) 

0.39*** 

(0.05) 

0.38*** 

(0.05) 

0.55*** 

(0.08) 

       

Male Dummy    -0.10 

(0.06) 

-0.10 

(0.06) 

-0.14 

(0.09) 

       

Age    0.003 

(0.002) 

0.003 

(0.002) 

0.005 

(0.003) 

       

Constant 0.40*** 

(0.07) 

-0.64*** 

(0.08) 

0.17* 

(0.10) 

0.32*** 

(0.10) 

-0.72*** 

(0.11) 

0.05 

(0.15) 

       

Observations 1490 1490 1490 1490 1490 1490 
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TABLE 3B.4. Influence of Preference Difference between Agent and Recipient – Without Extreme Types 

Notes. Across all models we take the agent’s shift from the recipient’s preference as the dependent variable and 

the difference between the agent’s risk preference and the recipient’s risk preference as the independent 

variable, both with (1 and 2) and without (3 and 4) SVO score, EQ score or age and gender dummies as 

controls. We consider Linear (1 and 3) and Tobit (2 and 4) mixed-effects models for our analysis. Standard 

errors in parentheses. ∗ p < 0.10, ∗∗ p < 0.05, ∗∗∗ p < 0.01. 

 (1)          (2)         (3)          (4) 

 Linear mixed-

effects 

Mixed-effects  

Tobit 

Linear mixed- 

effects 

Mixed-effects  

Tobit 

Preference Difference -0.79*** 

(0.02) 

-0.78*** 

(0.03) 

-0.79*** 

(0.02) 

-0.78*** 

(0.03) 

     

SVO   -0.004 

(0.003) 

-0.005 

(0.003) 

     

EQ   -0.001 

(0.003) 

0.001 

(0.003) 

     

Male Dummy   -0.14** 

(0.07) 

-0.16** 

(0.07) 

     

Age   0.002 

(0.003) 

0.002 

(0.003) 

     

Constant 0.03 

(0.03) 

0.03 

(0.03) 

0.22 

(0.17) 

0.25 

(0.19) 

     

Observations 990 990 990 990 
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TABLE 3B.5. Influence of Preference Difference between Agent and Recipient – On those who said part two 

would earn their recipient more money 

 (1)          (2)         (3)          (4) 

 Linear mixed-

effects 

Mixed-effects  

Tobit 

Linear mixed- 

effects 

Mixed-effects  

Tobit 

Preference Difference -0.78*** 

(0.02) 

-0.77*** 

(0.03) 

-0.78*** 

(0.02) 

-0.77*** 

(0.03) 

     

SVO   -0.0009 

(0.004) 

-0.002 

(0.006) 

     

EQ   0.001 

(0.004) 

0.003 

(0.005) 

     

Male Dummy   -0.24** 

(0.10) 

-0.36*** 

(0.14) 

     

Age   0.004 

(0.003) 

0.007 

(0.005) 

     

Constant -0.03 

(0.05) 

-0.03 

(0.07) 

-0.05 

(0.24) 

-0.15 

(0.35) 

     

Observations 950 950 950 950 

Notes. Across all models we take the agent’s shift from the recipient’s preference as the dependent variable and 

the difference between the agent’s risk preference and the recipient’s risk preference as the independent 

variable, both with (1 and 2) and without (3 and 4) SVO score, EQ score or age and gender dummies as 

controls. We consider Linear (1 and 3) and Tobit (2 and 4) mixed-effects models for our analysis. Standard 

errors in parentheses. ∗ p < 0.10, ∗∗ p < 0.05, ∗∗∗ p < 0.01. 
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TABLE 3B.6. Influence of Preference Difference between Agent and Recipient – Without Individualist or 

Competitive SVO scores 

 

 (1)          (2)         (3)          (4) 

 Linear mixed-

effects 

Mixed-effects  

Tobit 

Linear mixed- 

effects 

Mixed-effects  

Tobit 

Preference Difference -0.76*** 

(0.02) 

-0.73*** 

(0.02) 

-0.76*** 

(0.02) 

