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 Abstract 

The thesis aims to identify the current practices of anti-money laundering and counter-

terrorist financing (AMLCTF) disclosure in the UK banking sector and its potential economic 

consequences. To achieve this aim, the thesis has three objectives. The first objective is to 

measure AMLCTF disclosure practices in annual reports. The second objective is to examine 

the determinants of AMLCTF disclosure. In particular, it investigates corporate governance 

mechanisms' impact on AMLCTF information.  The third objective is to test the influence of 

AMLCTF disclosure on bank performance. 

To achieve these objectives, the study first creates a self-constructed index and uses manual 

content analysis to measure the AMLCTF disclosure for 625 UK bank-year observations for 

2015-2019. The main contribution of this thesis is in the development of a comprehensive 

AMLCTF disclosure index. Second, the research performs Tobit regression to explore the 

drivers of AMLCTF disclosure.  Third, the thesis uses quantile regression to evaluate the 

economic consequences of AMLCTF disclosure. For the second and third objectives, the 

study conducts robust multiple linear and lag approach regressions as further analyses. 

Thus, examining AMLCTF disclosure determinants and consequences provides new evidence 

to disclosure literature.  

The results show that the AMLCTF disclosure score increases over time and is higher than 

prior literature score, but the average is still low. Also, the findings display that board 

independence, audit committee size, and board gender diversity are the determinants of 

AMLCTF disclosure. Besides, the analysis shows that AMLCTF disclosure negatively impacts 

bank performance. 

The thesis findings highlight AMLCTF disclosure practices in the banking industry of the UK. 

The assessment may guide the policymakers to figure out the tightness and looseness of the 

industry in preventing financial crimes. It may support policymakers and international 

institutions in setting a global index or a checklist for best AMLCTF disclosure practices. Also, 

the regulatory bodies may create schemes that help promoting institutions' AMLCTF 

declarations.  

Keywords: Anti-money laundering, Counter-terrorist financing, Corporate governance, Bank 

performance, Voluntary disclosure, Content analysis 
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Chapter One:  Introduction 

1.1 Overview 

Anti-Money Laundering (AML) and Counter-Terrorist Financing (CTF) are two terminologies 

that vary in their meanings. However, the two concepts are linked in terms of the country's 

concerns about reducing Money Laundering (ML) and Terrorist Financing (TF) risks (Bures, 

2012), but they are not the same. The Financial Action Task Force (FATF), an international 

ML and TF watchdog and policymaker, defines ML as the process of concealing the sources 

of illicit proceeds and enjoying criminality returns without threatening their original sources 

(Financial Action Task Force, 2022b, 2022e). In contrast, the International Monetary fund 

(IMF), which works to facilitate global monetary cooperation and improve financial stability 

by combating ML and TF, describes the concept of TF as the funds used by terrorists to 

perform terror operations (International Monetary Fund, 2022b).  

Usually, criminals use various procedures to conceal the funds' sources, and both crimes 

(ML and TF) are likely to be connected somehow (Compin, 2018). For instance, laundered 

funds may be utilised to perform terrorist actions, and vice-versa with terrorists may be 

raising funds from ML operations (Balani, 2019; Bures, 2012). Indeed, the significant 

difference between ML and TF is attributed to the origin of the money. ML funds are mainly 

attained from illegal sources, while TF funds are earned through legitimate channels and 

illicit proceeds (Financial Action Task Force, 2008). Furthermore, the criminals are keen to 

give these funds lawful character by using financial firms' services for processing their illegal 

gains and actions. Consequently, the laundered business creates an unfair competitive 

environment by offering prices lower than production costs. Regardless of their losses, the 

criminal gain when the dirty money is placed in the legitimate financial system and 

transformed into clean money. Similarly, the terrorists use the financial firms facilities to 

perform terrorist activities. 

According to FATF, the United Kingdom (UK) is the biggest financial services afforder globally 

(Financial Action Task Force, 2018c). It is an attractive country for ML and TF criminals due 

to its open economy. The UK has become a hub and a haven for ML as over £100 billion of 

illegal funds are laundered annually (Bruce, 2020). Further, Financial Conduct Authority 

(FCA) which supervises the financial services firms and financial markets in the UK, impose 
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fines on banks breaching ML and TF laws and regulations. For instance, the total amount of 

fines1 in 2021 is £475,909,619.9. In 2020 no fines on banks, and in 2019 the total fines2 is 

£102,163,200. Regardless of the increase in fines amount, the UK government is eager to 

prevent ML and TF risks by publishing laws and regulations and assessing the risk of crimes. 

For example, Her Majesty (HM) Treasury announces the UK's first report on the national risk 

assessment of ML and TF in 2015.  The report points to the banking sector risks and 

emphasises disclosure importance in general (HM Treasury, 2015). 

Therefore, financial institutions must fight against ML and TF and comply with Anti-Money 

Laundering and Counter Terrorist-Financing (AMLCTF) laws and regulations due to the 

negative consequences of these crimes on the firm's reputation and stability as well as the 

nation's economic growth as a whole. Indeed, financial institutions tend to inform the 

shareholders, customers and market about their implemented AMLCTF policies through 

several aspects, such as publishing periodic and annual reports, acquiring identity checks, 

and availability of monitoring crimes technologies. However, limited prior studies measure 

the extent of AMLCTF disclosure in the published reports of the banking sector and with the 

assistance of self-constructed indices, such as Nobanee & Ellili  (2017) and Siddique et al. 

(2021). Similarly, a few studies depend on these reports to assess AML declaration also with 

self-developed indices, like Van der Zahn et al. (2007), Harvey & Lau (2009), Nobanee & Ellili 

(2018) and Mathuva et al. (2020). Further, limited research uses these reports to check the 

bank AML compliance by self-administrating questionnaires (Murithi, 2013). Besides, the 

previous studies utilise annual reports to perform their research on different scopes, such as 

Mathuva et al. (2020) tend to investigate the drivers of AML disclosure in the audited annual 

reports. Murithi (2013) evaluates AML compliance impacts on bank performance by 

analysing questionnaire responses. Nobanee & Ellili (2017) assess the AMLCTF disclosure 

economic consequences, and Nobanee & Ellili (2018) check the AML information influence 

on financial firm profitability with the assistance of annual reports.  

 
 

1 HSBC Bank plc: fine amount £63,946,800, National Westminster Bank Plc: fine amount £264,772,619.95, 
Credit Suisse International, Credit Suisse Securities (Europe) Ltd and Credit Suisse AG: fine amount 
£147,190,200, available at: https://www.fca.org.uk/news/news-stories/2021-fines (Accessed on 08 May 2022). 
2 Standard Chartered Bank: fine amount £102,163,200, available at: https://www.fca.org.uk/news/news-
stories/2019-fines (Accessed on 08 May 2022). 

https://www.fca.org.uk/news/news-stories/2021-fines
https://www.fca.org.uk/news/news-stories/2019-fines
https://www.fca.org.uk/news/news-stories/2019-fines
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Hence, measuring AMLCTF compliance score through the annual report indicates the 

following: First, the bank's keenness to cut down ML and TF rates. Second, the banking 

system's strength in combating crime. Third, security of the financial environment against 

abuse the financial services for criminal purposes. Fourth, it increases customers' and 

investors' trust in the financial system. Fifth, it enhances stakeholders' awareness of the 

financial firm's practices to prevent illegalities. Sixth, it is likely to assist in reducing crime 

numbers as the declarations alert criminals about the employed policies and the 

consequences of their unethical operations. Finally, it is helpful to promote bank 

transparency by comparing the compliance score of the published annual reports over time. 

The following sections of this chapter are as follows: 1.2 Research motivations, 1.3 Research 

aim and objectives, 1.4 Research questions, 1.5 Research methodology, 1.6 Research 

contributions, 1.7 Summary of empirical findings and 1.8 Structure of the thesis. 

1.2 Research Motivations 

The research motivations are drawn based on reviewing prior AMLCTF disclosure literature, 

international organisation AMLCTF efforts and the researcher's interests as follows. First, 

the researcher is motivated to examine AMLCTF disclosure for the UK as it is the largest 

financial service facilitator in the world (Financial Action Task Force, 2018a). Also, the BAMLI 

report shows the UK in the low-risk category between the thesis period 2015 and 2019 

(Basel Institute on Governance, 2015, 2016, 2017, 2018, 2019). However, it reaches 1400 

ML annually and 108 TF convictions over the period 2014/15 – 2016/17 (Financial Action 

Task Force, 2018a). Besides, a few former AML and AMLCTF disclosure studies focus on the 

UK context, such as Harvey & Lau (2009) and Nobanee & Ellili (2017). 

Second, limited previous studies examine AMLCTF disclosure scores for financial firms. To 

the best of the researcher's knowledge, two studies only measure the AMLCTF disclosure in 

financial firms (banks and money exchange providers) annual reports by self-developed 

indices like Nobanee & Ellili (2017) and Siddique et al. (2021). In addition, four papers assess 

only AML declarations for banks by self-constructed indices, such as Harvey & Lau (2009),  

Mathuva et al. (2020), Nobanee & Ellili (2018) and Van der Zahn et al. (2007). Furthermore, 

one study only evaluates AML compliance in banks through a self-administered 
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questionnaire by Murithi (2013). Therefore, the current thesis is motivated to provide new 

evidence to prior research results and expand the AMLCTF disclosure studies. 

Third, the level of AMLCTF information is uncertain in banks' annual reports, and earlier 

scholars' studies are diverse in their scoring results. For example, the AML disclosure score 

average from previous studies' varies between 0.002 and 0.4583. The lowest score is 0.002 

for seven banks in the UK (Harvey & Lau, 2009), and the highest score is 0.4583 for 163 

banks in Ukraine (Van der Zahn et al., 2007). Nevertheless, the total average of AML 

compliance is 42.64 for 31 banks in Kenya (Murithi, 2013). This uncertainty motivated the 

researcher to examine AMLCTF disclosure by a large sample (625 observations) and check 

the banks' compliance with the newly developed AMLCTF index. In comparison, the lowest 

AMLCTF reporting score is 0.116 for the UK banks (Nobanee & Ellili, 2017), and the highest 

score is 0.202 for money exchange providers in the GCC countries (Siddique et al., 2021). 

Fourth, the content of AMLCTF disclosure indices in the earlier literature differentiates 

regardless of the similar sources used to construct them. For instance, Nobanee & Ellili 

(2017) depend on several resources, such as the UK regulations and international standards 

like FATF, to build an index and investigate 71 banks in the UK. Their index contains 10 

categories in which a specific category is allocated for AML and another for CTF, whereas 

the remaining eight categories are for both AMLCTF. Indeed, some of the items in the CTF  

category are applicable for both AML and CTF categories, not only CTF. Similarly, for the 

AML category, the items are appropriate for AMLCTF together. Another example is Siddique 

et al. (2021). Their AMLCTF index relies only on the FATF 40 recommendation to assess 176 

money exchange providers in the Gulf Cooperation Council (GCC) countries. Also, their index 

specifies a category for ML and another for TF according to the seven areas of FATF 

recommendations (see subsection 2.4.1).  

Fifth, the AMLCTF reporting behaviour for the index categories and items is uncertain when 

reviewing banks' annual reports and calculating the compliance disclosure score. The 

declared AMLCTF information is disparate between the UK banks. For example, Appendix B 

Table 0-2 expresses the pilot study results for Sainsbury's Bank Plc, Santander UK Plc and 

Schroder & Co Ltd. The scoring process assigns a value of (1) when the AMLCTF information 

exists within the index items and (0) otherwise (Mathuva et al., 2020; Nobanee & Ellili, 

2018; Siddique et al., 2021; Van der Zahn et al., 2007). The results show no AMLCTF 
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declarations appeared for Sainsbury's Bank Plc in 2015 and 2016. Equally, Schroder & Co Ltd 

does not offer any AMLCTF information for the period from 2015 to 2019. On the other 

hand, Santander UK Plc's AMLCTF reporting score percentage from 2015 to 2019 and 

Sainsbury's Bank Plc from 2017 to 2019 fluctuated between (0.38) and (0.8). As a result, the 

current research is motivated to determine the AMLCTF disclosure categories and items that 

are likely to receive better attention in annual reports. The findings might change the 

reporting direction for those banks' annual reports without AMLCTF information and those 

who intend to increase publication levels regards preventing ML and TF. 

Sixth, to the best of the researcher's knowledge, Mathuva et al. (2020) are the only ones 

who examine the impact of corporate governance on AML disclosure in Kenya as a 

developing country. Thus, no current study explores the determinants of reporting AMLCTF 

for the UK banks as a developed country. Besides, prior literature points to the role of 

corporate governance in preventing ML and TF operations (Abdullah & Said, 2019; 

Hardouin, 2009; Jayasuriya, 2009; Mohammadi, Naghshbandi, & Moridahmadibezdi, 2020; 

Mohammadi, Saeidi, & Naghshbandi, 2020; Pavone & Parisi, 2018). Moreover, agency 

theory assumes that firms with better corporate governance mechanisms practice more 

disclosures to reduce information asymmetry and agency costs (Mathuva et al., 2020). 

Accordingly, the thesis is motivated to assess the influence of corporate governance 

mechanisms on AMLCTF information in annual reports. Hence, 3.6.2 discusses the findings 

of the earlier disclosure research when using corporate governance mechanisms. Also,  

Chapter Six: explains the empirical analysis findings of these mechanisms upon the data 

availability in annual reports. 

Finally, limited prior literature evaluates the AML disclosure economic consequences. For 

instance, Nobanee & Ellili (2018) show an insignificant effect on bank performance using the 

return on equity (ROE) as a proxy. Similarly,  Mathuva et al. (2020) find an insignificant 

impact on profitability using return on asset (ROA). In contrast, Murithi (2013) represents a 

positive association between AML implementation and bank progress (ROA). However, To 

the best of the researcher's knowledge, the AMLCTF declarations' influence on financial 

firms' returns is analysed only by Nobanee & Ellili (2017), where the results indicate 

insignificant impacts by utilising ROE as a proxy. From a theoretical perspective, signalling 

theory assumes that well-performance firms tend to improve their disclosure levels (Elfeky, 
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2017; Inchausti, 1997; Morris, 1987; Shehata, 2014). The declarations signal their AMLCTF 

practices and attract investors' attention to the bank safeguard context. Also, agency theory 

argues that enhancing disclosures of profitable firms reflects their eagerness to minimise 

the agency issues between managers and shareholders (Albitar, 2015; Elfeky, 2017; Jensen 

& Mecking, 1976; Morris, 1987; Naheem, 2015b; Shehata, 2014). Furthermore, the 

economic theory claims that individuals and firms are self-interest and keen to maximise 

their benefits (Geiger & Wuensch, 2007; Omran & El-Galfy, 2014). The profitable firm 

reduces information asymmetry by increasing disclosures (Leuz & Verrecchia, 2000; Wang & 

Hussainey, 2013). At the same time, the disclosures indicate bank practices and individuals 

are likely to be concerned about specific information that maintains their benefits. 

Therefore, this study motivates to add new evidence to the previous research by testing the 

economic consequences of AMLCTF disclosure by using ROA and ROE as proxies. 

1.3 Research Aim and Objectives 

The thesis aims to identify AMLCTF disclosure practices in the banking sector annual reports 

and their potential economic consequences. To achieve this aim, the thesis has three 

objectives. The first objective is to develop a comprehensive AMLCTF disclosure index. This 

index is used to measure the AMLCTF disclosure compliance score. The second objective is 

to identify the determinants of AMLCTF disclosure by determining the impact of corporate 

governance mechanisms on AMLCTF disclosure. The third objective is to assess the influence 

of AMLCTF disclosure on bank performance. 

1.4 Research Questions 

1. What is the level of AMLCTF disclosure in annual reports of the UK banking sector? 

2. Which corporate governance mechanisms drive the AMLCTF disclosure? 

3. What is the influence of the AMLCTF disclosure on the UK banking sector 

performance? 

1.5 Research Methodology  

The research methodology assists in achieving its aim and objectives (see the discussion in 

Chapter Four: ). According to the research onion six layers that are proposed by Saunders et 

al. (2019), the study's first layer of philosophy (research paradigm) is based on the 

positivism (the science is a signal reality) assumption that consists of ontology (examine the 
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nature of reality) and epistemology (facts are observable by empirical research). This 

philosophy implements a deductive approach for the second research layer (Use the existing 

theories to develop the research hypotheses). In the third layer, the research strategy 

performs experimental design (investigates the impact of the independent variables on the 

dependent variable within a specific model) and archival research (using historical data from 

archives for particular purposes). The fourth layer is the methodological choice applied is 

the mono method: quantitative (data in the form of numbers and statistics). The fifth layer 

is the time horizon. It is longitudinal, as the data is repeatedly collected from annual reports 

between 2015 and 2019.  

The sixth layer is the research techniques and procedures, which vary according to the study 

objectives. For instance, to measure the AMLCTF disclosure practices in the UK banking 

sector, the thesis develops a comprehensive AMLCTF disclosure index. The index consists of 

8 categories and 50 items (see Table 5-1). Indeed, the research employs manual content 

analysis to score bank compliance with the index content by an un-weighted approach (if 

the index item is disclosed in the annual report, it receives a score of 1 and 0 otherwise). 

Hence, the AMLCTF disclosure score for each observation is calculated by dividing the total 

actual disclosed item by the total index items. Moreover, Chapter Five: shows the univariate 

data analysis (descriptive statistics) over the time horizon and index categories. Also, it 

displays the results of the AMLCTF disclosure measurement. 

For the second objective, the study examines the determinants of AMLCTF disclosure by 

evaluating the impact of corporate governance mechanisms on AMLCTF disclosure. The 

corporate variables (independent variables) are board size, board independence, audit 

committee size, board gender diversity (board female), big four (big4) audit firms and audit 

tenure. Chapter Six: implements a non-parametric statistical test: Tobit regression analysis 

due to unsatisfying regression assumptions.  

For the third objective, the research evaluates the influence of AMLCTF disclosure 

(independent variable) on bank performance using ROA and ROE as accounting-based 

performance proxies. Chapter Seven: employs a non-parametric statistical test: quantile 

regression analysis due to failure to satisfy regression requirements.  
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In addition, the data variables for Chapters Six and Seven are collected manually from the 

archival annual reports available on the bank's websites, S&P Capital IQ platform, BoardEx 

database, Refinitiv Eikon database and the Companies House Service directory. Both chapter 

analyses include descriptive statistics (univariate analyses), Pearson- and Spearman-

correlation tests (bivariate analyses), checking regression diagnostics (linearity, normality, 

homoscedasticity, multicollinearity and autocorrelation) and conducting regression analyses 

(multivariate analyses). Also, both chapters perform further regression analyses to confirm 

the findings (robust multiple linear regression and lag approach (t-1)). The chapters include 

checking for unusual and influential data, controlling endogeneity, and attempting to treat 

regression issues (performs data winsoristion at 1% and transformation).  

1.6 Research Contributions 

To the best of the researcher's knowledge, this research's potential contributions are as 

follows. First, the study contributes to the existing literature methodology by developing a 

new and comprehensive AMLCTF disclosure index to measure bank disclosure practices in 

the annual reports with the created index (see Table 5-1). This index varies from the earlier 

studies' indices in several manners (see section 5.2). For example, Nobanee & Ellili (2017) 

display an index with a specific category for CTF and another for AML. However, these 

category items are also appropriate for AMLCTF, and the current thesis index content is 

applicable for AMLCTF, not just AML or CTF. Moreover, Siddique et al. (2021) developed an 

AMLCTF index based on only FATF recommendations. Hence, the current research index 

depends on various resources such as the UK laws and regulations and international 

institutions' recommendations and guidelines. This research index content can provide 

insight into the banks' willingness to improve the AMLCTF information in their reporting. 

Second, this thesis contributes to AMLCTF theoretical framework by adopting signalling 

theory to explain the AMLCTF disclosure practices. To the best of the researcher's 

knowledge, prior AML and AMLCTF research does not use this theory to determine the 

disclosure behaviour in the financial sector reporting. 

Third, the thesis contributes to the disclosure literature by presenting new evidence on the 

influence of corporate governance on AMLCTF disclosure. In fact, at the start of this 

research data collection in 2019, no study examined the drivers of AMLCTF disclosure. 
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However, Mathuva et al. (2020) evaluate the impact of four corporate governance variables 

on AML disclosure in the audited annual reports of 15 Kenyan commercial banks between 

2007 and 2017. The results show that board size and audit committee size are the 

determinants of AML information, while the variable: the presence of a stand-alone risk 

committee and big4 auditors, are not affecting the reporting levels. Thus, This study extends 

prior literature interests by exploring the AMLCTF disclosure drivers with six corporate 

variables: board size, board independence, audit committee size, board gender diversity, 

big4 audit firms and audit tenure.  

Fourth, the study promotes the disclosure literature by providing new empirical evidence on 

the impact of AMLCTF declaration on bank profitability. By reviewing the previous literature, 

Murithi (2013) shows that AML compliance positively influences the performance (using 

ROA as a performance proxy) of 31 commercial banks in Kenya between 2009 and 2013. In 

contrast, Nobanee & Ellili (2017) find an insignificant relationship between AMLCTF 

disclosure and the profitability (ROE) of 71 banks in the UK between 2009 and 2013. 

Similarly, Nobanee & Ellili (2018) express an insignificant association between AML 

disclosure and the earnings (ROE) of 176 banks in the UAE from 2003 to 2013. Therefore, 

this thesis extends the earlier research by providing new empirical evidence of the economic 

consequences of AMLCTF disclosure by using ROA and ROE as proxies for bank performance.   

1.7 Summary of Empirical Findings 

According to the thesis objectives, the results in Chapter Five: show that AMLCTF disclosure 

increased between 2015 and 2019 (see Figure 5-1), and the disclosure score average is 

higher than prior work by Nobanee & Ellili (2017) for the UK bank. Furthermore, the 'Risk 

Context' category obtains the highest disclosure score, whereas the Know Your Customers 

(KYC) category holds the lowest score. 

The findings in Chapter Six: indicate that board independence, audit committee size and 

board gender diversity (board female) are the determinants of AMLCTF disclosure. These 

outcomes match Mathuva et al. (2020) analysis output for the drivers of AML disclosure 

only regarding the audit committee size. Forward, Chapter Seven: results show that AMLCTF 

information negatively influences bank performance. 
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1.8 Structure of the Thesis 

This thesis consists of 8 chapters. Chapter One: (Introduction) provides an overview of the 

research alongside the study motivations, aim and objectives, questions, hypotheses, 

methodology, contributions, and empirical findings.  

Chapter Two:  (The AMLCTF Conceptual and Theoretical Framework) covers the AMLCTF 

conceptual framework and the UK AMLCTF regime, including the supervisors, law 

enforcement authorities and prosecution agencies. The chapter represents some key points 

that may assist in improving financial firm compliance with the AMLCTF laws and 

regulations. Further, it shows several international institutions that work to combat ML and 

TF's risk worldwide. The chapter discusses the theoretical research framework by focusing 

on agency, signalling, crying wolf, transparency-stability, transparency-fragility and 

economic theories.  

Chapter Three: (Literature Review and Hypotheses Development) explains the AMLCTF 

disclosure measurement in prior studies. It highlights the earlier studies' exploration of the 

AMLCTF determinants and economic consequences. The chapter illustrates the 

development of the thesis hypotheses from H3.1 to H3.9.  

Chapter Four:  (Research Methodology) outlines the research philosophy, approach, 

strategy, methodological choice and time horizon. It clarifies the study techniques and 

procedures of sample collection, AMLCTF disclosure measurement, and statistical analysis 

models. 

Chapter Five:  (The AMLCTF Disclosure Measurement and Scoring) shows the AMLCTF 

disclosure index construction and scoring. Also, it demonstrates the validity and reliability of 

tests conducted for index construction and disclosure measurement. The chapter points to 

the AMLCTF disclosure results and exhibits the declaration scores by year and index 

categories. 

Chapter Six: (Empirical Findings of the Determinants of the AMLCTF Disclosure) includes the 

thesis results regarding the impact of corporate governance mechanisms on AMLCTF 

disclosure. The chapter shows the descriptive statistics, correlation test, regression 

diagnostics, regression results and controlling endogeneity procedures.  
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Chapter Seven:  (Empirical Findings of the AMLCTF Disclosure Economic Consequences) 

includes the research results on the relationship between bank performance and AMLCTF 

disclosure. The chapter displays the study's descriptive statistics, correlation test, regression 

diagnostics, regression results and endogeneity treatment methods. 

Chapter Eight: Chapter Eight: (Conclusion) summarises the research by pointing to the 

findings and conclusions. It shows the study's implications, limitations and future research 

avenues. 

The next chapter covers the AMLCTF conceptual and theoretical framework. 
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Chapter Two:  The AMLCTF Conceptual and Theoretical 

Framework 

2.1 Overview 

The current chapter discusses the conceptual framework of AMLCTF disclosure. Also, it 

provides an overview of the AMLCTF regime in the UK, including the laws and regulations. It 

highlights the international organisations' efforts to combat financial crimes. Besides, the 

chapter explains the theoretical framework of AMLCTF reporting by focusing on agency, 

signalling, crying wolf, transparency-stability, transparency-fragility and economic theories. 

2.2 The AMLCTF Conceptual Framework 

Linking the concept of AMLCTF disclosure to a firm context is likely to be described as 

reporting the firm practices in fighting against ML and TF activities (Nobanee & Ellili, 2017; 

Siddique et al., 2021). Although ML has many definitions in prior literature, the simplest one 

is transforming dirty money into clean money (Buchanan, 2018; Kemal, 2014). Therefore, 

AML deals with mitigating the risk of ML. AML is defined as preventing the launders from 

transferring and concealing illegal sources of funds by placement in lawful financial schemes 

(Financial Action Task Force, 2022b; McDowell & Novis, 2001; Nobanee & Ellili, 2017; 

Teichmann, 2019). Actually, the Guardian is the first who introduces the concept of ' money 

laundering' in 1973 through the Watergate Scandal to explain the illegitimate campaign 

funds used to re-elect US President Richard Nixon and transfer the funds from the US to 

Mexico and then return to the US by a firm in Maimi (Reganati & Oliva, 2018; Schneider & 

Windischbauer, 2008; Simwayi & Guohua, 2011). Besides, FATF defines ML as the process of 

concealing the sources of illegitimate proceeds that allow the criminal to enjoy illicit 

operations profits without risking their original sources (Financial Action Task Force, 2022b, 

2022e). 

Similarly, there is no specific definition for TF in previous literature. The IMF describes the TF 

as the funds utilised by terrorists to perform terror attacks (International Monetary Fund, 

2022b). Indeed, CTF deals with combating the TF hazard (Bures, 2012). Also, the concept of 

CTF is referred to the process of stopping terrorists from transferring legal sources of funds 

within the legitimate financial system to perform illegal activities (Nobanee & Ellili, 2017; 
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Teichmann, 2019). Thus, the term CTF is subject to international attention, especially after 

the Al-Qaida terror attacks in the US on September 11, 2001.  

Moreover, ML and TF differ in their processing within the financial system. Traditionally, the 

ML process spreads through three stages: placement, layering and integration (Friedrich & 

Quick, 2019; Seymour, 2008; Simwayi & Guohua, 2011; Teichmann, 2019; Whisker & 

Lokanan, 2019). First, placement is to allocate the illicit fund in the financial system. Second, 

layering indicates the repeated movement of the laundered fund in the financial system to 

obscure its trace. Finally, integration is when the illicit origin fund appears to be legitimate 

economic circulation.  

Similarly, the TF process acquires three phases: raising, storing and transferring, and using 

funds (Australian Transaction Reports and Analysis Centre, 2014). The first phase: raising 

funds, deals with obtaining funds from legitimate sources (charities, lawful businesses and 

self-funding) and criminal proceeds (drug trafficking, credit card and cheque fraud and 

extortion) (Financial Action Task Force, 2008). The second phase is storing and transferring 

funds. It involves keeping the funds within the legal system and then moving them 

physically through official channels such as the financial sector, trading, charities, and non-

profit organisations (United Nations, 2022). The last phase is using funds. It focuses on 

financing the terrorist networks and groups for performing the crime, such as getting 

weapons, bomb materials and other terrorist expenditures.  

Accordingly, ML and TF threaten the strength of the financial system. In addition, both 

crimes are likely to fall under the legitimate appearance in several forms: real estate, 

derivatives, luxury vehicles and goods, casinos, trade, donations, social media fundraising, 

virtual currencies, and charities. Also, these crimes occur under illegal sources in the form of 

fraud, embezzlement, drug trafficking, smuggling, theft, and kidnappings (Bures, 2012; 

Teichmann, 2019). 

Consequently, ML and TF mechanisms are associated with fragile financial sector systems 

that facilitate the available services for illegal means. Criminals often threaten the banking 

industry more than other business entities due to the banks' ability to provide various 

services and products that criminals may use to hide their illegal operations. These services 

and products may be in the form of money transfers, currency exchange, deposits, loans, 
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cryptocurrencies and electronic payments (Levi, 2015; Pramod, Li, & Gao, 2012; Simwayi & 

Guohua, 2011; Whisker & Lokanan, 2019). Using these facilities to perform successful ML 

and TF operations has several negative consequences. First, it raises crime numbers and 

criminal wealth after acquiring the illicit proceeds of a lawful nature and enjoying the 

returns generated from ML and TF by investing in massive businesses (Murray, 2018). 

Second, it increases corruption that promotes ML and TF, as Mugarura (2016) and Schneider 

& Windischbauer (2008) find that ML and corruption are correlated, and each is a sequence 

for the other one. Third, it impacts the country's AMLCTF assessment and ranking within 

professional institutions reports such as the BAMLI (Basel Institute on Governance, 2021). 

Fourth, it risks the nation's reputation, which is likely to influence investment rates 

adversely based on the cost of risk exposures and individual wealth subject to in-depth 

assessment when the connection occurs to a high-risk economy (Simonova, 2011). Fifth, it 

affects financial firms' performance and macroeconomic stability (Aish et al., 2021; 

Schneider & Windischbauer, 2008). 

In addition, after September 11, 2001, the ML concept extended to include TF due to the 

negative impacts of both crimes on the financial sector and global economic stability 

(International Monetary Fund, 2021). Accordingly, a new field opened for AMLCTF that leads 

financial firms to work hard to enhance their efforts against ML and TF and secure their 

financial system through implementing effective AMLCTF policies. Indeed, banks' 

compliance with AMLCTF laws and regulations protects the shareholders' interest, attracting 

the investors' confidence and clients' attention to the banks’ safeguarding practices 

(Mathuva et al., 2020). Therefore, one of the techniques to display firms' compliance is to 

disclose the AMLCTF information within annual reports to improve their transparency 

(Mathuva et al., 2020; Nobanee & Ellili, 2018, 2017; Siddique et al., 2021). Indeed,  AML and 

CTF are two sides of a single coin by most AMLCTF disclosure studies due to including AML 

indices items related to CTF (Mathuva et al., 2020; Nobanee & Ellili, 2018, 2017; Siddique et 

al., 2021). For example, Nobanee & Ellili (2018) and Mathuva et al. (2020) AML indexes 

obtain TF items within the technology category (other anti-terrorism financing software) 

and know your customer category (blacklisted extremist/terrorist organisations and 

individuals). Subsequently, this research examines the AMLCTF disclosure extent within the 
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UK banks' annual reports by constructing a new AMLCTF index and investigating the 

disclosure determinants and economic consequences. 

2.3 The UK's AMLCTF Regime 

This section shows the historical development of the UK's AMLCTF regime and highlights the 

disclosure involvements within the laws and regulations. The efforts of the UK government 

in fighting against TF appear earlier than combating ML via statutory instruments. For 

example, the term 'terrorism' appears clearly in the Prevention of Terrorism (Supplemental 

Temporary Provisions) Order 1974  (POTO1974). This Order provides the examining officer 

with the power to investigate the travelling passengers through the UK seaports, hoverports 

and airports (The Parliament of the United Kingdom, 1974).  

In contrast, the UK's concerns to combat ML occur in the primary legislative titled the 

Money Laundering Regulations 1993 (MLR1993). The regulation adopts the first European 

Union (EU) ML Directive, which is established in 1990 and obtains the FATF 

recommendations. The MLR1993 focuses on ML and TF activities for banks and banking 

financial services (The Parliament of the United Kingdom, 1993). It insists on placing ML 

systems to determine criminal operations and support legitimate authorities. However, the 

disclosure of crime within MLR1993 arises in a few sections, such as (1) identification 

procedures, transactions on behalf of another, (2) internal reporting procedures, and (3) 

supervisors etc. to report evidence of money laundering. In the MLR1993, the disclosure 

shows up slightly compared to the Prevention of Terrorism, where disclosing the 

information is not specified certainly through the Act contents.  

Several years later, the Terrorism Act 2000 (TA2000) is issued to replace the Prevention of 

Terrorism after a long period of amendments between 1974 and 2000. This Act defines 

terrorism on a broad scale, not just focusing on investigating the travelling passengers. The 

TA2000 provides the examining authorities with the power to stop and investigate who is 

suspected to be a terrorist (The Parliament of the United Kingdom, 2000). Also, within the 

TA2000, the disclosure of the information is explained more than in prior Acts that remain 

without specific disclosure requirements. The disclosure details are mentioned through 

numerous sections such as (1) disclosure of information: duty, (2) disclosure of information: 

permission, (3) cooperation with police, (4) penalties, (5) powers, (6) financial information, 
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(7) disclosure of information, &c., (8) independent assessor of military complaints 

procedures, and (9) evidence.  

However, the TA2000 is amended by the Anti-terrorism, Crime and Security Act 2001 

(ATCSA2001) after the 11th September terrorist attack. This Act asserts securing the firms' 

resources that are likely to be targeted by criminal activities (The Parliament of the United 

Kingdom, 2001a). Furthermore, the ATCSA2001 allocates a special Part with its sections for 

disclosing information, unlike the previous Acts that only maintain declarations through the 

heading sections. Also, in the same year (2001), the Money Laundering Regulations 2001 

(MLR2001) is introduced to replace MLR1993. It focuses on the financial services firms' 

registrations and commissioners' power and penalties for non-compliance with the 

regulation (The Parliament of the United Kingdom, 2001b). Indeed, the disclosure 

requirement is absent within the MLR2001.  

Similarly, in 2001, the EU is eager to announce its second ML Directive responding to FATF 

recommendations amendments, which has expanded the function of service professionals 

to include individuals offering services like auditors, accountants, analysts and agents. 

Accordingly, the UK implements the second ML Directive through the Proceeds of Crime Act 

2002 (POCA2002). The POCA2002 clarifies the offence toward bringing ML, including all 

forms of acquiring and circulating illegal proceeds (The Parliament of the United Kingdom, 

2002). Through the POCA2002, the disclosure appears under two parts: ML and 

investigations. ML turns up specifically within the Act parts, while TF points it out generally 

in the statutory instrument. Also, the POCA2002 represents ML and TF declaration 

requirements more comprehensively than earlier Acts. This Act guides the financial sector to 

obtain effective controlling policies.  

In the following year, 2003, the UK’s effort continue to combat ML and TF by employing the 

EU's second ML Directive and releasing the Money Laundering Regulations 2003 (MLR2003), 

which replaces MLR2001. This regulation explains the obligations of individual businesses in 

the UK related to ML, the registration of money service providers and high-value dealers, 

and supervisory authority disclosures (The Parliament of the United Kingdom, 2003a). 

Regarding the declaration requirements, the MLR2003 shows minimal attention to 

disclosing the information in the sections of internal reporting procedures and supervisory 

authorities etc. to report evidence of money laundering. Also, the UK circulates at the same 
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period, the MLR2003 amendment for businesses in the regulated sector and supervisory 

authorities in the TA2000 Order 2003 and the POCA2002 Order 2003 (The Parliament of the 

United Kingdom, 2003b, 2003c). However, the disclosure of information involvement is 

absent in both Acts' modifications.  

Two years later, the Serious Organised Crime and Police Act 2005 (SOCPA2005) is issued to 

identify the role of the Serious Organised Crime Agency (SOCA). Further, the SOCPA2005 

displays new offences and provisions related to arresting powers and guardians' 

compensation (The Parliament of the United Kingdom, 2005). Indeed, the Act provides 

amendments to the POCA2002. Besides, the SOCPA2005 details the ML disclosure 

procedures by investigatory authorities, the main contents of the reporting notice and 

points to ML form and manner of disclosures through the statutory part 2 of investigations, 

prosecutions, proceedings and proceeds of crime. Nevertheless, the request for declarations 

appears intensive only to ML activities.  

A year later, the UK issues the Terrorism Act 2006 (TA2006), which represents new offences 

of terrorism after the London bombings on July 2, 2005. The offences are linked to terrorism 

encouragement, publications, preparations for terrorist action and training of criminals (The 

Parliament of the United Kingdom, 2006). The TA2006 amends the terrorism means under 

the TA2000 and highlights the disclosure notice role in investigating terrorist operations in a 

few sections within Act part 1 for offences (section: increase of penalties and incidental 

provisions about offences)  and part 2 of miscellaneous provisions (section: other 

investigatory powers).  

Although the EU declares the third ML Directive in 2005 with advanced concerns about 

Customer Due Diligence (CDD) and risk-based approach, the UK employes the Directive in 

2007 by publishing the Money Laundering Regulations 2007 (MLR2007) to replace MLR2003 

for the financial service sector. It concerns about CDD requirements and CDD non-

compliance penalties (The Parliament of the United Kingdom, 2007a). The regulation states 

the disclosure obligations within all its parts in different sections, such as (1) simplified due 

diligence, (2) policies and procedures, (3) duties of supervisory authorities, (4) entry, 

inspection without a warrant etc., (5) powers of relevant officers, and (6) obligations on 

public authorities. In the same year, the TA2000 and POCA2002 (Amendment) Regulations 

2007 is issued to update the TA2000 and the POCA2002. Hence, the modifications mainly 
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concentrate on the disclosure of terrorism and ML that is associated with arrangements, 

reasonable justifications for disclosure failures, reporting to SOCA and permitted 

declarations (The Parliament of the United Kingdom, 2007d). Likewise, the UK updates the 

TA2000 Order 2007 and the POCA2002 Order 2007 for business in the regulated sector and 

supervisory authorities (The Parliament of the United Kingdom, 2007b, 2007c). Whereas the 

disclosure obligation slightly occurs within the explanations of the regulated sector in both 

statutory instruments.  

Then, the Terrorist Asset-Freezing etc. Act 2010 (TAFA2010) become into force in 2010. It 

employs the UN Security Council Resolution 1373. The TAFA2010 strengthens the UK 

Treasury's authority to freeze the assets that belong to ML and TF crimes (The Parliament of 

the United Kingdom, 2010). It maintains minimal information about disclosures within the 

section of disclosure of information by Treasury. Moreover, in 2013, a new law appears 

under the title of the Crime and Courts Act 2013 (CCA2013), which introduces the National 

Crime Agency (NCA) and replaces the SOCA (The Parliament of the United Kingdom, 2013). 

The CCA2013 explains the NCA officers, duties and inspection scopes. Also, it defines the 

agency's power in handling the investigation of ML and TF issues and preventing serious and 

organised crimes. Similarly, the CCA2013 indicates the role of courts and justice in the UK 

and their connections with controlling crime. However, the Act refers to minor information 

attached to the disclosure of ML compared to TF. Forwards, in 2015, the Serious Crime Act 

2015 (SCA2015) is issued. It consists of new powers to tackle serious, organised and gang-

related crimes for England and Wales only (The Parliament of the United Kingdom, 2015). It 

also covers the disclosure in various parts, such as (1) proceeds of crime, (2) computer 

misuse, and (3) protection of children and others. The SCA2015 contains updates for 

POCA2002 and clarifies civil liability exemptions when authorised institutions make ML 

declarations in good faith.  