-0.74*** 

(0.02) 

     

SVO   -0.007 

(0.007) 

-0.01 

(0.009) 

     

EQ   0.0007 

(0.003) 

0.0004 

(0.004) 

     

Male Dummy   -0.17** 

(0.07) 

-0.17* 

(0.09) 

     

Age   0.004 

(0.003) 

0.005 

(0.003) 

     

Constant -0.07* 

(0.04) 

-0.08* 

(0.04) 

0.08 

(0.29) 

0.17 

(0.37) 

     

Observations 1490 1490 1490 1490 

Notes. Across all models we take the agent’s shift from the recipient’s preference as the dependent variable and 

the difference between the agent’s risk preference and the recipient’s risk preference as the independent 

variable, both with (1 and 2) and without (3 and 4) SVO score, EQ score or age and gender dummies as 

controls. We consider Linear (1 and 3) and Tobit (2 and 4) mixed-effects models for our analysis. Standard 

errors in parentheses. ∗ p < 0.10, ∗∗ p < 0.05, ∗∗∗ p < 0.01. 
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TABLE 3B.7. Influence of Absolute Preference Difference between Agent and Recipient – Plus Above and 

Below Mean Dummy and Interaction with Absolute Preference Difference 

 (1)          (2)         (3)          (4) 

 Linear mixed-

effects 

Mixed-effects  

Tobit 

Linear mixed- 

effects 

Mixed-effects  

Tobit 

Absolute Preference 

Difference 

0.44*** 

(0.02) 

0.62*** 

(0.03) 

0.44*** 

(0.03) 

0.63*** 

(0.05) 

     

Preference Above or 

Below Mean 

  0.11** 

(0.04) 

0.17** 

(0.07) 

     

Absolute Preference 

Difference X Preference 

Above or Below Mean 

  0.003 

(0.05) 

-0.03 

(0.08) 

     

SVO   -0.0008 

(0.002) 

-0.002 

(0.005) 

     

EQ   0.003 

(0.002) 

0.007 

(0.005) 

     

Male Dummy   0.04 

(0.06) 

0.09 

(0.12) 

     

Age   0.003 

(0.002) 

0.004 

(0.004) 

     

Constant 0.30*** 

(0.03) 

-0.04 

(0.06) 

0.02 

(0.15) 

-0.52* 

(0.29) 

     

Observations 2000 2000 1800 1800 

Notes. Across all models we take the absolute value of the agent’s shift from the recipient’s preference as the 

dependent variable and the absolute difference between the agent’s risk preference and the recipient’s risk 

preference as the independent variable, both with (1 and 2) and without (3 and 4) a dummy for whether the 

recipient’s preference is above or below the mean investment and an interaction term with absolute preference 

difference, SVO score, EQ score or age and gender dummies as controls. We consider Linear (1 and 3) and 

Tobit (2 and 4) mixed-effects models for our analysis. Standard errors in parentheses. ∗ p < 0.10, ∗∗ p < 0.05, 

∗∗∗ p < 0.01. 
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TABLE 3B.8. Influence of Absolute Preference Difference between Agent and Recipient – Plus Above or 

Below Agent’s Preference Dummy and Interaction with Absolute Preference Difference 

 

 

  

 (1)          (2)         (3)          (4) 

 Linear mixed-

effects 

Mixed-effects  

Tobit 

Linear mixed- 

effects 

Mixed-effects  

Tobit 

Absolute Preference 

Difference 

0.44*** 

(0.02) 

0.62*** 

(0.03) 

0.40*** 

(0.03) 

0.55*** 

(0.05) 

     

Preference Above or 

Below Agent’s Preference 

  0.008 

(0.04) 

-0.002 

(0.06) 

     

Absolute Preference 

Difference X Preference 

Above or Below Agents’ 

  0.11** 

(0.05) 

0.16** 

(0.07) 

     

SVO   -0.0006 

(0.003) 

-0.002 

(0.005) 

     

EQ   0.003 

(0.003) 

0.006 

(0.005) 

     

Male Dummy   0.03 

(0.06) 

0.09 

(0.12) 

     

Age   0.003 

(0.002) 

0.004 

(0.004) 

     

Constant 0.30*** 

(0.03) 

-0.04 

(0.06) 

0.03 

(0.16) 

-0.42 

(0.29) 

     

Observations 2000 2000 1800 1800 

Notes. Across all models we take the absolute value of the agent’s shift from the recipient’s preference as the 

dependent variable and the absolute difference between the agent’s risk preference and the recipient’s risk 

preference as the independent variable, both with (1 and 2) and without (3 and 4) a dummy for whether the 

recipient’s preference is above or below the mean investment with an interaction term with absolute preference 

difference, SVO score, EQ score or age and gender dummies as controls. We consider Linear (1 and 3) and 

Tobit (2 and 4) mixed-effects models for our analysis. Standard errors in parentheses. ∗ p < 0.10, ∗∗ p < 0.05, 

∗∗∗ p < 0.01. 
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Appendix 4A. Instructions 

Introduction 

Welcome to the experiment. 

 

Please follow the instructions carefully. You could earn a payoff in real money depending on 

your decisions, or the decisions of another participant. You will receive the payment via bank 

transfer once we have had responses from all participants, which could take up to 3 

weeks. The data from this experiment is anonymous and cannot be connected to the identity 

of the participant. Neither the other participants nor the experimenter will find out which 

choices you have made and how much you have earned during the experiment. 

 

This experiment will be in four stages, and should take approximately 20 minutes total, 

including a short questionnaire at the end. In each stage, you will make one risky investment 

decision about real money which could determine yours or other participant’s payoffs. You 

will only be paid for one of these four stages. Which stage you will be paid for will be 

randomly determined once the experiment is over and we have received all responses. You 

have to complete all four stages to receive your payment. 

 

On the next page you will be asked to fill in the unique ID that was sent to you in the email 

containing the study link. Make sure that the ID is filled in correctly. This ID enables us to 

link your payoff with your bank details and you will not be able to access the study if the ID is 

not correct. 

 



141 
 

ID Number 

Please fill in your Unique ID number that was on the email with this survey 

link: 

ID Number  
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Instructions (OWN1/OWN10) 

In this stage, you receive £1(£10) in real money. 

 

 

You can invest any amount of your £1 (£10) into a risky ‘project’ which can either 

be a success or a failure. If the project is successful, you will get your investment 

back, plus an additional 2.5 times your investment. 

• £1 + (2.5 x Investment) 

If the project is a failure, you would lose the amount invested. 

• £1 - Investment 

Anything you do not invest in the project is risk free, and will be paid out regardless 

of the project’s outcome. To determine whether the project is a success or a failure, 

a random number between 1 and 3 will be generated by an algorithm after the 

experiment. 

• If a 3 is generated, the project was successful. 

• If a 1 or a 2 is generated, the project was a failure. 

This means that the project has a 1/3 chance of success and a 2/3 chance of failure. 

The outcome of the investment will only be determined after the experiment has 

finished and all responses have been received. 

 

 

The money invested in this stage is real money and because only one stage is 

chosen for the pay out, this decision could determine the entire payment you 

receive. 

 

On the next screen you will answer some comprehension questions to make sure 

that you have understood the task. You will receive hints if you answer wrong, but 

you will not be able to continue until all answers are correct. Once you have 

answered all questions correctly you will take your decision for this stage. You will 

receive the instructions for the next stage as soon as you have completed this one. 
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Instructions (OWN1/OWN10) Comprehension Questions 

Please answer all of the following questions to make sure you understand the 

task correctly. You will only be able to continue with the experiment once all of 

your answers are correct. If you answer a question incorrectly, you will receive 

a hint. 

1. What is the probability that the risky project will be successful? 

• 3/3 

• 2/3 

• 1/3 

2. What is the probability that the risky project will be a failure?  

• 2/3 

• 1/3 

• 3/3 

3. If you invest £0.00 into the risky project and the risky project is a success, what 

will your payment for this stage be? 