Furthermore, in 2015, the EU approves the fourth ML Directive, which gives more 

consideration to CDD, third-party performance, beneficial ownership information, risk 

assessment and Politically Exposed Persons (PEPs). The UK adopts the Directive provisions in 

2017 via publishing the Money Laundering Regulations 2017 consultation (HM Treasury, 

2017). Hence, the consultation involvement brings the establishment of the Money 

Laundering, Terrorist Financing and Transfer of Funds (Information on the Payer) 
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Regulations 2017 (MLTFTFR2017). This regulation maintains amendments to previous laws 

and regulations, including modifications for the TA2000 and POCA2002 (The Parliament of 

the United Kingdom, 2017b). It targets financial services businesses with additional 

attention to ML and TF risks and transfer of funds providers, together with information, 

investigation, and directions under the power of the law authorities. The regulation updates 

CDD measures, reliance and record-keeping and beneficial ownership information. The 

MLTFTFR2017 combines ML and TF in one title, unlike earlier laws and regulations, which 

only point to one of the crimes (ML or TF). The title is likely giving the regulation more value 

and concentration. Besides, it explains ML and TF disclosures in several sections, such as 

internal controls, duties of supervisory authorities, and suspicious activity disclosures.  

Further, in the same year, 2017, the UK publishes the Criminal Finance Act 2017 (CFA2017), 

which comprises amendments to the POCA2002, provisions for terrorist property and 

corporate offences for tax evasion (The Parliament of the United Kingdom, 2017a). The Act 

affords advanced power to trace ML, TF and corruption activities and protect the public 

purse. Regarding ML and TF information, disclosure obligations frequently occur through 

the Act sections of disclosure orders, requests, and notifications.  

In 2018, the UK introduces the Sanctions and Anti-Money Laundering Act 2018 

(SAMLA2018) as a new framework after exiting the EU in 2020 (The Parliament of the 

United Kingdom, 2018). This Act assists in complying with the United Nations, international 

obligations and FATF recommendations via defining and employing extensive ML and TF 

sanctions. It extends the power of legal authority in detection and investigation to protect 

the global financial systems’ integrity. The SAMLA2018 shows limited concerns for crime 

disclosure under the section of contents of sanctions regulations: further provision, and 

schedule 2: money laundering and terrorist financing etc.  

After that, the UK declares Money Laundering and Terrorist Financing (Amendment) 

Regulations 2019 (MLTFR2019) to amend the MLTFTFR2017 and the other legislative such as 

TA2000 and POCA2002 (The Parliament of the United Kingdom, 2019b). The MLTFR2019 

implements the EU fifth ML Directive, which prevents utilising the financial system for ML 

and TF by improving the transparency measures, CDD regime linked with high-risk countries, 

power of supervisory authorities and scope of aspects subject to crime, including virtual 

assets and prepaid cards. Therefore, the UK employs the 5th Directive areas through the 
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MLTFR2019. Also, the MLTFR2019 is concerned about the disclosure within the amendment 

sections, for example, the amendment of part 2: ML and TF, and the amendment of part 6: 

supervision and registration. Also, in 2019, the Counter-Terrorism and Border Security Act 

2019 (TFBSA2019) is circulated to safeguard the UK ports and borders from terrorist actions 

(The Parliament of the United Kingdom, 2019a). It improves terrorism offences, 

punishments and controls. Indeed, the disclosure requirement is very low within the law 

schedules (SCHEDULE 3 – Border security). 

Next, in 2020, the UK government amends the MLTFTFR2017 for the Brexit transition period 

by announcing the Money Laundering and Terrorist Financing (Amendment) (EU Exit) 

Regulations 2020 (MLTFEUER2020). The regulation focuses on the risk of ML and TF 

associated with the UK exiting the European Union by offering updates to enhance due 

diligence determination and KYC checks (The Parliament of the United Kingdom, 2020). In 

contrast to the MLTFTFR2017, the MLTFEUER2020 attains minimum disclosure obligations in 

the beneficial ownership information section. After that, the UK government places a law 

titled the Counter-Terrorism and Sentencing Act 2021 (CTSA2021) to manage the sentences 

related to terrorism (The Parliament of the United Kingdom, 2021). Also, the law shows 

further explanations for terrorism offences. The CTSA2021 expresses the intention of the 

disclosures within part 3, which is allocated for preventing and investigating terrorism. 

Nevertheless, the UK issues amendments to the MLTFTFR2017 Statutory Instrument 2022 

consultation in 2021 to ensure that ML and TF legislation meet the FATF standards (HM 

Treasury, 2021).  

Moving on to 2022, the current year of the research, the Money Laundering and Terrorist 

Financing (Amendment) Regulations 2022 (MLTFR2022) is represented to the public and 

contains amendments to the MLTFTFR2017 and the MLTFEUER2020 (The Parliament of the 

United Kingdom, 2022b). In contrast, disclosure concerns are absent across the law sections. 

Also, the Economic Crime (Anti-Money Laundering) Levy Regulations 2022 is introduced as 

new legislation that imposes levy payment as a fixed fee to help the government toward 

AML (The Parliament of the United Kingdom, 2022a). The tax is decided upon the size band 

of the entity regulated for AML under the MLTFTFR2017, which is determined based on 

their UK revenue. On the other hand, the regulation does not specify the disclosure 

obligations. 
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Overall, Figure 2-1 summarises the historical development of the AMLCTF regime for the UK 

from 1974 to 2022.  

Figure 2-1 Historical development of the UK AMLCTF regime 
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Besides, the Joint Money Laundering Steering Group (JMLSG) is a private that distributes 

financial sector guidance to assist the UK firms in understanding and complying with the ML 

and TF Regulations (Joint Money Laundering Steering Group, 2020; Leong, 2007). The UK is 

working hard to issue effective laws and regulations to mitigate the risks of ML and TF and 

provide additional powers to supervisors, law enforcement authorities, and prosecution 

agencies. The following subsections explain these powers in detail.  

2.3.1 The AMLCTF Supervisors 

The UK's Financial crime supervisors include Her Majesty's Revenue and Customs (HMRC), 

the Financial Conduct Authority (FCA), the Gambling Commission, and other 22 professional 

entities supervised by the Office for Professional Body Anti-Money Laundering Supervision 

(OPBAS) (HM Treasury, 2020b). All supervisors work together to reduce ML and TF hazards 

and assess firms' compliance with the UK legislation. However, these supervisors vary in 

their responsibilities and the scope of their work. This is summarised in five points as 

follows. 

(1) the HMRC is accountable for issuing AMLCTF guidance and defining non-compliance 

sanctions. It supervises several entities, such as financial service firms, high-value dealers, 

letting agents, accountancy, trust and company service providers (HM Treasury, 2020b). 

Also, under HMRC, Fraud Investigation Service (FIS) conducts the crime assessment with the 

suspected criminals and gives the HMRC investigators permission to access the properties 

(HM Treasury, 2020b).  

(2) the Financial Conduct Authority (FCA) is the financial sector regulator and plays a major 

role in ensuring financial system integrity. It is considered a supervisor and a law 

enforcement authority that can levy penalties for ML and TF breaches. The FCA oversee the 

credit and financial industry, including the UK banks and crypto-assets firms (HM Treasury, 

2020b). At the same time, the OPBAS oversight 22 Professional Body Supervisors (PBSs) of 

the legal and accountancy division registered under the FCA. 

(3) the  OPBAS is responsible for developing AMLCTF supervision standards and assessing 

the PBSs which are practising high supervision roles. Also, it promotes intelligence and data 

accessibility between the PBSs, other supervisors and law execution bodies (Financial 
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Conduct Authority, 2021; HM Treasury, 2020b). The OPBAS works parallel to the FCA and 

checks compliance with the ML and TF regulations.  

(4) the Gambling Commission fights ML and TF operations that arise from illicit gambling 

and implements fines for breaking the legislation (HM Treasury, 2020b). In addition to its 

supervisory function, it is a law enforcement body and incorporates with other 

implementation units for investigation purposes. It supervises the commercial gaming 

sector consisting of lotteries, casinos, playing devices and others (HM Treasury, 2020b).  

(5) the Charity Commission for England and Wales, the Charity Commission for Northern 

Irland, and the Office of the Scottish Charity Regulators are supervisors for the UK's 

regulated charities within their areas (HM Treasury, 2020b). They support safeguarding 

charities' funds by examining the suspected actions and working alongside law enforcement 

authorities to protect charities from ML and TF abuses.  

(6) the Prudential Regulation Authority (PRA) is the Bank of England prudentially and 

collaborates with FCA  to set the prudential standards and supervise the UK individual 

financial service firms to ensure their reputation and safeness (HM Treasury, 2015). 

2.3.2 The AMLCTF Law Enforcement Agencies 

There are numerous law enforcement authorities in the UK. Although Home Office is 

responsible for fighting terrorism policies with other entities, the NCA is a primary law 

enforcement authority for serious and organised crime in England and Wales (HM Treasury, 

2020b). The NCA tackles the criminals' prohibited matters and has the power to intelligence 

system, investigate, arrest and freeze assets subject to suspicion of crimes. In 2018, the NCA 

represents the National Economic Crime Centre (NECC), which consists of multiple deputies 

to prevent economic crimes and secure the financial services industry (National Crime 

Agency, 2022). Those deputy members are from the NCA, FCA, City of London Police, HMRC, 

Crown Prosecution Service, Cabinet Office, Home Office, Serious Fraud Office  (SFO), and 

Foreign, Commonwealth and Development Office. Besides, the NECC is hosting the Proceeds 

of Crime Centre and the Expert Laundering Evidence to extend its understanding and 

expertise to complex ML and TF issues (HM Treasury, 2020b).  

Nevertheless, the UK Financial Intelligence Unit (FIU) is a division of the NCA. It is placed 

within the NECC. The FIU obtains, evaluates and shares the Suspicious Activity Reports 
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(SARs) under the SARs framework (HM Treasury, 2020b). The information affords 

knowledge of the ML and TF risks that AMLCTF supervisors and law enforcement agencies 

utilise to follow criminal operations and reduce their profits. Moreover, the UK is keen to 

improve the FIU functions through its membership in the international Egmont Group of 

Financial Intelligence Units (HM Treasury, 2020b). 

Another enforcement authority for AMLCTF is the police forces overall the UK, which 

support the NCA and have the strength to perform the investigations. These forces are the 

Scottish Police Authority, the Police Service of Northern Ireland, the City of London Police 

and the Metropolitan Police Service, and the Police and Crime Commissioners, which 

supervise the police forces in England and Wales (HM Treasury, 2020b). Also, the last two 

forces (England and Wales) are involved in establishing the Regional Organised Crime Units 

to conduct special examinations in particular regions and assist the NCA and national forces 

in mitigating the crimes (HM Treasury, 2020b). Further, the Regional Organised Crime Units, 

including the Regional Economic Crime Unit, are liable for confiscating illegal assets. Besides, 

the Border Force is a part of the Home Office and is accountable for securing the UK borders 

by assessing the entering assets to the UK (HM Treasury, 2020b). 

Additionally, the HMRC and the FCA are supervisors and law enforcement bodies 

simultaneously. The HMRC explores tax fraud and its relationship with ML, while the FCA 

evaluates the firms' compliance per the legislation (HM Treasury, 2020b). The last legal 

enforcement authority is the SFO. It deals with serious fraud operations related to ML and 

consists of lawyers and financial examiners (HM Treasury, 2020b).  

2.3.3 The AMLCTF Prosecution Agencies 

There are several prosecution agencies of ML and TF in the UK. One of these authorities is 

the Crown Prosecution Service in England and Wales assesses and reviews the illegal cases 

carried out by law enforcement bodies and provides them with related advice upon the 

investigations (HM Treasury, 2020b). It delivers the suits to the court and issues confiscation 

orders. It supports international prosecution bodies in enforcing confiscation requests. 

Another prosecution agency is the Public Prosecution Service Northern Ireland which is keen 

to examine the illicit circumstances brought via the NCA, the HMRC and the police in 

Northern Ireland (HM Treasury, 2020b). Moreover, the Crown Office and Procurator Fiscal 
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Service is accountable for prosecuting and inspecting crimes in Scotland (HM Treasury, 

2020b).  

In addition to their law enforcement duties, the FCA and SFO have also considered 

prosecution authorities. The FCA is responsible for checking ML operations by the laws and 

regulations of all the registered entities under the FCA (HM Treasury, 2020b). It has the 

power to prosecute criminals, conduct confiscation investigations and decide the action to 

take with the convicted offence (HM Treasury, 2020b). It is eligible to proceed with ML 

assessments locally and internationally with the assistance of lawful financial examiners and 

POCA2002 lawyers (HM Treasury, 2020b). Similarly, the SFO is liable to assess and prosecute 

serious and complex fraud, including national and global ML issues (HM Treasury, 2020b). 

The SFO team includes forensic accountants, intelligence experts, examiners and lawyers to 

deal with complicated cases. 

Furthermore, the UK AMLCTF efforts are not limited to issuing the laws and regulations and 

defining the AMLCTF supervisors, law enforcement authorities and prosecution agencies but 

extend to assessing and determining the risk of financial crimes within the country. The UK 

published its first National Risk Assessment (NRA) of ML and TF in 2015. The report 

represents the assessment methodology and the findings to help the UK government and 

the other concerned agencies to view the financial crime hazard and the techniques used to 

prevent the illegalities (HM Treasury, 2015). The outcomes point out that the banks' risk is 

the highest compared to other service providers, and ML and TF activities threaten the 

combating crime regime in the UK (HM Treasury, 2015). Equally, the results of the second 

NRA in 2017 and the third NRA in 2020 remains the same to a large extent and keeps the UK 

banking sector attractive to criminals (HM Treasury, 2020b).  

Besides, the SARs annual report shows the level of suspicious activities statistically 

according to the submitted documents that require further investigations by the NCA 

(Financial Conduct Authority, 2015b; Norton, 2018). The UK FIU and NCA analyse the 

disclosure cases and deliver them to the law enforcement authorities for examination and 

taking action. As per SARs annual report 2020, total SARs is increased by 20% compared 

with the last period of 2019 (National Crime Agency, 2020). The report shows that the 

defence for AML increased by 81%, while the defences of CTF raised by 10% (National Crime 
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Agency, 2019, 2020). In addition, the SARs annual reports for 2020 and 2019 express that 

SARs are the highest for banks (National Crime Agency, 2019, 2020).  

2.3.4 Compliance with AMLCTF Regulations 

The FCA and the JMLSG insist that understanding the threats of ML and TF operations 

surrounding the business context and compliance with AMLCTF laws and regulations helps 

mitigate financial crime risks (Financial Conduct Authority, 2015a; Joint Money Laundering 

Steering Group, 2020). Therefore, financial firms, including the banks that the FCA regulates, 

are required to comply with ML and TF laws and regulations up to the new amendments. 

Also, the JMLSG publishes AMLCTF guidance to assist the UK firms in implementing and 

complying with the regulations (Joint Money Laundering Steering Group, 2020). Moreover, 

the FCA and the JMLSG recommend focusing on some key points to improve firms' efforts in 

combating ML and TF (Financial Conduct Authority, 2015a, 2015b, 2016; Joint Money 

Laundering Steering Group, 2020).  

The first key point is governance. This point deals with the senior management’s obligations 

to enhance the AMLCTF framework, including defining reporting lines, meeting mitigating 

crime purposes by disclosures, receiving regular Money Laundering Reporting Officer 

(MLRO) reports, and checking clients’ risks (Financial Conduct Authority, 2016). Indeed, prior 

studies find that good governance reduces the pervasiveness of ML and crime rates 

(Habibullah et al., 2016; Vaithilingam & Nair, 2007).  

The second is the MLRO, which assesses the firm's compliance based on the available 

resources and the officer's knowledge and expertise (Financial Conduct Authority, 2016). 

Prior studies state that the UK MLTFTR2017 identifies the role of MLRO in determining and 

reporting illegal transactions to law enforcement bodies (Ebikake, 2016). 

The third is the risk-based approach that focuses on risk assessment (Joint Money 

Laundering Steering Group, 2020). This point requires an effective system and controls to 

assist in defining the risk areas and examining the firm's operations daily (Financial Conduct 

Authority, 2016). Indeed, banks are engaged in evaluating risk exposures by assessing 

customers' backgrounds and understanding their requested products and services that 

might be linked to suspicious actions (Boles, 2015). Accordingly, the firms are required to 

submit SARs forms to NCA to alert the law enforcement authorities to proceed with their 
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investigations and check the suspicion reality (HM Treasury, 2020; Joint Money Laundering 

Steering Group, 2020).  

The fourth is customer context which includes checking the KYC, CDD, enhanced due 

diligence and source of wealth and funds. This key point involves verifying client identity, 

firm relationship with PEPs, accepting high-risk accounts and tracking customer payments 

(Financial Conduct Authority, 2016).  

The fifth is policies and procedures. This key point reflects the firms' keenness to comply 

with AMLCTF regulations and employ effective AMLCTF programmes to support their 

competence in preventing and detecting criminal activities at the right time and keeping the 

followed policies and techniques updated (Financial Conduct Authority, 2015a). Besides, this 

point represents firms' behaviours in monitoring, record keeping and conducting reliance 

checks by others (Financial Conduct Authority, 2016; Joint Money Laundering Steering 

Group, 2020). 

The Sixth is recruitment, vetting, training, awareness, and remuneration. This key point 

includes appointing qualified staff and scheduling regular AMLCTF training programmes to 

develop employees' knowledge, skills, and experiences (Joint Money Laundering Steering 

Group, 2020). Moreover, this point implies considering the remunerations upon personnel 

abilities and continuous checking employees’ financial abuses (Financial Conduct Authority, 

2015a). Indeed, Kemal (2014) shows a significant relationship between staff training and 

predicting ML in the banking sector of Pakistan.  

Therefore, the above proposed key points indicate the firm's compliance with the UK ML 

and TF regulations. Nevertheless, each point requires a level of disclosure in annual reports 

which is not specified. The uncertainty level of AMLCTF leads to diverse reporting practices 

among financial firms, and the declaration extent remains ambiguous unless the regulators 

find a method to improve the disclosures. On the other hand, non-compliance is likely to 

impose significant financial penalties and detention and carry out reputational damages. For 

instance, the POCA2002 part 7 expresses that the imprisonment period is not exceeding 14 

years (The Parliament of the United Kingdom, 2002). In addition, the FCA places on their 

website the name of firms or individuals that are fined during a calendar year and shows the 

amount and reason for their breaches. For example, in 2022, Barclays Bank Plc receives a 
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fine of £783,800 due to financial crime breaches (Financial Conduct Authority, 2022). 

Accordingly, firms must comply with the ML and TF laws and regulations to protect 

themselves and avoid regulatory punishments (Bello, 2017). 

2.4 The AMLCTF International Professional Bodies 

Fighting ML and TF is not limited to a specific nation, but the initiative to prevent the 

potential of financial crimes and their impacts on the world economy is a global 

requirement. Besides, several international organisations take part in combating ML and TF 

risks. The following subsections show some of these international AMLCTF institutions. 

2.4.1 Financial Action Task Force (FATF) 

International awareness against ML and TF increases with the foundation of the FATF by the 

G-73 countries in 1989, responding to the risks surrounding financial organisations, primarily 

the banking sector (Mekpor et al., 2018). As a sequence, the FATF establishes valuable 

standards, guidelines, and measures for AMLCTF. Also, the FATF annual reports provide an 

overview of its achievements. In 1990, the first issue of FATF includes 40 recommendations 

for AML, and it extends a further 8 and 9 special recommendations correspondingly in 2001 

and 2004 to CTF (Financial Action Task Force, 2018b). In addition, the FATF reviews and 

updates the recommendations regularly to ensure the best AMLCTF practices (Financial 

Action Task Force, 2022c). For example, an update of March 2022 classifies FATF's 40 

recommendations into seven areas (Financial Action Task Force, 2022a): (1) AMLCTF policies 

and coordination; (2) ML and confiscation; (3) TF and financing of proliferation; (4) 

preventive measures; (5) transparency and beneficial ownership of legal persons and 

arrangements; (6) power and responsibility of competent authorities and other institutional 

measures; and (7) international cooperation.  

Furthermore, the UK is a part of the FATF establishment and has been a member since 1990 

(Financial Action Task Force, 2022d). Also, in 2017, it attains the best rating over other 

countries through the FATF evaluation of the UK AMLCTF framework (HM Treasury, 2020b).  

 
 

3 Group of 7 countries: USA, UK, France, Germany, Italy, Canada and Japan. 
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2.4.2 United Nations (UN) 

The UN's efforts to fight ML occurs through the UN Convention against Illicit Traffic in 

Narcotic Drugs and Psychotropic Substances in 1988. The concept of ML is not mentioned in 

the Convention but refers to its meaning in Article 3 (b.i and b.ii). Article 3 represents the 

need to link implementing criminal offences to national laws (Leong, 2007). Besides, Article 

5 (1-9) displays the confiscation of illegal proceeds related to Article 3 (Shehu, 2005). As a 

consequence of the 1988 convention, the UN AML concerns appear in 1997 through the 

Global Programme against ML, Proceeds of Crime and the Financing of Terrorism (Shehu, 

2005). The program supports the member of states in developing their AMLCTF regime and 

identifying, seizing and confiscating unlawful fund resources (Bello, 2017). In 1998, the UN 

establishes the International ML Information Network to help governments, institutions, 

and individuals prevent financial crimes. The network is internet-based and consists of AML 

International Database. The network information is available for website users. However, 

the database is not authorised for access by the public (International Money Laundering 

Information Network, 2022). Also, the network provides an overview of the world ML and 

TF legislation, standards,  AMLCTF organisations’ web links and existing training courses and 

conferences.  

Moreover, in 1999, the UN formes the International Convention for the Suppression of the 

Financing of Terrorism to raise international awareness of the need to fight terrorism and 

the importance of judicial collaborations (Sorel, 2003). In addition, in 2000, the UN conducts 

the Convention against Transnational Organised Crime to mitigate the risk of criminal gangs 

and clarifies the meaning of trafficking human beings and smuggling migrants (Leong, 2007). 

Articles 6, 7 and 29 in the 2000 Convention explains the means of ML offence and possible 

measures to prevent financial crimes (United Nations, 2004). The Convention emphasises 

the involvement of training and technical assistance to combat ML operations (United 

Nations, 2004). Overall the UK government supports the UN's hard-working and enhances 

national security to be consistent with the UN's perspectives. 
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2.4.3 Basel Committee on Banking Supervision 

In 1974, the Basel Committee is introduced by the central bank of G-104 countries to 

emphasise the role of banking supervision and set various standards for best supervisory 

practices (Shehu, 2005). Furthermore, the Committee members rise from G-10 to 45 

institutions from 28 jurisdictions and issue several international guidelines under the names: 

Basel I, Basel II and Basel III. In 1988, Basel I introduces the first set of international 

regulations involving financial firms to maintain a minimum capital reserve (Bank for 

International Settlements, 2022). Also, the Basel committee points to protecting the 

banking system from being used for ML objectives. It requires banks to cooperate with law 

enforcement bodies to examine criminal breaches, check clients' identification (KYC), and be 

concerned about compliance with ML and TF laws (Committee on Banking Regulations and 

Supervisory Practices, 1988). In 2004, Basel II emphasises strengthening the capital reserve 

regime and banks' supervisory roles. In 2010, the Committee announces Basel III responding 

to the financial recession disaster of 2008/2009. The Basel III focuses on enhancing the 

banks' regulations, supervision, and risk management. Its full version completion is 

expected by 2028 (Basel Committee on Banking Supervision, 2017). 

Besides, the Committee has been eager to publish its activities and performance in its 

annual reports since 1931 (Basel Committee on Banking Supervision, 1931). Generally, the 

UK's membership in the Basel Committee presents by three entities: the Bank of England, 

the Prudential Regulation Authority and the Financial Conduct Authority. Moreover, the UK 

delays Basel III implementation due to the COVID-19 pandemic, and it affirms issuing a 

consultation paper in the last quarter of 2022, and the final suggestions become effective by 

2025 (Bank of England, 2022). 

2.4.4 International Monetary Fund (IMF) 

The IMF is founded in 1944 to facilitate world monetary cooperation, improve financial 

stability, enhance global trade and employment, maintain sustainable economic progress 

and minimise poverty (International Monetary Fund, 2022c). The IMF membership expands 

from 44 countries to 190 in 2019. Its concern to AML continues to include CTF after 

 
 

4 Group of 10 countries: Germany, Belgium, Italy, Japan, Canada, Netherlands, France, Sweden, United 
Kingdom and the United States. 
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September 2001 attack. In 2009, it publishes an initiative to support the AMLCTF ability of 

its participants. In 2014, it reviews the funding strategy that is used to combat ML and TF, 

and it is proceeded to the implementation (International Monetary Fund, 2021). Also, the 

IMF corporates with the FATF, the UN, the World Bank and other international bodies to 

develop the nation's AMLCTF frameworks. The UK has been a member of the IMF since 1945 

and works together with the IMF to improve the AMLCTF functions within the country 

(International Monetary Fund, 2022a). 

2.4.5 World Bank 

The World Bank is established in 1944 and consists of 2 institutions (The World Bank, 

2022a). First is the International Bank for Reconstruction and Development. It works on 

lending the middle-income governments and low-income creditworthy nations. Its 

membership comprises 189 member countries, including the UK (The World Bank, 2022d). 

Second is the International Development Association. It focuses on offering interest-free 

loans and grants to the poorest countries, and its membership maintains 174 countries, 

including the UK (The World Bank, 2022e). 

Therefore, the World Bank supports developing nations' economic growth and fights 

poverty through financial aid and technical assistance. In 2001, it launches the AMLCTF 

regime to ensure the integrity and stability of developing countries' financial systems (The 

World Bank, 2022b). Also, it introduces the Stolen Asset Recovery (StAR) and Financial 

Market Integrity (FMI) teams as the World Bank advisory units. The StAR is founded in 2007 

as a part of the corporation between the World Bank and the UN Office on Drugs and Crime. 

The StAR encourages developing nations to ban criminal havens by improving their counter-

ML and TF efforts and safeguards, as well as returning stolen assets to public utilities.  

At the same time, the FMI is initiated in 2001 to assist governments in tracking laundered 

money globally by enhancing detection procedures and strengthening combating crime 

frameworks (The World Bank, 2022c). Furthermore, the StAR and the FMI collaborate with 

other international bodies such as the FATF, the IMF and the UN to fight ML and TF risks. 

Also, the World Bank publications related to AMLCTF training and bank supervisors' guide 

indicate the FMI's efforts to fight financial crimes (Chatain et al., 2009; World Bank, 2009). 
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2.4.6 Wolfsberg Group 

The Wolfsberg group is founded in 2000 and comprises 13 international banks. It is working 

on improving the financial sector AML, CTF, KYC and anti-corruption policies (Leong, 2007). 

In the year of establishment, 2000, the AML Principles for Private Banking is launched and 

then it is reviewed several times in 2002, 2012 and 2019 to enhance financial offence risk 

management (Wolfsberg Group, 2022b). Mainly, the group is involved in issuing guidelines 

to indicate the best procedures for preventing unlawful financial operations and 

strengthening the cooperation between the public and private sectors to mitigate financial 

crimes hazard (Wolfsberg Group, 2022a). 

2.4.7 Basel Institute on Governance (BIOG) 

The BIOG's concerns about fighting corruption and other financial illegalities appear with its 

foundation in 2003. It publishes the BAMLI in 2012, which annually examines the risk of ML 

and TF worldwide and ranks world countries based on the data available through 17 public 

resources such as FAFT and the World Bank (Basel Institute on Governance, 2022). The 

overall measurement depends on the score of 5 domains: quality of AMLCTF framework, 

corruption and bribery risk, financial transparency and standards, political and legal risk, and 

public transparency and accountability (Basel Institute on governance, 2021). In 2021, the 

UK is ranked 93 out of 110 jurisdictions (labelled in green), indicating that the country's risk 

is at low risk (Basel Institute on governance, 2021). Similarly, it maintains a low risk rank 

during the thesis period from 2015 to 2019 (Basel Institute on Governance, 2015, 2016, 

2017, 2018, 2019). 

2.4.8 Egmont Group of Financial Intelligence Units 

This international group is established in 1995, and it supports intelligence communication 

and cooperation between the national FIU members to investigate and combat ML and TF 

risk (Bello, 2017; Seymour, 2008; Shehu, 2005). The group membership extends from 20 to 

165 members on the 25th anniversary (Egmont Group, 2021). The national members are 

liable to assess the suspicious operations and process the analysis results of criminality to 

the law enforcement authorities and prosecution agencies for further actions (Chatain et al., 

2009; He, 2010; HM Treasury, 2020b). Also, the group is concerned with collecting AMLCTF 

global standards, policies and reports to make them accessible recourses on their website 
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(Egmont Group, 2022). In addition, the UK FIU is a member of the Egmont Group, which 

enhances its FIU functions in AMLCTF (HM Treasury, 2020b). 

2.5 Research Theoretical Framework  

Ibrahim (2017) defines theory as knowledge used to interpret incidents. Accordingly, this 

section discusses the theoretical framework of the research. The thesis adopts six theories 

to develop the study hypotheses and explain the AMLCTF disclosure practices: agency, 

signalling, crying wolf, transparency-stability, transparency-fragility and economic theories. 

Indeed, these theories are implemented within prior literature while examining the AML 

disclosure except for the signalling theory, while no theories appear in the AMLCTF 

information studies. However, the earlier studies explore the voluntary disclosure level 

results with the assistance of signalling theory, such as Elzahar & Hussainey (2012), Kamel & 

Awadallah (2017), Morris (1987), and  Watson et al. (2002).  

Furthermore, the earlier research utilises several theoretical perspectives to discuss AML 

information behaviour, such as Van der Zahn et al. (2007) use the regulatory, transparency-

stability and transparency-fragility theories. Harvey & Lau (2009) adopt the disclosure and 

legitimacy theories. Mathuva et al. (2020) implement the agency, crying wolf, transparency-

stability, transparency-fragility and economic theories. Besides, for AML compliance studies, 

Murithi (2013) employs the crying wolf, transparency-stability, transparency-fragility and 

economic theories. Therefore, from reviewing the literature, it is clear that the 

transparency-stability, transparency-fragility and economic theories are common in the 

study of  Van der Zahn et al. (2007), Murithi (2013) and Mathuva et al. (2020).  At the same 

time, some researchers do not implement any theoretical framework but just describe the 

results, such as Nobanee & Ellili (2017), Nobanee & Ellili (2018) and Siddique et al. (2021).  

In addition, employing multiple theories is likely to strengthen the research hypothesis. 

Therefore, the study adopts the above theories to investigate the extent of AMLCTF 

disclosure in banks' annual reports. Also, the research implements agency theory to 

examine AMLCTF declaration determinates. Moreover, it uses agency, signalling, and 

economic theories to evaluate AMLCTF disclosure's consequences.  
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2.5.1 Agency Theory 

Agency theory is one of the famous theories in earlier literature (Al Maskati & Hamdan, 

2017; Alodat, Salleh, Hashim, & Sulong, 2021; Enache & Hussainey, 2020; Fama & Jensen, 

1983; Hassanein & Hussainey, 2015; Morris, 1987; Watson et al., 2002; Y. Zhang & Chong, 

2020). Jensen and Meckling developed it in 1976 (Dawar, 2014). The theory focuses on the 

problems of separating firm ownership from management (Morris, 1987). It mainly looks 

after the relationship between firm principals (shareholders/owners) and agents 

(managers/directors). The agents perform the business operation on behalf of the principals 

by providing the agents with the required authorisation to run the organisation, make 

decisions, and meet shareholders' interests (Jensen & Mecking, 1976; Shehata, 2014). 

However, firm owners and directors vary in their interests, goals and risk preferences. For 

example, the owner's risk preferences are low to prevent unexpected losses that impact 

firm performance. In contrast, the directors' risk preferences are high to maximise their 

benefits rather than enhance firm value (Dawar, 2014). Besides, self-interest conflicts 

adversely influence the institution's image and value (Dion, 2016; Tabash, 2019). 

Also, agency theory assumes that the directors have more information about the institution 

than the owners, which indicates an information asymmetry problem (Jensen & Mecking, 

1976). The information asymmetry issue appears when directors reduce disclosure levels to 

hide certain information and manipulate firm reporting (Ibrahim, 2017). Moreover, the 

theory proposes that agency costs rise from bounce payments, incentive schemes, the 

implementation of new systems and financial reporting costs (Dion, 2016; Jensen & 

Mecking, 1976; Shehata, 2014). Therefore, agency costs increase when directors' interest 

conflicts with shareholders' ones, but the corporate governance mechanisms are likely to 

decrease these expenses and extend firms' profitability (Fama & Jensen, 1983; Hassan & 

Halbouni, 2013). Although corporate governance demotes managers from using information 

asymmetry to benefit their interests, they obligate to improve shareholders' wealth. In 

addition, good governance ensures that directors perform to the best of owners and 

promote the improvement of AMLCTF regimes (Jayasuriya, 2009). Also, earlier studies find 

that corporate governance variables such as board size and audit committee size are the 

determinates of AML disclosure, whereas big4 auditors and risk committee existence are 

not AML declaration drivers (Mathuva et al., 2020).  
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Further, prior literature confirms that increasing disclosure levels limits information 

asymmetry between owners and directors and reduces agency issues (Haniffa & Cooke, 

2002; Shehata, 2014). Accordingly, the AMLCTF disclosure indicates firms' practices in 

preventing financial crimes and their concerns about safeguarding their context from 

criminal activities (Mathuva et al., 2020). Thus, these AMLCTF disclosures are likely to treat 

information asymmetry.  

Also, firms' limited disclosure levels lead to agency problems (Takáts, 2007). Nevertheless, 

agency costs are incurred from AMLCTF implementing, controlling and reporting (Mathuva 

et al., 2020). These agency expenses are likely to be lower than the costs of punishments 

that are imposed by law enforcement authorities for failure to fight ML and TF risks and not 

reporting suspected transactions (Mathuva et al., 2020). Subsequently, firms tend to 

increase disclosures and employ effective corporate governance to solve agency issues and 

raise profitability and transparency (Fama & Jensen, 1983). Hence, this research adopts 

agency theory to examine the extent of AMLCTF disclosure in the UK banking sector and 

investigate its drivers and economic consequences. 

2.5.2 Signalling Theory 

Signalling theory is widely used in prior literature (Elfeky, 2017; Enache & Hussainey, 2020; 

Fama & Jensen, 1983; Hassanein & Hussainey, 2015; Inchausti, 1997; Morris, 1987; Shehata, 

2014; Watson et al., 2002). Akerlof introduces it in 1970, and then it is developed by Spence 

in 1973 to clarify the occurrence of information asymmetry in labour market conduct (Haj-

Salem et al., 2020; Morris, 1987; Watson et al., 2002). However, accounting disclosure 

studies utilise the theory since 1977 by Ross to explain firms reporting behaviours (Ibrahim, 

2017). Signalling theory assumes that firms tend to increase the disclosures to signal their 

capability, resources and performance to the market and reduce information asymmetry 

between firm owners and directors (Enache & Hussainey, 2020; Watson et al., 2002).  

Indeed, signalling theory is interlinked to agency theory by the issue of information 

asymmetry as the institution managers are more informative about business status and 

progress than shareholders do. Moreover, both theories extend the disclosures to minimise 

information gaps between the owners and directors, attract investors' investments, and 

enhance institution value and directors' benefits (Kolsi, 2017). Thus, good governance and 

profitable firms tend to enhance their reporting level to distinguish themselves from others 
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with weak governance and declining growth ones (Enache & Hussainey, 2020; Haj-Salem et 

al., 2020).  

Regarding combating financial crimes, the signalling theory suggests that the increase in 

disclosure indicates the firm's practices. These signals may assist in stopping criminals from 

using bank services for unlawful operations (Harvey & Lau, 2009). Also, these signals must 

be credible to keep the institution away from being penalised by regulators. (Harvey & Lau, 

2009; Watson et al., 2002). In addition, these declarations express the firm strength in 

mitigating ML and TF risks and their compliance with laws and regulations. Accordingly, this 

research employs the signalling theory to determine the AMLCTF disclosure extent in the UK 

banking context and the impact of AMLCTF disclosure on bank performance. 

2.5.3 Crying Wolf Theory 

Excessive disclosures point to the crying wolf theory (Mathuva et al., 2020). The theory idea 

focuses on the cries which convey risk alerts. It senses similar to the old story of the boy 

who fooled the villagers with his cries of 'wolf' (risk) several times, asking for help without a 

wolf's appearance (Murithi, 2013). Thus, when the wolf presents, the boy cries 'wolf' again 

to convey factual information. However, the villagers assume that the boy's cries are false 

alerts, and they keep silent when the wolf truly attacks their sheep. This excessive risk 

information makes it difficult for the villagers to differentiate between false and true threat 

information when it actually occurs.   

The crying wolf theory involves practising an overload disclosure level that expresses the 

firm's relevant and irrelevant hazard information, making it challenging to identify the 

essential risk information from other useless ones (Takáts, 2007). Linking the theory to the 

financial institutions' context, these firms must report ML and TF suspected operations to 

the law enforcement authorities to avoid penalisation. At the same time, the authorities 

impose prohibitive and costly punishments on these institutions that fail to prevent the risk 

of financial crime (Murithi, 2013). In addition, these fines arise more for reporting fake 

suspicious ML and TF information (Takáts, 2007). The excessive punishments and the firm 

doubt about the nature of the transaction lead to declaring all suspicious operations as risky 

crimes (Mathuva et al., 2020). The disclosures contain true and false alerts, and they 

become meaningless before the law authorities examine and confirm the illegalities. Thus, 

to reduce risk information ambiguity, the firms may increase AMLCTF declarations as a part 
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of the crying wolf theory while considering hazard information reliability (Takáts, 2007). 

Expanding declaration may reflect the firm threat cries as a response to the intelligence 

reporting (Takáts, 2007). Also, prior literature notes that audit team long reports are an 

example of the wolf cries (Mathuva et al., 2020). Gara & Pauselli (2020) find that banks that 

are overloaded with AML system information adopt the same theory. Consequently, this 

research uses the crying wolf theory to assess the extent of AMLCTF disclosure in UK banks' 

reporting. 

2.5.4 Transparency-Stability Theory 

The transparency-stability theory is another theory used in the earlier AML disclosure and 

AML compliance studies (Mathuva et al., 2020; Murithi, 2013; Van der Zahn et al., 2007). 

The theory suggests that financial firm transparency increases with practising high 

disclosure levels (Tadesse, 2006). The transparency improvements minimise information 

asymmetry and promote efficient resource assigning (Mathuva et al., 2020; Murithi, 2013; 

Van der Zahn et al., 2007). Also, transparency facilitates distinguishing between strong and 

weak firms according to their risk management capability and performance (Tadesse, 2006). 

Therefore, the higher the level of transparency is, the more stable the firm is.  

For the AMLCTF declaration, the transparency-stability theory argues that the improvement 

of AMLCTF information indicates transparency in reporting firm efforts in tackling the risk of 

ML and TF and the firm concerns about safeguarding. At the same time, stability occurs by 

reducing information asymmetry. Furthermore, Mathuva et al. (2020) mention that 

enhancing disclosure prevents the costs arising from not declaring specific AML information. 

Moreover, transparency involves disclosing more information and keeping the shareholders 

informed about firm management and corporate governance (Mathuva et al., 2020). 

Subsequently, this study implements the transparency-stability theory to examine AMLCTF 

reporting in the UK banks' annual reports.  