• £0.00 

• £1.00 (£10.00) 

• £2.50 (£25.00) 

4. If you invest £0.60 into the risky project and it is a failure, what will your payment 

for this stage be? 

• £0.40 (£4.00) 

• £0.00 

• £0.60 (£6.00) 

5. If you invest £0.40 (£4.00) into the risky project and it is a success, what will your 

payment for this stage be? 

• £1.00 (£10.00) 

• £0.40 (£4.00) 

• £2.00 (£20.00) 
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Instructions (OWN1/OWN10) Decision Screen 

 

  



145 
 

Instructions (OTH1/OTH10) 

 

In this stage an other participant completing this experiment has received an 

endowment of £1 (£10) in real money. 

 

It will be your task to make an investment decision for them. 

 

This means that you will be deciding how to invest £1 (£10) in total. 

 

You can invest any amount of the other participant’s £1 (£10) into a risky 

‘project’ which can either be a success or a failure. If the project is successful, the 

other participant will get their investment back, plus an additional 2.5 times their 

investment. 

• £1 + (2.5 x Investment) 

If the project is a failure, the other participant would lose the amount invested. 

• £1 - Investment 

Anything you do not invest in the project is risk free, and will be paid out to the other 

participant regardless of the project’s outcome. To determine whether the project is a 

success or a failure, a random number between 1 and 3 will be generated by an 

algorithm after the experiment. 

• If a 3 is generated, the project was successful. 

• If a 1 or a 2 is generated, the project was a failure. 

This means that the project has a 1/3 chance of success and a 2/3 chance of failure. 

The outcome of the investment will only be determined after the experiment has 

finished and all responses have been received. 

 

The money invested in this stage is real money and because only one stage is 

chosen for the pay out, this decision could determine the entire payment the 

other participant receives. 

 

The other participant will also make this decision. However, only 1 person out of 

the 2 of you will be randomly assigned to be the ‘active’ participant after the 

experiment. The investment decision made by the ‘active’ participant will be 

implemented. The other participant will then become ‘passive’ and their decision will 
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not be implemented. If you are assigned to be the ‘active’ participant, you will not 

earn any money for this stage. Your decision will only determine the other 

participant’s payment. You will get no information about the other participants, and 

they will not get any information about you. 

 

On the next screen you will answer some comprehension questions to make sure 

that you have understood the task. You will receive hints if you answer wrong, but 

you will not be able to continue until all answers are correct. Once you have 

answered all questions correctly you will take your decision for this stage. You will 

receive the instruction for the next stage as soon as you have completed this one. 
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Instructions (OTH1/OTH10) Comprehension Questions 

Please answer all of the following questions to make sure you understand the 

task correctly. You will only be able to continue with the experiment once all of 

your answers are correct. If you answer a question incorrectly, you will receive 

a hint. 

 

 

1. If you invest £0.00 into the risky project for the other participant, what will their 

payment for this stage be? 

• £0.00 

• £0.50 (£5.00) 

• £1.00 (£10.00) 

2. If you are assigned to be an ‘active’ participant, who will be paid according to your 

investment decision? 

• Me 

• Another participant completing this experiment 

3. If you are assigned to be a ‘passive’ participant, what will determine your payment 

in this stage? 

• My choice 

• The choice of another participant, who was allocated as ‘active’ 

4. If you invest £0.60 (£6.00) into the risky project for the other participant and it is a 

failure, what will their payment for this stage be? 

• £0.00 

• £0.40 (£4.00) 

• £1.00 (£10.00) 

5. If you invest £0.40 (£4.00) into the risky project for the other participant and it is a 

success, what will their payment for this stage be? 

• £0.40 (£4.00) 

• £1.00 (£10.00) 

• £2.00 (£20.00) 
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Instructions (OTH1/OTH10) Decision Screen 
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Instructions (GROUP1/GROUP10) 

 
In this stage, 10 other participants completing this experiment have each 
received an endowment of £1(£10) in real money. 

 
It will be your task to make an investment decision for them. 
 
You will make one investment decision, which determines how much will be invested 
for each of the 10 participants individually; that is, you will make identical 
investments for all 10 other participants by making one decision. 
 
This means that you will be deciding how to invest £10(£100) in total. 
 
You can invest any amount of each participants’ £1(£10) into a risky ‘project’ which 
can either be a success or a failure. If the project is successful, each other 
participant will get their investment back, plus an additional 2.5 times their 
investment. 

• £1 + (2.5 x Investment) 

If the project is a failure, each other participant would lose the amount invested. 
• £1 - Investment 

Anything you do not invest in the project is risk free, and will be paid out to each 
other participant regardless of the project’s outcome. To determine whether the 
project is a success or a failure, a random number between 1 and 3 will be 
generated by an algorithm after the experiment. 

• If a 3 is generated, the project was successful. 
• If a 1 or a 2 is generated, the project was a failure. 

This means that the project has a 1/3 chance of success and a 2/3 chance of failure. 
The outcome of the investment will only be determined after the experiment has 
finished and all responses have been received. 
 
The money invested in this stage is real money and because only one stage is 
chosen for the pay out, this decision could determine the entire payment 10 
other participants receive. 
 
Those 10 participants will also make this decision. However, only 1 person out of 
the 11 of you will be randomly assigned to be the ‘active’ participant after the 
experiment. The investment decision made by the ‘active’ participant will be 
implemented. The other 10 participants will then become ‘passive’ and their decision 
will not be implemented. If you are assigned to be the ‘active’ participant, you 
will not earn any money for this stage. Your decision will only determine the 
other 10 participants’ payments. You will get no information about the other 
participants, and they will not get any information about you. 
 
On the next screen you will answer some comprehension questions to make sure 
that you have understood the task. You will receive hints if you answer wrong, but 
you will not be able to continue until all answers are correct. Once you have 
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answered all questions correctly you will take your decision for this stage. 
 
You will receive the instruction for the next stage as soon as you have completed 
this one. 
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Appendix 4B. Regressions      

TABLE 4B.1. Investment for Others across Endowment and Number of Recipients Treatments  

 

Notes. Across all models we take the amount invested in each treatment as the dependent variable and an 

endowment amount dummy, a number of dependents dummy, an interaction term and the amount invested in OWN 

as the independent variables, both with (1 and 2) and without (3 and 4) additional control variables. We consider 

linear (1 and 3) and Tobit (2 and 4) mixed-effects models for our analysis. Standard errors in parentheses. ∗ p < 

0.10, ∗∗ p < 0.05, ∗∗∗ p < 0.01.    

 (1)           (2)    (3)    (4) 

 Linear mixed-

effects 

Mixed-effects 

Tobit 

Linear mixed-

effects 

Mixed-effects 

Tobit 

Endowment -0.13*** 

(0.03) 

-0.22*** 

(0.05) 

-0.0002 

(0.03) 

-0.02 

(0.05) 

     

Number of Recipients -0.09** 

(0.04) 

-0.15** 

(0.07) 

-0.04 

(0.03) 

-0.08 

(0.05) 

     

Endowment x Number of 

Recipients 

0.04 

(0.05) 

0.08 

(0.08) 

-0.005 

(0.04) 

-0.004 

(0.07) 

     

Investment for Self   0.65*** 

(0.04) 

0.93*** 

(0.07) 

     

Male Dummy   0.001 

(0.02) 

0.007 

(0.04) 

     

Age   -0.001 

(0.002) 

-0.0006 

(0.003) 

     

English Dummy   -0.01 

(0.03) 

0.001 

(0.04) 

     

High Risk Dummy   0.02 

(0.03) 

0.02 

(0.04) 

     

Order 1 Dummy   0.002 

(0.03) 

-0.05 

(0.05) 

     

Order 2 Dummy   -0.02 

(0.03) 

-0.03 

(0.05) 

     

Order 3 Dummy   -0.02 

(0.03) 

-0.06 

(0.05) 

     

Constant 0.72*** 

(0.03) 

0.86*** 

(0.05) 

0.25*** 

(0.07) 

0.18 

(0.11) 

     

Observations 398 398 398 398 
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