2.5.5 Transparency-Fragility Theory 

A number of research papers discuss disclosure behaviour by the transparency-fragility 

theory (Mathuva et al., 2020; Tadesse, 2006). As transparency is linked to stability in the 

above theory (see 2.5.4), also it is connected to instability in this theory. The transparency-

fragility theory assumes that the increase in disclosure reflects firm risks, pressures and 
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challenges (Mathuva et al., 2020). Although the reporting reduces information asymmetry, 

the rise of declarations is likely to alert the shareholder before the problems become more 

complicated and lead to a disaster (Tadesse, 2006). For instance, enhancing reporting of 

business troubles is likely to hesitate the investors' trust, thereby raising difficulties in 

improving firm capital and causing a financial crisis (Tadesse, 2006). 

Under fighting against financial crime operations, the transparency-fragility theory assumes 

that enhancing reporting levels may indicate the firm risks and troubles in combating ML 

and TF. These risks may be related to the expenditures associated with implementing the 

AMLCTF, such as adopting advanced monitoring and assessment systems and performing 

training courses (Murithi, 2013; Mohamud, 2017; Mathuva et al., 2020). Subsequently, this 

study employs the transparency-fragility theory to assess the AMLCTF levels in the UK 

banks' annual reports. 

2.5.6 Economic Theory 

The earlier AML disclosure literature adopts the standard economic theory when examining 

the extent of AML reporting and assessing the disclosure determinants like Mathuva et al. 

(2020). Also, the previous AML compliance research uses the same theory to evaluate AML 

implementations in banks and their impact on profitability (Murithi, 2013). The theory is 

suggested by Adam Smith in the late 1700s and focuses on the idea of self-interest, which 

insists on boosting the self-advantages of consumers and producers (Bello, 2017). The 

theory claims that individuals (consumers) are keen to maximise their benefits, and firms 

(producers) are motivated to use their resources to maximise their profits (Geiger & 

Wuensch, 2007; Omran & El-Galfy, 2014). Hence, increasing these advantages (consumers 

and producers) enhances economic growth (Prentis, 2013). Nevertheless, the theory argues 

that the economy is self-regulated, not directed by the government, where the government 

have a role in the rule of laws and regulations that allows individuals and firms to participate 

in economic progress (Prentis, 2013).  

Regarding disclosure literature, the economic theory assumes that disclosure increases 

reduce information asymmetry (Leuz & Verrecchia, 2000; Wang & Hussainey, 2013). Thus, 

the theory argues that the bank is likely to practice enhancing AMLCTF disclosure to indicate 

its performance. At the same time, individuals are concerned about dealing with a bank that 

maximises their benefits, cares to comply with laws and regulations and maintains regular 
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disclosures reflecting its work to prevent ML and TF risks. Therefore, maximising both 

parties' utilities results in developing the economy. Accordingly, the current study adopts 

the economic theory to assess the AMLCTF disclosure and explore the disclosures' economic 

consequences. 

In summary, Figure 2-2 exhibits the thesis's conceptual and theoretical framework.  

Figure 2-2 Research Conceptual and Theoretical Framework 

Research Conceptual and Theoretical Framework 

 

 

2.6 Chapter Summary 

This chapter provides the AMLCTF conceptual framework and the UK historical development 

of ML and TF law and regulations between 1974 and 2022. Indeed, the government efforts 

in preventing terrorism appear by issuing the POTO1974 while combating ML represented 

by the primary regulation MLR1993. Also, the UK is working hard to update the laws and 

regulations, in which the latest regulation published is MLTFR2022, up to the current thesis 

writing. Furthermore, the UK involve several authorities in its concerns to fight against ML 

and TF throughout the regulatory regime, such as supervisors, law enforcement bodies and 

prosecution agencies.  
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In addition, the chapter shows some key points that are likely to support financial firms in 

achieving their compliance with the ML and TF laws and regulations. These key points are 

summarised in the concerns about governance, MLRO, risk-based approach, customer 

context, policies and procedures and recruitment, vetting, training, awareness and 

remuneration. However, these key points do not focus on financial firms' required level of 

disclosure for each key point. Moreover, this chapter extends the discussion of the AMLCTF 

by showing the international institutions' efforts to mitigate the risk of financial crimes and 

implies the UK's cooperation with these professional bodies. In 2017, the UK receives the 

best rating by FATF in assessing the AMLCTF framework over other countries' membership 

in FATF.  

This chapter covers the research theoretical framework and focuses on viewing the AMLCTF 

disclosure by adopting agency, signalling, crying wolf, transparency-stability, transparency-

fragility and economic theories. According to prior AML disclosure literature, the study 

adopts these theories, and all of them express the AMLCTF disclosure involvement in 

reducing information asymmetry. At the same time, agency theory explains that agency 

costs increase with limited disclosure levels. Thus, the research uses these theories to build 

the research assumptions for determining the AMLCTF declarations in the UK banking sector 

annual reports. Afterwards, use agency theory to examine the determinants of the AMLCTF 

disclosure. Also, implement agency, signalling and economic theories to test the relationship 

between bank performance and AMLCTF information. 

 Next, chapter three shows the study literature review and hypotheses development.  
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Chapter Three:  Literature Review and Hypotheses Development 

3.1 Overview 

This chapter focuses on prior literature discussions about AMLCTF disclosure measurement. 

Then, its highlights the disclosure determinants. Next, it represents the economic 

consequences of AMLCTF reporting in former research. Forwards, this chapter explains the 

research gaps. Finally, it develops research hypotheses based on relevant theories and 

previous empirical research.  

3.2 The AMLCTF Disclosure Measurement  

Despite the world's concerns about AMLCTF after the September 11, 2001 attack, limited 

studies explore the AMLCTF disclosure within the financial sector reporting and tend to 

measure AMLCTF practices. Al-Suwaidi & Nobanee (2020) find that earlier literature mainly 

focuses on ML and TF laws, typologies, FATF framework, detecting procedures and other 

regulatory assessments after September 11. These subjects are likely to attract the 

researchers' attention due to the regulatory and professional bodies' efforts to improve and 

assess the effectiveness of these areas. For example, FATF is one of the professional bodies 

that introduce new TF recommendations besides its 40 recommendations after the incident 

of September 11 (Financial Action Task Force, 2002). Furthermore, several publications and 

research papers cover the FATF recommendations implications before and after September 

11, such as Aninat et al. (2002), Van der Zahn et al. (2007), He (2010), Sproat (2010), Kemal 

(2014), Nobanee & Ellili (2017), Nobanee & Ellili (2018), Pol (2018), Friedrich & Quick (2019), 

Mathuva et al. (2020) and Siddique et al. (2021).  

However, few studies focus on measuring the AMLCTF disclosure based on the regulatory 

and professional organisations' intentions and examining the firms' compliance levels with 

ML and TF laws, regulations and international recommendations. Thus, determining the 

extent of AMLCTF disclosure ensures firms' safeguard behaviours and awareness in 

mitigating financial crime risks. Moreover, AMLCTF reporting indicates the firm's ethical 

practices, good governance and overall stability and development of the economy (Amara 

et al., 2020; Mathuva et al., 2020). To the best of the researcher’s knowledge, four studies 

mainly concentrate on AML reporting and two research on AMLCTF disclosure within the 

financial sector. Table 3-1 summarises the previous AML and AMLCTF disclosure research.
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Table 3-1 Summary of Prior AML and AMLCTF Disclosure and AML Compliance Studies 

Panel A: AML and AMLCTF Disclosure Studies 
 

No Title, Author and 
Source 

Sample, Country 
and Period 

Theory Research Method Purpose and 
Findings 

Limitations and 
Recommendations 

1  ‘The anti-money 
laundering activities 
of the central banks 
of Australia and 
Ukraine’ 
 
Van der Zahn et al. 
(2007) 
 
Journal of Money 
Laundering Control 

- Central bank of 
Australia, Reserve 
Bank of Australia: 
53 Financial 
institutions. 
- Central bank of 
Ukraine, National 
Bank of Ukraine: 
163 Licensed 
banks. 
 
(2001-2004) 

- Regulatory 
theory,  
-Transparency-
stability theory 
-Transparency-
fragility 
theory. 

- Manual textual 
analysis. 

Purpose: 
Examine AML 
practices in annual 
reports 
 
Findings: 
- Low levels of AML 
disclosures  

Limitations:  
None. 
 
Recommendations: 
- Define the central bank 
priorities and clarifies key 
issues of  AML activities. 

2  ‘Crime-money, 
reputation and 
reporting’ 
 
Harvey & Lau (2009) 
 
Crime, Law and 
Social Change 

7 UK banks 
 
(2001-2005) 

- Disclosure 
theory  
- Legitimacy 
theory. 

- Manual content 
analysis. 

Purpose: Examine 
the drivers for 
reporting 
suspicious or 
unusual activity in 
the annual report 
on bank 
reputation. 
 
Findings:  
- Low level of AML 
disclosure and 
compliance. 

Limitations:  
None. 
 
Recommendations: 
Regulatory bodies operate 
a risk-based compliance 
model by establishing the 
proper magnitude of such 
risk. 
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- Limited public 
awareness of 
money laundering 
to the adoption of 
a deficit rather 
than improvement 
model of 
reputation 
management 

3  ‘Voluntary 
Disclosures of Anti-
Money Laundering 
and Anti-Terrorist 
Financing 
 
Nobanee & Ellili 
(2017) 
 
Working paper 
(accessed: 
September 2020) 

71 banks in the 
UK, according to 
the list of banks 
compiled by the 
Bank of England 
on 28 February 
2015.  
 
(2009-2013) 

None. 
 

- Manual content 
analysis. 
- Robust Generalised 
Method of Moment 
(GMM) system to 
examine the impact of 
the AMLCTF disclosure 
on the bank’s 
performance 

Purpose: 
- Measure the 
degree of AMLCTF 
disclosure in both 
annual reports and 
websites 
-The impact of the 
AMLCTF disclosure 
on the UK bank’s 
performance. 
Findings: 
- Low levels of 
AMLCTF 
disclosures and 
websites are higher 
than annual 
reports 
- Influence of the 
AMLCTF 
disclosures on 
banking 

Limitations:  
None. 
 
Recommendations: 
- Internationalize the 
AMLCTF regulations and 
develop an international 
AMLCTF regime. 
- Development of AMLCTF 
practices. 
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performance (ROE) 
is insignificant. 

4  ‘Anti-money 
laundering 
disclosures and 
banks' performance’ 
 
Nobanee & Ellili 
(2018) 
 
Journal of Financial 
Crime 

- 176 
observations: 
Islamic and 
conventional 
banks of all banks 
listed on the 
Dubai Financial 
Market and Abu 
Dhabi Securities 
Exchange. 
 
(2003-2013) 

None. 
 

- The manual content 
analysis explores the 
extent of AML disclosure 
in the annual reports. 
- The dynamic panel data 
two-step robust system 
to study the impact of 
the AML disclosures on 
banking performance. 

Purpose: 
- Explore the 
extent of AML 
disclosure in both 
annual reports and 
websites in the 
UAE Islamic and 
conventional banks 
-The impact of the 
AML disclosure on 
the UAE bank’s 
performance. 
 
Findings: 
- Low level of AML 
disclosure for all 
UAE banks, 
conventional and 
Islamic banks.  
- Degree of AML 
disclosure on the 
websites is higher 
than in annual 
reports. 
- The AML 
disclosure index 
has shown an 
insignificant effect 

Limitations:  
- Banks traded on UAE 
markets. 
- Results may not be 
generalisable to other 
financial markets. 
 
Recommendations: 
- The UAE central bank to 
internationalise the AML 
regulations. 
- Develop an international 
AML regime to respond to 
the international 
development of AML 
practices. 
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on banks’ 
performance 
(ROE). 

5  ‘The determinants of 
corporate 
disclosures of anti-
money laundering 
initiatives by Kenyan 
commercial banks’, 
Mathuva et al. 
(2020)  
 
Journal of Money 
Laundering Control 

15 listed regional 
banks in Kenya. 
 
(2007-2017) 

- Agency 
theory 
- Crying wolf 
theory 
-Transparency-
stability theory 
-Transparency-
fragility theory 
- Economic 
theory. 

- Manual content 
Analysis to measure the 
extent of AML 
disclosure. 
- Pooled ordinary least 
squares and Fixed-
effects regressions to 
identify the significant 
determinants of AML 
disclosures. 

Purpose: Examine 
the extent and 
drivers of AML 
disclosures in the 
audited annual 
reports. 
 
Findings: 
- Low level of AML 
disclosures in the 
audited annual 
reports. 
- AML disclosures 
improved over 
time. 
- AML disclosures 
are driven by 
corporate 
governance (board 
size and audit 
committee size) 
- AML disclosure 
and financial 
performance (ROE) 
is not significant. 

Limitations:  
- Small sample 
representation 
- Limited to listed regional 
banks in Kenya. 
 
Recommendations: 
Increase the sample by 
including other 
jurisdictions. 

6  ‘Anti-money 
laundering and 

 176 observations 
from the 

None. - Manual textual analysis 
- t-test to examine the 

Purpose:  Measure 
AMLCTF 

Limitations:  
None. 
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counter-terrorism 
financing disclosure 
by money exchange 
providers in the GCC 
countries’ 
 
Siddique et al. (2021) 
 
Journal of Money 
Laundering Control 

websites of the 
money exchange 
providers in GCC 
countries. 
 
(The period is not 
specified) 

degree of disclosures. disclosures by 
money exchanger 
providers on the 
GCC websites. 
 
Findings: 
- Low level of 
AMLCTF 
disclosures 
 

 
Recommendations: 
- Regulators and 
policymakers in the GCC 
region should consider 
poor disclosures and find 
ways to motivate 
businesses to follow 
AMLCTF legislation and 
make sufficient 
disclosures. 
- Legislators need to 
evaluate AMLCTF 
legislation and improve 
them. 

Panel B: AML Compliance Studies 
 

7  ‘The Effect of Anti-
Money Laundering 
Regulation 
Implementation on 
the Financial 
Performance of 
Commercial Banks in 
Kenya’ 
 
Murithi (2013) 
 
Master’s 
Dissertation 

31 commercial 
banks in Kenya  
 
(2009-2013) 

- Crying wolf 
theory 
-Transparency-
stability theory 
-Transparency-
fragility theory 
- Economic 
theory. 
 

- Semi-structured self-
administered 
questionnaire.  
 
- Multiple regression 

Purpose: 
Determine the 
extent of 
commercial banks' 
compliance with 
anti-money 
laundering policy 
and its effect on 
their performance. 
 
Findings:  
- High level of AML 
compliance within 

Limitations:  
- Difficulty in obtaining 
data. 
- Administered the 
questionnaires to the top 
functional head and 
departmental heads of the 
commercial banks. 
- Four variables were 
examined in the 
performance model. 
- Five years period. 
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banks reporting 
- AML operating 
cost leads to 
increase 
expenditures and 
lower ROA. 
- Positive and 
significant 
relationship 
between AML 
implementation 
and banks' 
performance. 

Recommendations: 
- Policymakers should 
enact legislation to fight 
against money laundering 
issues. 
- The questionnaire 
responds to the intake of 
junior staff and officers 
posted in the branches. 
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Table 3-1 shows that the annual report is the main source for disclosure examination. For 

example, Van der Zahn et al. (2007) and Harvey & Lau (2009) examine the AML disclosure 

levels in annual reports. Besides, Nobanee & Ellili (2017) explore the AMLCTF disclosure 

extent in annual reports and websites, and Nobanee & Ellili (2018) evaluate AML reporting 

in annual reports and websites. Also, Mathuva et al. (2020) assess the AML declarations in 

audited annual reports. However, Siddique et al. (2021) investigate the AMLCTF declarations 

on money exchange providers’ websites.  

Regarding the AMLCTF disclosure measurement, prior studies determine AML and AMLCTF 

information levels by constructing disclosure indices. These indices developments rely on 

different sources such as the UK regulations, the US AML requirements, FATF 

recommendations from 2003 to 2019, BAMLI for the year 2012, and banks' AML practises in 

annual reports (Harvey & Lau, 2009; Mathuva et al., 2020; Nobanee & Ellili, 2018, 2017; Van 

der Zahn et al., 2007). Also, Mathuva et al. (2020) depend on the previously constructed 

indices by Van der Zahn et al. (2007) and Nobanee & Ellili (2018). Indeed, these earlier 

indices maintain several categories and items. Table 3-2 summarises AML and AMLCTF 

disclosure indices in the former literature and implies the focus of the majority indices 

categories on risk assessment, KYC, statistics, reports, technology, transaction monitoring 

and investigation, international cooperation and competent authorities.  

Also, most of these studies use manual content analysis and an un-weighted approach for 

scoring. This approach assigns 1 for the disclosed information upon the compatibility with 

the index items and 0 otherwise. Further, previous literature counts the disclosure score by 

total actual disclosure to total index items (Mathuva et al., 2020; Nobanee & Ellili, 2018, 

2017; Siddique et al., 2021; Van der Zahn et al., 2007). In comparison, Harvey & Lau (2009) 

use a weighted approach that allocates the disclosure score between 0 and 18, besides 

counting the disclosed sentences and words in annual reports. In addition, Table 3-2 

displays AML compliance research which examines AML implementation levels by self-

constructed questionnaire (Murithi, 2013). In fact, most content of the AML complaint 

questionnaire is compatible with prior AML and AMLCTF disclosure indices. 

The former literature measures the AMLCTF information in annual reports and official 

websites of financial firms. The measurement covers different periods and indexes contents. 

However, most findings show weak average scores percentage for AMLCTF information. For 
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example, 11.6% for the UK banks for the period 2009 and 2013 (Nobanee & Ellili, 2017) and 

20.27% for money exchange providers in the GCC countries without specifying their study 

period (Siddique et al., 2021). Likewise, the average is low for AML information. For 

instance, 0.2% for the UK banks from 2001 to 2005 (Harvey & Lau, 2009), 8.4% for the UAE 

banks for the period 2003 and 2013 (Nobanee & Ellili, 2018), 15.2% for Kenyan commercial 

banks from the period 2007 to 2017 (Mathuva et al., 2020), 16.7% for the Reserve Bank of 

Australia for the period 2001 and 2004 (Van der Zahn et al., 2007). In comparison, the 

percentage is higher at 45.83% for the National Bank of Ukraine between 2001 and 2004 

(Van der Zahn et al., 2007) 

Accordingly, earlier studies' findings show that disclosure scores are low, where 0.002 is the 

lowest AML disclosure average score for the UK banks (Harvey & Lau, 2009). Besides, the 

lowest AMLCTF reporting research represents a score of 0.116 for the UK banking sector 

(Nobanee & Ellili, 2017). The lowest average score for AMLCTF declaration by Nobanee & 

Ellili (2017) is better than the mean score for AML disclosure by Harvey & Lau (2009).  

Nevertheless, 0.4583 is the highest AML average score for the National Bank of Ukraine (Van 

der Zahn et al., 2007), while 0.202 is the highest mean score for AMLCTF disclosure for 

money exchange providers in the GCC countries (Siddique et al., 2021). These results reveal 

variations in AML and AMLCTF reporting levels, leading to uncertainty about the acceptable 

level of declaration due to the absence of policies that impose a certain magnitude of 

AMLCTF information for financial institutions, particularly the banking industry.  At the same 

time, AML compliance research shows a total average score of 42.64 on the responses 

(disclosures) received to the study’s questionnaire by Murithi (2013). Still, this score is lower 

than Van der Zahn et al. (2007) results and confirms that firms voluntarily practice AML and 

AMLCFT disclosure.  

In addition, there are differences in the priority and consideration of the constructed indices 

contents (categories and items) in earlier literature. Some items and categories within the 

previous indices receive more attention than others. Consequently, the results of prior 

literature vary in the reporting behaviour according to the scoring process. For example, The 

highest disclosure score categories for AMLCTF reporting are transactions monitoring and 

investigations by Nobanee & Ellili (2017) and AMLCTF policies and coordination by Siddique 

et al. (2021). In the same manner, the highest score categories for AML declaration are 
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international cooperation by Van der Zahn et al. (2007), compliance and regulation by 

Harvey & Lau (2009), risk by Nobanee & Ellili (2018), and statistics and reports by Mathuva 

et al. (2020).  

In contrast, the lowest disclosure score categories for AMLCTF are general anti-terrorist 

financing information by Nobanee & Ellili (2017) and transparency and beneficial ownership 

by Siddique et al. (2021). Nevertheless, the lowest categories for AML reporting are financial 

crime by Harvey & Lau (2009), KYC by Nobanee & Ellili (2018), and technology by Mathuva 

et al. (2020). In contrast, Van der Zahn et al. (2007) do not specify the lowest category. 
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Table 3-2 Summary of Prior Studies Constructed AML and AMLCTF Indexes and AML Compliance Questionnaires 

Panel A: Constructed Indexes 
 

No Research Title, Author and 
Journal 

Index Development and Disclosure 
Score 

Index Categories 

1  ‘The anti-money laundering 
activities of the central banks 
of Australia and Ukraine’ 
 
Van der Zahn et al. (2007) 
 
Journal of Money Laundering 
Control 

- 6 categories, 35 items 
- Unweighted AML disclosure index - 
quantitative  
- The source of index: FATF (2003) 40 
recommendations on ML 
- AML disclosure score mean: 0.167 for 53 
Financial institutions in the Reserve Bank 
of Australia, 0.4583 for 163 Licensed 
banks in the National Bank of Ukraine 

1. Customer due diligence and record keeping 
2. Reporting suspicious transactions 
3. Other measures 
4. Regulation and supervision 
5. Competent authorities, their powers and resources 
6. International cooperation 

2  ‘Crime-money, reputation and 
reporting’ 
 
Harvey & Lau (2009) 
 
Crime, Law and Social Change 

6 categories, no items. 
- weighted AML disclosure index 3 points 
for each category – qualitative 

- The source of index: banks AML 
practises in annual reports 
- AML disclosure score mean: 
0.002 for 7 banks in the UK 

1. Measures to counter money laundering  
2. Training 
3. KYC, account monitoring and SARS  
4. Compliance and regulation  
5. Reputation and risk 
6. Financial crime 

3  ‘Voluntary Disclosures of Anti-
Money Laundering and Anti-
Terrorist Financing 
 
Nobanee & Ellili (2017) 
 
Working paper 
(accessed: September 2020) 

- 10 categories, 100 items. 
- Unweighted AMLCTF disclosure index - 
quantitative  
- The source of the index: The UK 
regulations, The US AML requirements, 
FATF Recommendations (2012) and other 
global AML and AMLCTF legislation.  
- AMLCTF disclosure score mean: 
0.116 for 71 banks in the UK 

1. General anti-money laundering information 
2. General anti-terrorist financing information 
3. Statistics and reports 
4. General know your customers (KYC) practices and 

policies 
5. Non-profit and charitable organisations 
6. Foreign politically exposed persons 
7. Correspondent banking 
8. Risk assessments 
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9. Transactions monitoring and investigations 
10. Technology 

4  ‘Anti-money laundering 
disclosures and banks' 
performance’ 
 
Nobanee & Ellili (2018) 
 
Journal of Financial Crime 

- 6 categories, 55 items. 
- Unweighted AML disclosure index - 
quantitative  
- The source of the index:  
The UAE regulatory requirements and 
guidelines regarding compliance and 
AML, the UK regulations, The US AML 
requirements, FATF Recommendations 
(2012) and other global 
recommendations. 
- AML disclosure score mean: 
0.084 for 176 banks in the UAE 

1. General anti-money laundering information 
2. Statistics and reports 
3. Know your customers 
4. Risk assessments 
5. Transactions monitoring and investigations 
6. Technology 

5  ‘The determinants of corporate 
disclosures of anti-money 
laundering initiatives by 
Kenyan commercial banks’, 
Mathuva et al. (2020)  
 
Journal of Money Laundering 
Control 

- 6 categories, 72- items. 
- Unweighted AML disclosure index - 
quantitative  
- The source of the index: Basel AML 
Index (2012), FATF (2013-2019) and 
studies by Van der Zahn et al. (2007) and 
Nobanee and Ellili (2018). 
- AML disclosure score mean: 
0.152 for 15 Kenyan commercial banks  

1. General AML information 
2. Statistics and reports 
3. Know your customers (KYC) Customer 
4. Risk assessment 
5. Transactions monitoring and investigations 
6. Technology 

6  ‘Anti-money laundering and 
counter-terrorism financing 
disclosure by money exchange 
providers in the GCC countries’ 
 
Siddique et al. (2021) 
 

- 7 categories, 40 items 
- Unweighted AMLCFT disclosure index - 
quantitative 
- The source of index: The 
recommendations of FATF (2012-2019) 
- AMLCTF disclosure score mean: 
0.202 for 176 money exchange providers 

1. AMLCTF policies and coordination 
2. ML and confiscation 
3. Terrorist financing and financing of proliferation 
4. Preventive measures 
5. Transparency and beneficial ownership 
6. Powers and responsibilities of competent authorities 

and other institutional measures 
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Journal of Money Laundering 
Control 

in the GCC countries 7. International cooperation 

Panel B: Constructed Questionnaires 
 

No Research Title, Author and 
Journal 

Questionnaire Development and Scoring Questionannaire Content 

7  ‘The Effect of Anti-Money 
Laundering Regulation 
Implementation on the 
Financial Performance of 
Commercial Banks in Kenya’ 
 
Murithi (2013) 
 
Master’s Dissertation 

11 self- administrated questions 
- The questionnaire response varies 
within the options (To a very extent, to a 
great extent, to a moderate extent, to a 
little extent and to no extent). 
- The questionnaire source is AML 
measures taken by Kenyan commercial 
banks 
- The score is calculated based on the 
number of option frequencies. 
- AML compliance score total mean for 11 
questions: 42.64  for 31 Kenyan 
commercial banks 

1. Staff training on anti-money laundering issues  
2. A centralised customer account opening centre  
3. KYC or customer identification screening program  
4. A documented and approved AML policy and 

procedures  
5. Filling forms to report transactions on SAR 
6. Application of Customer Identification Program (CIP)  
7. Creating awareness of suspicious account reporting 

(SAR)  
8. Your bank’s allocation of resources to fight money 

laundering 
9. Application of an internal management information 

system that provides Money laundering information 
to management 

10. A designated AML Compliance Officer where AML 
issues are reported 

11. An independent Audit function that comes out 
testing and review of the compliance programmes 
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3.3 Determinants of AMLCTF Disclosure 

Regardless of the low scale of AMLCTF disclosure within the limited earlier literature by 

Nobanee & Ellili (2017) and Siddique et al. (2021), the reporting scores of AMLCTF are 

increasing over time without exploring the disclosure drivers in their studies. By reviewing 

AMLCTF disclosure literature and knowing the level of declarations, it is important to 

understand the drivers of disclosure in annual reports. Many studies in prior literature test 

the factors that may contribute to ML risks, such as Altunbaş et al. (2021), Reganati & Oliva 

(2018) and Vaithilingam & Nair (2007). Similarly, other scholars, such as Gordon (2012), 

examine the indicators of TF hazards. Besides other researchers who investigate the drivers 

of  ML compliance, like Jayasuriya (2009) and Pavone & Parisi (2018).  

In comparison, to the best of the researcher's knowledge, at the time of this thesis data 

collection in 2019, no study examines the determinants of AMLCTF disclosure. However in 

2020, Mathuva et al. (2020) extended prior literature interests by exploring the AML 

disclosure determinants in the audited annual reports of 15 Kenyan commercial banks 

between 2007 and 2017. Mathuva et al. (2020) research focuses on four variables in the 

corporate governance category. Thus, the results show that board size and audit committee 

size are the drivers of AML information, whereas risk committee availability and big4 

auditors are not the disclosure determinants (Mathuva et al., 2020).  

Indeed, previous literature finds that firm corporate governance is a determinant that 

assists in lowering the pervasiveness of ML in developed and developing countries 

(Vaithilingam & Nair, 2007; Altunbaş et al., 2020). Furthermore, good governance practices 

improve AMLCTF implementations and enhance the effectiveness of the combating crime 

programmes (Jayasuriya, 2009). Accordingly, future AMLCTF disclosure studies need to 

confirm the results of Mathuva et al. (2020) and perform the analyses on developed 

economy countries using large samples.  

3.4 Economic Consequences of AMLCTF Disclosure 

One of the primary objectives of this thesis is to test the economic consequences of AMLCTF 

disclosure. The literature analyses the impact of ML and TF on bank profitability, such as 

Aish et al. (2021) and Altunbaş et al. (2021). Besides, others check the effect of AML 

regulation implementation on performance, like Murithi (2013). However, very few research 
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papers evaluate AML and AMLCTF disclosure's influence on financial firm performance, such 

as Nobanee & Ellili (2018, 2017) and Mathuva et al. (2020). Indeed, Nobanee & Ellili (2017) 

examine the economic consequence of AMLCTF disclosure on 71 banks in the UK between 

2009 and 2013 for both annual reports and websites. Similarly, Nobanee & Ellili (2018) study 

the effect of AML declaration on the earnings of 176 banks in the UAE annual reports and 

websites from 2003 to 2013. However, the previous literature findings show an insignificant 

relationship between bank performance and either AML or AMLCTF disclosure (Nobanee & 

Ellili, 2018, 2017). Likewise, Mathuva et al. (2020) explore the relationship between AML 

information in audited annual reports and the profitability of 15 listed regional banks in 

Kenya between 2007 and 2017, but the results are insignificant.  

These insignificant results raise a question regarding financial firms' keenness to increase 

the confidence of shareholders and investors in banks combating ML and TF activities by 

maintaining adequate AMLCTF disclosure with considering the impact of information levels 

on their performance. However, these results are inconsistent with the high cost of 

implementing AMLCTF regulations, which likely affects bank expenses and profitability 

(Magnusson, 2009). Therefore, assessing AMLCTF disclosure's economic consequence on 

firm performance remain limited to the few numbers of AMLCTF reporting studies.  

3.5 Research Gaps 

After reviewing the AMLCTF disclosure literature, to the best of the researcher's knowledge, 

this study attempts to fill the following gaps in earlier research. First, there is no 

comprehensive AMLCTF disclosure measurement in prior studies by Nobanee & Ellili (2017) 

and Siddique et al. (2021). The previous research indices are limited to showing CTF 

information items. For example, Nobanee & Ellili (2017) specifies a category with eight items 

out of 100 total index items for CTF. Likewise, Siddique et al. (2021) appoint a category of 4 

out of 40 items for TF. Thus, some of these indices items are appropriate for AML reporting, 

not just CTF declaration.   

Moreover, Siddique et al. (2021) depend on FATF recommendations to develop the AMLCTF 

disclosure index, unlike Nobanee & Ellili (2017) research that reviews several resources to 

create their index. For instance, Nobanee & Ellili (2017) uses the UK laws and regulations, 

the US AML requirements, FATF recommendations for 2012 and other global AML and 
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AMLCTF legislation. Regardless of the previous indices' content and the number of resources 

utilised to construct them, they are still limited to include some items, such as governance, 

virtual assets and code of conduct. These items are available within the UK laws and 

regulations and the international AMLCTF assessments. Therefore, the current thesis 

indicates a research gap related to the development of prior indices that are used to 

measure the disclosure score.  Hence, this research fills this gap by providing a new 

comprehensive AMLCTF disclosure index. 

Second, there is no theoretical framework for the previous AMLCTF disclosure studies. 

Nobanee & Ellili (2017) and Siddique et al. (2021) show the average disclosure score for 

their indices categories without highlighting their theoretical perspectives or the disclosure 

behaviour over their studies period. On the other hand, AML disclosure research depends 

on several theories to explain their results (see section 2.5). Accordingly, this thesis 

expresses a research gap in discussing earlier AMLCTF disclosure results underpinning the 

theories. The current thesis fill this gap by adopting a number of theories that assisst in 

perforiming the research hypotheses and explaining the findings. 

Third, little effort has been made in prior research to examine AML disclosure's 

determinants. The earlier literature is limited by the study of Mathuva et al. (2020) to 

investigate the AML disclosure drivers. Mathuva et al. (2020) evaluate the relationship 

between AML information and four corporate governance variables: board size and audit 

committee size, risk committee presence and big4 auditors for 15 Kenyan banks. To the best 

of the researcher’s knowledge, no research investigates the AMLCTF disclosure 

determinants. Consequently, this thesis indicates a research gap in exploring the drivers of 

AMLCTF reporting. Thus, to fill this gap, the current study needs to assess and confirm the 

results of Mathuva et al. (2020) and add further corporate governance mechanisms to the 

analysis model. Also, extend the analysis to developed economy countries using large 

samples to generalise the findings.   

Finally, little effort has been made to evaluate the economic consequences of AMLCTF 

disclosure. The earlier literature is limited by the study of Nobanee & Ellili (2017) to examine 

the influence of AMLCTF disclosure on bank profitability by using ROE as a performance 

proxy. Nobanee & Ellili (2017) analysis does not control corporate governance impacts on 

disclosure. Nevertheless, prior literature finds that good governance practices improve 
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AMLCTF implementations (Jayasuriya, 2009). As a sequence, the thesis reveals the findings 

of Nobanee & Ellili (2017) with a research gap which is related to controlling the effect of 

corporate governance when testing the economic consequences of AMLCTF information. 

The current research tends to fill this gap by controlling the impact of corporate governance 

mechanisms. Also, the thesis uses two performance proxies: ROA and ROE, to confirm the 

previous literature findings. 

3.6 Hypotheses Development 

According to the research gaps, this section divides the research hypotheses into three 

subsections: AMLCTF disclosure score, the determinants of AMLCTF disclosure and AMLCFT 

disclosure economic consequences.  

3.6.1 The AMLCTF Disclosure Score  

The disclosure score represents the AMLCTF practises in bank reporting and shows AMLCTF 

information compliance with the constructed disclosure indexes. Indeed, the scoring results 

indicate firm compliance with the laws and regulations as well as the strength and 

weaknesses of the AMLCTF declaration regime. Subsequently, the current research 

attempts to identify the behaviour of the AMLCTF disclosure score over time and index 

content (categories) over the newly constructed AMLCTF disclosure index in this thesis. 

3.6.1.1 AMLCTF Disclosure Extent over Study Period 

In prior literature, two modes are observable while looking at the AML disclosure score over 

time. The first mode is the gradual increase in the disclosure score, which is represented by 

Van der Zahn et al. (2007) and Mathuva et al. (2020). Van der Zahn et al. (2007) show the 

AML disclosure score improves (11.4, 25.7, 0 and 34.3) between 2001 and 2005, except in 

2003 for the National Bank of Ukraine (163 banks). In 2003, no disclosure occurs upon being 

taken off the FATF list (Van der Zahn et al., 2007). Similarly, Mathuva et al. (2020) display 

declaration score increases (0.071, 0.128 and 0.215) for the periods 2007-2009, 2010-2012 

and 2013-2017 for Kenyan commercial banks (15 banks). This increase in disclosure levels is 

likely to be a sequence of implementation of the Proceeds of Crime and Anti-Money 

Laundering Act of 2009 that request the Kenyan banks to increase their AML declaration to 

the community (Mathuva et al., 2020).   
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The second mode is the variation in the AML disclosure score and its exhibit in the studies of  

Van der Zahn et al. (2007) and Harvey & Lau (2009). Van der Zahn et al. (2007) express 

fluctuation in the AML disclosure score (2.9, 5.7, 0, 5.7 and 2.9) between 2001 and 2005 for 

the Reserve Bank of Australia (53 banks). Likewise, Harvey & Lau (2009) present an unstable 

disclosure average score (0.001, 0.022, 0.016, 0.012 and 0.016) for the period 2001 – 2005 

for the UK (7 banks). 3.6.1.1This unstable disclosure trend is subject to fines imposed for 

failure to comply with the UK AML regulations (Harvey & Lau, 2009). Nevertheless, the 

earlier AMLCTF disclosure research does not show the behaviour of the disclosure over 

time, such as Nobanee & Ellili (2017) and Siddique et al. (2021).  

Hence, for the gradual increases in disclosure, the agency theory proposes that improving 

disclosure levels reduces the conflict of interest between the managers and shareholders, 

information asymmetry and agency costs (Mathuva et al., 2020; Watson et al., 2002). 

Besides, the signalling theory assumes that enhancing information levels over time is likely 

to signal bank efforts more than other banks with lower disclosures (Elfeky, 2017; Morris, 

1987; Watson et al., 2002). These disclosures may show their behaviour against ML and TF 

activities risks.  Also, the continual rise of information may respond to the crying wolf theory 

(Mathuva et al., 2020; Murithi, 2013). In addition, the transparency-stability theory suggests 

that the declaration improvement reflects a higher level of transparency and better 

allocation of resources, which supports firm stability (Mathuva et al., 2020; Murithi, 2013; 

Van der Zahn et al., 2007). At the same time, the transparency-fragility theory argues that 

the increase in reporting indicates the potential problem that may face the institutions 

(Mathuva et al., 2020; Murithi, 2013; Van der Zahn et al., 2007). Further, the economic 

theory claims that enhancing disclosure reduces information asymmetry while individuals 

and banks are interested in maximising their benefits (Leuz & Verrecchia, 2000; Wang & 

Hussainey, 2013). 

Therefore, this study attempts to determine the AMLCTF disclosure improvement in the 

annual reports from 2015 to 2019. The research expects that the AMLCTF information 

increases over time and sets the following hypothesis: 

H3.1 The AMLCTF disclosure score improves over time. 
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3.6.1.2 AMLCTF Disclosure Extent over Index Categories 

The AMLCTF disclosure index consists of categories and items (sub-categories). The index 

content is classified based on content analysis results and the relationship between the 

categories and items in prior literature of Mathuva et al. (2020), Nobanee & Ellili (2018) and 

(2017), Siddique et al. (2021), and Van der Zahn et al. (2007).  Moreover, there is a variation 

in the highest and lowest average total score of AML and AMLCTF index categories' in the 

earlier literature.  For example, the highest category scored by Mathuva et al. (2020) is the 

statistics and reports category (45.90%), Siddique et al. (2021) is the AMLCTF policies and 

coordination category (41.39%), Nobanee & Ellili (2017) is the transactions monitoring and 

investigations category (26.00%), Nobanee & Ellili (2018) is the risk category (19.80%), and 

Harvey & Lau (2009) is the compliance and regulation category (2.40%). On the contrary,  

the lowest category score for Harvey & Lau (2009) is the financial crime category (0.40%), 

Nobanee & Ellili (2018) is the KYC category (0.90%), Mathuva et al. (2020) is the technology 

category (4.00%), Nobanee & Ellili (2017) is the general Anti- Terrorist Financing (ATF) 

information category (5.20%) and Siddique et al. (2021) is the transparency and beneficial 

ownership category (9.24%).  

Therefore, prior AML and AMLCTF literature findings vary regarding disclosures of the 

highest and lowest index categories. Table 3-2 summarises the contents of the former AML 

and AMLCTF declaration indices, including the categories' titles. According to these titles 

frequent, the earlier indices focus on several areas.  Indeed, risk context as a subject is 

repeated in overall indices and attracts the attention of the financial firms either with 

existence within index categories titles or items (Harvey & Lau, 2009; Mathuva et al., 2020; 

Nobanee & Ellili, 2018, 2017; Siddique et al., 2021). Besides, the concern of mitigating ML 

and TF risks appears in the hard work of professional institutions such as FATF and BIOG 

while assessing the county's AMLCTF schemes and publishing the evaluation reports (Basel 

Institute on Governance, 2021; Financial Action Task Force, 2018a).  

Consequently, this research tends to determine the AMLCTF disclosure score in each 

category of the current thesis index. It expects a high AMLCTF information score for the 

category of risk context based on the previous literature which is interested in specifying a 

category for risks, such as Harvey & Lau (2009), Mathuva et al. (2020), Nobanee & Ellili 

(2018, 2017) and Siddique et al. (2021).  
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Regarding theories viewpoints, the crying wolf theory supports the intention to enhance 

disclosure for risk context, which proposes that banks tend to raise their risk cries with 

increases in risk exposures to display their awareness in combating financial crimes 

(Mathuva et al., 2020). Moreover, the transparency-fragility theory assumes increasing 

reporting practices point to the potential risks associated with the institutions' operation 

(Mathuva et al., 2020; Murithi, 2013; Van der Zahn et al., 2007). Thus, the research sets the 

following hypothesis: 

H3.2 The AMLCTF disclosure score is the highest for the risk context category. 

3.6.2 Determinants of the AMLCTF Disclosure 

This research examines corporate governance mechanisms' impacts on AMLCTF disclosure 

within the annual reports of the banking sector. In fact, corporate governance reflects 

various mechanisms involved in managing and controlling a firm (Hassan & Halbouni, 2013). 

Nevertheless, several studies attempt to explore the influence of corporate governance on 

preventing ML and TF activities, and their findings confirm the role of good governance in 

improving AMLCTF implementations and enhancing the effectiveness of mitigating financial 

crime programmes (Abdullah & Said, 2019; Hardouin, 2009; Jayasuriya, 2009; Mohammadi, 

Naghshbandi, et al., 2020; Mohammadi, Saeidi, et al., 2020; Pavone & Parisi, 2018). In 

addition, to the best of the researcher’s knowledge, no previous literature examines the 

determinants of AMLCTF reporting. On the other hand, limited research investigates 

corporate governance's effects on AML disclosure (Mathuva et al., 2020). Hence, Mathuva 

et al. (2020) evaluate the impact of 4 corporate governance variables (board size, audit 

committee size, stand-alone risk committee and big4) and find that board size and audit 

committee size are the drivers of the AML disclosure. Accordingly, this research examines 

the relationship between AMLCTF declarations and corporate governance mechanisms by 

adding a number of corporate governance variables (board size, board independence, audit 

committee size, board gender diversity, big4 and audit tenure) to model (1). The research 

assesses these variables to identify the determinants of AMLCTF disclosure; meanwhile, it 

controls the bank-specific characteristics (CAMEL) and other bank-related variables to treat 

endogeneity issues of omitted variables (see 6.7). The subsections below propose six 

directional hypotheses related to corporate governance mechanisms based on the agency 

theory and prior literature results. 
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3.6.2.1 Board Size 

Board size is one of the most frequent corporate governance variables that is used in the 

literature. The board individuals probably well understand the surrounding risks of ML and 

TF (Chatain et al., 2009). They attempt to ensure the banking system's safety and security 

against any suspected activities. Indeed, they are involved in improving AMLCTF systems as 

a part of their responsibilities (Chatain et al., 2009). Similarly, prior studies endorse the 

board's monitoring ability and decision-making effect on reporting procedure and 

transparency (Fama & Jensen, 1983; Sartawi et al., 2014). In addition, the board members 

are involved in reviewing bank compliance with AMLCTF laws and regulations (Chatain et al., 

2009). Therefore, large boards are likely to enhance the disclosure level compared to small 

ones. However, other earlier research papers comment that small board size is better for 

communication, coordination and representation of stakeholders' advantages (Wang & 

Hussainey, 2013).  Hence, prior scholars test the association between the level of disclosure 

and board size, but the findings are diverse. Some studies find a positive association 

between voluntary disclosure and board size (Al-Janadi et al., 2013; Albitar, 2015), while 

others show a negative relationship between the two variables (Alfraih & Almutawa, 2017). 

In contrast, some studies show no association between voluntary disclosure and board size 

(Cheng & Courtenay, 2006; Elfeky, 2017; Saha & Kabra, 2022; Sartawi et al., 2014). In line 

with AML disclosure studies, Mathuva et al. (2020) find a positive relationship between AML 

disclosure and board size.  

Regarding the theoretical perspective, the agency theory suggests that a large board size 

positively influences the disclosure levels as board potential and experience allow improving 

declarations and reducing information asymmetry to satisfy shareholders' interest (Albitar, 

2015; Mathuva et al., 2020; Nandi & Ghosh, 2012; Nerantzidis & Tsamis, 2017; Samaha et 

al., 2012). Accordingly, this research assumes that board size is a determinant of AMLCTF 

disclosure and expects a positive and significant relationship between AMLCTF disclosure 

and board size. Thus, it sets the following hypothesis: 

H3.3 AMLCTF disclosure is likely to be positively influenced by board size.  

3.6.2.2 Board Independence 

Another variable of corporate governance mechanisms is board directors' independence. 

These directors with diverse expertise may attract shareholders' confidence in bank 
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practices and implementations of the AMLCTF programme. Also, the presence of these 

directors in the boardroom increases the insistence on improving disclosure levels 

(Devarajan et al., 2019). Independent board existence prevents other boards from making 

biased decisions and performing unfair functions (Devarajan et al., 2019). Boards with large 

independent members are more trustable than those with no independent directors, 

especially in reporting aspects, due to their intention to minimise the agency problem 

between the managers and shareholders (Fama & Jensen, 1983; García-Meca & Śnchez-

Ballesta, 2010). The independent directors may exercise more disclosure to indicate the 

bank's transparency and good governance (Al Maskati & Hamdan, 2017; Albitar, 2015; 

Devarajan et al., 2019; García-Meca & Śnchez-Ballesta, 2010; Samaha et al., 2012).  

To the best of the researcher’s knowledge, no prior studies explore the impact of board 

independence on the AMLCTF disclosure. However, several researchers test the relationship 

between disclosure levels within firms’ reports and board independence. The findings show 

mixed associations: positive (Al-Janadi et al., 2013; Cheng & Courtenay, 2006; Elfeky, 2017; 

García-Meca & Śnchez-Ballesta, 2010; Habbash et al., 2016; Jouirou & Chenguel, 2014), 

negative (Albitar, 2015; Saha & Kabra, 2022) and no evidence (Alves et al., 2012; Sartawi et 

al., 2014). Accordingly, based on agency theory, the current research assumes that board 

independence is a determinant for AMLCTF disclosure. It expects a positive and significant 

relationship between AMLCTF disclosure and board independence. In addition, it sets the 

following hypothesis: 

H3.4 AMLCTF disclosure is likely to be positively influenced by board independence. 

3.6.2.3 Audit Committee Size 

The audit committee performs a significant role in detecting and reporting financial crimes 

that directly or indirectly influence financial reporting (Mohammadi et al., 2020). The 

committee verifies the firm’s ability to prevent corruption and raises the attention to 

evaluate AMLCTF controls with the occurrence of suspected activities and improve banks' 

governance (Jayasuriya, 2009; Mathuva et al., 2020; Naheem, 2016). The larger size of the 

committee advances the efficiency of detecting, monitoring and settling any issues related 

to financial disclosure (Mangena & Pike, 2005). The committee's involvement in monitoring 

processes improves reporting quality, secures shareholders' interest by declaring price-
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sensitive information, and minimises agency costs (Albitar, 2015; Elfeky, 2017; Elzahar & 

Hussainey, 2012).   

Some research papers examine the association between the extent of voluntary disclosure 

in reporting and the presence of audit committees in the firm. Ho & Shun Wong (2001) 

imply a positive and significant relationship between the two variables. In contrast, 

Alhazaimeh et al. (2014) find insignificant results for the same assessment. Although, the 

link between voluntary disclosure and audit committee size is debatable. Some studies find 

this relationship is positive (Albitar, 2015; Madi, Ishak, & Manaf, 2014), while other scholars 

fail to obtain any significant association (Mangena & Pike, 2005).  In addition, Mohammadi 

et al. (2020) evaluate the impact of audit committee size on ML and show insignificant 

results. In line with AML disclosure studies, Mathuva et al. (2020) investigate the influence 

of audit committee size on AML information in audited annual reports and indicate a 

negative and significant outcome. Alotaibi and Hussainey (2016) argue that the declarations 

by small committees are likely to be limited by the availability of resources. However, the 

large committee's declaration reaches a higher degree of reporting under adequate 

resources and prospects but with less output (Alotaibi & Hussainey, 2016). 

Regarding the theoretical perspective, agency theory proposes that the audit committee 

size improves firms combating crime disclosures to reduce agency issues and attain 

shareholder confidence (Mathuva et al., 2020). Besides, the large audit committees 

maintain different views and experiences that assist in verifying the suspected activities 

related to financial reporting (Mathuva et al., 2020; Takáts, 2007). Therefore, this research 

assumes that audit committee size is a determinant for AMLCTF disclosure and expects a 

positive and significant relationship between AMLCTF disclosure and audit committee size. 

It sets the following hypothesis: 

H3.5 AMLCTF disclosure is likely to be positively influenced by audit committee size. 

3.6.2.4 Board Gender Diversity 

Corporate governance codes mainly support board gender diversity to certify firms' 

healthier performance and promote the quality of reporting (Financial Reporting Council, 

2016; Elmagrhi et al., 2016; Liao et al., 2015). Board gender diversity is associated with 

females' presence on the board of directors besides males. Both genders have equal 
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opportunities to hold a position on the board upon unbiased selection criteria. Moreover, 

some firms prefer to appoint females to the board because they can raise board discussion 

by asking specific questions that others may not (Carter et al., 2003). Also, women's 

perspectives are different from men's due to their cognitive and experience diversity, which 

might be helpful for a better perception of the market requirements, decision-making and 

influencing boards' efficiency (Aribi et al., 2018; Kim and Starks, 2016; Smith et al., 2006). 

On the other hand, Ahern and Dittmar (2012) claim that appointing new female directors to 

the board negatively affects firms' values due to their lack of managing and monitoring 

skills. Regarding their psychological attitude toward stress, Croson & Gneezy (2009) 

illustrate that females are emotionally controlled and tend to be more nervous and 

disappointed with negative results. Their willingness to take risks, engagement in 

competitions and confidence to intake investment choices is lower than males (Croson & 

Gneezy, 2009). Nevertheless, females'  ethical intentions rise more when working in 

repetitive banks and tend to minimise bank risk attached to their working position 

(Birindelli, Chiappini, & Savioli, 2020). 

To the best of the research knowledge, no previous studies investigate the impact of gender 

diversity on AMLCTF disclosure. On the contrary, corporate governance literature assesses 

the relationship between gender diversity and voluntary disclosure, but the findings are 

debatable. Some academic papers argue that females on board positively affect voluntary 

disclosure levels (Bueno et al., 2018; Rouf, 2016; Saha & Kabra, 2022), whereas other 

studies fail to confirm this relationship (Nalikka, 2009; Sartawi et al., 2014). Further, Alagla 

(2019) reports that female board members negatively influence the quality of disclosures in 

the UK.  

From the theoretical viewpoint, the agency theory supports diversity by improving effective 

controlling functions while settling agency puzzles between managers' and shareholders' 

interests (Nadeem, 2019). The theory assumes that gender variation positively affects 

disclosure levels and reduces information asymmetry and agency costs. Consequently, this 

research expects that board gender diversity is a determinant for AMLCTF disclosure and 

expects a positive and significant relationship between AMLCTF disclosure and the presence 

of females on the board of directors. It sets the following hypothesis:  
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H3.6 AMLCTF disclosure is likely to be positively influenced by board gender diversity. 

3.6.2.5 Big-Four Auditors 

The big4 are those leading accounting firms that afford professional services such as 

auditing, corporate finance and consultations. These big4 firms are under the names 

Deloitte, PricewaterhouseCoopers (PwC), Ernst & Young (EY), and Klynveld Peat Marwick 

Goerdeler (KPMG) (Habib et al., 2018; Kamolsakulchai, 2015). They employ high disclosure 

standards to maintain their reputation and reduce their legitimate liability (Al-Janadi et al., 

2013; Devalle et al., 2016). The big4 firms limit the directors' opportunistic behaviour due to 

auditors' role in checking and reporting doubtful activities (Hassan & Halbouni, 2013). These 

activities may relate to the bank's efforts in combating ML and TF. Therefore, the 

shareholders are likely to be more confident with the reports assured by big4 firms. Indeed, 

dealing with big4 auditors increase the firm's compliance with disclosure requirements 

(Agyei-Mensah, 2019).  

Hence, prior literature suggests corporating with large audit firms enhances financial 

information level and quality (Agyei-Mensah, 2019; Aljifri, 2007; Jouirou & Chenguel, 2014; 

Kamel & Awadallah, 2017). Similarly, several studies show a positive relationship between 

the extent of disclosure in the annual reports and dealing with big4 auditors (Al-Janadi et al., 

2013; Albitar, 2015; Bhayani, 2012; Elfeky, 2017; Kamel & Awadallah, 2017; Scaltrito, 2015). 

However, some studies report a negative association between big4 and the level of 

disclosures (Wallace & Naser, 1995), while other literature results remain unclear (Aljifri, 

2007; Alsaeed, 2006; Jouirou & Chenguel, 2014; Saha & Kabra, 2022). Besides, in earlier 

AML disclosure literature, Mathuva et al. (2020) find the relationship between AML 

information and big4 is positive and insignificant. Further, Habib et al. (2018) express that 

big4 charges additional fees premium for auditing high ML transactions.  

According to agency theory, big4 auditors minimise agency problems between bank 

directors and shareholders by providing high disclosures reflecting firm transparency (Al-

Janadi et al., 2013; Gupta & Mahakud, 2021). Subsequently, this research assumes that big4 

is a determinant for AMLCTF disclosure and expects a positive and significant relationship 

between AMLCTF disclosure and big4 audit firms. The study sets the following hypothesis:  

H3.7 AMLCTF disclosure is likely to be positively influenced by big4 auditors. 
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3.6.2.6 Audit Tenure 

Audit tenure refers to the length of a corporation with an auditing firm (Al-Thuneibat et al., 

2011; El Guindy & Trabelsi, 2020). To the best of the researcher’s knowledge, no prior 

studies investigated audit tenure's influence on AMLCTF disclosure. The earlier literature 

discusses the impact of audit tenure on the quality of corporate disclosure and states no 

association between the two variables (Agyei-Mensah, 2019; Alagla, 2019). Likewise, others 

show no relationship between fraud in financial reporting and auditors' long tenure 

(Carcello & Nagy, 2004). However,  Mohammadi et al. (2020) find that audit tenure 

negatively impacts ML. Although the auditor's primary work does not involve investigating 

ML and TF activities, the auditor is responsible for reporting the suspected crimes that have 

a material effect on the financial statement during the audit routine function (Jayasuriya, 

2009; Mohammadi et al., 2020; Naheem, 2016).  

Indeed, the auditor decides whether to work for firms in the appearance of ML and TF cases 

or not, and the length of tenure is shorter in case of the crime confirmation for the former 

auditor; thus, the auditor is required to cut down the audit tenure by law (Mohammadi et 

al., 2020). Hence, the auditor's long relationship with a firm leads to familiarity with their 

accounting procedure (Dao & Pham, 2014; Rahmat et al., 2021). On the other hand, Dao & 

Pham (2014) note that the auditing quality reduces with long tenures due to the auditor's 

absence of objectivity and professionalism in doubting financial matters.  

According to agency theory, long tenure assists in solving the agency problem between firm 

directors and shareholders as the auditors act on behalf of the shareholder's interest 

(Rahmat et al., 2021). The length of auditing tenure ensures an understanding of client 

work, including specific details of managing and controlling (Rahmat et al., 2021). 

Nevertheless, shareholders have the right to limit the engagement with the auditor by 

termination or discontinuation in short periods due to the conflict of interests and lack of 

satisfaction (Rahmat et al., 2021). Hence, the long relationship with the auditors is likely to 

increase AMLCTF information as a part of reporting transparency, highlight bank behaviour 

in combating illegalities and reduce agency cost and information asymmetry. Therefore, this 

research assumes that audit tenure is a determinant for AMLCTF disclosure and expects a 

positive and significant relationship between AMLCTF disclosure and audit tenure. It sets the 

following hypothesis:  
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H3.8 AMLCTF disclosure is likely to be positively influenced by audit tenure. 

3.6.3 The Economic Consequences of AMLCTF Disclosure 

The profitability indicates the firm successful growth, including management's ability to 

allocate resources effectively, financial strength and endurance toward the challenges 

(Ayako et al., 2015; Menicucci & Paolucci, 2016). One of these challenges is fighting ML and 

TF activities. Aish et al. (2021) confirm that ML affects profitability and stability. Indeed, 

better-performing firms tend to improve their disclosures (González et al., 2021). Assessing 

the institutions' disclosures represent their compliance with regulations and influences their 

reputation in preventing financial crimes (Mathuva et al., 2020). Furthermore, the earlier 

AMLCTF disclosure literature investigates the impact of the AMLCTF disclosure on bank 

performance and shows insignificant findings (Nobanee & Ellili, 2017). Likewise, Nobanee & 

Ellili (2018) indicate an insignificant relationship between bank performance and AML 

disclosure. Similarly, Mathuva et al. (2020) express an insignificant relationship between 

AML disclosure and bank profitability. However, the outputs are significant for Murithi 

(2013), who evaluates AML implementations' influence on profitability and Aish et al. 

(2021), who test the effect of ML on bank performance and stability. 

Furthermore, prior literature classifies the performance measurement into accounting-

based performance (such as ROA, ROE, return on sales and return on investment), market-

based performance (such as Tobin-Q, market value-added and market to book value) and 

macro-economic variables (such as GDP, inflation rate and interest rate) (Al-Matari et al., 

2014; Saeed, 2014). Several studies use ROA and ROE as indicators for performance (Alper & 

Anbar, 2011; González et al., 2021; Menicucci & Paolucci, 2016). Besides, Saeed (2014) 

argues that ROA and ROE are widely utilised to examine bank performance. Also, prior AML 

studies used ROA as a proxy for profitability (Aish et al., 2021; Murithi, 2013). In addition, 

AML and AMLCTF disclosure literature utilise ROE as a proxy for performance (Nobanee & 

Ellili, 2018, 2017; Mathuva et al., 2020). 

Regarding the theoretical perspectives, the signalling theory assumes that profitable banks 

are keen to declare more information to signal their performance capability, attract 

investors' attention and prevent share losses (Elfeky, 2017; Inchausti, 1997; Morris, 1987; 

Shehata, 2014). The agency theory claims that banks increase their disclosures to present 

their best practices and minimise the conflict between the managers and shareholders 
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(Albitar, 2015; Elfeky, 2017; Jensen & Mecking, 1976; Morris, 1987; Naheem, 2015b; 

Shehata, 2014). The economic theory claims that individuals and firms are self-interested 

and eager to enhance their benefits (Geiger & Wuensch, 2007; Omran & El-Galfy, 2014). 

Thus, individuals and firms together assist in economic development (Prentis, 2013). 

Therefore, this research assesses the relationship between bank performance and AMLCTF 

disclosure based on accounting-based performance proxies: ROA and ROE. The subsection 

below explains the use of ROA and ROE in prior literature as proxies for firms’ performance. 

3.6.3.1 Return of Asset (ROA) 

A number of scholars use ROA as a proxy for firm performance and explore its relationship 

with AML implementations within different countries' contexts (Mohamud, 2017; Murithi, 

2013). Dolar and Shughart II (2011) observe that USA banks' ROA improve by introducing 

combating crime Acts to the financial sector. Besides, Murithi (2013) finds that AML 

implementations positively impact the Kenyan commercial bank's performance (ROA). 

Similarly, Aish et al. (2021) show a positive and significant relationship between the ML and 

ROA of Malaysian conventional banks and Pakistanian Islamic banks. Likewise, the same 

association is negative and significant for Malaysian Islamic banks and Pakistanian 

conventional banks (Aish et al., 2021). To the best of the researcher’s knowledge, no prior 

AMLCTF disclosure studies explore the relationship between bank performance using ROA 

as a proxy for profitability and AMLCTF disclosure. Moreover, the earlier papers discuss the 

effect of voluntary disclosures on firm performance (ROA) and report mixed findings. Some 

literature shows a positive relationship between the two variables (Elfeky, 2017; Hossain, 

2008; Madi et al., 2014; Sharif & Lai, 2015). Besides, some indicate a negative association 

(Adelopo, 2011), while others show insignificant outcomes (Al-Sartawi & Reyad, 2019; 

Jouirou & Chenguel, 2014). Therefore, this research assesses the relationship between bank 

performance (ROA as a proxy) and AMLCTF disclosures.  

3.6.3.2 Return of Equity (ROE) 

Researchers repeatedly use ROE to evaluate bank profitability and efficiency (Pennacchi & 

Santos, 2021; Salim & Yadav, 2012). Prior studies use ROE as a proxy for performance while 

examining the economic consequences of AMLCTF disclosure. For instance, Nobanee and 

Ellili (2017) assess the relationship between bank ROE and AMLCTF information and report 

insignificant results for the UK banks. Similarly, Nobanee and Ellili (2018) investigate the 
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association between bank ROE and AML disclosure but their research outline insignificant 

findings for the UAE banks. Also, Aish et al. (2021) display a positive and significant 

relationship between ML and ROE of Pakistanian Islamic banks, while the same association 

is negative and significant for Malaysian conventional and Islamic banks and Pakistanian 

conventional banks. Therefore, this research assesses the relationship between bank 

performance (ROE) and AMLCTF disclosure.  

Also, the research sets the following hypothesis based on the above theoretical 

perspectives:  

H3.9 Bank performance is likely to be positively influenced by AMLCTF disclosure.  

 Further, Table 3-3 summarises the research hypotheses. 

Table 3-3 Summary of the Research Hypotheses 

No. Hypothesis 
 

Expected Results Relevant Theory 

 Chapter Five   

H3.1 

The AMLCTF disclosure score improves 
over time. 

Increases - Agency Theory  
- Signalling Theory 
- Crying Wolf Theory 
- Transparency-
Stability Theory 
- Transparency-
Fragility Theory 
- Economic Theory 

H3.2 The AMLCTF disclosure score is the 
highest for the risk context category. 
 

Risk Category - Crying Wolf Theory 
- Transparency-
Fragility Theory 

 Chapter Six   

H3.3 AMLCTF disclosure is likely to be 
positively influenced by board size 

Positive  - Agency Theory  

H3.4 AMLCTF disclosure is likely to be 
positively influenced by board 
independence. 

Positive  - Agency Theory  

H3.5 AMLCTF disclosure is likely to be 
positively influenced by audit committee 
size. 

Positive  - Agency Theory 

H3.6 AMLCTF disclosure is likely to be 
positively influenced by board gender 
diversity. 

Positive  - Agency Theory  

H3.7 AMLCTF disclosure is likely to be 
positively influenced by big4 auditors. 

Positive  - Agency Theory 
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H3.8 AMLCTF disclosure is likely to be 
positively influenced by audit tenure. 

Positive  - Agency Theory 

 Chapter Seven   

H3.9 Bank performance is likely to be 
positively influenced by AMLCTF 
disclosure. 

Positive  - Agency Theory  
- Signalling Theory 
- Economic Theory 

 

3.7 Chapter Summary 

This chapter reviews the earlier literature discussions on AML and AMLCTF disclosure. 

Although the limited number of studies, the research provides an overview of prior AML and 

AMLCTF disclosure measurement, the determinants of AML declarations, and the economic 

consequences of AML and AMLCTF disclosure. Besides, the study identifies the research 

gaps that focus on examining the disclosure scores in annual reports, studying the impacts 

of corporate governance mechanisms on AMLCTF information and assessing the 

declaration's influence on bank performance. Moreover, this chapter proposes nine 

hypotheses upon the theoretical framework and reviews previous research findings. The 

following chapter displays the research methodology in detail.  
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Chapter Four:  Research Methodology 

4.1 Overview 

The current chapter outlines the methodology that is used to achieve the research aim and 

objectives.  It highlights the study philosophy and approaches corresponding to the research 

questions and hypotheses development. Also, it describes the research design and the data 

sample collection. The chapter describes the study methods and the use of content analysis 

and statistical analysis techniques, including variables measurement which are utilised in the 

study regression models. 

4.2 Research Philosophy 

Conducting research involves understanding the research methodology to answer the study 

questions, fill the knowledge gaps and solve research problems. Eldabi et al. (2002) mention 

that any selected methodology is based on scientific justifications. This process consists of 6 

layers according to the research onion figure, which is adopted by Saunders et al. (2019). 

Figure 4-1 summarises the research onion layers. It shows the first layer in the onion is the 

research philosophy, which mainly focuses on knowledge development through the 

researcher's beliefs and assumptions (Saunders et al., 2019).  

Figure 4-1 Research Onion Layers 

 

Error! Reference source not found.Figure 4-2 exhibits that philosophy in social science studies 

maintains four assumptions: ontology, epistemology, human nature and methodology 
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(Holden & Lynch, 2004; Kasim & Antwi, 2015; Saunders et al., 2019; Scotland, 2012). 

Ontology deals with the reality, truth and existence of aspects in their nature and how they 

actually work (Scotland, 2012; Slevitch, 2011). This ontological assumption comprises two 

common concepts: objectivism (realism) and subjectivism (relativism). Objectivism assumes 

that reality is external, and the object is a single phenomenon that can be found with the 

same scientific truth and away from any influences (Holden & Lynch, 2004; Saunders et al., 

2019). In contrast, subjectivism defines science as multiple realities that are bounded by the 

subject's context and perception. The reality is not single and does not exist unless a 

particular context addresses the incident (Saunders et al., 2019).  

The second assumption is an epistemology that reflects the researcher's knowledge and 

beliefs regarding performing the research  (Holden & Lynch, 2004). The epistemological 

assumption comprises three streams: positivism (objectivism), Interpretivism (subjectivism) 

and pragmatism. The first stream of positivism refers to knowledge as an individual fact that 

is possibly observed neutrally through empirical research (testing hypothesis) without the 

distortion and influence of the researcher (Eldabi et al., 2002). The second interpretivism 

stream concerns understanding reality, not testing it. The observations are affected by the 

participant's interpretation and viewpoint as multiple realities subject to social and cultural 

circumstances (Scotland, 2012). The third stream of pragmatism involves examining 

phenomena from a practical perspective using mixed research streams (positivism and 

interpretivism) (Kasim & Antwi, 2015). The pragmatic study attempt to identify the best 

choice that fits with the problem and action by understanding the reality (interpretivism) 

and then setting and testing the hypothesis to have a tool for it (positivism) (Žukauskas et 

al., 2018). If it satisfies the issue, afterwards, it is the best tool. If it does not work, then 

repeat the mixed-research process.  

The third assumption views human nature (pre-determined or not) as deterministic, 

voluntaristic, and socially is constituted since the human innate born. Accordingly, with 

social development, human changes respond to interaction with the surrounding stance, 

which can be inspired or constrained (Holden & Lynch, 2004). The fourth assumption is the 

methodology that defines the tools used to conduct the study and examine the phenomena 

(Holden & Lynch, 2004). Implementing the appropriate methodology improves the study 

findings. The methodology refers to the overall research process, including the theoretical 
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framework and philosophical structure, as well as data collection, analyses and conclusions 

(Slevitch, 2011). Besides, it explains the specific methods utilised to achieve the study aim, 

such as content analysis, statistical correlation and regression. Also, it identifies the research 

approaches. For instance, quantitative and qualitative research methods. The quantitative 

technique depends on factors measurement and statistical analysis to investigate the 

relationship between dependent and independent variables. In contrast, the qualitative 

technique is not bothered about measurements but understanding reality through 

observations and explaining the concepts and aspects that influence the phenomenon 

(Eldabi et al., 2002). Consequently, each research philosophy guides the study to use which 

methodology. 

Figure 4-2 Research Philosophy and Approach                                                                                                            

 
Note: The current research philosophical paradigm is highlighted in red colour. This figure is 
designed based on reviewing several prior resources (Holden & Lynch, 2004; Kasim & Antwi, 2015; 
Saunders et al., 2019; Scotland, 2012; Slevitch, 2011; Žukauskas et al., 2018). 

Table 4-1 summarises the features of the research philosophy (positivism or Interpretivism) 

and approach. Based on the above, this research adopts the ontology objectivism 

assumption, which defines science as an individual reality and the epistemology positivism 

assumption, which assumes facts are observable by testing the hypothesis. The current 

research implements the deductive approach (see 0 for the details), quantitative method 
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(statistical regression models), and content analysis (see Chapter Five: for further 

information).  

Table 4-1 Summary Features of Research Philosophy (Positivism and Interpretivism) 

Research assumptions Positivism 
 

Interpretivism 

Ontology Define science as a single reality 
(Objectivism) 

Define science as multiple realities 
(Subjectivism) 

Epistemology Facts are observable by testing 
the hypotheses 

Opinions to understand the reality; 
not testing it but interpreting it 
based on context 

Methodology Quantitative 
Conceptual framework (Filling 
knowledge gap) 
Validate the results by statistics 

Qualitative 
Solving problems (Seeking reality) 
 
Describing the reality 

Approach Deductive (Use the existing 
theory to develop the research 
hypothesis) 

Inductive (Look to reality, then 
develop the theory) 

Source: Saunders et al., 2019, p.135  
Note: The thesis adopts the positivism classification. 

 

4.3 Research Approach 

Figure 4-1 demonstrates that the second layer in the research onion is the research 

approach (Melnikovas, 2018; Saunders et al., 2019). Figure 4-2 highlights two main 

approaches: deductive and inductive. The positivism study uses the deductive technique, 

while interpretivism utilises the inductive method (Scotland, 2012). The deductive approach 

focuses on the existing theories to develop the study hypotheses that can guide data 

collection and analysis (Saunders et al., 2019). The formulated hypotheses test the 

relationship between the dependent and independent variables to provide quantitative 

evidence supporting or opposing the implementation of theories and conceptual structure 

(Kasim & Antwi, 2015). Hence, this method starts with theory and ends with the conclusion. 

On the other hand, the inductive approach focuses on understanding the phenomenon 

underpinning the context and perception to generate and develop new research theories 

(Saunders et al., 2019). This method seeks data patterns, begins with specific observation, 

data collection, analysis, and ends with formulating a theory (Kasim & Antwi, 2015; 

Saunders et al., 2019). 

Indeed, Figure 4-3 summarises the comparison between the deductive and inductive 

approaches.  Accordingly, this thesis uses the deductive technique to examine the 
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determinants and consequences of AMLCTF disclosure. Thus, the study develops the 

hypotheses based on theoretical perspectives and reviews empirical literature results. These 

hypotheses are tested statistically with regression models to answer the research questions 

and determine whether the findings confirm or oppose the used theories.  

Figure 4-3 Comparison between Deductive and Inductive Research Approaches 

 
Note: The current research Approach is the deductive approach. This figure is designed based on 
reviewing several prior resources (Kasim & Antwi, 2015; Saunders et al., 2019). 

 

4.4 Research Strategy (Design) 

The third layer of the research onion in Figure 4-1 is the research strategy. This layer 

explains how to conduct the research and its process to address its aim and objectives. The 

strategy is the researcher's plans and directions that guide the research journey to identify 

the data and information needed to attain the study results and conclusions (Kumar, 2019). 

The most common types of research design are experimental, action, case study, grounded 

theory, ethnography and archival research (Melnikovas, 2018; Saunders et al., 2019).  

The experimental design studies causality. It investigates the impact of the independent 

variables on the dependent variable within a specific model based on the hypotheses 

generated from the existing theories (Kasim & Antwi, 2015; Kumar, 2019). The experimental 

strategy fits with the positivism research philosophy, quantitative and deductive approach 

(Kasim & Antwi, 2015; Slevitch, 2011). Another type of research design is action research, 

and as it is named, it implements problem-solving actions to help the researcher to gain 

knowledge through action and for action (Kumar, 2019). Action research focuses on 
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practical environments and empirical procedures to examine the issues and how to treat 

them in cyclical processes (Kumar, 2019). This strategy usually suits qualitative studies more 

than quantitative ones. 

Moreover, another research strategy is case study research. It deals with understanding 

certain contexts and cultures to indicate in-depth knowledge and findings from real-life 

situations (Creswell, 2013). This type of research design is familiar with interpretivism 

research philosophy that has qualitative nature and performs an inductive approach 

(Kumar, 2019). In addition to the earlier research strategies is grounded theory. This design 

depends on the study data to develop a new theory or framework (Creswell, 2013). It is 

known as a grounded theory reflecting the constructed theory from the data collection and 

analysis simultaneously (Mills et al., 2006). This strategy is common with a qualitative and 

inductive approach. 

Furthermore, the ethnography strategy describes people's behaviour within their physical 

settings and observes their interaction with the cultural group (Creswell, 2013; 

Sangasubana, 2011). Ethnography design is likely to appear with interpretivism research 

philosophy that implies qualitative and inductive techniques (Creswell, 2013).  Finally, the 

archival research strategy is based on historical data from archives for specific purposes 

(Chapman et al., 2006; Sangasubana, 2011) 

Upon the discussion above, this research uses two types of research strategies: 

experimental and archival research. The experimental research design is utilised to identify 

the determinants of AMLCTF disclosure by testing the association between AMLCTF 

disclosure score and corporate governance characteristics. Also, this study explores the 

AMLCTF economic consequence by testing the relationship between bank performance and 

AMLCTF disclosure. Besides, the current research employs an archival research strategy by 

utilising secondary data; the archival annual reports are available on the bank website, S&P 

Capital IQ platform, BoardEx database, Refinitiv Eikon database and the Companies House 

service directory. Meanwhile, the annual reports are the primary source of information for 

banking sector users compared to other informative channels. Harahap (2003) notes the 

usefulness of annual reports in providing financial, operational and profitability positions. 

Also, these documents offer a variety of specific declarations that are prioritised based on 

the information demand by reports users and the cost of resources that are required in 
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publishing annual reports (Johansen & Plenborg, 2013). Hence, the study uses the annual 

reports to measure the AMLCTF disclosure score by content analysis through all annual 

reports sections. 

4.5 Research Methodological Choice 

The methodological choice is the fourth layer in the research onion (Saunders et al., 2019). 

It describes the data type in three forms: mono-method (either quantitative or qualitative), 

mixed-method (both quantitative and qualitative) and multi-method (more than two 

quantitative and/or qualitative) (Melnikovas, 2018; Kumar, 2019). Simply, quantitative data 

appears as numbers and statistics, while qualitative data is words and information, not 

numbers (Ngulube, 2015). Therefore, this research applies mono method choice, which 

implements the quantitative method to calculate disclosure scores numerically by utilising 

content analysis and analysing the numerical data by conducting regression analyses.  

4.6 Research Time Horizon 

After the methodological choice layer, the time horizon is the fifth layer in the research 

onion (Saunders et al., 2019). This layer demonstrates the time of the data sample in either 

cross-sectional (at a time point) or longitudinal (at multiple time points) (Kumar, 2019). 

Thus, the longitudinal horizon continually allows tracking the information changes 

(Sangasubana, 2011). Therefore, this research time horizon is longitudinal as the data for 

the same sample is repeatedly collected from their annual reports between 2015 and 2019. 

 The study focuses on this period (2015-2019) for several reasons. First, the Serious Crime 

Act is introduced in 2015. It provided authorisation to disclose ML information without civil 

liabilities when the firm makes it in good faith (The Parliament of the United Kingdom, 

2015). Second, in the same year, 2015, Her Majesty Revenue and Customs (HMRC) publish 

the first report on AML supervisory activities. This report indicates the role of HMRC in 

preventing and investigating ML and TF crimes by disclosure orders power that is given to 

the law enforcement officer to gather any information required along with the inspection 

life (HM Revenue & Customs, 2015). Indeed, this report has been issued annually since 

2015.  

Third, in 2015, Her Majesty (HM) Treasury declared the UK’s first report on the national risk 

assessment of ML and TF.  The report points to the banking sector risks and emphasises 
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disclosure importance in general (HM Treasury, 2015). Fourth, the current research focuses 

on the last five years of the thesis beginning and selects 2015 due to the manual content 

analysis requirement for careful and deep reading to score AMLCTF information in annual 

reports as long as it is time-consuming. Finally, this research attempts to trace the future 

changes in AMLCTF disclosure score since the previous paper conducted by Nobanee & Ellili 

(2017) for the UK banks up to the time of starting the current thesis in 2019. Also, compare 

the AMLCTF disclosure results of this study with earlier AML and AMLCTF disclosure studies 

outcomes (Harvey & Lau, 2009; Mathuva et al., 2020; Nobanee & Ellili, 2018, 2017; Siddique 

et al., 2021; Van der Zahn et al., 2007). 

4.7 Research Techniques and Procedures 

Techniques and procedures fall in the sixth layer of the research onion (Saunders et al., 

2019). This layer clarifies data collection and analysis that fits all the above-discussed layers 

(philosophy, approach, strategy, methodological choice and time horizon) and attempts to 

answer the study questions and achieve the research aim and objectives (Melnikovas, 

2018). Accordingly, the following subsections explain the current thesis techniques and 

procedures,  including data sample collection, content analysis, disclosure measurement and 

statistical analyses. 

4.7.1 Data Sample Collection 

This thesis examines AMLCTF disclosure extent in the UK banks' annual reports from 2015 to 

2019. Selecting the UK as a country to conduct the research is due to several reasons. First, 

the UK is the biggest financial service provider worldwide, and its banks engage parallelly 

with large amounts of fund movements (Financial Action Task Force, 2018a). Some of these 

funds may relate to ML and TF activities which put the country under threat of financial 

crime risks (Financial Action Task Force, 2018a). Second, regardless of its power to control 

crime over the financial service sector and robust AMLCTF regime, which is greater than any 

other country globally, FATF (2018a) notes that the UK reaches 1400 ML convictions 

annually, and around 108 TF convictions and 186 TF prosecutions over the period 2014/15 – 

2016/17. Third, Financial Action Task Force (2018a) reports that the UK supervisory, 

including financial intelligence unit resources and suspicious activity reporting, requires 

more attention to effectively operate AMLCTF regimes. Finally, the BAMLI report shows the 

UK as one of the low ML and TF risk levels and high technical compliance performance. For 
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example, the UK receives a good ranking as number 106 among 129 countries listed in the 

report of 2018 (Basel Institute on Governance, 2018). Likewise, in 2019, the UK rank remains 

in the same low-risk category at 106 out of 125 observations, but this rank is better than the 

previous ones in 2018 (Basel Institute on Governance, 2019). 

The current thesis finds two studies for AML and AMLCTF disclosure in the UK context. The 

first research is a published paper by Harvey & Lau (2009), which examines the influence of 

suspicious reporting on the bank's reputation besides assessing the AML disclosure and level 

of compliance. Thus, the findings indicate a low AML disclosure and compliance volume 

within the UK banks and limited awareness of AML and oversight reputation (Harvey & Lau, 

2009). Nonetheless, the second research is a paper by Nobanee & Ellili (2017), which 

measures AMLCTF disclosure extent in annual reports and websites and evaluates the 

declaration effect on bank performance. Hence, the outcomes represent a low AMLCTF 

disclosure, and information on the websites is higher than in the annual reports.  Also, the 

influence of the disclosures on banking performance is not significant (Nobanee & Ellili, 

2017).  

In addition, the core reason for focusing on banks is their recognition as the economic 

backbone of the financial industry. Besides, prior literature finds that financial institutions 

are more widely misused for illegal proceeds than non-financial firms (Siddique et al., 2021). 

In addition, banks deal daily with an inclusive number of operations that occur as a 

sequence of funds circulation in different transactions, currencies, and procedures. These 

operations include providing clients with various facilities such as fund management, 

insurance, and foreign exchange (Zhang et al., 2022). Hence, these operations need more 

dynamic controls. For instance, one of the monitoring and controlling tools is that financial 

firms are eligible to question the source of these funds and report the suspected causes (He, 

2010).  Also, Balani (2019) states that banks implement massive policies and guidelines to 

prevent criminals' risk, maintain good reputational status, ensure financial system integrity, 

and comply with the laws and regulations. Despite banks' effective intelligence systems and 

complicated software to track any funds related to crime, still safeguarding functions are 

subject to failures (Jayasuriya, 2009). Further, the UK HM Treasury considers the ML and TF 

risk scores are high for the banking sector in 2015 (HM Treasury, 2015), 2017 and 2020 (HM 

Treasury, 2020b), where no reports are published in 2016, 2018, and 2019. 
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Regarding the research sample, which focuses on the UK banks from 2015 to 2019, 

following Nobanee & Ellili (2017), the research sample selection relies on the Bank of 

England list of banks which is published on 30 April 2019 (Bank of England, 2019). Table 4-2 

shows that this list includes (309) banks, and they are classified into; (154) banks 

incorporated in the UK, (84) banks incorporated outside the European Economic Area (EEA) 

and (71) banks incorporated in the EEA. The last two classifications are not considered 

within the research sample as they are incorporated outside the UK and authorised to 

accept deposits through a UK branch. Consequently, this study focuses on the above (154) 

banks as their operations are within the UK and entitle to the same banking sector laws and 

regulations. These (154) banks are divided into; (80) private limited banks, (70) public 

limited banks (PLC) and (4) private owned and unlimited banks. However, the final data 

sample number reduces from (154) to (125) financial firms for the following reasons. First, 

some of these banks' annual reports are unavailable between 2015 and 2019. Second, some 

banks publish group reports instead of individual bank reports. The group report includes all 

the group businesses, not just the bank stand-alone information. Finally, some bank reports 

are not annual (12 months reports). These periodic reports cover longer or shorter cycles of 

eighteen or six months. Also, this sample size is greater than the earlier AMLCTF disclosure 

literature samples of Nobanee & Ellili (2017) and Siddique et al. (2021).  

Meanwhile, it is observable that prior researcher varies in the extent of the sample number. 

For AML disclosure literature, the minimum sample is 7 for the UK banks (Harvey & Lau, 

2009), and the maximum is 176 for the UAE banks (Nobanee & Ellili, 2018). In comparison, 

for AMLCTF studies, the minimum sample is 71 for the UK banks (Nobanee & Ellili, 2017), 

and the maximum sample is 176 for money exchange providers in GCC countries (Siddique 

et al., 2021). Also, the previous literature sample concentrates on different countries, and 

each country is studied once, such as Australia, Ukraine (Van der Zahn et al., 2007), and 

Kenya (Mathuva et al., 2020). except for the UAE (Nobanee & Ellili, 2018; Siddique et al., 

2021) and the UK (Harvey & Lau, 2009; Nobanee & Ellili, 2017) studied twice. Also, the GCC 

countries are gathered in the study of Siddique et al. (2021).   

Hence, section 4.4 shows many sources for downloading the sample annual reports, and  

Table 0-1Error! Reference source not found. shows the names of the banks included in the 

current research.  
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Table 4-2 The UK Banks as Compiled by the Bank of England on 30th April 2019 

The UK Banks as Compiled by the Bank of England on 30th April 2019 No. of Banks 

Total number of the UK banks 309 

(1) Banks incorporated outside the EEA are authorised to accept deposits 
through a branch in the UK 

- 84 

(2) Banks incorporated in the EEA and entitled to accept deposits through a 
branch in the UK 

- 71 

(3) Banks incorporated in the United Kingdom* 154 

Unavailable annual reports for the period 2015-2019 - 29 

Final research sample (Number of banks) 125 

Total number of observations from 2015 to 2019 = 125 banks × 5 years 625 

*Note: Banks incorporated in the United Kingdom (154) are Private Limited Banks (80 firms), 
Private Owned (Unlimited) Banks (4 firms), and Public Limited Banks (PLC) (70 firms). 

 

4.7.2 Disclosure Measurement 

This research measures AMLCTF disclosure from the annual reports of the UK banking 

sector. Thus, the previous literature uses several techniques for disclosure measurement. 

The following subsections explain the use of content analysis  in disclosure measurement 

and the construction of disclosure indices in earlier research.  

4.7.2.1 Content Analysis 

As discussed in section 4.5, the content analysis is a quantitative methodological choice. It is 

also known as the quantitative analysis of qualitative data (Morgan, 1993). Hence, content 

analysis can be performed for both methodologies, the quantitative method (which 

depends on evaluating numbers) and the qualitative method (which depends on 

understanding and interpreting the context) (Ngulube, 2015). Also, it is widely applied in 

prior disclosure studies (Abdo et al., 2018; Haj-Salem et al., 2020; Kothari, Li, & Short, 2009; 

Nobanee et al., 2020; Nobanee & Ellili, 2018). The term content analysis refers to a research 

technique that is used to count and analyse the occurrence of specific words, phrases, and 

information within a text by classifying the content into several smaller categories and 

determining the existence of this information or words within the defined categories  (Haj-

Salem et al., 2020; Ibrahim, 2017). This analysis mainly focuses on coding words or text 
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sentences to match the study content evaluation (Harvey & Lau, 2009; Ibrahim, 2017).  It 

performs in two ways: traditional (manually done by a human) and automated (done by 

computer software).  

Thus, the current study implies manual content analysis to answer the research's first 

question about the extent of AMLCTF disclosure in the UK banks' annual reports. This 

technique assists in determining the banks' concern about combating financial crime by 

measuring the declaration score. The traditional content procedure is more appropriate for 

this research than the computerised ones due to its advantages.  Haj-Salem et al. (2020) 

consider that the manual process enhances content analysis effectiveness because the 

individual understanding of the research texts is better than the software. In addition, the 

individual can interpret the context deeper and verify the information reality by explaining 

its culture and historical truth (Van der Zahn et al., 2007).  In contrast, the disadvantages of 

manual content analysis are human errors, relational interpretation, and time-consuming, 

increasing the cost of analysing big-data samples (Duriau et al., 2007; Haj-Salem et al., 

2020).  

Therefore, to ensure the traditional content assessment results, the study verifies the 

content analysis by checking its validity, reliability, and stability. For validity, Krippendorff 

(1980) suggested many methods to check it, such as face validity, content validity and 

construct validity. Face validity measures what the research intends to test by asking others 

to re-assess the study measures as initially they are intended to be measured (Dang, 2011; 

Krippendorff, 1980). Content validity confirms the study's inclusiveness of overall contents 

within the test by computer software and individual subjective opinion (Duriau et al., 2007; 

Krippendorff, 1980). For example, disclosure indices calculate the reporting scores upon the 

researcher's subjectivity and view (Hassan & Marston, 2019). Construct validity deals with 

content classification, which depends on the theories and developed hypotheses and the 

extent of their implementation by other scholars (Hassan & Marston, 2019).  

Besides, the reliability of content analysis involves several re-checks (more than one 

individual) to confirm the consistency of the counted contents within the coded categories 

(Haj-Salem et al., 2020).  Further, stability is a kind of reliability, and it is concluded with the 

occurrence of similar results more than once by the exact content analyser (Haj-Salem et al., 

2020; Hassan & Marston, 2019). 
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Whether the content analysis is manual or automated, prior literature shows that the 

coding process is essential to content assessment (Duriau et al., 2007; Kothari et al., 2009).  

Besides, Haj-Salem et al. (2020) show that the coding procedure involves five steps. First, 

clarify the research question. Second, decide on the codable document (annual report, 

conference paper, press release and website information). Third, define the coding units 

(keywords, sentences, paragraphs and parts or whole pages). Fourth, outline the disclosure 

categories (the general theme of the index). Finally, set the coding mode (weighted 

approach or an un-weighted approach).  

Al‐Htaybat (2011) demonstrates that the un-weighted approach calculates the quantity of 

disclosure and assigns a score of 1 when the coding unit is fully disclosed and 0 otherwise. 

On the other hand, the weighted approach measures the quality of declarations by 

weighting the coding units upon their importance depending on the assessor judge 

(Al‐Htaybat, 2011). Some codes appear more valuable than others, and the scoring scheme 

does not rely only on the values 0 and 1 for the weighted approach (Marston & Shrives, 

1991). The scores may include other values, such as the study of Harvey & Lau (2009), which 

obtains a range of 0 to 3 for scoring each index category. 

4.7.2.2 Constructing Disclosure Index 

Another method that helps in disclosure measurement is constructing indices. The index 

content may include simple and comprehensive information subject to its development 

purpose (Al‐Htaybat, 2011; Marston & Shrives, 1991). Through disclosure results, the 

researchers can view the vital disclosure items with high scores among other coding units 

with lower scores  (Marston & Shrives, 1991). Also, the index is a helpful tool to check the 

firm's compliance with the laws and legislation (Marston & Shrives, 1991). It indicates the 

disclosure levels and compliance of the declared information related to the disclosed items. 

Mathuva et al. (2020) state that the index provides the scholar with the revising ability to 

modify and update the declaration checklists to fit the extent of the analysed phenomenon. 

There is no best practice for designing an index (Urquiza et al., 2009), but three common 

stages are involved in constructing the disclosure index (Ibrahim, 2017; Urquiza et al., 2009). 

First, prepare a checklist of codes or items related to the disclosure field by reviewing 

different information sources such as existing literature, practical context publications, 

international organisations' assessments and recommendations reports and laws and 
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regulations. For instance, Van der Zahn et al. (2007) construct an AML index depending on 

FATF 2003 recommendations, and it consists of 6 categories and 35 items. Similarly, 

Nobanee & Ellili (2018) build the AML index with 6 categories and 55 items based on FATF 

recommendations and BIOG indicators to assess ML and TF, as well as, the US, the UK and 

the UAE laws and regulations. Likewise, Mathuva et al. (2020) perform the AML index of 6 

categories and 72 items by relying on BAMLI 2012, FATF Recommendations from 2013 to 

2019 and research papers of Van der Zahn et al. (2007) and Nobanee & Ellili (2018). Also, 

Siddique et al. (2021) rely on FATF recommendations to develop the AMLCTF disclosure 

index with 7 categories and 40 items. 

Second, assess the availability of the checklist by scoring the coding units using weighted or 

un-weighted approaches (these approaches are discussed earlier in subsection 4.7.2). This 

stage can be performed manually and automated (Wang & Hussainey, 2013). The manual 

method depends on reading the information source and scoring the items. The automated 

method uses computer software to generate the scoring (Hussainey & Al-Najjar, 2011). This 

software can be in two forms. The first form affords the disclosure scoring relying on the 

researcher's information sources, such as the Nvivo software. This program assists in 

checking the availability and frequency of the codes within the data sample and the related 

publications to the research topic. The second form provides ready disclosure scoring like 

LancsBox software. Wang & Hussainey (2013) propose employing the automated technique 

to confirm the reliability of the disclosure scoring.  

Third, measure the disclosure score based on the scoring process by mathematical formulas 

or use the available disclosure scores that are published by professional bodies and 

academic scholars. For example, Nobanee & Ellili (2018) and Mathuva et al. (2020) calculate 

the AML disclosure score mathematically by summing up the disclosed items in a given year 

and dividing the sum by the total number of items in the index. However, Aish et al. (2021) 

utilise the scores in the BAMLI report (open-access) to conduct their analysis. Furthermore, 

using these open-access index scores does not require much data collection effort. In 

contrast, self-developed indices are time-consuming and need extensive reviews of prior 

indices to design new branded ones. Urquiza et al. (2009) point out that the changes in the 

design of the self-construct index may influence the disclosure studies results. Also,   Ibrahim 

(2017) notes that the own-constructing index is subjective, costly and labour-intensive for 
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large samples. Besides, it depends on the knowledge and interpretation of the phenomenon 

settings (Urquiza et al., 2009). Consequently, section 5.2 highlights the research procedures 

for developing the new AMLCTF disclosure index. 

Therefore, to avoid biased findings due to the researcher's subjectivity, it is essential to 

check the validity and reliability of the constructed index and the scoring process.  Marston 

& Shrives (1991) recommend validating by conducting a pilot study. In addition, Grassa et al. 

(2020) suggest testing the scoring process's validity and reliability by the following stages. 

First, the researcher can validate and confirm the index checklist themes and items by 

relying on the existing information such as prior literature, practical practices and 

professional publications. Second, the researcher can ask another individual assessor to 

perform content analysis to ensure the analysis alignment. Third, the researcher can ask 

independent examiners to conduct face validity to verify the index content and scoring 

(Dang, 2011; Krippendorff, 1980). Fourth, the researcher may compare both earlier scoring 

results (the researcher himself and the independent assessor) for the same measured 

codes. Finally, the researcher can compute the reliability alpha test, which checks inter-rater 

consistency and measures the reliability coefficient scale. Indeed, based on Krippendorff’s 

alpha, the good reliability of Kalpha is more than 0.67 (Grassa et al., 2020).  

Equally, to test the validity and reliability of the developed index and the scoring, prior 

literature suggests using computer software to determine the automated scores (Hussainey 

& Al-Najjar, 2011) and the frequency of the items. Then compare the automated results 

with the manual researcher scoring. Nevertheless, section 5.4 discusses the research 

process to check the validity and reliability of constructing the new AMLCTF disclosure index 

and scoring annual reports. 

4.7.3 Statistical Analysis: Research Models 

This thesis uses two models for statistical analysis. Model (1) investigates the determinants 

of AMLCFT disclosure by testing the relationship between AMLCTF disclosure and corporate 

governance variables. Besides, the model is hypothesised from H3.3 to H3.8 and tested by 

three regressions: Tobit, robust and lag approach (t-1). Chapter six explains the regression 

results and analyses of these models. On the other hand, model (2) examines the economic 

consequences of the disclosure by testing the association between bank performance and 

AMLCTF disclosure. Model (2) uses two accounting-based performance proxies, ROA and 
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ROE, as dependent variables. Hence, the regression test for model (2) is performed twice. 

ROA is the dependent variable in the first run, while in the second trial, ROE replaces ROA in 

the same model. Also, model (2) is hypothesised H3.9, and it is tested by performing three 

regressions: quantile, robust and lag approach regressions. After that, chapter seven 

presents the findings and analyses of the AMLCTF economic consequences. Hence, the 

below subsection explains both models variables. 

4.7.3.1 Determinants of AMLCFT Disclosure 

The first regression model explores the impact of corporate governance mechanisms on 

AMLCTF disclosure. Model (1) assist in identifying the determinants of AMLCTF information 

in the UK banks' annual reports. The reason for selecting corporate governance mechanisms 

for the analysis is that the UK corporate governance code promotes corporate disclosure 

and transparency (Financial Reporting Council, 2018). Likewise, these mechanisms show 

management's capability to direct firm performance and reduce reporting asymmetry 

(Hassan and Halbouni, 2013). However, the governance factors cannot stop any financial 

crime in banks, but they are likely to indicate an alarm before illegality goes too late (Dibra, 

2016). Numerous studies show that a weak governance environment increases the number 

of crimes in the banking sector (Al Maskati and Hamdan, 2017; Dibra, 2016; Jakada and 

Inusa, 2014). Also, Vaithilingam and Nair (2007) demonstrate that a reasonable extent of 

corporate governance decreases ML activities in developed countries, including the UK. 

Further, Jayasuriya (2009) confirms that good governance mechanisms improve the AMLCTF 

systems. In addition, Mathuva et al. (2020) find that board size and audit committee size are 

determinants of AML disclosure in Kenyan commercial banks between 2007 and 2017. 

Accordingly, this research examines corporate governance effects on AMLCFT disclosure by 

implementing the following model:  
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Model 1: AMLCTF disclosure 

𝐴𝑀𝐿𝐶𝑇𝐹𝐷𝑖𝑡 =   𝛽0 +  𝛽1𝐵𝑆𝐼𝑍𝐸𝑖𝑡 +  𝛽2𝐵𝐷𝐼𝑖𝑡  + 𝛽3𝐴𝐶𝑆𝐼𝑍𝑖𝑡  + 𝛽4𝐵𝐺𝐷𝑖𝑡 
+ 𝛽5𝐵𝐼𝐺4𝑖𝑡 + 𝛽6𝐴𝑈𝑇𝑈𝑖𝑡 + 𝛽𝑘𝐶𝑂𝑁𝑇𝑉𝐴𝑅𝑖𝑡 +  𝜀𝑖𝑡 

 

Where: 

𝐴𝑀𝐿𝐶𝑇𝐹𝐷 = Anti-Money Laundering and Counter-Terrorist Financing disclosure (dependent 
variable), 𝛽0= The regression intercept, 𝛽1 𝑡𝑜 𝛽6 = The coefficient of corporate governance variables 
(independent variables), 𝐵𝑆𝐼𝑍𝐸 = Board size (independent variable), 𝐵𝐷𝐼 = Board independence 
(independent variable), 𝐴𝐶𝑆𝐼𝑍 = Audit committee size (independent variable), 𝐵𝐺𝐷 = Board gender 
diversity (independent variable), 𝐵𝐼𝐺4 = Big4 audit firms (independent variable), 𝐴𝑈𝑇𝑈 = Audit 
tenure (independent variable), 𝐶𝑂𝑁𝑇𝑉𝐴𝑅 = Control variables, 𝑖 = The bank , 𝑡 = The year of the 
annual report, 𝑘 = The coefficient of control variables, 𝜀 = Error term. 

 
 
Model (1) dependent variable is the AMLCTF disclosure score. The independent variables 

are the corporate governance mechanisms (6 variables; board size, board independence, 

audit committee size, board female, big4 audit firms and audit tenure). The control variables 

consist of banks specific characteristics (5 variables; CAMEL), other bank-related variables (5 

variables; deposits, firm size, age, type of bank and nature of business) and year dummies (5 

variables; from 2015 to 2019). Table 4-3 shows model (1) variables measurements and data 

sources.  Thus, the next subsections explain model (1) dependent, independent and control 

variables. 

 

Table 4-3 Model (1) Variables’ Symbols, Measurements and Data Sources 

Variable Symbol Measurement References Data 
Source 

Dependent variables   

AMLCTF 
Disclosure 

𝐴𝑀𝐿𝐶𝑇𝐹𝐷𝑖𝑡   Dummy variable: 1 
indicates AMLCTF 

disclosure exists and 0 
otherwise  

(Nobanee & Ellili, 
2018; Mathuva et al., 

2020) 

Annual 
report 

Independent Variables   

Corporate Governance Mechanism   

Board Size 𝐵𝑆𝐼𝑍𝑖𝑡  Total number of members 
on the board  

(Alhazaimeh et al., 
2014; Kolsi, 2017; 
Devarajan et al., 

2019; Saidat et al., 
2019; Saha & Kabra, 

2022) 

Annual 
report 
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Board 
Independence 

𝐵𝐷𝐼𝑖𝑡 Number of independent 
directors to the total 

board size  

(Alves et al., 2012; 
Jouirou & Chenguel, 
2014; Elfeky, 2017; 

Devarajan et al., 
2019; Saha & Kabra, 

2022) 

Audit 
Committee 

Size 

𝐴𝐶𝑆𝐼𝑍𝑖𝑡  Total number of members 
on the audit committee  

(Mangena & Pike, 
2005; Aldamen et al., 
2012; Mohammadi et 

al., 2020; Gupta & 
Mahakud, 2021) 

Board Gender 
Diversity 
(Board 

Female) 

𝐵𝐺𝐷𝑖𝑡  Number of female 
members on board to total 

number of board 
members 

(Alfraih, 2016; 
Elmagrhi et al., 2016; 

M. A. Rouf, 2016; 
Saha & Kabra, 2022) 

Big4 Audit 
Firms 

𝐵𝐼𝐺4𝑖𝑡  Dummy variable: (1) 
indicates a firm auditor is 

a leading auditing firm 
(Deloitte, 

PricewaterhouseCoopers 
(PwC), Ernst & Young (EY), 

and Klynveld Peat 
Marwick Goerdeler 

(KPMG), where big4 is (0) 
if the firm auditor is 

otherwise. 

(Albitar, 2015; 
Kamolsakulchai, 

2015; Scaltrito, 2015; 
Nahar et al., 2016) 

Audit Tenure 𝐴𝑈𝑇𝑈𝑖𝑡  Count tenure years 
forward starting from 

2015, and trace it until the 
year which the client 

switched to another audit 
firm 

(Al-Thuneibat et al., 
2011; Cenciarelli, 
Greco, & Allegrini, 

2018) 

Control Variables   

Bank-Specific Variables   

Capital 
Adequacy 

𝐶𝐴𝑃𝑖𝑡  Total equity to total asset (Menicucci & 
Paolucci, 2016) 

Annual 
report 

Asset Quality 𝐴𝑄𝑖𝑡  Total loan to total asset  (Alper & Anbar, 2011; 
Saeed, 2014) 

Management 
Quality 

𝐶𝐼𝑅𝑖𝑡  cost-to-income ratio: 
operating expense to 

operating income  

(Mathuva et al., 2020; 
Ahmed, 2021)  

Earnings 
(Profitability) 

 
 

𝑅𝑂𝐴𝑖𝑡  Return on asset: Net 
income to total asset 

(Bateni et al., 2014; 
Jouirou & Chenguel, 
2014; Saeed, 2014; 
Nahar et al., 2016; 

Kolsi, 2017; Saidat et 
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al., 2019) 

𝑅𝑂𝐸𝑖𝑡  Return on equity: Net 
income to total equity 

(Bateni et al., 2014; 
Jouirou & Chenguel, 
2014; Saeed, 2014;  
Nahar et al., 2016) 

Liquidity 𝐿𝑄𝑖𝑡  Liquid asset to total asset (Alper & Anbar, 2011) 

Other bank-related variables   

Deposits 𝐷𝐸𝑃𝑖𝑡  Total deposit to total asset ( Saeed, 2014; 
Menicucci & Paolucci, 

2016) 

Annual 
report 

Bank Size 𝐵𝐴𝑆𝑖𝑡  The logarithm of total 
asset  

 (Hossain, 2008; 
Adelopo, 2011; Nahar 
et al., 2016; Saidat et 
al., 2019; Alodat et 

al., 2021)  

Age 𝐴𝐺𝐸𝑖𝑡  Number of years operating 
since the establishment  

(Hossain, 2008; 
Alodat et al., 2021) 

Companies 
House 

services* 

Type of Bank 𝑇𝑌𝑃𝑖𝑡  Dummy variable: (1) 
indicates a bank is a public 
limited company, and (0) is 

a private limited 
(unlimited) company 

(Ozili, 2017; Yao, 
Haris, & Tariq, 2018) 

Nature of 
Business 

𝑁𝑎𝑡𝑖𝑡  Dummy variable: (1) 
indicates nature of 

business is a bank and (0) 
otherwise 

(Trujillo-ponce, 2013) 

The Year 
2015 

YD2015 Dummy variable: (1) 
indicates the current year 
2015, and (0) otherwise 

(Hussainey & Al-
Najjar, 2011) 

Annual 
report 

The Year 
2016 

YD2016 Dummy variable: (1) 
indicates the current year 
2016, and (0) otherwise 

The Year 
2017 

YD2017 Dummy variable: (1) 
indicates the current year 
2017, and (0) otherwise 

The Year 
2018 

YD2018 Dummy variable: (1) 
indicates the current year 
2018, and (0) otherwise 

The Year 
2019 

YD2019 Dummy variable: (1) 
indicates the current year 
2019, and (0) otherwise 

*Companies House services website: https://find-and-update.company-
information.service.gov.uk/ 

    

 

https://find-and-update.company-information.service.gov.uk/
https://find-and-update.company-information.service.gov.uk/
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4.7.3.1.1 Dependent  Variable 

This study focuses on AMLCTF disclosure in the UK banking sector. Therefore, the AMLCTF 

disclosure score is the main variable of the research. Then, the study follows several steps to 

perform the disclosure measurement, including constructing the AMLCTF disclosure index 

and content analysis (see the discussion above in section 4.7.2). Further, Chapter Five: 

explains AMLCTF disclosure measurement and the scoring results in detail. 

4.7.3.1.2 Independent Variables 

Six corporate governance mechanisms (independent variables) appear in model (1): board 

size, board independence, audit committee size, board gender diversity (board female), big4 

audit firms and audit tenure. Indeed, section 3.6.2 highlights the existence of these variables 

in prior literature. Afterwards, underpinning agency theory, the thesis developed its 

hypotheses from H3.3 to H3.8. Also, chapter six explains the association of these variables 

with the dependent variable AMLCTF disclosure and shows the empirical findings and their 

discussion in detail.  

4.7.3.1.3 Control Variables 

There are fifteen control variables in the model (1). These controls are bank-specific factors 

(CAMEL), and other bank-related variables (deposits, bank size, bank age, type of bank and 

nature of business) besides year dummies (2015 – 2019). Indeed, the study employs many 

control variables to mitigate endogeneity issues mainly related to omitted variables 

(Ibrahim, 2017; Larcker & Rusticus, 2010). Nonetheless, the study controls for bank-specific 

variables' impact on AMLCTF disclosure as these variables are utilised in previous literature 

as indicators of voluntary disclosure (Albitar, 2015; Aryani & Hussainey, 2017; Elfeky, 2017; 

Hossain, 2008; Nandi & Ghosh, 2012; Shehata, Dahawy, & Ismail, 2014; Sriram, 2018; Wu & 

Bowe, 2012). Meanwhile, some studies explore bank-specific variables by implementing 

disclosure of the CAMEL framework (Hossain, 2008). The CAMEL is the abbreviation for 

Capital adequacy, Asset quality, Management efficiency, Earnings and Liquidity (Gopalan, 

2021; Ongore & Kusa, 2013; Yildirim & Ildokuz, 2020). The CAMEL approach assists in 

combating the risks that lead to bank collapse and ensures the firm financial performance 

and health (Chatain et al., 2009; Wu & Bowe, 2012). Thus, prior research shows that internal 

bank factors are CAMEL variables and are employed to assess AMLCTF program compliance 

with the regulations (Chatain et al., 2009).  Similarly, Hossain (2008) and Gopalan (2021) 
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confirm that CAMEL evaluations indicate firm strength. In addition, Table 4-3 shows model 

(1) control variables and their measurements. Also, the following subsections show the 

control variables' appearance in prior literature and the thesis expectations regarding the 

relationship between the dependent variable and each control (15 factors) underpinning the 

theoretical perspective.   

4.7.3.1.3.1  Capital Adequacy  

Banks assess their capital adequacy to measure their capital strength and competence, as 

well as, monitor and address unexpected threats (Alper and Anbar, 2011; Yildirim & Ildokuz, 

2020). The high capital adequacy minimises the cost of funding, external financing, and risk 

reveal (Masood & Ashraf, 2012; Petria et al., 2015). In addition, several academic scholars 

point to the Basel Committee on Banking Supervision role in directing financial firms to 

enhance their AMLCTF regimes and assure their functions by measuring bank-specific 

variables such as capital adequacy, among other factors (Alexander, 2001; Simonova, 2011).  

Moreover, previous studies realise that firms with good capital adequacy ratios are secure, 

riskless and well-performed (Bougatef, 2017). Besides, the ratio indicates the bank's ability 

to undertake any losses (Alper & Anbar, 2011). Also, it exposes the financial firm's stability 

in handling illegal proceeds.  

Reviewing the disclosure literature, Hossain (2008) finds a negative association between 

disclosure levels in general and capital adequacy. On the other hand,  Ahmed (2021) shows 

a positive and insignificant relationship between information declarations in the annual 

report and capital adequacy. In addition, to the best of the researcher’s knowledge, prior 

AMLCTF literature does not explore the relationship between AMLCTF disclosure and capital 

adequacy.   

Indeed, signalling theory assumes that well-capitalised banks increase the disclosure levels 

to signal their capital growth compared to others with low capital ratios (Al-Sartawi & 

Reyad, 2018; Morris, 1987; Saona, 2016). For instance, financial institutions' capital strength 

is likely to influence the disclosure levels and signify bank practices toward ML and TF risks 

by controlling the need for external funding and preventing criminals from using bank 

facilities as channels to process their illegal transactions. Besides, agency theory claims that 

the rise in capital ratio reduces the cost of obtaining debt for financing and promotes the 

director's practices to improve the capital ratio while satisfying the shareholder's interests 



109 
 

(Saona, 2016). Therefore, this study uses the capital adequacy ratio in model (1) as a control 

variable while exploring the determinants of AMLCTF disclosure. The research assumes a 

positive and significant relationship between AMLCTF information and capital adequacy. 

4.7.3.1.3.2  Asset Quality 

There are two ways to measure firm asset quality: performing and non-performing loans.  

The performing loans are calculated by loan to the total asset (Alper & Anbar, 2011). In 

comparison, the non-performing loans are assessed by loans under the follow-up to total 

assets (Alper & Anbar, 2011). Both ratios determine bank income through the collection of 

loan interest. The high-performing loan ratio indicates better asset quality and performance, 

while the high ratio for non-performing loans shows poor asset quality and profitability 

reduction (Alper & Anbar, 2011; Masood & Ashraf, 2012). In addition, asset quality is one of 

the CAMEL rating variables that is used to check the financial institution's compliance with 

regulations, including the policies to detect ML and TF proceedings (Chatain et al., 2009). 

These checks are necessary to determine any suspected activity downgrade bank rating and 

break off customer engagement with bank services (Chatain et al., 2009). Likewise, Walker 

(1999) expresses that evaluating asset quality involves recognising the macroeconomic 

impacts of ML and TF on institutions' stability.  

The former literature implies that providing better quality loans influences banking 

reporting behaviour (Balakrishnan & Ertan, 2018). Balakrishnan and Ertan (2018) point to a 

significant positive association between the degree of declaration and asset quality.  To the 

best of the researcher’s knowledge, no previous AMLCTF reporting literature evaluates the 

impact of asset quality on AMLCTF disclosure. On the contrary, AML disclosure studies find a 

positive and insignificant relationship between AML disclosure and asset quality (Mathuva 

et al., 2020).  

From the theoretical perspective, agency theory claims that the conflict between managers' 

and shareholders' interests reduces through disclosures (Al-Sartawi & Reyad, 2018; Jensen 

& Mecking, 1976; Morris, 1987). The declarations reduce agency costs and information 

asymmetry (Mathuva et al., 2020). Moreover, Alper and Anbar (2011) report that the asset 

quality ratio signals banks' loan health as customers' loan is an essential source of income 

through interest generation. Subsequently, this study controls the asset quality in model (1) 
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while examining the determinants of AMLCTF disclosure. The research expects a positive 

and significant relationship between AMLCTF disclosure and asset quality. 

4.7.3.1.3.3  Management Quality  

Management quality refers to the bank's expenditure level and how the firm handles its 

expenses. (Bougatef, 2017; Mathuva et al., 2020). Also, this variable ensures the safety, 

soundness, and efficiency of operations in compliance with applicable laws and regulations 

(Dang, 2011). This ratio reflects the capability of the board of directors and management to 

identify, measure, and control the risks of institution activities. Furthermore, academic 

researchers consider management quality as one of the bank-specific variables to explore 

operational efficiency and profitability (Ongore & Kusa, 2013). Moreover, financial firms 

attempt to improve their reporting practices and disclose more information to show their 

risk management capabilities for preventing ML (Harvey & Lau, 2009).  

In earlier literature, Watson et al. (2002) hypothesise a positive relationship between 

management efficiency and disclosure levels, but the research outcomes remain unclear. In 

line with financial crime studies, Mathuva et al. (2020) investigated the AML disclosure 

impacts on bank expenditures, but the findings are positive and insignificant. From the 

agency theory perspective, the theory argues that efficient management quality reduces 

agency costs with increasing disclosure levels (Mathuva et al., 2020). Thus, the declarations 

minimise information asymmetry and the conflict of interest between the managers and 

shareholders (Jensen & Mecking, 1976). Consequently, model (1) explores the determinants 

of AMLCT disclosure while controlling the management quality ratio. The research proposes 

a positive and significant relationship between AMLCTF declarations score and management 

quality.  

4.7.3.1.3.4  Earnings (Profitability) 

Another bank-specific component is earnings. This variable emphasises the firm's 

profitability and efficiency. Also, with the rise in earnings, financial firms tend to enhance 

their safety procedures and the security of their services to maintain sustainability (Dang, 

2011). Equally, the lower profitable firms are keen to increase reporting releases to explain 

their low-performance levels (Aryani and Hussainey, 2017). Moreover, the banking sector 

prevents criminals from using their services to perform illicit activities and declares the 
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implemented practices of combating illegalities in the annual reports as a part of their 

transparency. 

In addition, several studies explore the relationship between disclosure extent in reporting 

and profitability, but their findings are mixed. Some researchers obtain a positive 

relationship between the two tested variables (Bhayani, 2012; Elfeky, 2017; Haniffa & 

Cooke, 2002; Hossain, 2008; Sriram, 2018), while Alsaeed (2006) shows insignificant results. 

To the best of the researcher’s knowledge, no prior scholars assess the relationship 

between AMLCFT disclosure and bank earnings. A limited number of AML disclosure studies 

evaluate the influence of firm performance on financial crime information. For instance, 

Mathuva et al. (2020) find an insignificant association between AML reporting and ROE as a 

proxy for bank earnings.  

Indeed, under signalling theory, profitable firms declare more information to signal their 

performance (Inchausti, 1997). Agency theory assumes that the more level of declarations 

is, the better explaining bank practices and expand managers' advantages (Albitar, 2015; 

Inchausti, 1997; Mathuva et al., 2020). Economic theory argues that firm increase disclosure 

to boost their earnings while the customers use these disclosures to maximise their benefits 

(Mathuva et al., 2020; Murithi, 2013).  So, this study utilises earnings as a control variable in 

model (1) when investigating the determinants of AMLCT disclosure. The thesis assumes a 

positive and significant relationship between AMLCTF disclosure and bank earnings.  It 

measures the profitability ratio by two proxies: ROA and ROE. The model tests each proxy at 

a time to confirm the results. 

4.7.3.1.3.5  Liquidity 

Financial liquidity illustrates the institution's ability to meet short-term obligations. 

Inadequate liquidity levels lead to firm collapse (Aljifri et al., 2014; Alper & Anbar, 2011; 

Rani & Zergaw, 2017). Accordingly, banks evaluate risks associated with liquidity because it 

significantly impacts depositors' and customers' behaviour. Thus, client withdrawals or 

discontinuing bank facilities affect the liquidity ratio, particularly when publicly realising 

institution involvement in ML and TF operations (Chatain et al., 2009). Therefore, banks are 

keen to disclose AMLCTF information to promote combating crime programs' safety and 

maintain their reputation and soundness.  
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Besides, a number of prior literature discusses the association between disclosure extent 

and liquidity. Some studies find insignificant results (Aljifri et al., 2014; Alsaeed, 2006; 

Barako, Hancock, & Izan, 2006; Sriram, 2018). In contrast, others report negative and 

significant outputs (Lan, Wang, & Zhang, 2013). However, to the best of the researcher’s 

knowledge, the former AMLCTF disclosure papers do not assess the impact of liquidity on 

the reporting. Yet, AML disclosure studies find a negative and significant relationship 

between AML disclosure and the proportion of liquid cash in the bank (Mathuva et al., 

2020).  

Regarding signalling theory, Aryani & Hussainey (2017) demonstrate that high-liquidity firms 

signal their ability to fulfil their current obligations by declaring information more than low-

liquidity firms. In contrast, agency theory argues that low-liquidity firms release more 

declarations to mitigate information asymmetry and clarify liquidity reduction justifications 

(Lan et al., 2013). Therefore, this research uses liquidity as a control variable in model (1) 

while exploring the determinants of  AMLCTF disclosure. The study assumes a non-

directional significant relationship between AMLCTF reporting and liquidity. The assumption 

is non-directional due to the contrariety arguments between signalling and agency theories.  

4.7.3.1.3.6  Deposits 

Although deposits are an essential measure of the financial sector's capability to provide 

credit, banks are keen on knowing the source of customer deposits as part of the AMLCTF 

process. Several scholars evaluate banks' financial structure and funding opportunities by 

deposit ratio (Saona, 2016; Trujillo-ponce, 2013). Generally, banks tend to shift deposits into 

loan scope with interest to receive additional benefits and improve their performance (Alper 

and Anbar, 2011).  Simultaneously, customer demand for loans affects the interest paid to 

bank depositors. It is a pricey measure for banks when more deposits are inwards with 

lower loan requests (Menicucci and Paolucci, 2016). Likewise, financial institutions screen 

these deposits by combating crime regimes to ensure the funds' legitimacy before 

placement in the operating financial system (Abu Olaim & Rahman, 2016). Thus, banks 

practice disclosing AMLCTF to develop customers' awareness about their programmes and 

transactions' safety from illegalities and their concerns to fight against ML and TF. 

Limited researches express the deposit association with disclosure extents in annual reports. 

For example, Wu & Bowe (2012) find that banks with deposit growth tend to have high 
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transparent disclosure levels. In addition, Baumann & Nier (2004)  notes that deposit 

information in banks' balance sheets receives minimal explanation compared to other items 

declared in annual reports. Yet, to the best of the researcher's knowledge, no prior AMLCTF 

disclosure studies test the deposit impact on reporting AMLCTF. Regarding signalling theory, 

banks with deposit growth practise greater disclosures to attract more depositors and signal 

deposit expansion (Wu & Bowe, 2012). Hence, this research uses deposits as a control 

variable in model (1) while examining the determinants of  AMLCTF disclosure. The study 

expects a positive and significant relationship between AMLCTF disclosure and deposits. 

4.7.3.1.3.7  Firm Size  

Several research papers use bank size as a bank-related measure (Hossain, 2008; Nahar et 

al., 2016). The Larger banks attempt to satisfy stakeholders' needs with appropriate 

disclosures, including safeguard informativeness such as declaring bank procedures to avoid 

prohibited crimes such as ML and TF. Indeed, previous academic research examines the 

association between disclosure levels and firm size, but the findings are mixed. Some 

studies confirm a positive relationship between the two variables (Adelopo, 2011; Albitar, 

2015; Alsaeed, 2006; Bhayani, 2012; Elfeky, 2017; Hossain, 2008; Hossain & Reaz, 2007). 

Nevertheless, other prior research indicates a negative relationship between disclosure 

extent and firm size (Aljifri et al., 2014). Further, to the best of the research's knowledge, no 

previous studies examine the relationship between AMLCTF disclosure and firm size. 

However, Mathuva et al. (2020) report a negative and insignificant relationship between 

AML information and bank size.  

Under agency theory, large-sized banks tend to increase reporting levels to reduce agency 

costs (Haniffa & Cooke, 2002; Jensen & Mecking, 1976; Nandi & Ghosh, 2012). The theory 

proposes that the disclosures answer investors' ambiguate regarding the firm performance 

and improve their trustiness in the capital market. Furthermore, signalling theory reveals 

that large firms disclose higher information levels than smaller ones to signal their best 

practices (Al-Sartawi & Reyad, 2018; Watson et al., 2002). Accordingly, this research utilises 

bank size as a control variable in model (1) while testing the determinants of  AMLCTF 

disclosure. The study assumes a positive and significant relationship between AMLCTF 

disclosure and bank size. 
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4.7.3.1.3.8  Firm Age 

The previous literature highlights the relationship between firms' age and the level of 

disclosures in annual reports. For example, Jouirou and Chenguel (2014) believe that old-age 

firms have more confidence in increasing declaration levels among their competitors. 

Indeed, old-age institutions tend to develop shareholders' trust over time (i.e. firm age) 

(Habbash et al., 2016). May the trust is built by reporting best practices against financial 

crime activities, including disclosing AMLCTF regimes and focusing on the firm's 

performance expansion. In contrast, Reddy et al. (2001) argue that small age firms compete 

with older ones by increasing reporting levels regardless of the cost and competition 

challenges. The disclosures assist in building firms' soundness and maintaining customers' 

faithfulness and satisfaction. Also, it improves the firms’ transparency.  

Further, to the best of the researcher’s knowledge, no AMLCTF disclosure studies examine 

the impact of bank age on AMLCTF reporting. Nevertheless, prior disclosure studies examine 

the association between firm disclosures and age, but the findings are mixed. Some scholars 

indicate an insignificant relationship between the two variables (Al Maskati & Hamdan, 

2017; Alsaeed, 2006; Bhayani, 2012; Elmagrhi et al., 2016; Habbash et al., 2016; Hossain, 

2008; Hossain & Reaz, 2007; Jouirou & Chenguel, 2014) while others show positive and 

significant results (Haque et al., 2011).  

From the theories viewpoint, agency theory argues that older firms increase disclosure 

levels to minimise information asymmetry between managers and shareholders (Al-Sartawi 

& Reyad, 2018). Also, signalling theory assumes that older firms provide better signals than 

younger ones due to their experience (Al-Sartawi & Reyad, 2018).  Thus, this research 

employs bank age as a control variable in model (1) while assessing the determinants of 

AMLCTF disclosure. The study assumes a positive and significant relationship between 

AMLCTF disclosure and age.  

4.7.3.1.3.9  Type of Bank 

Buzby (1975) asserts that disclosure requirements differ based on the firm type (listed or 

unlisted firms). Besides, listed firms declare more information than the unlisted firms 

responding to the financial market system (Buzby, 1975; Cooke, 1989; Ozili, 2017). To the 

best of the researcher's knowledge, no previous AMLCTF disclosure studies investigate the 

type of bank effects on AMLCTF information.  
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From the theoretical viewpoint, signalling theory argues that listed banks disclose more 

information than unlisted banks due to the listing requirements. The improvement of 

declarations conveys better signals to investors and attracts their attention to the firm 

growth (Buzby, 1975; Cooke, 1989; Ozili, 2017).  Thus, this study uses the type of bank as a 

control variable in model (1) while exploring the determinants of AMLCTF disclosure. 

Indeed, the researcher collects bank information from the Companies House services 

website.  Table 4-4 displays that there are three types of banks in this thesis sample: Private 

Limited Banks (68 banks), Private Owned (Unlimited) Banks (2 banks) and Public Limited 

Banks (PLC) (55 banks). Hence, the research assumes a positive and significant relationship 

between AMLCTF disclosures and the type of bank.  

Table 4-4 Type of Banks in the Thesis Sample 

No. Type of banks Number of banks 

1  Private Limited Banks 68 

2  Private Owned (Unlimited) Banks 2 

3  Public Limited Banks (PLC) 55 

Total sample 125 

 

4.7.3.1.3.10  Nature of Business 

According to Cooke (1989), disclosure levels vary depending on the firm nature. The earlier 

studies classify the banks into various natures based on their provided services such as 

Sullivan (2013) categorises the banks into finance, banking, derivatives, and work nature. On 

the contrary, others categorise banks into commercial banks, saving banks and credit 

cooperatives (Trujillo-ponce, 2013). Thus, financial crimes may hide under a certain firm's 

nature (Owens‐Jackson et al., 2009). Besides, the UK SARs annually declare that banks 

receive the highest scores among other business natures (National Crime Agency, 2019, 

2020). In addition, the previous AML disclosure studies focus on a specific nature of banks, 

such as Nobanee & Ellili (2018) research examines the AML disclosures in the UAE Islamic 

and conventional banks, and Mathuva et al. (2020) explore the AML reporting in the Kenyan 

commercial banks. On the other hand, earlier AMLCTF disclosure papers did not define the 

firm's nature like Nobanee & Ellili (2017).  

Referring to signalling theory, improving the disclosures by a certain business nature provide 

better signals to the market about these business interests, practices and performance 

(Watson et al., 2002). Therefore, this research utilises the nature of business as a control 
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variable in model (1) while testing the determinants of  AMLCTF disclosure. The study 

assumes a positive and significant relationship between AMLCTF disclosure and those 

businesses of a bank nature. Table 4-5 summarises the thesis sample upon the business 

nature and shows that the study includes 19 business natures. Ninety-eight of the sample 

are bank nature, and 27 are other business natures.  

Table 4-5 Nature of Business 

 No. Nature of business Number of banks 
 

1  Activities auxiliary to financial intermediation 3 

2  Administration of financial markets 1 

3  Bank 87 

4  Banks and activities of financial services holding companies 1 

5  Banks and financial intermediation 1 

6  Banks and financial leasing 1 

7  Banks and other business support service activities 2 

8  Banks and security dealing on own account 1 

9  Banks, credit granting by non-deposit-taking finance houses and 
other specialist consumer credit grantors 

1 

10  Banks, credit granting by non-deposit-taking finance houses and 
other specialist consumer credit grantors and financial 
intermediation 

1 

11  Banks, Financial intermediation, security and commodity contracts 
dealing activities and Activities auxiliary to financial intermediation 

1 

12  Building societies 1 

13  Central banking 2 

14  Financial intermediation 17 

15  Financial intermediation and activities of head offices 1 

16  Financial intermediation and Other business support service 
activities 

1 

17  Fund management activities 1 

18  Other business support service activities 1 

19  Security and commodity contracts dealing activities 1 

Total sample  
Banks + Central banking: (98)  
Other business natures: (27) 

 
125 

The data is available at the Companies House services website: https://find-and-update.company-
information.service.gov.uk/ (Accessed 24 April 2022). 

 

4.7.3.1.3.11  Year Dummies (2015 – 2019) 

Following the disclosure literature in handling the sample period influence on the 

declaration levels (Hussainey & Al-Najjar, 2011; Ibrahim, 2017; Mathuva et al., 2020), this 

research use year dummies 2015 – 2019 as control variables in the model (1) while 

examining the determinants of AMLCTF disclosure. Prior AML literature does not represent 

https://find-and-update.company-information.service.gov.uk/
https://find-and-update.company-information.service.gov.uk/
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the time effect on disclosures; it only expresses time as a control (Mathuva et al., 2020). 

However, the AMLCTF disclosure literature lake to control time effects in the studies of 

Nobanee & Ellili (2017) and Siddique et al. (2021). 

Under signalling theory, increasing disclosures over time indicate better signals about firm 

practices than others with lower declarations (Watson et al., 2002). Besides, the rise of AML 

information may respond to the crying wolf theory (Mathuva et al., 2020). Therefore, this 

thesis uses annual report years as control variables, and Table 4-6 expresses an example of 

the year dummies' allocation over the research sample. Hence, the study assumes a positive 

and significant relationship between AMLCTF disclosure and year dummies.  

Table 4-6 Year Dummies Allocation 

Annual report of bank X 2015 2016 2017 2018 2019 

Annual report 2015 1 0 0 0 0 

Annual report 2016 0 1 0 0 0 

Annual report 2017 0 0 1 0 0 

Annual report 2018 0 0 0 1 0 

Annual report 2019 0 0 0 0 1 

 

4.7.3.2 Economic Consequences of AMLCTF Disclosure 

The study's second regression models examine AMLCTF disclosure impacts on bank 

performance. Prior literature discusses the influence of the reporting process on firm 

profitability in several research papers (Akbar et al., 2016; Alhazaimeh et al., 2014; Barako 

et al., 2006; González et al., 2021; Jouirou & Chenguel, 2014; Lee & Hsieh, 2013; Nobanee & 

Ellili, 2018; Tabash, 2019). Thus, financial firms with growing profitability tend to enhance 

disclosure levels in reporting (Tabash, 2019). In parallel, the declining performance firms are 

likely to reduce their declarations to hide the deficient profitability reasons (Barako et al., 

2006). Furthermore, Rouf (2011) shows that profitable firms tend to increase disclosure 

extent to signal their performance and stability. Also, well-performing institutions attempt 

to enhance transparency by declaring more information to meet stakeholders’ interests and 

minimise the cost of capital to receive better value in the market and reduce information 

asymmetry (Sharif & Lai, 2015).  

Moreover, the banking sector seeks to prevent financial crimes by adopting efficient 

combating crime regimes and ensuring transparency through disclosures (Alexander, 2001).  



118 
 

However, to the best of the researcher's knowledge, Nobanee & Ellili (2017) is the only ones 

who examine the economic consequences of AMLCT information (Nobanee & Ellili, 2017). 

Consequently, this research employs model (2) to test the relationship between bank 

profitability and AMLCTF disclosure.  

Model 2: AMLCTF economic consequences 

𝑃𝑒𝑟𝑓𝑜𝑟𝑚𝑎𝑛𝑐𝑒 (𝑅𝑂𝐴𝑖𝑡  𝑜𝑟 𝑅𝑂𝐸𝑖𝑡 ) =   𝛽0 +  𝛽1𝐴𝑀𝐿𝐶𝑇𝐹𝐷𝑖𝑡 +  𝛽𝑘𝐶𝑂𝑁𝑇𝑉𝐴𝑅𝑖𝑡 +  𝜀𝑖𝑡 

 
Where: 

𝑅𝑂𝐴 = Return on asset (dependent variable), 𝑅𝑂𝐸 = Return on equity (dependent variable), 
𝐴𝑀𝐿𝐶𝑇𝐹𝐷 = Anti-Money Laundering and Counter-Terrorist Financing disclosure (independent 
variable), 𝛽0= The regression intercept, 𝛽1 = The coefficient of AMLCTF disclosure (independent 
variables), 𝐶𝑂𝑁𝑇𝑉𝐴𝑅 = Control variables, 𝑖 = The bank, 𝑡 = The year of the annual report, 𝑘 = The 
coefficient of control variables, 𝜀 = Error term. 
 

In Model (2), the dependent variable is bank performance. This research uses two 

performance proxies: ROA and ROE. The independent variable is AMLCTF disclosure. The 

control variables are the corporate governance mechanisms (6 variables; board size, board 

independence, audit committee size, board female, big4 audit firms and audit tenure), the 

bank's specific characteristics (4 variables; capital adequacy, asset quality, management 

quality and liquidity), other bank-related variables (5 variables; deposits, firm size, age, type 

of bank and nature of business) and year dummies (5 variables; from 2015 to 2019). Hence, 

Table 4-7 summarises model (2) variables measurements and data sources.  Also, the 

subsections below explain model (2) dependent, independent and control variables. 
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Table 4-7 Model (2) Variables’ Symbols, Measurements and Data Sources 

Variable Symbol Measurement References Data 
Source 

Dependent Variables   

Performance 𝑅𝑂𝐴𝑖𝑡  Return on asset: Net 
income to total asset 

(Bateni et al., 2014; 
Jouirou & Chenguel, 
2014; Saeed, 2014; 
Nahar et al., 2016; 

Kolsi, 2017; Saidat et 
al., 2019) 

Annual 
report 

𝑅𝑂𝐸𝑖𝑡  Return on equity: Net 
income to total equity 

(Bateni et al., 2014; 
Jouirou & Chenguel, 
2014; Saeed, 2014;  
Nahar et al., 2016) 

Annual 
report 

Independent Variables     

AMLCTF 
Disclosure 

𝐴𝑀𝐿𝐶𝑇𝐹𝐷𝑖𝑡   Dummy variable: 1 
indicates AMLCTF 

disclosure exists and 0 
otherwise  

Nobanee & Ellili, 
2018; Mathuva et al., 

2020) 

Annual 
report 

Control Variables   

Corporate Governance Mechanism   

Board Size 𝐵𝑆𝐼𝑍𝑖𝑡  Total number of members 
on the board  

(Alhazaimeh et al., 
2014; Kolsi, 2017; 
Saidat et al., 2019) 

Annual 
report 

Board 
Independence 

𝐵𝐷𝐼𝑖𝑡 Number of independent 
directors to total number 
of directors on the board 

of directors  

(Aldamen et al., 2012; 
Jouirou & Chenguel, 
2014; Alipour et al., 
2019; Saidat et al., 

2019) 

Audit 
Committee 

Size 

𝐴𝐶𝑆𝐼𝑍𝑖𝑡  Total number of members 
on the audit committee  

(Aldamen et al., 2012; 
Gupta & Mahakud, 

2021) 

Board Gender 
Diversity 
(Board 
female) 

𝐵𝐺𝐷𝑖𝑡  Number of female 
members on board to 
total number of board 

members 

(Alfraih, 2016) 

Big4 Audit 
Firms 

𝐵𝐼𝐺4𝑖𝑡  Dummy variable: (1) 
indicates a firm auditor is 

a leading auditing firm 
(Deloitte, 

PricewaterhouseCoopers 
(PwC), Ernst & Young (EY), 

and Klynveld Peat 
Marwick Goerdeler 

(Albitar, 2015; 
Kamolsakulchai, 2015; 

Nahar et al., 2016; 
Alsartawi, 2019) 
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(KPMG), where big4 is (0) 
if the firm auditor is 

otherwise. 

Audit Tenure 𝐴𝑈𝑇𝑈𝑖𝑡  Count tenure years 
forward starting from 

2015 and trace it until the 
bank switched to another 

audit firm 

(Al-Thuneibat et al., 
2011; Cenciarelli et 

al., 2018) 

Bank-Specific Variables   

Capital 
Adequacy 
(Solvency) 

𝐶𝐴𝑃𝑖𝑡  Total equity to total asset  (Alper & Anbar, 2011; 
Masood & Ashraf, 
2012; Menicucci & 

Paolucci, 2016; Yao et 
al., 2018) 

Annual 
report 

Asset Quality 𝐴𝑄𝑖𝑡  Total loan to total asset  (Alper & Anbar, 2011; 
Masood & Ashraf, 

2012; Trujillo-ponce, 
2013; Saeed, 2014; 

Saona, 2016; Rjoub et 
al., 2017) 

Management 
Quality 

(Operating 
Efficiency) 

𝐶𝐼𝑅𝑖𝑡  cost-to-income ratio: 
operating expense to 

operating income  

(Bougatef, 2017; Yao 
et al., 2018; Ahmed, 

2021)  

Liquidity 𝐿𝑄𝑖𝑡  Liquid asset to total asset (Alper & Anbar, 2011; 
Masood & Ashraf, 

2012) 

Other bank-related variables   

Deposits 𝐷𝐸𝑃𝑖𝑡  Total deposit to total asset (Masood & Ashraf, 
2012; Saeed, 2014; 

Menicucci & Paolucci, 
2016; Saona, 2016) 

Annual 
report 

Bank Size 𝐵𝐴𝑆𝑖𝑡  The logarithm of total 
asset  

(Hossain, 2008; 
Adelopo, 2011; Bateni 
et al., 2014; Nahar et 
al., 2016; Kolsi, 2017; 

Yao et al., 2018; 
Saidat et al., 2019; 

Elnahass et al., 2020; 
Alodat et al., 2021) 

Age 𝐴𝐺𝐸𝑖𝑡  Number of years 
operating since the 

establishment 

(Hossain, 2008; 
Alodat et al., 2021)  

Companies 
House 

services* 
Type of Bank 𝑇𝑌𝑃𝑖𝑡  Dummy variable: (1) 

indicates a bank is a public 
limited company, and (0) 

(Ozili, 2017; Yao et al., 
2018) 
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is a private limited 
(unlimited) company 

Nature of 
Business 

𝑁𝑎𝑡𝑖𝑡  Dummy variable: (1) 
indicates nature of 

business is a bank and (0) 
otherwise 

(Trujillo-ponce, 2013) 

The Year 
2015 

YD2015 Dummy variable: (1) 
indicates the current year 
2015, and (0) otherwise 

(Hussainey & Al-
Najjar, 2011) 

Annual 
report 

The Year 
2016 

YD2016 Dummy variable: (1) 
indicates the current year 
2016, and (0) otherwise 

The Year 
2017 

YD2017 Dummy variable: (1) 
indicates the current year 
2017, and (0) otherwise 

The Year 
2018 

YD2018 Dummy variable: (1) 
indicates the current year 
2018, and (0) otherwise 

The Year 
2019 

YD2019 Dummy variable: (1) 
indicates the current year 
2019, and (0) otherwise 

*Companies House Services website: https://find-and-update.company-
information.service.gov.uk/ 

    

https://find-and-update.company-information.service.gov.uk/
https://find-and-update.company-information.service.gov.uk/
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4.7.3.2.1 Dependent Variables 

Ayako et al. (2015) remark that scholars use one or multiple proxies as best measures 

theoretically and empirically to examine firm performance.  Also, Nahar et al. (2016) suggest 

implementing accounting-based and market-based performance measures when examining 

firm performance. Nevertheless, the study does not employ market-based performance and 

macroeconomic variables due to data limitations in Bloomberg, Capital IQ and Refinitiv 

Eikon databases (the researcher find the data for ten observations only out of 625 sample 

size). Also, the financial data available for most annual reports are limited in the stand-alone 

bank report, making it difficult to manually calculate the market-based performance and 

macroeconomic variables.  

Hence, this research examines the economic consequences of AMLCTF reportings based on 

two accounting-based measures (ROA and ROE) to improve the robustness of the research 

findings. Saeed (2014) demonstrates that ROA and ROE are the most proxies utilised in 

calculating bank performance. Indeed, several studies assess the economic consequences of 

reporting levels by implying ROA and ROE in their models (Adelopo, 2011; Akbar et al., 2016; 

Alhazaimeh et al., 2014; González et al., 2021; Hossain, 2008; Jouirou & Chenguel, 2014; Lee 

& Hsieh, 2013; Nobanee & Ellili, 2018). Accordingly, this study discusses the availability of 

the proxies (ROA and ROE) within prior literature and develops hypothesis H3.9 in Chapter 

Three: . . Thus, the regression test is performed twice for model (2). It uses ROA in the first 

trial, and ROE replaces ROA in the second run. Further, the study covers the results of the 

association between the dependent variables and AMLCTF disclosure in Chapter Seven: . 

4.7.3.2.2 Independent Variables 

Nahar et al. (2016) comment that disclosure practices improve institutional monitoring and 

profitability. A limited number of prior studies assess the relationship between bank 

performance and AML declaration (Nobanee & Ellili, 2018). Likewise, a few previous 

AMLCTF disclosure literature examine the economic consequences of AMLCT information 

(Nobanee & Ellili, 2017). Therefore, this research focuses on the AMLCTF disclosure score as 

an independent variable for model (2). Also, subsection 4.7.2 explains the disclosure 

measurement technique, as well Chapter Five: focuses on the AMLCTF disclosure findings 

overall the sample between 2015-2019. 
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4.7.3.2.3 Control Variables 

There are 20 control variables in the model (2). Six of these controls are corporate 

governance mechanisms (board size, board independence, audit committee size, board 

gender diversity, big4 and audit tenure), four variables are bank-specific factors (CAMEL 

except for earings is omitted for collinearity issue, and it is a proxy for profitability), five 

controls are other bank-related variables (bank size, deposits, bank age, type of bank and 

nature of business) and the last five variables are year dummies (2015 – 2019). Thus, Table 

4-7 summarises these control variables and their measurements. Besides, the following 

subsections show the control variables' appearance in the previous literature and the thesis 

expectations regarding the relationship between the dependent variables and each control 

underlying the theoretical viewpoint. 

4.7.3.2.3.1   Board Size 

Board size is one of the common corporate governance variables in the literature. Several 

research papers use it to evaluate the board's influence on the firm's performance (Elgadi & 

Ghardallou, 2021; Hassan & Halbouni, 2013). Some studies stress that a large board size 

provides better decisions for firm productivity and disclosure levels due to the board 

members' diverse skills, experiences and rational decisions (Alfraih, 2016; Elgadi & 

Ghardallou, 2021; Elnahass et al., 2020; Haj-Salem et al., 2020; Nahar et al., 2016). In 

contrast, other studies claim that small board size is better than large ones in terms of 

decision-making, control and compensation cost (Elgadi & Ghardallou, 2021; Hassan & 

Halbouni, 2013).  

To the best of the researcher’s knowledge, no prior AMLCTF disclosure study examines the 

relationship between bank performance and board size. Nevertheless, other earlier 

literature shows mixed findings when investigating the association between firm 

performance and board size. Some studies exhibit significant positive outcomes (Ayako et 

al., 2015; Nahar et al., 2016), while others present significant negative results (Vo & Phan, 

2013). Regarding the theoretical arguments, agency theory assumes that the large board 

size holds more knowledge, expertise and intention to enhance the firm growth through 

effective monitoring (Alfraih, 2016). Accordingly, this research uses board size as a control 

variable in model (2) while examining the relationship between bank performance and 
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AMLCTF disclosure. The study expects the relationship between profitability and board size 

to be positive and significant.  

4.7.3.2.3.2   Board Independence 

Prior studies find that Independent members' presence on the board is better for firm 

performance (Alsartawi, 2019; Saidat et al., 2019). These directors assist in minimising 

agency costs, particularly information asymmetry issues, based on their decisions and 

management practices (Ayako et al., 2015).  In addition, prior literature notes that 

independent boards are more specialised than other board participants (Nahar et al., 2016). 

These members' knowledge, experience, and capability to work in their parent firms can be 

shared and moved to the newly appointed boards as independent members (Alsartawi, 

2019).  Despite that, the former literature tests the association between firm profitability 

and board independence, but the findings are mixed. Some studies show positive and 

significant results (Ayako et al., 2015; Nahar et al., 2016), whereas others indicate negative 

and significant outputs (Elnahass et al., 2020). However, to the best of the researcher’s 

knowledge, no prior AMLCTF disclosure study examines the association between bank 

performance and board independence. 

Also, agency theory emphasises the role of independent members in protecting the 

shareholders' fortune by combating non-independent directors' self-interest behaviours 

(Saidat et al., 2019). Indeed, firm disclosures are more trustable when many independents 

are on board due to their tendency to minimise agency issues between the board directors 

and shareholders (Fama & Jensen, 1983). Therefore, this research utilises board 

independence as a control variable in model (2) while testing the relationship between bank 

performance and AMLCTF disclosure. The study expects the relationship between bank 

performance and board independence to be positive and significant. 

4.7.3.2.3.3   Audit Committee Size 

Audit committee size is another corporate governance variable that is likely to influence 

firm profitability (Aldamen et al., 2012). Gupta & Mahakud (2021) assert that the more the 

audit committee members are, the more the auditors' knowledge, skills and expertise are 

engaged in advancing bank performance.  Improving performance is observable by 

increasing the reporting quality and effective monitoring, including detecting suspected 

reporting practices (Gupta & Mahakud, 2021).  
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The previous literature shows mixed results when evaluating the association between firm 

performance and audit committee size. For instance, Aldamen et al. (2012) indicate a 

negative relationship between the two variables. Despite that, Gupta & Mahakud  (2021) 

find the relationship between firm profitability (ROA and ROE) and audit committee size is 

positive and significant. Nevertheless, to the best of the researcher’s knowledge, no prior 

AMLCTF disclosure study examines the relationship between bank performance and audit 

committee size. 

Under the agency theory perspective, the large audit committee protects the shareholder 

interest by reducing information asymmetry and strengthening financial reporting 

materiality, including reporting AML activities (Mathuva et al., 2020). Hence, this research 

explores the association between firm profitability and AMLCTF disclosure while controlling 

audit committee size in the model (2). The thesis expects the relationship between bank 

performance and audit committee size to be positive and significant.  

4.7.3.2.3.4   Board Gender Diversity (Board Female) 

Prior literature refers to the female presence on board as gender diversity (Alfraih, 2016; 

Elgadi & Ghardallou, 2021; Gupta & Mahakud, 2021; Haj-Salem et al., 2020; Vo & Phan, 

2013). Female directors vary from male directors in their personality, decision-making, 

leadership and self-performance (Aribi et al., 2018). Also, female directors enhance board 

effectiveness through different viewpoints that impact board decisions about disclosure 

levels (Aribi et al., 2018; Elgadi & Ghardallou, 2021). Some research papers find that 

increasing women's number on the board minimises bank risk (Birindelli et al., 2020). Hence, 

their presence on the board contributes positively to the firm value (Haj-Salem et al., 2020; 

Smith et al., 2006). Also, the selection of board members is critical as appointing unqualified 

gender indicates the board’s gender diversity by its definition while adversely affecting the 

board's conclusions (Alfraih, 2016).  

Accordingly, earlier literature examines the relationship between firm profitability and 

board gender diversity, but the results are mixed. Some studies find positive and significant 

outcomes (Gupta & Mahakud, 2021; Vo & Phan, 2013). Others display positive and 

insignificant outputs (Elgadi & Ghardallou, 2021). Nevertheless, to the best of the 

researcher’s knowledge, no prior AMLCTF disclosure study explores the impact of board 

gender diversity on bank performance. Under agency theory, profitable firms with gender 
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diversity improve board disclosure decisions while settling agency puzzles between 

managers' and shareholders' interests (Aribi et al., 2018).  Thus, this research uses board 

gender diversity as a control variable in model (2) while testing the association between 

bank performance and AMLCT disclosure. The study expects the relationship between board 

performance and the female ratio to be positive and significant.   

4.7.3.2.3.5   Big4 Audit Firms 

Big auditing firms are concerned about their reporting quality and services due to their 

comprehensive communications and experience with international firms (Campa, 2013). 

Gupta & Mahakud (2021) point out that big4 auditors provide high-quality reports 

compared to non-big4 firms, which ultimately contributes to the firm's financial growth by 

attracting the investors' confidence with less corrupted information. Consequently, some 

firms are keen to deal with big4 firms to improve their investment progress (Hassan & 

Halbouni, 2013).   

Several academic articles assess the influence of auditor type on firm performance 

(Alsartawi, 2019; Gupta & Mahakud, 2021; Hassan & Halbouni, 2013; Nahar et al., 2016; 

Rahman, Meah, & Chaudhory, 2019). For instance, Nahar et al. (2016) and Rahman et al. 

(2019) show that the relationship between firm profitability and big4 auditors is positive and 

significant. In contrast, Hassan & Halbouni (2013) and Alsartawi (2019) find the same 

association negative and insignificant. However, to the best of the researcher’s knowledge, 

no prior AMLCTF disclosure study investigates the relationship between bank performance 

and big4 auditors. 

Besides, agency theory assumes that profitable firms tend to appoint big4 auditors to 

ensure the transparency and reliability of financial reporting and protect the shareholder's 

interests (Gupta & Mahakud, 2021). Therefore, this study controls the impact of big4 

auditors in model (2) when examining the association between bank performance and 

AMLCTF disclosure. The research believes that the relationship between bank performance 

and big4 audit firms is positive and significant. 

4.7.3.2.3.6   Audit Tenure 

Cenciarelli et al. (2018) note that firms dealing with long-tenure auditors are less likely to be 

bankrupt. Besides, long rotation enables the auditors to understand their clients and issue 
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early warnings surrounding the auditing process (Cenciarelli et al., 2018). Thus, auditing 

length increases auditor familiarity with firm reporting tendency and provides better 

disclosure qualities (Cenciarelli et al., 2018). Further, Almutairi et al. (2009) mention that 

long tenures reduce the extent of fraudulent declarations. Some researchers test the 

relationship between firm profitability and audit tenure.  For instance, Sayyar et al. (2015) 

indicate the relationship between ROA (firm profitability) and audit tenure is negative and 

significant. In contrast, Bonaventure (2019) finds a positive and significant association 

between the same variables that are examined by Sayyar et al. (2015). On the other hand, 

to the best of the researcher’s knowledge, no prior AMLCTF disclosure study tests the 

relationship between bank performance and audit tenure. 

Moreover, agency theory argues that profitable firms that engage with long auditing 

rotations are likely to practise more disclosures to minimise information asymmetry 

between firm managers and shareholders (Mansi et al., 2004).  Therefore, this study 

attempts to determine the association between firm performance and AMLCT disclosure 

while controlling the effect of audit tenure in the model (2). The thesis expects the 

relationship between bank performance and audit tenure to be positive and significant.  

4.7.3.2.3.7   Capital Adequacy 

Capital adequacy is one of the bank-specific variables affecting bank performance (Bougatef, 

2017; Ongore & Kusa, 2013; Trujillo-ponce, 2013; Yao et al., 2018). It is utilised to examine 

bank efficiency and stability as well as determine risk exposures and bank capability to 

absorb and manage threats (Bateni et al., 2014; Fiordelisi et al., 2021; Masood & Ashraf, 

2012). The high capital adequacy ratio minimises the cost of funding and increases bank 

performance (Menicucci & Paolucci, 2016). High-capitalised banks have better chances for 

growth with a lower probability of bankruptcy (Alper & Anbar, 2011; Yao et al., 2018).  

Some researchers find that the association between firm profitability and capital adequacy 

is positive and significant (Bateni et al., 2014; Menicucci & Paolucci, 2016; Saeed, 2014). On 

the other hand, Alper & Anbar (2011) show that the relationship between bank performance 

(ROA and ROA) and capital adequacy is positive but insignificant. Also, Trujillo-ponce (2013) 

represents the association between ROE and capital adequacy as negative and significant, 

but when ROA replaces ROE, the results are positive and insignificant. Nonetheless, to the 
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best of the researcher’s knowledge, no prior AMLCTF disclosure study evaluates the 

influence of capital adequacy on bank performance. 

In addition, the signalling theory assumes that profitable and well-capitalised firms tend to 

signal their capital increase by disclosing more information about capital strength (A. M. Al-

Sartawi & Reyad, 2018; Saona, 2016). These disclosures may include bank practices to 

combat financial crime. Consequently, this research uses capital adequacy (solvency ratio) 

as a control variable in model (2) when investigating the relationship between firm 

performance and AMLCT disclosure. The study assumes the relationship between 

performance and capital adequacy to be positive and significant.  

4.7.3.2.3.8   Asset Quality 

Asset quality is another bank-specific variable. It reflects the financial firm's ability to 

generate income through issuing loans and investments (Ongore & Kusa, 2013). It is 

measured by performing and non-performing loans (Alper & Anbar, 2011). Performing loans 

positively influence firm profitability with adequate risk exposure (Alper & Anbar, 2011). 

Mainly, the performing loans affect the banking operational and financial performance 

(Gorowa & Igyo, 2017). In addition, earlier studies test the relationship between firm 

performance (using ROA and ROE as performance proxies) and asset quality. The empirical 

findings point out that the association between ROA and asset quality is positive, while 

between ROE and asset quality is negative (Saeed, 2014). Nevertheless, Alper & Anbar 

(2011) confirm a negative relationship between firm performance (ROA and ROE) and asset 

quality. Besides, Trujillo-ponce (2013) and Menicucci & Paolucci (2016) find positive and 

insignificant results for the same test. To the best of the researcher’s knowledge, no prior 

AMLCTF disclosure literature examines the association between bank profitability and asset 

quality.  

Regarding the theoretical perspectives, agency theory claims that increasing disclosures 

minimise the conflict between managers' and shareholders' interests (Jensen & Mecking, 

1976; Mathuva et al., 2020). The disclosures reduce agency cost and information asymmetry 

and enhance firm value (Dawar, 2014; Jensen & Mecking, 1976). Therefore, to ensure the 

firm's growth, managers are required to satisfy shareholders' interests and increase the 

reporting information (Dawar, 2014). Furthermore, signalling theory assumes that well-asset 

quality ratio firms declare more information to signal their better performance compared to 
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other firms with non-performing loans. The rise of non-performing loans signals banks 

utilising few resources to manage loans and indicates their incompetence (Karim et al., 

2010). Thus, firms with better asset quality ratios (performing loans) tend to enhance their 

disclosure levels by presenting the health of the loans (Balakrishnan & Ertan, 2018). Indeed, 

financial institutions are required to check the loan sources are not proceeds of crimes or 

part of the loan-back technique that criminals use to borrow their money again with unclear 

loan purposes to ensure their benefits (Duyne & Miranda, 1999; Levi, 2015). 

Subsequently, this research explores the relationship between bank performance and 

AMLCT disclosure by controlling the asset quality ratio in model (2) and expects the 

relationship between bank performance and asset quality to be positive and significant.  

4.7.3.2.3.9   Management Quality 

Under the CAMEL model, management quality (operating efficiency) is another bank-

specific variable that assesses the efficiency in managing the firm operating expense 

(Ongore & Kusa, 2013; Trujillo-ponce, 2013). The low ratio of management quality is 

associated with increasing management efficiency and productivity (Kosmidou, 2008; 

AKBAŞ, 2012; Yao et al., 2018). Also, management effectiveness appears in controlling risk 

exposures and ensuring firm compliance with the laws and regulations (Dang, 2011). 

However, Mathuva et al. (2020) investigate the bank expenditures' impacts on AML 

disclosure, but the findings are insignificant.  

Moreover, prior literature examines the association between firm performance and 

management quality. Some studies find a negative and significant relationship between the 

two variables (Petria et al., 2015; Trujillo-ponce, 2013). On the other hand, Yao et al. (2018) 

indicate that the relationship between ROA and management quality ratio is negative and 

significant, but when ROE replaces ROA, it is positive and insignificant. In contrast, Masood 

& Ashraf (2012) show that the association between ROE and management quality is positive 

and significant, but the relationship between ROA and management quality is negative and 

significant. However, to the best of the researcher’s knowledge, no prior AMLCTF disclosure 

literature examines the association between bank profitability and asset quality. 

According to agency theory, the conflict of interest between managers and shareholders 

reduces by enhancing transparency (Albitar, 2015). Efficient managers are keen to minimise 
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agency costs and information asymmetry, which enhances firm profitability (Jensen & 

Mecking, 1976). The management's ability to decrease agency costs may appear in reporting 

bank expenditures, including the expenses to combat the risk of ML and TF activities and 

improve AMLCTF reporting. Therefore, this study looks at the association between bank 

performance and AMLCT disclosure with controlling the impact of the management quality 

ratio in model (2). The research assumes the relationship between bank performance and 

management quality to be positive and significant.  

4.7.3.2.3.10   Liquidity 

The liquidity ratio reflects the firm ability to meet short-term debts, maintain a better 

financial position and avoid bank failure (Alsaeed, 2006; Athanasoglou et al., 2008; Masood 

& Ashraf, 2012). The failure may relate to not complying with the AMLCTF laws and 

regulations that require checking the bank's safety by assessing a broad range of areas, 

including liquidity risks (World Bank, 2009). Thus, many academic papers evaluate the 

influence of liquidity ratio on the firm profitability, and the findings are mixed. For example, 

Alper & Anbar (2011) and Masood & Ashraf (2012) express insignificant results between the 

two variables, but Saeed (2014) finds the association between ROE and liquidity ratio is 

negative and significant while it is positive and significant when ROA replaces ROE. To the 

best of the researcher’s knowledge, no former AMLCTF disclosure literature investigates the 

impact of liquidity on bank performance. 

Besides, signalling theory assumes that firms with high liquidity ratios tend to signal their 

performance and ability to fulfil their current obligations by declaring more information 

than low liquidity firms (Aryani & Hussainey, 2017). However, agency theory argues that 

information asymmetry reduces when weak liquidity firms perform more reporting to 

explain the low liquidity status (Lan et al., 2013). Accordingly, this research uses liquidity as 

a control variable in model (2) when evaluating the relationship between firm profitability 

and AMLCT disclosure. The study expects a non-directional and significant relationship 

between bank performance and liquidity ratio due to the conflicts between agency and 

signalling theories assumptions. 

4.7.3.2.3.11   Deposits 

Financial firms depend on customer deposits as another stable funding source that 

generates income through high interest (Alper & Anbar, 2011; Masood & Ashraf, 2012; 
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Saona, 2016). Deposits growing level enhance bank lending opportunities and increases 

profitability (Menicucci & Paolucci, 2016). Furthermore, earlier studies test the impact of 

the deposit on firms' growth, and their results are mixed. For instance, Menicucci & Paolucci 

(2016) represent a positive and significant relationship between bank performance (ROA 

and ROE) and deposits. Besides, Saeed (2014) finds a positive and significant association 

between ROE and deposits ratio while a negative and significant relationship between ROA 

and deposits. However, other studies show the influence of the deposit on firm profitability 

is insignificant (Alper & Anbar, 2011; Masood & Ashraf, 2012; Saona, 2016). To the best of 

the researcher’s knowledge, no prior studies use bank deposits as a control variable when 

examining the consequence of AMLCTF disclosure.  

Under the agency theory assumption, the need for deposits is considered an agency issue 

due to affording insurance safeguards (Saona, 2016). Further, signalling theory assumes 

banks with deposit growth practise greater disclosures to attract more depositors and signal 

deposit expansion and financial health (Wu & Bowe, 2012). Consequently, this thesis uses 

deposits as a control in model (2) while assessing the relationship between bank 

performance and AMLCT information in annual reports. The research expects a positive and 

significant relationship between the two variables.  

4.7.3.2.3.12   Firm Size 

Previous researches recognise firm size as an important determinant of profitability. Large-

size firms maintain more resources, and their competitive power is more likely to increase 

their performance (AlGhusin, 2015). Moreover, large banks can have better resources, 

technology, directors and investments, leading to increase bank profitability (Alsartawi, 

2019). In addition, banks with large improvements in total assets perform better than small 

ones (Nahar et al., 2016). Besides, many scholars examine the relationship between firm 

performance  and size, but their findings are mixed. Some studies find a positive and 

significant relationship between the two variables (Alper & Anbar, 2011; Hassan & Halbouni, 

2013; Majumdar, 1997; Menicucci & Paolucci, 2016; Saliha & Abdessatar, 2011). Others 

present negative and significant findings (Adelopo, 2011; Gupta & Mahakud, 2021). 

However, some research results reveal insignificant (AlGhusin, 2015; Petria et al., 2015; 

Trujillo-ponce, 2013; Vo & Phan, 2013). Furthermore, Saeed (2014) finds the association 

between ROE and firm size is positive and significant, while it is negative and significant 
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when ROA replaces ROE. To the best of the researcher’s knowledge, no previous AMLCTF 

disclosure literature examines the impact of size on bank performance. However, Nobanee 

and Ellili (2018) show that the relationship between bank performance and size is negative 

and significant while exploring the association between bank profitability size and AML 

disclosure (using bank size as a control). 

Despite the mixed findings, large banks are concerned about their reputation and the 

financial system's integrity by combating illegal activities (Harvey & Lau, 2009). Thus, 

Saunders and Stott (2012) examine the impact of ML risk on firm size, but their outcomes 

are insignificant. At the same time, financial firms tend to signal their growth by declaring a 

large volume of information within annual reports (Al-Sartawi & Reyad, 2019, 2018). 

Therefore, this research controls the firm size in model (2) while examining the influence of 

AMLCT disclosure on bank performance. The study expects a positive and significant 

relationship between bank profitability and size.  

4.7.3.2.3.13   Firm Age 

Age is one of the variables commonly used in the literature to determine its influence on 

firm performance (Alodat et al., 2021; Dawar, 2014; Elgadi & Ghardallou, 2021; Majumdar, 

1997; Vo & Phan, 2013). Dawar (2014) states that newer firms tend to compete with older 

firms by enhancing the level of the declarations regardless of their lower performance. 

Thus, over time, financial firms build their soundness by enhancing their safeguard context, 

which includes mitigating crimes and compliance with the regulations (Harvey & Lau, 2009). 

Several academics explore the relationship between firm profitability and age, but their 

findings are mixed. Orazalin et al. (2016) show that firm age positively influences its 

performance. However, some researchers find significantly negative results (Dawar, 2014; 

Elgadi & Ghardallou, 2021; Majumdar, 1997). Nevertheless, other studies indicate 

insignificant results (Vo & Phan, 2013; Alodat et al., 2021). To the best of the researcher’s 

knowledge, no prior AMLCTF disclosure literature assesses the association between bank 

profitability and age. 

From the theorises side, signalling theory assumes that older firms disclose more 

information than younger firms due to their expertise in providing information for 

numerous years and signalling their performance (Al-Sartawi & Reyad, 2018; 

Alberti‐Alhtaybat et al., 2012). Similarly, agency theory argues that older firms minimise 
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information asymmetry by improving disclosures (Al-Sartawi & Reyad, 2018; Nahar et al., 

2016). Accordingly, this research use bank age as a control variable in model (2) while 

testing the impact of AMLCT disclosure on bank performance. The study assumes a positive 

and significant relationship between profitability and bank age. 

4.7.3.2.3.14   Type of Bank 

The earlier research notes that disclosure requirements vary depending on the firm type 

(Buzby, 1975). Accordingly, firms differ in their level of declarations based on the subjects 

that are priorities in annual reports upon information demand. These subjects can include 

bank practices in combating financial crimes (Aish et al., 2021; Harvey & Lau, 2009; Mathuva 

et al., 2020; Nobanee & Ellili, 2018; Van der Zahn et al., 2007).  Prior literature discusses the 

influence of the type of firm (listed or unlisted) on profitability (Ozili, 2017; Yao et al., 2018). 

For instance, Le et al. (2020) show a positive relationship between bank performance and 

the type of firm that is listed. However, Yao et al. (2018) find the same association is 

negative. Also, Ozili (2017) demonstrates the relationship between profitability and the type 

of bank is negative and insignificant for listed banks while it is positive and significant for 

non-listed banks. However, to the best of the researcher’s knowledge, no prior AMLCTF 

disclosure literature explores the association between bank performance and type of bank. 

Regardless of these mixed results, signalling theory assumes that listed banks disclose more 

information than unlisted banks to signal their progress to the investors (Buzby, 1975; 

Cooke, 1989; Ozili, 2017). Therefore, this research utilises the type of bank as a control 

variable in model (2) while testing the relationship between firm performance and AMLCTF 

disclosure. Also, the study assumes a positive and significant relationship between bank 

profitability and the type of bank public limited companies (listed). Thus, the researcher 

collects bank information from Companies House services, and Table 4-4 summarises the 

type of banks.  

4.7.3.2.3.15   Nature of Business 

The nature of business depends on the firm's services that are provided to its clients (Fama, 

1980; Sullivan, 2013; Trujillo-ponce, 2013). Indeed, the risk of financial crimes may be higher 

in some business natures (Owens‐Jackson et al., 2009). According to the UK SAR, the 

business of bank nature receives a higher number of SARs than other business natures 

(National Crime Agency, 2019). To the best of the researcher’s knowledge, no prior AMLCTF 
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disclosure literature evaluates the association between bank performance and the nature of 

business. Thus, signalling theory assumes the enhancing disclosure of specific business 

nature provides better signals to the investors (Watson et al., 2002). 

Accordingly, this thesis uses the nature of business as a control variable in model (2) while 

examining the association between bank performance and AMLCTF disclosure. The study 

assumes a positive and significant relationship between bank performance and businesses 

with a bank nature. Further, business information is collected from the Companies House 

services website, and Table 4-5 shows that the research sample includes 19 business 

natures.  

4.7.3.2.3.16   Year Dummies (2015 – 2019) 

Several studies use the annual report year as a control variable (Aish et al., 2021; Mathuva 

et al., 2020). Also, some research papers utilise year dummies as controls while evaluating 

the disclosure impacts on firm performance (Hussainey & Al-Najjar, 2011; Ibrahim, 2017). 

Nevertheless, to the best of the researcher’s knowledge, no prior AMLCTF disclosure 

literature explores the association between bank performance and the annual report year. 

From the theoretical viewpoint, signalling theory argues that improving disclosures over 

time provides better signals about firm practices than others with lower declarations 

(Watson et al., 2002). Therefore, following prior literature, this research uses the annual 

report year as a control variable in model (2) while exploring the association between bank 

profitability and AMLCTF disclosure. The study expects a positive and significant relationship 

between performance and year dummies. Hence, the thesis assigns year dummies 

depending on the annual report year from 2015 to 2019 and Table 4-6 expresses an 

example of the year dummies' allocation over the research sample.  

4.8  Chapter Summary 

This chapter explains the research methodology that is employed to achieve the study's aim 

and objectives based on scientific justifications. Upon the research onion layers, the study 

philosophy adopts ontology objectivism assumption (defines science as an individual reality) 

and epistemology positivism (assumes facts are observable by testing hypotheses). The 

research implements the deductive approach, which relies on specific theories in developing 

the hypotheses. At the same time, the study strategy depends on experimental design to 
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identify the determinants of AMLCTF disclosure by testing the relationship between AMLCTF 

disclosure score and corporate governance characteristics. Also, this study examines the 

economic consequence of AMLCTF disclosure by testing the relationship between bank 

performance and AMLCTF disclosure. Besides, this research employs an archival research 

strategy depending on secondary data (annual reports). Nevertheless, the methodological 

choice is quantitative, and the time horizon is longitudinal, allowing tracking of the 

disclosure changes between 2015 and 2019. The research techniques and procedures 

include the data sample collection of 125 banks that are maintained from the list of banks 

that are published by the Bank of England on 30 April 2019 (Bank of England, 2019). 

Moreover, the chapter describes disclosure measurement techniques, including content 

analysis and constructing a disclosure index. It discusses the variables that are used in the 

statistical regression models and the findings of prior literature in examining these factors 

and the theoretical prospectives. The next chapter explains the AMLCFT disclosure 

measurement and results. Also, the chapter provides an answer to the study's first question 

about the extent of AMLCTF information within annual reports of the UK banks. Indeed, it 

determines the score of declarations based on compatibility with the study's new AMLCTF 

disclosure index. 
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Chapter Five:  The AMLCTF Disclosure Measurement and Scoring 

5.1 Overview 

This chapter explains the AMLCTF disclosure measurement that is used to assess the UK 

banks' practices in combating financial crimes. Also, it answers the first research question 

regarding AMLCTF reporting levels based on compatibility with the study's new disclosure 

index. This chapter highlights the AMLCTF information trend over time from 2015 to 2019. 

Besides, the chapter represents the AMLCTF areas that are most disclosed in annual reports 

according to the developed index classifications for the categories and items. Likewise, it 

clarifies the validity and reliability of the index content and disclosure scoring process. 

5.2 Construction of AMLCTF Disclosure Index 

Under the sixth layer of the research onion (see subsection 4.7.2), the current section 

describes the technique that is used in constructing the AMLCTF disclosure index. Several 

studies tend to track the disclosure behaviour by developing a new index or using the 

available indices by earlier researchers and professional institutions (Al‐Htaybat, 2011; 

Alfraih & Almutawa, 2017; Basel Institute on Governance, 2021; Bhayani, 2012; Enache & 

Hussainey, 2020; Muhamad et al., 2009). Furthermore, the disclosure index is a helpful tool 

for determining the extent of declarations in annual reports (Al‐Htaybat, 2011). However, 

Urquiza et al. (2009) comment that there is no best way to develop a disclosure index.  

Therefore, this study develops a new and comprehensive AMLCTF disclosure index through 

extensive reviewing of the UK AMLCTF laws and regulations (see section 3.2), international 

AMLCTF organisations guidelines, AML and AMLCTF prior literature (Van der Zahn et al., 

2007; Harvey & Lau, 2009; Nobanee & Ellili, 2018, 2017; Mathuva et al., 2020; Siddique et 

al., 2021), FATF recommendations (Financial Action Task Force, 2018b), BAMLI framework 

(Basel Institute on Governance, 2019) and the UK banks practices in annual reports. 

Literally, through reading, analysing and cross-checking the commonly utilised concepts 

within these resources (thematic analysis style), this research develops the AMLCTF 

disclosure index. Table 5-1 exhibits the constructed index, which consists of (50) items 

classified into (8) categories. 
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Table 5-1 AMLCTF Disclosure Index 

No. Category No. Items 

1 Legislation and  1  Laws, Regulations and Acts 

  Programmes (5 items) 2  Policies, Guidelines and Rules 

   3  Prosecutions, Convictions, Sanctions and Offences 

   4  Tipping-off and Whistleblowing 

   5  
Anti-Corruption, Anti-Bribery, Anti-Money Laundering and 
Financial Crime Transformation Program or Framework 

      

2 Bodies and Authorities 6  
Board, Senior Management, Committees, Chairman and 
CEO 

  (6 items) 7  Internal or External/ Independent Auditors and Consultants 

   8  
AMLCTF Specialist, Compliance Officer, Risk and Financial 
Crime Officers 

   9  
Local Law Enforcement Agencies, Regulators, Central Bank, 
Supervisory, Government Authorities and Tax Advisors 

   10  

AMLCTF International Organisations: Basel Institute on 

Governance (BIOG), Financial Action Task Force (FATF), 
Wolfsberg, International Monetary Fund (IMF), Office of 
Foreign Assets Control (OFAC), United Nations (UN), the 
International Criminal Police Organization (INTERPOL) 

   11  
Financial Intelligence Unit (FIU), Financial Crime Units and 
Suspicious Activity Reporting Unit 

      

3 Reports and Statistics 12  
Suspicious Activity Reports (SAR), Suspicious Transaction 
Reports (STRs) and Suspected Money Laundering or Fraud 

  (6 items) 13  Analyses, Investigations and Reviews 

   14  
Reports of International Transportation of Currency, Cross-
Border Movements of Currency, Currency Transactions 
Report (CTR) and Foreign Currency Movements or Transfers 

   15  Money Laundering Reporting Officers (MLROs) 

   16  Record Keeping, Monitoring Reports, and Reporting 

   17  AMLCTF Databases, Data, Information and Statistics 

      

4 
Know Your Customers 
-KYC 

18  Client or Customer Due Diligence (CDD) and Enhanced Due 
Diligence (EDD) 

  (6 items) 19  Perform KYC or Service Reliance on Third Party  

   20  Customer Acceptance or Selection Policy 

   

21  Customer Identification Program (CIP), Updating 
information of Existing Customers, Verification of Identity, 
Classifying the Customers or Accounts, Type of Client and 
Beneficial Ownership  

   
22  Anonymous and Fraudulent Accounts, Blacklisted Extremist, 

Terrorist Organizations, Groups or Individuals and Criminals 

   
23  Specific Customer Categories: Politically Exposed Persons 

(PEP), High Net Worth Customer, Casino Customers, 
Gambling Customers, Non-Profit and Charitable 
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Organisations, Real Estate Agents, Unique Dealers (e.g. 
Motor vehicles, Jewellery and Alcohol), Financial Brokers, 
Insurance Companies, Lawyers, Notaries, Independent Legal 
Professionals, Trust or Company Service Providers, Betting 

      

5 Risk Context  24  Business Risk, Business Line Risk and Lines of Defence  

  (8 items) 
25  Customer Risk and Administration of Customer, Non-

Resident and Foreign Person Risk 

   26  Governance 

   
27  High-Risk or Other Risk Categories: Products, Services, 

Transactions, Geographies, Delivery Channels, Sectors, 
Countries, Jurisdictions and Currency 

   
28  Financial Crime, Cyber Crime, Organised Crime Risk, 

Corruption Risk, Bribery Risk, Money Laundering Risk, 
Counter-Terrorist Financing Risk, and Fraud Risk 

  29  Risk-Based Approach (RBA) 

   30  Risk Mitigate and Risk Appetite 

   
31  Conduct Risk, Legal Risk, Operational Risk, Liability Risk, 

Political Risk, Reputation Risk and Risk Management 

      

6 
Monitoring and 
Assessment  

32  Internal Control, Monitoring Roles, Responsibilities and 
Assessment Process or Procedures 

  (10 items) 
33  On-Boarding, Documentation, Screening Customers or 

Financial Accounts and Financial Aids Screening 

   
34  Transaction Monitoring, Limits, Interdiction, Rejection and 

Freeze 

   35  Remedial Actions and Action Plans 

   
36  Real-Time, Relevant Time, Time of Verification and Periodic 

or Regular Time Period  

   
37  Virtual Asset, Other Asset and E-Money, Monetary 

Instruments and Securities 

   
38  Electronic/ Online Funds Transfer, Wire Transfer, Bulk 

Money Transfer and Bulk Shipment of Currency 

   39  Prevention Mechanisms and Stress Testing 

   
40  Correspondent Bank, Counterparty Bank, Subsidiary and 

Foreign Bank 

   41  Compliance  

      

7 Technical Solution 
42  Upgrade IT Software Application and Case Management 

Software  

  (5 items) 
43  Monitoring, Detection, Safeguard, Artificial Intelligence 

System or Technology 

   44  World-Check, Safe Watch, Watch list and Screening Tools 

   45  Alerts, Warnings, Currency Transaction Alerts or Red Flags 

   46  Data, Information Security and Protection  

      

8 
People and Human 
Resource 

47  
Training and Education Program 
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  (4 items) 48  Skill, Knowledge, Expertise and Awareness 

   49  Staff Screening and Facilitating 

   50  Code of Ethical Conduct and Behaviour 

      

Source: The UK and international AMLCTF laws and regulations (see section 2.3), prior AMLCTF 
literature (Van der Zahn et al., 2007; Nobanee & Ellili, 2018; Mathuva et al., 2020; Siddique et al., 
2021), FATF recommendations (Financial Action Task Force, 2018b), BAMLI framework (Basel 
Institute on Governance, 2019) and the UK banks practices in annual reports. 

 

Subsequently, these categories match the majority of prior AML and AMLCTF disclosure 

index categories. Table 3-2 summarises the former AML and AMLCTF literature index 

categories. Mainly, earlier indices focus on risk assessment, KYC, statistics, reports, 

technology, transaction monitoring and investigation, international cooperation and 

competent authorities. This research developed a new index that contributes to prior 

literature by enclosing new items related to AMLCTF reporting (see Table 5-1). It differs 

from the earlier indices that are employed by Van der Zahn et al. (2007), Harvey & Lau 

(2009), Nobanee & Ellili (2017), Nobanee & Ellili (2018), Mathuva et al. (2020) and Siddique 

et al. (2021) by including more specific and new items such as governance aspects, 

cybercrime, virtual asset and code of conduct.  

Also, prior indices are classified into AML and AMLCTF indices. All AML disclosure indices 

consist of 6 categories and vary in their items. Moreover, some of the AML disclosure 

indices include minimal items related to CTF disclosure, such as Van der Zahn et al. (2007) 

show 6 items out of 35, Nobanee & Ellili (2018) display 2 items out of 55, Mathuva et al. 

(2020) demonstrate 2 items out of 72 and Harvey & Lau (2009) index limited by its 

categories and there is no specific category titled for CTF. In addition, Murithi (2013) 

develops a semi-structured self-administered questionnaire to evaluate the AML 

compliance program with the assistance of 11 items without referring to CTF.  

Nevertheless, to the best of the researcher’s knowledge, prior AMLCTF disclosure indices 

are introduced only by Nobanee & Ellili (2017) and Siddique et al. (2021). Nobanee & Ellili 

(2017) show an index of 10 categories with 100 items and specify one category for CTF. 

However, all the items in this category are also applicable to AML. For instance, the 

availability of policies and procedures, training, global cooperation and exchange of 

information. In comparison, all the current thesis AMLCTF disclosure index items are used to 
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measure banks' practices against ML and TF. Further, Siddique et al. (2021) represent an 

index of 7 categories (40 items), and it is content focuses on AMLCTF, but it is developed 

based on FATF recommendations only. On the other hand, this thesis depends on various 

resources in creating the AMLCTF disclosure index, such as the UK laws and regulations and 

international institutions' recommendations and guidelines. Thus, this index is likely to 

insight the financial organisations to improve their AMLCTF reporting practices. Besides, it is 

a helpful tool to measure their combating financial crime efforts through annual reports and 

determine their compliance score. Further, it shows the degree of bank toughness in 

implementing AMLCTF programmes. Moreover, it raises the stakeholder's awareness about 

AMLCTF disclosures and the banking sector's roles in protecting their wealth through safe 

financial systems.  

5.3 The AMLCTF Disclosure Score 

This study implements manual content analysis and follows Haj-Salem et al. (2020) study 

that suggests completing the index scoring theme and coding process by the following 

steps. First, clarifying the research question: What is the level of AMLCTF disclosure in 

annual reports of the UK banking sector? Second, determine the codable document, which 

relies on all the content of the sample annual reports. Third, define the coding unit, and the 

research focuses on the index items' availability within the yearly report sentences. Fourth, 

determine the disclosure categories (the general theme of the index consists of 8 categories 

and 50 items). Fifth, decide the coding mode, and the study uses an un-weighted approach. 

Hence, this research utilises an un-weighted approach for scoring the AMLCTF disclosure 

index. This approach assigns a value of (1) when the AMLCTF information exists within the 

index items and (0) otherwise (Mathuva et al., 2020; Nobanee & Ellili, 2018; Siddique et al., 

2021; Van der Zahn et al., 2007). Prior literature uses this approach to measure the quantity 

of disclosure aside from the subjective scoring, which appears with the weighted approach, 

which scores the coding units based on their importance (Al‐Htaybat, 2011; Mathuva et al., 

2020; Van der Zahn et al., 2007). However, this study uses an un-weighted technique to 

determine the compatibility between the AMLCTF disclosures in reportings and the 

constructed AMLCTF disclosure index, not counting the number (quantity) of declarations. 

As a result, the compliance level avoids the adverse effects of ML activities on the bank's 

reputation (Harvey & Lau, 2009).  
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Indeed, the strength of the un-weighted method in scoring index information is that all 

items have the same importance (Shehata, 2014). Also, there is no potential for double-

scoring the sentence with the same item once it is scored in the given year.  In addition, it is 

common to use the sentence as a coding unit in the analysis (Urquiza et al., 2009), and it is 

better than employing keywords. Ibrahim (2017) points out that using keywords is 

meaningless and recommends employing sentences as a coding unit to understand the text 

area. Moreover, utilising sentences is more accurate than paragraphs to counter the index 

items as the paragraph may contain several sentences that consist of different index items. 

Consequently, Table 5-2 provides some examples of AMLCTF disclosure within annual 

reports sentences, and the scoring value they receive is equal (1).  

Table 5-2 Example of AMLCTF disclosures in Annual reports 

No Disclosed sentence = 1 
 

Index item Index category 

1  ‘AML sanctions, laws and regulations are increasingly 
complex and detailed and have become the subject 
of enhanced regulatory supervision, requiring 
improved systems, sophisticated monitoring and 
skilled compliance personnel’ (Abbey National 
Treasury Services plc, 2015, p.181). 

Prosecutions, 
Convictions, 

Sanctions and 
Offences 

Legislation and 
Programmes 

2  ‘The fees paid to the Bank's auditors in respect of 
non-audit for the year amounted to £137,541 (2014: 
£26,028) relates to services performed in connection 
with Anti-Money Laundering (AML) remediation’ 
(Philippine National Bank (Europe) PLC, 2015, p.21). 

Internal or External/ 
Independent 
Auditors and 
Consultants 

Bodies and 
Authorities 

3  ‘Risks currently reported on are financial crime (AML, 
terrorist financing, sanctions and fraud), cyber and 
information security, sourcing, technology risk, 
business continuity and payments’ (Bank of Ireland 
(UK) Plc, 2016, p.75). 

Record Keeping, 
Monitoring Reports, 

and Reporting 

Reports and 
Statistics 

4  ‘the group repositioned certain portfolios and, in 
addition, made its client selection filters more robust 
in managing the risk of financial crime’ (HSBC Bank 
plc, 2015, p.19). 

Customer 
Acceptance or 

Selection Policy 

Know Your 
Customers -

KYC 

5  ‘Financial Crime Risk: The risk of a failure of the 
Bank's processes for anti-money laundering, counter 
terrorism financing, sanctions and the risk of fraud 
against the Bank or its customers’ (AIB Group ( UK ) 
p.l.c., 2018, p.23). 

Financial Crime, 
Cyber Crime, 

Organised Crime 
Risk, Corruption Risk, 
Bribery Risk, Money 

Laundering Risk, 
Counter-Terrorist 
Financing Risk and 

Fraud Risk 

Risk Context 

6  ‘The Bank’s Anti Money Laundering (AML) processes Internal Control, Monitoring and 
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and controls have been placed under formal review 
by the Financial Conduct Authority, which has led to 
ongoing investment in enhanced AML processes’ (Al 
Rayan Bank, 2018, p.6). 

Monitoring Roles, 
Responsibilities and 
Assessment Process 

or Procedures 

Assessment 

7  ‘The Bank uses third party software managing the 
financial crime and sanctions risks and to maximise 
the effectiveness of controls’ (Bank Sepah 
International PLC, 2018, p.8). 

Upgrade IT Software 
Application and Case 

Management 
Software 

Technical 
Solution 

8   ‘Staff completing anti-money laundering (AML) e-
learning’ (Standard Chartered Bank, 2016, p.316). 

Training and 
Education Program 

People and 
Human 

Resource 

 

Accordingly, the research follows Van der Zahn et al. (2007), Nobanee & Ellili (2018), 

Mathuva et al. (2020) and Siddique et al. (2021) in calculating the AMLCTF disclosure score. 

Section 5.5 shows the descriptive statistics of the disclosure score measurement using the 

below formula: 

𝐴𝑀𝐿𝐶𝑇𝐹𝐷𝑖 =
∑ 𝐷𝑖𝑚

𝑖=1

∑ 𝐷𝑖𝑛
𝑖=1

 

Where: 

𝐴𝑀𝐿𝐶𝑇𝐹𝐷 = AMLCTF disclosure score, 𝐷 =  the disclosure is (1) when the item is disclosed 
and (0) otherwise, 𝑚 = the number of actual disclosure items, 𝑛 = the sum of all items in 
the index, 𝑖 = the bank name in the annual report. 

 

5.4 Validity and Reliability Tests 

Before calculating the AMLCTF disclosure score and analysing the results, it is necessary to 

check the validity and reliability of two processes: (1) constructing the AMLCTF disclosure 

index. (2) the method of scoring the AMLCTF information within the sentences of the 

sample annual reports. Testing the validity and reliability keeps the study away from the 

researcher's subjectivity. Furthermore, the research performs a pilot study as a part of the 

validity and reliability examinations. Marston & Shrives (1991) confirm the role of the pilot 

study in the disclosure research in checking the validity and reliability. The pilot study 

verifies index contents' materiality (items relevance) and association with the AMLCTF 

disclosure context, including representing the formal bank practices. Also, pilot testing helps 

classify the index items into subordinate categories (Marston & Shrives, 1991). Therefore, 

the researcher conducts a pilot study on 295 observations out of 625 total data samples (59 
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banks out of 125 from 2015 to 2019) to assess the compatibility of the newly developed 

index items and the AMLCTF information in annual reports. These observations are 

randomly selected to represent almost half of the sample size. Through the content analysis 

un-weighted approach, the study scored the AMLCTF sentences. If the index item is 

disclosed, the sentence receives (1) and (0) otherwise. Indeed, the item is scored once in a 

given year for the same information and observation.  

As a result, the pilot study shows an overall disclosure score is 29.9% which is higher than 

the majority of prior AMLCTF literature scores of 11.6% for the UK banks (Nobanee & Ellili, 

2017) and 20.27% for money exchange providers in the GCC countries (Siddique et al., 

2021). Equally, the pilot results are higher than the previous AML research scores of 16.7% 

for the Reserve Bank of Australia (Van der Zahn et al., 2007), %0.2 for the UK banks (Harvey 

& Lau, 2009), 8.4% for the UAE banks (Nobanee & Ellili, 2018), 15.2% for the Kenyan 

commercial banks (Mathuva et al., 2020). However, it is lower than the AML score of 45.83% 

for the National Bank of Ukraine (Van der Zahn et al., 2007). Table 0-2 shows some 

examples of the pilot study scoring the AMLCTF disclosure index items. The below 

subsections explain the other techniques used to check the validity and reliability of the 

index construction and scoring process. 

5.4.1 The AMLCTF Disclosure Index 

The study implements three methods to ensure the validity of the new AMLCTF disclosure 

index. The first method is face validity. It is conducted through several meetings with 

combating ML and TF examiners from the banking sector (Mrs Huda Aal-Eisa and Mrs Zainab 

Al-Lawati) and academic professionals researchers (Professor Khaled Hussainey, Dr Awad 

Ibrahim and Mrs Christina Philippou) to ensure the index items representing the AMLCTF 

disclosure. The second technique is content validity. It is employed randomly by reviewing 

some global combating crimes companies’ websites to verify and improve the index 

compatibility with existing AMLCTF tests. Indeed, these companies cooperate with banks 

worldwide to mitigate ML and TF activities such as World-Check, Encompass, Sanction 

Scanner, and Dow Jones Risk and Compliance. The last approach is constructing validity. It is 

performed to assure the relevance of the index content by cross-checking prior AML and 

AMLCTF literature indices (Harvey & Lau, 2009; Mathuva et al., 2020; Nobanee & Ellili, 2018, 
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2017; Van der Zahn et al., 2007) as well as the theoretical perspectives such as agency, 

signalling, crying wolf, transparency-stability, transparency-fragility and economic theories. 

Moreover, the reliability process involves several re-checks (more than one individual) to 

confirm the consistency of the index contents (Haj-Salem et al., 2020). Hence, the research 

checks the reliability of the index items by asking three professional individuals to re-check 

the index details (Dr Haitham Nobanee, Mrs Huda Aal-Eisa and Mrs Zainab Al-Lawati). Also, 

the study uses computerised software (Nvivo 12) to re-check the existence of the index 

items and compare the results with the manually content analysis outcomes. This software 

specifies the paragraphs likely to interlink with AMLCTF information by searching for specific 

keywords within the annual report. The selection of the words depends on seeking the 

AMLCTF synonyms within AML literature, publications of professional organisations, 

reviewing annual reports, and using lingual websites such as https://www.dictionary.com/ 

and https://www.thesaurus.com/. For example, the research uses the following keywords 

to determine these paragraphs:  

laundering OR launder OR Terrorist OR Terrorism OR Crime OR AML OR CTF OR CFT OR 

Irregularity OR Attack OR MLRO OR Terro OR dirty Or wash Or washing.  

 

After specifying the related paragraphs, the research goes to the second step of determining 

the index items by searching for the following checklist with assists of computerised 

software (Nvivo 12):  

Disclosure OR Index OR Laws OR Regulations OR Acts OR Policies OR Procedures OR 

Guidelines OR Rules OR Corruption OR Policy OR Regulation OR Anti OR Bribery OR Tipping 

OR Legislation OR Programmes OR Board OR Senior OR Management OR Committees OR 

Chairman OR CEO OR Law OR Enforcement OR Agencies OR Regulatory OR Central OR Bank 

OR Supervisory OR Government OR Authorities OR Tax OR Advisor OR Specialist OR Officers 

OR Consulting OR MLRO OR Officer OR Intelligence OR Unit OR FIU OR Internal OR Auditor 

OR External OR Auditors OR Independent OR consultant OR International OR Bodies OR 

Basel OR Institute on Governance OR Financial Action Task Force OR FATF OR Wolfsberg OR 

International Monetary Fund OR IMF OR Office of Foreign Assets Control OR OFAC OR 

United Nations OR UN OR International Criminal Police Organization OR INTERPOL OR 

Suspicious OR Activity OR Reports OR SAR OR Suspect OR Transaction Report OR STR OR 

https://www.dictionary.com/
https://www.thesaurus.com/
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Currency Transaction OR CTR OR International Transportation of Currency OR Monetary 

Instruments OR Foreign Currency OR Movements OR Currency Transfers OR cross border OR 

movements of currency OR Foreign Banks OR Financial Account OR Money Laundering 

Reporting Officer’s OR Report OR Prosecutions OR Convictions OR Sanctions OR Offences OR 

Whistleblowing OR Record Keeping OR Monitoring Reports OR Reporting OR Statistics OR 

Know Your Customers OR KYC OR Client OR Customer Due Diligence OR CDD OR Enhanced 

Due Diligence OR EDD OR Reliance OR Third Party OR Customer Identification Program OR 

CIP OR Updating OR Existing Customers OR Customer OR Account OR Defined OR 

Verification OR Identity OR Casino OR Gambling OR Non-Profit OR Charitable OR 

Organizations OR Real estate OR agents OR Unique OR Dealers OR Motor vehicles OR 

Jewellery OR Alcohol OR Financial OR Brokers OR Insurance OR Companies OR Lawyers OR 

Notaries OR Independent Legal OR Professionals OR trust OR company OR service providers 

OR Betting OR Anonymous OR fraudulent OR Accounts OR Blacklisted OR Extremist OR 

Terrorist Organizations OR Individuals OR Criminals OR Classifying OR Classifying Accounts 

OR Type of Client OR Beneficial Ownership OR Database OR Customer Acceptance Policy OR 

Politically Exposed Persons OR PEP OR High net worth OR Financial Aids OR Screening OR On 

boarding OR boarding OR Risk OR Context OR Assessment OR Business Line OR 

Administration OR Customer Risk OR Office OR Foreign Assets OR Control OR Non-Resident 

OR Foreign OR Person OR Technology Risk OR Corruption Risk OR Legal Risk OR closure OR 

Reputation OR Bulk OR Money Transfer OR Shipment OR Currency OR High-Risk OR 

Categories OR Products OR Services OR Geographies OR Delivery Channels OR Sectors OR 

Business OR Countries OR jurisdictions OR Financial Crime OR Cyber Crime OR Risk Based 

Approach OR RBA OR Mitigate OR appetite OR Organised Crime OR Operational Risk OR 

Liability Risk OR Investigation OR Monitoring OR Roles OR Responsibilities OR Process OR 

Red OR Flag OR List OR scenario OR Limits OR Interdiction OR Rejection OR Freeze OR 

Remedial OR Actions OR Action OR Plans OR Real-Time OR Timing OR Verification OR 

Relevant OR Time OR Electronic OR Funds OR Transfer OR Wire OR E-Money OR Virtual OR 

Asset OR Lines OR Defence OR Stress OR Testing OR Periodic OR reviews OR Correspondent 

OR Bank OR Branch OR Securities OR Monitoring OR Internal Control OR Compliance OR 

Cooperation OR Financial OR Institutions OR Regulatory OR Authorities OR Software OR 

Technology OR Case OR Management OR Large OR Currency OR World OR Check OR Safe 

OR Watch OR safeguard OR Detection OR Prevention OR Mechanisms OR Data OR Security 
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OR Protection OR New OR Technology OR Developed OR Human OR Resources OR Training 

OR Education OR Program OR Awareness OR Skill OR Knowledge OR Staff OR Screening OR 

Code OR Conduct OR Ethics OR Governance OR Counterparty OR Department OR Team OR 

Terro OR Artificial OR Intelligence OR behaviour OR Investigation OR Regular OR laundering 

OR launder OR Terrorist OR Terrorism OR Crime OR AML OR CTF OR CFT OR irregularity OR 

attack OR dirty. 

Next, the study checks the compliance of these paragraphs and the highlighted checklist 

items by reading and comparing the software outputs with the manual content analysis 

outputs. Consequently, the computerised software confirms the index items' availability in 

the bank's reports. 

5.4.2 The AMLCTF Disclosure Scoring 

The study checks the validity and reliability of the AMLCTF disclosure scores to ensure the 

results are trusted and are not subjective to the researcher's judgment. Grassa et al. (2020) 

suggest conducting face validity by asking another assessor to score the annual report 

information. Accordingly, the researcher inquires from academic professionals (Professor 

Khaled Hussainey and Dr Awad Ibrahim) to score AMLCTF information in sample annual 

reports. Also, the researcher asks independent AMLCTF examiners in the banking sector 

(Mrs Huda Aal-Eisa) to verify the scoring process randomly. Moreover, the study conducts a 

reliability test to ensure index scoring steadiness. When another researcher repeats it, the 

scoring continues to be the same without issues (Marston & Shrives, 1991).  

Hence, the study confirms the AMLCTF disclosure score's reliability by re-checking the 

scoring process randomly twice by the researcher and supervisors (Professor Khaled 

Hussainey and Dr Awad Ibrahim). Also, following earlier literature, the research calculates 

Krippendorff’s alpha to check the reliability of AMLCTF disclosure scores (Grassa et al., 2020; 

Hassan & Marston, 2019; Krippendorff, 2004). Grassa et al. (2020) state that good reliability 

alpha is more than 0.67. Indeed, the thesis performs Krippendoff’s alpha test by STATA 17 

software. Hence, Appendix B Table 0-3Error! Reference source not found. shows the results 

of the reliability of Krippendorff’s alpha for each index item by STATA. The results show that 

the highest alpha is  0.949 for item 14 in Table 5-1 (T in Appendix B Table 0-3). In 

comparison, the lowest alpha is 0.9450 for item 36 in Table 5-1 (AS in Appendix B Table 0-3). 
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Besides, Table 5-3 shows that the overall reliability coefficient is 0.9526, indicating a high 

alpha value and assuring the reliability of AMLCTF disclosure scores.  

Table 5-3 Results of Reliability Krippendorff’s Alpha overall Sample by STATA  

Test scale = mean(unstandardised items) 
Reversed item:  AA 
Average inter-item covariance:     .0418211 
Number of items in the scale:           50 
Scale reliability coefficient:      0.9526 

 

Furthermore, the study examines the disclosure scoring stability by rechecking the scoring 

approach and the appearance of similar index items more than once by the same content 

examiner. The stability check is a kind of testing of the reliability of the scoring process. This 

stage is performed manually and automated (Wang & Hussainey, 2013). Accordingly, the 

research handles the manual method to score the index items depending on reading the 

information sources. Consequently, by rechecking the scoring of annual reports, the scoring 

remains the same and confirms the scoring stability. Likewise, the thesis obtains the 

automated method using computer software to re-check the appearance of the index items 

by utilising Nvivo and LancsBox. These programs help check the stability and frequency of 

the items within the data sample reports and the related publications to the research topic.  

5.5 The AMLCTF Disclosure Results 

A limited number of studies explore the AML and AMLCTF disclosure scores within financial 

firms' reports, and most of their disclosure score results show a low level of declaration. For 

instance,  Van der Zahn et al. (2007) show a low AML disclosure score average of 0.167 for 

the Reserve Bank of Australia but a higher mean of 0.4583 for the National Bank of Ukraine. 

Harvey & Lau (2009) show AML information score on average at 0.002 for the UK banks.  

Besides, Nobanee & Ellili (2018) and Mathuva et al. (2020) indicate a low AML disclosure 

score of 0.084 and 0.152 for the UAE banking industry and Kenyan commercial banks, 

respectively. On the other hand, Nobanee & Ellili (2017) represent a low AMLCTF disclosure 

score average of 0.116 for the UK banks, and Siddique et al. (2021) display a low AMLCTF 

reporting mean of 0.2027 for money exchange providers in the GCC countries. Nevertheless, 

Murithi (2013) uses a semi-structured self-administered questionnaire to investigate the 
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AML compliance score in Kenyan commercial banks and finds the total mean for 11 items is 

42.64.  

Subsequently, this research attempts to determine the extent of AMLCTF disclosure in the 

UK banks and measure the disclosure score by the total of disclosed items in annual reports 

to total index items (see the formula in section 5.35.5). Table 5-4 summarises the 

descriptive statistics of the disclosure score measurement for the sample of 625 

observations from 2015 to 2019. It displays the AMCTF disclosure score mean of 0.227. This 

average is higher than prior literature averages of AMLCTF information (Nobanee & Ellili, 

2017; Siddique et al., 2021) and AML disclosure (Harvey & Lau, 2009; Mathuva et al., 2020; 

Nobanee & Ellili, 2018; Van der Zahn et al., 2007). However, the current thesis mean is 

lower than the AML declaration average of Van der Zahn et al. (2007) for Ukraine banks and 

AML compliance by Murithi (2013). At the same time, the descriptive statistics show 

AMLCTF disclosure score from 2015 to 2019 holds a standard deviation of 0.209, a minimum 

score of 0, and the maximum score of 0.84. Hence, the subsections below represent the 

AMLCTF scoring results by year and index categories. 

Table 5-4 Descriptive Statistics of AMLCTF Disclosure Score by Years  

Sample annual report year Obs Mean Std. Dev. Min Max 

2015 125 0.168 0.190 0 0.76 
2016 125 0.195 0.202 0 0.80 
2017 125 0.236 0.213 0 0.84 
2018 125 0.261 0.214 0 0.80 
2019 125 0.271 0.210 0 0.78 

2015-2019 625 0.227 0.209 0 0.84 

 

5.5.1 The AMLCTF Disclosure Extent by Years 

Table 5-4 presents the descriptive statistics of the AMLCTF disclosure score for the sample 

of 625 annual reports of the UK banks from 2015 to 2019. In 2015, the descriptive shows the 

AMLCTF disclosure score average of 0.168, a standard deviation of 0.190 and a maximum 

score of 0.76 (total actual scores= 38). For 2016, the disclosure score mean is 0.195, the 

standard deviation is 0.202, and the maximum total score is 0.8. Similarly, for 2017, the 

AMLCTF declaration score mean is 0.236, the standard deviation is 0.213, and the maximum 

total score is 0.84. For the year 2018, the average score is 0.261, the standard deviation is 
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0.214, and the maximum score is 0.80. Finally, in 2019, the average score is 0.271, the 

standard deviation is 0.210, and the maximum total score value is 0.78. 

Overall, it is clear that the minimum disclosure score for 2015-2019 is zero, and the 

maximum score is 0.84 (total actual score of 42) in the year 2017, reflecting 84% of the 

index items in Table 5-1. Moreover, the maximum score of AMLCTF disclosure fluctuates 

between 76% and 84% (total actual scores between 38 and 42). These scores indicate that 

the disclosure index likely reflects the banking sector's awareness of mitigating ML and TF 

activities. In contrast, the AMLCTF disclosure score for 2015 – 2019 holds an average of 

0.227, which varies between 0.168 and 0.271, implying that AMLCTF disclosure is low within 

the UK banks. Furthermore, Figure 5-1 exhibits the AMLCTF disclosure score increasing 

trend over time. Indeed, the declarations improved by 0.54% (total actual scores = 168) 

between 2015 and 2016, 0.83% (total actual scores = 258) between 2016 and 2017, 0.49% 

(total actual scores = 154) between 2017 and 2018, and 0.20% (total actual scores = 64) 

between 2018 and 2019.  

Thus, these results are consistent with the research expectations that AMLCTF information 

increases in the UK annual reports over time (see section 3.6.1.1), and the study accepts 

hypothesis H3.1. In addition, the findings are compatible with prior literature about 

improving AML declarations over their study period (Van der Zahn et al., 2007; Mathuva et 

al., 2020) and with the theoretical research framework. For instance, signalling theory 

assumes that increasing AMLCTF information signals financial firms' efforts in combating ML 

and TF crimes and the level of disclosure improvements (Elfeky, 2017; Morris, 1987; Watson 

et al., 2002). Besides, agency theory argues that enhancing disclosure reduces the conflict of 

interest between managers and shareholders (Mathuva et al., 2020; Morris, 1987; Shehata, 

2014; Watson et al., 2002). Likewise, the crying wolf theory claims that banks tend to extend 

the reporting levels over time to represent their AML practices against risks and avoid the 

punishment of undisclosed activities and disclosure of false threats information (Mathuva et 

al., 2020). In addition, the transparency-stability theory proposes that enhancing disclosures 

imposes a higher level of transparency and better allocation of resources, thus affecting firm 

stability (Mathuva et al., 2020; Murithi, 2013; Van der Zahn et al., 2007). Nevertheless, the 

transparency-fragility theory suggests that reporting improvement indicates the potential 

risks the institutions may face (Mathuva et al., 2020; Murithi, 2013; Van der Zahn et al., 
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2007). Further, the economic theory argues that firms increase disclosures to maximise their 

profits, and customers rely on these enhanced disclosures to maximise their utilities 

(Mathuva et al., 2020; Murithi, 2013). In addition, the increase in AMLCTF declaration scores 

is likely due to the UK's ongoing concern about assessing the risks of ML and TF through 

financial sector guidance publications (Joint Money Laundering Steering Group, 2020), 

supervision reports (HM Treasury, 2020a) and national assessments of ML and TF (HM 

Treasury, 2020b). 

Figure 5-1 AMLCTF Disclosure Scores from 2015 to 2019 

 

5.5.2 The AMLCTF Disclosure by Index Categories 

This study classifies the index items into eight categories (see section 5.2) based on content 

analysis which concentrates on reviewing the UK and international AMLCTF laws and 

regulations (see sections 2.3 and 2.4), prior AML and AMLCTF disclosure literature (Harvey & 

Lau, 2009; Mathuva et al., 2020; Nobanee & Ellili, 2018; Van der Zahn et al., 2007), FATF 

recommendations (Financial Action Task Force, 2018b), BAMLI framework (Basel Institute 

on Governance, 2019) and the UK banks practices in annual reports. Table 5-5 summarises 

the index categories and the allocated AMLCTF disclosure score for each category from 2015 

to 2019.  
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Table 5-5 AMLCTF Disclosure Score by Index Categories over Research Period 

Index category 2015 2016 2017 2018 2019 Total 

(1) Legislation and Programmes (5 items) 0.003 0.004 0.005 0.006 0.006 0.025 

(2) Bodies and Authorities (6 items) 0.005 0.006 0.007 0.008 0.008 0.034 

(3) Reports and Statistics (6 items) 0.002 0.003 0.004 0.004 0.004 0.017 

(4) Know Your Customers -KYC (6 items) 0.002 0.002 0.002 0.003 0.003 0.011 

(5) Risk Context (8 items) 0.009 0.010 0.011 0.013 0.014 0.056 

(6) Monitoring and Assessment (10 items) 0.008 0.009 0.010 0.011 0.012 0.051 

(7) Technical Solution (5 items) 0.002 0.003 0.003 0.004 0.003 0.015 

(8) People and Human Resource (4 items) 0.003 0.003 0.004 0.004 0.004 0.018 

Total disclosure score 0.034 0.039 0.047 0.052 0.054 0.227 

 

Besides, Table 5-6 indicates the descriptive statistics of AMLCTF disclosure score for 625 

observations by index categories. Hence, the disclosure score differentiates between index 

categories. For example, in category (1): ‘Legislation and Programmes’, the descriptive 

statistics mean is 0.025, the standard deviation is 0.028, the minimum AMLCTF disclosure 

score is 0, and the maximum score is 0.10 (total actual scores = 5). Category (2): ‘Bodies and 

Authorities’, the mean is 0.034, the standard deviation is 0.032, the minimum score is 0, and 

the maximum score is 0.10. Category (3): ‘Reports and Statistics’ the average is 0.017, the 

standard deviation is 0.024, the minimum score is 0, and the maximum score is 0.10. 

Category (4): ‘Know Your Customers -KYC’, the average is 0.011, the standard deviation is 

0.019, the minimum score is 0, and the maximum score is 0.10. Category (5): ‘Risk Context’, 

the average is 0.056, the standard deviation is 0.049, the minimum score is 0, and the 

maximum score is 0.16. Category (6): ‘Monitoring and Assessment’, the mean is 0.051, the 

standard deviation is 0.050, the minimum score is 0, and the maximum score is 0.20. 

Category (7): ‘Technical Solution’, the mean is 0.015, the standard deviation is 0.020, the 

minimum score is 0, and the maximum score is 0.10. Finally, Category (8): ‘People and 

Human Resource’, the mean is 0.018, the standard deviation is 0.024, the minimum score is 

0, and the maximum score is 0.08. 
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Table 5-6 Descriptive Statistics of AMLCTF Disclosure Score by Index Categories 

AMLCTF disclosure index Categories Obs Mean Std. Dev. Min Max 

(1)   Legislation and Programmes  625 0.025 0.028 0 0.10 
(2)   Bodies and Authorities 625 0.034 0.032 0 0.10 
(3)   Reports and Statistics  625 0.017 0.024 0 0.10 
(4)   Know Your Customers -KYC  625 0.011 0.019 0 0.10 
(5)   Risk Context  625 0.056 0.049 0 0.16 
(6)   Monitoring and Assessment  625 0.051 0.050 0 0.20 
(7)   Technical Solution  625 0.015 0.020 0 0.10 
(8)   People and Human Resource  625 0.018 0.024 0 0.08 
All index categories 625 0.028 0.036 0 0.20 

 

Figure 5-2 exhibits the total AMLCTF disclosure scores for each index category from 2015 to 

2019. Also, Table 5-6  displays that the highest average score is 0.056 (total actual score = 

1758) in category (5): ‘Rist Context’ while the lowest score is 0.011 (total actual score = 350)  

in category (4):  ‘know Your Customers’. The maximum total scoring results for category (5) 

demonstrate that the bank's concern about fighting ML and TF transactions is associated 

more with the risk aspects. Accordingly, financial firms disclose more AMLCTF information 

within the risk paragraphs in annual reports due to the risk of  ML and TF crimes that 

threaten the financial system. Also, these results are compatible with prior literature that 

insists on managing ML and TF hazards to avoid substantial financial losses (Bolgorian & 

Mayeli, 2020). Also,  the results are consistent with the professional bodies' effort to assess 

the ML and TF risk worldwide and rank the countries in their AML index reports (Basel 

Institute on Governance, 2019) or their assessment publications (Financial Action Task 

Force, 2018a). Hence, the AMLCTF disclosures reflect the firm's management practices and 

level of compliance and transparency in mitigating ML and TF transactions (Nobanee & Ellili, 

2018). 

In addition, the highest item scored overall index categories is number 285 (see Table 5-1) 

under the ‘Risk Context’ category, which receives a total AMLCTF score of 0.014 (total actual 

score = 435). Also, across the research sample of 125 banks, Standard Chartered Bank is 

practising more AMLCTF disclosure (0.76, 0.80, 0.84, 0.80 and 0.78) between 2015 and 

 
 

5 AMLCTF disclosure item 28: Financial Crime, Cyber Crime, Organised Crime Risk, Corruption Risk, Bribery Risk, 
Money Laundering Risk, Counter-Terrorist Financing Risk and Fraud Risk. 
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2019. These high disclosure scores are responses to the financial penalties imposed on 

Standard Chartered Bank due to their AML control failure (HM Treasury, 2020a). Therefore, 

when the bank is under the pressure of regulatory punishments tends to improve its 

practices and increase disclosure levels to signal its behaviours and reduce information 

asymmetry. Also, the transparency-fragility theory supports these results as the increase in 

reporting indicates the firm’s potential risks and problems (Mathuva et al., 2020; Murithi, 

2013; Van der Zahn et al., 2007). Besides, Bolgorian & Mayeli (2020) notice that negative 

matters lead firms to enhance and strengthen their AML context. Further, the crying wolf 

theory supports the results as the bank increases disclosures (cries) with the surrounding 

risk situation to represent their AMLCTF behaviours (Mathuva et al., 2020). 

On the other hand, Figure 5-2 shows the lowest total scoring results for category (4), 

indicating that the banks dedicate a low concern for the KYC field in the annual reports 

declarations. This low score (0.011) does not mean that the banks are not worried about the 

KYC process, but it requires several steps to assure the customer profile, which can take 

place in several long paragraphs in annual reports. Xue & Zhang ( 2016) and Bolgorian & 

Mayeli (2020) confirm the KYC importance in evaluating clients' risk and providing the 

appropriate AML measures on time. Mostly, the KYC information declarations are a part of 

bank-specific KYC confidential applications. Therefore, the firms are likely to mention their 

procedures for KYC in short in annual reports to show the banks' awareness, and the details 

of the process may disclose more in the bank's other confidential internal reports or 

publications.  

Nevertheless, across the index categories, the minimum scored item is number 146 (see 

Table 5-1), which obtains a total AMLCTF score of 0.000032 (total actual score = 1). It 

belongs to the ‘Reports and Statistics’ category, and its disclosed by Ghana International 

Bank PLC (Ghana International Bank PLC, 2015, p.4). This bank only practises this disclosure 

item out of the research sample of 125 banks. Thus, this item declaration is likely to show 

the bank engagements in various cross-border transactions that need reporting under 

AMLCTF concerns which may not be under the attention of the other banks within the 

 
 

6 AMLCTF disclosure item 14: Reports of International Transportation of Currency, Cross-Border Movements of 
Currency, Currency Transactions Report (CTR) and Foreign Currency Movements or Transfers. 
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research sample. Jaara & Kadomi (2017) mention that bank reporting is diverse upon the 

size and nature of the firm. 

Figure 5-2 AMLCTF Disclosure Score by Index Categories 

 

Moreover, earlier literature results show variations in the highest and lowest disclosure 

scores index categories compared to the current thesis results. For instance, Nobanee & 

Ellili (2017) express that the ‘Transactions monitoring and investigating’ category receives 

the highest AMLCTF information average score (0.260) while the ‘General ATF information’ 

category receives the lowest average score (0.0524). Likewise, Siddique et al. (2021) display 

that the highest mean score is for ‘AMLCTF policies and coordination’ (0.4139), and the 

lowest mean score is for ‘transparency and beneficial ownership’ (0.0924). Subsequently, 

the current thesis's lowest and highest AMLCTF index categories are inconsistent with 

Nobanee & Ellili (2017) and Siddique et al. (2021). 

In addition, prior AML disclosure research varies in their highest and lowest AML disclosure 

scores index categories compared to the current study outcomes. For instance, the highest 

category scored in prior AML disclosure literature is the ‘statistics and reports’ category 

(45.90%) for Mathuva et al. (2020), while the lowest category scored is the ‘financial crime’ 

category (0.40%) for Harvey & Lau (2009). On the contrary, some AML disclosure research 

findings are consistent with the research outcomes regarding their results about the highest 

and lowest index categories. For example, Nobanee & Ellili (2018) indicate that the highest 

AML information score category is the ‘risk’ over their AML index of 6 categories and show 
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an average of 0.198. In contrast, the lowest-scored category is the ‘KYC’, with a mean of 

0.009 (Nobanee & Ellili, 2018). However, Mathuva et al. (2020) express inconsistent findings 

with their constructed AML declaration index of 6 categories. Regardless of the highest and 

lowest scored categories, Mathuva et al. (2020) indicate the ‘risk assessments’ category 

average of 0.067, which is higher than this study's score of 0.056 but lower than Nobanee & 

Ellili (2018). Similarly, Mathuva et al. (2020) display the ‘KYC’ category with a score of 0.114, 

which is higher than this research score for the same theme (0.011) and the study of 

Nobanee & Ellili (2018) (0.009).  

In addition, the research findings for the highest index category score are compatible with 

the study's theoretical perspectives, as ML and TF transactions put the financial system at 

risk of criminal activities. Thus, the bank declarations related to risk context are likely to be 

more than other index categories. The crying wolf theory assumes banks increase AMLCTF 

disclosures (cries) within the risk context category to indicate their practices in fighting the 

ML and TF hazards (Mathuva et al., 2020). Similarly, the transparency-fragility theory 

proposes that increasing disclosures show the institutions' possible risks (Mathuva et al., 

2020; Murithi, 2013; Van der Zahn et al., 2007). Furthermore, the research sorts the 

AMLCTF index categories from the highest to lowest disclosure scores. Table 5-7 

summarises the ranking of index categories as follows: 

Table 5-7 Ranking Index Categories by AMLCTF Disclosure Score Percentage 

Ranking Index categorise AMLCTF disclosure scores % 
2015 -2019 

1  Risk Context (8 items)  5.63% 

2  Monitoring and assessment (10 items) 5.05% 

3  Bodies and Authorities (6 items) 3.36% 

4  Legislation and Programmes (5 items) 2.47% 

5  People and Human Resource (4 items) 1.84% 

6  Reports and Statistics (6 items) 1.70% 

7  Technical Solution (5 items)  1.50% 

8  Know Your Customers -KYC (6 items) 1.12% 

 Total AMLCTF disclosure score % 22.67% 

 

Thus, the AMLCTF declarations are likely to be more within the sentences that explain ‘Risk 

Context’ and less with ‘KYC’ sentences. In addition, Figure 5-3 exhibits the index categories 

from 2015 to 2019. It represents that the ‘Risk Context’ category is the highest score while 
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‘KYC’ is the lowest. Subsequently,  these results are consistent with research expectations 

that the AMLCTF information is the highest for the risk context category (hypothesis H3.2).  

Figure 5-3 AMLCTF Disclosure Score by Index Categories and Annual Report Year 

   

 

5.6  Chapter Summary 

This chapter describes the research process for measuring the AMLCTF disclosure score, 

starting with constructing the AMLCTF disclosure index, which consists of 8 categories and 

50 items. This chapter significantly contributes to the AMLCTF literature with the newly 

developed index. This index is likely to inspire the banking sector disclosure practises with 

the new items and keywords for reporting that are concluded from extensive reviewing of 

several information sources and theoretical arguments as well as conducting a pilot study. 

Moreover, the chapter discusses the research method for calculating the AMLCTF disclosure 

score. The study utilises an un-weighted technique to check the scores compatibility 

between the AMLCTF disclosures in annual reports and the constructed index, not 

calculating the number (quantity) of disclosed information.  

In addition, the chapter explains the research techniques to confirm the validity and 

reliability of the index construction and the annual reports scoring. Also, it answers the 

study's first question about the extent of AMLCTF disclosures in annual reports of the UK 

banks in compliance with the research index. Overall, the AMLCTF information is low, but 

the disclosure trend increases from 2015 to 2019. Besides, the ‘Risk Context’ category and 
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index item 28 (see Table 5-1) holds the highest disclosure average scores. In contrast, the 

‘KYC’ category and index item 14 receive the lowest mean score. These outcomes indicate 

the current AMLCTF disclosure behaviour in reporting and also assist the banking sector in 

improving their AMLCTF disclosure levels to the best-implemented practices and enhancing 

their transparency. Hence, determining the magnitude of AMLCTF information supports the 

regulatory in identifying the scope of compatibility with the combating ML and TF laws and 

regulations. At the same time, the regulatory bodies should expose adequate requirements 

scale for AMLCTF disclosure. The next chapter provides the empirical findings of the 

determinants of AMLCTF disclosure.  
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Chapter Six:  Empirical Findings of the Determinants of AMLCTF 
Disclosure  

6.1  Overview 

To answer the second research question: ‘Do corporate governance mechanisms drive 

AMLCTF disclosure?’, this chapter affords the descriptive statistics of the dependent, 

independent and control variables. Next, it checks regression diagnostics such as linearity, 

normality, homoscedasticity, multicollinearity and autocorrelation. Finally, the chapter 

provides empirical regression findings. 

6.2  Descriptive Statistics  

This research includes 625 observations, and Table 6-1 Panel A shows the descriptive 

statistics of the study variables. The dependent variable is AMLCTF disclosure. The minimum 

disclosure score is 0, and it appears in 182 (29%) observations. The standard deviation is 

0.209, and the median is 0.2. The maximum score is 0.84, which is araises for the Standard 

Chartered Bank annual report of 2017. This firm received the highest score due to the bank 

group agreement with the Department of Justice (DOJ) and the New York County District 

Attorney’s Office (DANY) to extend Deferred Prosecution Agreements (DPAs) from 9 

December 2014 to 10 December 2017. This extension intends to improve the sanctions 

compliance program and comply with the required standards by DPAs regarding regulatory 

compliance, AML transactions and other civil penalties. 

Further, on average AMLCTF disclosure score is 0.227, higher than prior AMLCTF disclosure 

literature average scores of 0.116 for the UK banks (Nobanee & Ellili, 2017) and 0.202 for 

money exchange providers in the GCC countries (Siddique et al., 2021). At the same time, it 

is higher than the earlier AML disclosure mean of 0.167 for the Reserve Bank of Australia 

(Van der Zahn et al., 2007), 0.002 for the UK banks (Harvey & Lau, 2009), 0.084 for the UAE 

banks (Nobanee & Ellili, 2018), 0.152 for the Kenyan commercial banks (Mathuva et al., 

2020). In contrast, the research mean for the AMLCTF score is lower than the average AML 

reporting mean score of 0.4583 for the National Bank of Ukraine (Van der Zahn et al., 2007) 

and the AML compliance total mean of 42.64  for Kenyan commercial banks (Murithi, 2013).  

Indeed, the current thesis AMLCTF disclosure score indicates that the UK banks' annual 

reports declarations are compatible with the thesis index at a low level.  This score may 
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result from the ambiguity of the required level of information within the UK ML and TF laws 

and regulations, as discussed earlier in subsection 2.3.4. Also, financial firms may fluctuate 

in their disclosures depending on the bank size and nature of business (Jaara & Kadomi, 

2017). However, the current research's disclosure score average is higher than the prior 

AMLCTF reporting study for the UK banks by Nobanee & Ellili (2017). Thus, the present 

descriptive statistics indicate increasing the UK banks' disclosure efforts than in the former 

literature. This rise demonstrates the UK's continuous efforts and keenness to prevent illicit 

financial crimes. For instance, the UK has been eager to perform the national risk 

assessment of ML and TF since 2015 (HM Treasury, 2015). Also, since 2011, the UK has 

continuously tended to publish Anti-money laundering and counter-terrorist financing 

supervision report (HM Treasury, 2011). 

In addition,  the descriptive statistics show model (1) independent variables: corporate 

governance mechanisms. Referring to Table 6-1, the average board size in the UK banks is 9 

members. The standard deviation is 2.774, and the median is 9. At the same time, the 

minimum number of board is 3, and the maximum is 19 members. Simultaneously, these 

descriptive statistics are below the previous AML literature, which points to average board 

membership of 10, with a minimum number of 5 and a maximum of 20 members (Mathuva 

et al., 2020). However, the earlier AMLCTF disclosure research does not show their 

descriptive statistics (Nobanee & Ellili, 2017; Siddique et al., 2021).  

In response to the UK corporate governance code about the board consisting of 

independent non-executive directors (Financial Reporting Council, 2018), Table 6-1 indicates 

that the average board independence to the total number of boards in the UK banks is 

39.3%. The board independence standard deviation is 0.228, the median is 37.5%, and the 

maximum is 90%. The sample represents 560 (89.6%) firms that confirm the existence of 

independent directors on the board. Only 65 observations (10.4%) do not disclose any 

information about independent directors. To the best of the researcher's knowledge, no 

AMLCTF disclosure studies examine board independence as a driver for AMLCTF reporting.  

Furthermore, the descriptive statistics present the audit committee number means as 2 

members, the standard deviation is 1.829, the median is 3, the minimum is 0, and the 

maximum is 12. These results are compatible with the UK corporate governance code, 

which states the board of directors' role in forming an audit committee with at least 3 
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members or 2 in small firms (Financial Reporting Council, 2018). In like manner, Mathuva et 

al. (2020) show that the mean and minimum audit committee number is 3 members, and 

the maximum is 6.  

In addition, the mean of female presence on the board is low at 13.3%, the standard 

deviation is 0.134, and the median is 11.1%. Besides, 248 (39.68%) observations consist of 

only male members on the board of directors. Similarly, to the best of the researcher's 

knowledge, no AMLCTF disclosure study examines board gender diversity as a driver of 

AMLCTF reporting. Also, this study finds that the maximum female ratio is 57.1% in Virgin 

Money plc's annual report for 2015. This ratio indicates that the board diversity combination 

is almost equal. Likewise, the same equality in genders appears in the other 8 observations 

only out of 625. Accordingly, the low mean of females on board implies that UK banks prefer 

to have the male gender on board.  

Moreover, Table 6-1 Panel B shows the descriptive statistics of dummy variables. It reveals 

that most UK banks (89.3%) carry out the auditing process with leading big4 auditing firms. 

The average of big4 auditors is lower than the previous AML disclosure study of Mathuva et 

al. (2020), which imply a mean of  97.6%. Regarding audit tenure, the average relationship 

between the UK banks and the auditing firms is 2 years, the standard deviation is 1.368, and 

the median is 2. Besides, the minimum tenure is 1 year, and the maximum is 5 years, 

according to this research period. Thus, to the best of the researcher's knowledge, no prior 

studies evaluate the relationship between AMLCTF disclosure and audit tenure.  

Furthermore, the descriptive statistics of control variables show the following: capital 

adequacy mean is 0.161, the standard deviation is 0.158, the median is 0.109, the minimum 

is 0.021, and the maximum is 1.019. The asset quality mean is 0.375, the standard deviation 

is 0.282, the median is 0.359, the minimum is 0, and the maximum is 1.056. The 

management quality average is 4.173, the standard deviation is 17.345, the median is 1.486, 

the minimum is -48.082, and the maximum is 206.436. ROA present a mean of 0.008, a 

standard deviation of 0.051, a median of 0.004, a minimum of -0.201 and a maximum of 

0.778. ROE mean is 0.062, the standard deviation is 0.426, the median is 0.037, the 

minimum is -1.244, and the maximum is 9.9. Liquidity shows a mean of 0.152, a standard 

deviation of 0.194, a median of 0.087, a minimum of 0 and a maximum of 1.424. The 

deposits average appears as 0.659 with a standard deviation of 0.291, a median of 0.792, a 
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minimum of 0 and a maximum of 1.792. Bank size on average is 44420000000 billion GBP 

(Log 21.398), the standard deviation is 147700000000 (Log 2.4), the median is 1400000000 

(Log 21.061), a minimum is 2504000 million GBP (Log 14.733), and a maximum is 

1135320000000 trillion GBP (Log 27.758).  The age of the UK banks on average is 58 years, 

with a standard deviation of 65.906, a median of 33, a minimum of 2, and a maximum of 

324 years. The type of bank reflects that 44% of the sample are public limited companies 

with a standard deviation of 0.497. Nature of business indicates that 78% of the 

observations are banks and the standard deviation is 0.412.  Furthermore, the research 

control variables include year dummies 2015-2019. 

Table 6-1 Descriptive Statistics of Model (1) 

Panel A: Descriptive Statistics of Research Variables (Number of Observations =625, Period 2015-
2019) 
  
 Variable 
  

Mean Std. Dev. Median Min Max 

Dependent 
  
AMLCTF Disclosure 
Score 

0.227 0.209 0.2 0.00 0.84 

Independent 
  
Board Size 9.109 2.774 9 3 19 

Board Independence 0.393 0.228 0.375 0.00 0.9 

Audit Committee Size 2.752 1.829 3 0 12 

Board Gender 
Diversity (Board 
Female) 

0.133 0.134 0.111 0.00 0.571 

Big4 Audit Firms 0.893 0.31 1 0 1 

Audit Tenure 2.629 1.368 2 1 5 

Controls 
  
Capital Adequacy 0.161 0.158 0.109 0.021 1.019 

Asset Quality 0.375 0.282 0.359 0.00 1.056 

Management Quality 4.173 17.345 1.486 -48.082 206.436 

ROA 0.008 0.051 0.004 -0.201 0.778 

ROE 0.062 0.426 0.037 -1.244 9.9 

Liquidity 0.152 0.194 0.087 0.00 1.424 

Deposits 0.659 0.291 0.792 0.00 1.792 

Bank Size 444200000
00 

147700000000 140000000
0 

2504000 113532000000
0 

 Age 58.224 65.906 33 2 324 

 Type of Bank 0.44 0.497 0 0 1 

 Nature of Business 0.784 0.412 1 0 1 
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Panel B: Descriptive Statistics of Dummy Variables (Number of Observations =625, Period 2015-
2019) 
 

Variable  Classification Dummy Observatio
ns 

Percentage 

Big4 Audit Firms Leading Auditing Firms 1 558 89% 

Other Auditing Firms 0 67 11% 

Type of Bank Public Limited Company 1 275 44% 

Private Limited (Unlimited) 
Company 

0 350 56% 

Nature of Business Bank 1 490 78% 

Other Financial Business 0 135 22% 

  

6.3 The Correlation Test 

The correlation test checks the coefficient of the independent variables in a continuous 

matrix. The accepted level of p-values is debatable within prior research (Abdel-Fattah, 

2008; Alsaeed, 2006). Elsayed (2010) suggests that the p-value should not exceed 70%, 

while Ibrahim (2017) notes not more than 80%. Thus, this research conducts the correlation 

test twice for model (1), which examines the relationship between AMLCTF disclosure and 

corporate governance mechanisms. In the first test, the study uses ROA as proxies for the 

control variable profitability, among other controls. In the second test, the thesis replaces 

ROA with ROE. The purpose of utilising these proxies in model (1) is that model (2) evaluates 

AMLCTF disclosure economic consequences by implementing the same variables as 

dependent variables. Also, the test is performed twice as the 2 factors (ROA and ROE) 

represent the same control variable (performance) and the correlation test between ROA 

and ROE indicates a p-value of more than 80%. Thus, the thesis decided to examine each 

variable once in the same model due to collinearity. Besides, the separate regression results 

for each proxy assist in confirming the research findings.  

Consequently, Table 0-9 results for parametric statistical tests using two profitability 

proxies: ROA in Table 0-9 Panel A and ROE in Table 0-9 Panel B as control variables. Both 

tests show maximum p-values of -0.60 (negative correlation) and 0.52 (positive correlation). 

The negative correlation is between the independent variable audit tenure and the control 

variable 2015, while the positive correlation is between audit tenure and 2019. Also, Table 

0-9 Panel C (use ROA as controls) and D (use ROE as controls) display Spearman Correlation 

for the non-parametric statistical test with maximum p-values of -0.64 (negative correlation) 
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and 0.54 (positive correlation). The p-value of 0.54 is between the independent variable 

board female and the control variable bank size. Whereas the p-value of -0.64 is between 

audit tenure and 2015. These results are lower than the proposed range within previous 

literature of 70%-80% and confirm no collinearity issues (Elsayed, 2010; Field, 2009; 

Ibrahim, 2017). 

6.4 Regression Diagnostics 

There are two types of statistical tests: parametric and non-parametric techniques. The 

parametric test assumes that the data meets specific requirements that strengthen the 

regression model's statistical power (Buren & Herring, 2020). These requirements check the 

data sample's robustness and fitness with regression diagnostics (Abdel-Fattah, 2008; 

Vaithilingam & Nair, 2007). The most common regression checks in prior literature are 

linearity, normality, homoscedasticity, multicollinearity, and autocorrelation (Cooke, 1998; 

Field, 2009; Haniffa & Cooke, 2002). Sometimes, it is difficult to confirm all the requirements 

of the parametric test and attempt to solve the issues that occur as possible (Elsayed, 2010). 

Nevertheless, the non-parametric test is flexible in satisfying these checks. If any condition is 

not met, the regression analysis is still acceptable but shows low statistical power. In 

contrast, parametric and non-parametric tests may suffer from low statistical power in 

parallel, which may limit the accuracy of the conclusions (Buren & Herring, 2020).  

Therefore, Appendix C.1  discusses the results of checking regression diagnostics. These 

checks conclude that the diagnostics graphically and numerically do not meet multiple linear 

regression assumptions except for testing multicollinearity and autocorrelation (graphically 

only). Also, the research intends to treat the failures of regression diagnostics and detect 

the availability of unusual observations and influential data issues before performing the 

appropriate statistical test, which may affect the findings (Cooke, 1998; Elsayed, 2010).  

Moreover, Appendix C.2  indicates the existence of outliers within the sample size in 5 

observations. Thus, prior literature does not recommend removing the unusual data from 

the sample but solving the issue (Ibrahim, 2017). Nevertheless, earlier scholarly papers 

suggest some methods to solve outliers issues and treat linear regression problems (Draper, 

1988). Appendix C.3  show the study performs data-analytic before rerunning the multiple 

linear regression with winsorisation at 1% and transformation procedures, but the 
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parametric assumptions are still not met. Therefore, the research decides to run the non-

parametric statistical test: Tobit regression, that does not require meeting any assumptions.   

6.5 Tobit Regression Analysis  

This section examines the impact of corporate governance mechanisms on the AMLCTF 

information that is disclosed in the UK banks' annual reports by implementing Tobit 

regression as a non-parametric statistical test. The research decides to use Tobit after 

running regression diagnostics. The diagnostics results in Appendix C.1  show that the 

assumptions are not satisfied with the parametric statistical test. Hence, Tobit regression is 

appropriate for disclosure studies by limiting the dependent variable range between zero 

and positive values (Ibrahim, 2017). This limitation of the dependent variable or censoring it 

is left- and right-range is not acceptable by OLS regression and causes untrustful results 

(Gujarati, 2004). Thus, the AMLCTF disclosure consists of binary numbers (0 and 1), and 

after calculating the disclosure score in section 5.5, none of the values occurs negative. Also, 

Table 6-1 presents the disclosure score range between zero and 0.84. Therefore, Tobit 

regression is suitable for the research model (1) analysis. The regression test is conducted 

twice for the same dependent, independent and control variables except for the 

profitability controls. In the first run, the research use ROA among other control factors 

while in the second run, the ROA is replaced with ROE. The regression is performed twice 

due to multicollieanrity problem between ROA and ROE. Also, these performance measures 

are selected to observe the interlink between model (1) and model (2) from the scope of 

profitability. 

Hence, Table 6-2 Panel A consists of ROA as the control variable and shows Tobit results 

with the Pseudo r-squared of -1.439. Likewise, Table 6-2 Panel B includes ROE and displays 

the Pseudo r-squared -1.435. Prior literature indicates that this value can be negative and is 

not similar to R-squared in OLS (Abdel-Fattah, 2008). When the Pseudo r-squared is 

negative, it confirms that the OLS is not the right test for the research, but using the Tobit 

model by limiting the dependent variable range assists in confirming the OLS results. In 

addition, Tobit regression results in Table 6-2 demonstrate that the relationship between 

the dependent variable (AMLCTF disclosure score) and board independence is positive and 

significant at 1%. Equally, the association between AMLCTF disclosure and audit committee 

size is positive and statistically significant at 1%. Table 6-2 Panel A show that the board 
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independence coefficient (Coef)  is 0.14 (Table 6-2 Panel B  Coef = 0.137), and the p-value is 

0 (Table 6-2 Panel B  p-value = 0). At the same time, Table 6-2 Panel A express that the audit 

committee size coefficient is 0.019 (Table 6-2  Panel B  Coef = 0.019), and the p-value is 0 

(Table 6-2 Panel B  p-value = 0). 

 In addition, the dependent variable relationship with big4 auditors is positive and 

significant at 10% in Table 6-2 Panel A (Coef = 0.049 and p-value = 0.061) and at 5% in Table 

6-2 Panel B (Coef = 0.053 and p-value = 0.043). Furthermore, the findings with board female 

are negative and significant at 1% (Table 6-2 Panel A A Coef = -0.184 and p-value = 0.005; 

Table 6-2 Panel B Coef = -0.187 and p-value = 0.004). Nevertheless, the association of 

AMLCTF information with board size and audit tenure remains insignificant. The board size 

relationship is positive (Table 6-2 Panel A A Coef = 0.003 and p-value = 0.341; Table 6-2 

Panel B Coef = 0.003 and p-value = 0.315) and the audit tenure relationship is negative  

(Table 6-2 Panel A A Coef = -0.012 and p-value = 0.161; Table 6-2  Panel B Coef = -0.013 and 

p-value = 0.124).  

Regarding control variables, Table 6-2 expresses the relationship between the dependent 

variable and bank size is positive and significant at 1%. Similarly, the association is positive 

for the type of bank at 10% in Table 6-2  Panel B only. In contrast, the AMLCTF disclosure 

score appears negative and significant at 1% with the sample period (2015 - 2016) and at 5% 

with the year 2017 and the nature of business. However, there is a positive and insignificant 

relationship between disclosure extent and each of these controls: capital adequacy, 

management quality, liquidity, deposits and type of bank in Table 6-2 Panel A A only. Also, 

there is a negative and insignificant association between the AMLCTF disclosure score and 

each of the following controls: asset quality, ROA, ROE in Table 6-2 Panel B only, 2018 and 

age.  
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Table 6-2 Tobit Regression Results for Model (1)  

Panel A: Control Variable ROA 

 

Disclosure Score  Coef. St.Err.  t-

value 

 p-

value 

[95% 

Conf 

Interv

al] 

 Sig 

Board Size .003 .003 0.95 .341 -.003 .009  

Board Independence .14 .036 3.95 0 .07 .21 *** 

Audit Committee Size .019 .005 4.27 0 .01 .028 *** 

Board Female -.184 .065 -2.85 .005 -.31 -.057 *** 

Big4 Audit Firms .049 .026 1.88 .061 -.002 .101 * 

Audit Tenure -.012 .008 -1.40 .161 -.028 .005  

Capital Adequacy .031 .061 0.52 .606 -.088 .15  

Asset Quality -.037 .029 -1.28 .201 -.094 .02  

Management Quality .001 .0004 1.55 .121 -.0002 .001  

Earnings: ROA -.222 .14 -1.58 .114 -.496 .053  

Liquidity .017 .039 0.45 .655 -.058 .093  

Deposits .047 .031 1.49 .137 -.015 .108  

Log Bank Size .037 .004 8.27 0 .028 .046 *** 

YD 2015 -.133 .034 -3.89 0 -.2 -.066 *** 

YD 2016 -.105 .029 -3.66 0 -.161 -.049 *** 

YD 2017 -.057 .024 -2.33 .02 -.105 -.009 ** 

YD 2018 -.021 .022 -0.95 .345 -.065 .023  

YD 2019 0 omitted  

Age -.0001 .0001 -0.83 .409 -.0003 .0001  

Type of Bank .027 .017 1.60 .11 -.006 .059  

Nature of Business -.035 .017 -2.02 .044 -.069 -.001 ** 

Constant -.633 .107 -5.92 0 -.842 -.423 *** 

var(e.DisclosureSc~) .029 .002 .b .b .026 .032  

 

Mean dependent var 0.227 SD dependent var  0.210 

Pseudo r-squared  -1.439 Number of obs   625.000 

Chi-square   260.530 Prob > chi2  0.000 

Akaike crit. (AIC) -397.611 Bayesian crit. (BIC) -299.980 

*** p<.01, ** p<.05, * p<.1 

 
 

Panel B: Control Variable ROE 

 

DisclosureScore  Coef.  St.Err.  t-

value 

 p-

value 

 [95% 

Conf 

 Interval]  Sig 

Board Size .003 .003 1.01 .315 -.003 .009  

Board Independence .137 .035 3.88 0 .068 .207 *** 

Audit Committee Size .019 .005 4.27 0 .01 .028 *** 

Board Female -.187 .064 -2.90 .004 -.313 -.06 *** 

Big4 Audit Firms .053 .026 2.03 .043 .002 .105 ** 

Audit Tenure -.013 .008 -1.54 .124 -.029 .004  

Capital Adequacy .029 .061 0.47 .637 -.091 .148  

Asset Quality -.039 .029 -1.33 .183 -.095 .018  

Management Quality .001 .0004 1.57 .117 -.0002 .001  

Earnings: ROE -.023 .017 -1.37 .172 -.055 .01  

Liquidity .021 .039 0.55 .582 -.055 .098  

Deposits .046 .031 1.47 .143 -.016 .108  

Log Bank Size .037 .004 8.28 0 .028 .046 *** 

YD 2015 -.137 .034 -4.01 0 -.204 -.07 *** 

YD 2016 -.108 .029 -3.77 0 -.165 -.052 *** 

YD 2017 -.059 .024 -2.40 .016 -.107 -.011 ** 

YD 2018 -.022 .022 -1.01 .313 -.066 .021  

YD 2019 0 omitted  

Age -.0001 .0001 -0.91 .364 -.0003 .0001  

Type of Bank .029 .017 1.72 .086 -.004 .061 * 

Nature of Business -.034 .017 -1.98 .048 -.069 -.0003 ** 

Constant -.633 .107 -5.91 0 -.844 -.423 *** 

var(e.DisclosureSc~) .029 .002 .b .b .026 .032  

 

Mean dependent var 0.227 SD dependent var  0.210 

Pseudo r-squared  -1.435 Number of obs   625.000 

Chi-square   259.903 Prob > chi2  0.000 

Akaike crit. (AIC) -396.984 Bayesian crit. (BIC) -299.353 

*** p<.01, ** p<.05, * p<.1 
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6.6 Discussion of Tobit Regression Results 

This section answers the research's second question, ‘What corporate governance 

mechanisms drive the AMLCTF disclosure?’. It discusses the Tobit regression findings for 

model (1) (see Table 6-2) by focusing on the AMLCTF disclosure relationship with 

independent and control variables. Indeed, the study includes six independent variables 

representing corporate governance mechanisms and 15 control variables reflecting bank-

specific characteristics (CAMEL) and other bank-related variables. Thus, the following 

subsections display the empirical results of model (1).  

6.6.1 Independent Variables Empirical Results (Corporate Governance) 

6.6.1.1 AMLCTF Disclosure Score and Board Size 

 According to unsatisfying regression diagnostics, this research relies on Tobit outcomes to 

discuss the board size findings in Table 6-2. A positive but insignificant association exists 

between AMLCTF disclosure score and board size. These findings are inconsistent with the 

study expectations (positive and significant) and theoretical perspectives (agency theory). 

Therefore, the research rejects hypothesis H3.3 about AMLCTF disclosure is likely to be 

positively influenced by board size. Also, the results are incompatible with Mathuva et al. 

(2020), who report a positive relationship between AML disclosure and board size.  

Nevertheless, these insignificant findings indicate that board size does not influence the 

AMLCTF information in annual reports and is not a determinant of the AMLCTF disclosure. 

These results mean that big or small-sized boards are not making any difference in reporting 

AMLCTF due to the board members' comprehensive responsibilities. Besides, the board’s 

potentials are likely to vary between complying with laws and regulations and maximising 

their benefits. Additionally, Zhang & Chong (2020) state that not all information in annual 

reports has the same importance level. Thus, it may express that preventing ML and TF is 

receiving flaccid attention as the board’s number grows. 

Meanwhile, Altunbaş et al. (2021) argue that the larger board size minimises ML risk in 

banks. In contrast, the thesis findings may ignore the board’s gathered skills and 

experiences that affect monitoring practices and reporting (Cheng & Courtenay, 2006; Fama 

& Jensen, 1983; Sartawi et al., 2014). Thus, with lower AMLCTF knowledge, the board size is 

likely to be ineligible to assist in mitigating financial crimes.  
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6.6.1.2 AMLCTF Disclosure Score and Board Independence 

The association of AMLCTF disclosure score and board independence is positive and 

significant at 1%. These findings consider board independence as a determinant of  AMLCTF 

disclosure.  Hence, the results are consistent with the study's expectations. Also, to the best 

of the researcher's knowledge, no former AMLCTF studies evaluate the association between 

the dependent and independent variables. But the previous literature shows a positive 

relationship between disclosure levels in general and board independence (Cheng & 

Courtenay, 2006; Devarajan et al., 2019; Elfeky, 2017; Habbash et al., 2016; Nerantzidis & 

Tsamis, 2017). Thus, the research accepts hypothesis H3.4 about AMLCTF disclosure is likely 

to be positively influenced by board independence. 

The thesis findings may state that boards with large independent members are more 

trustworthy in monitoring managers' behaviours (Fama & Jensen, 1983). They are likely to 

raise the creditability of the reporting due to their independent analyses and influence on 

the board decisions (Devarajan et al., 2019). Similarly, earlier literature notes that ML risk in 

banks is likely to be lower with large independent board members (Altunbaş et al., 2021). 

These members may act to satisfy the interest of shareholders and have access to some 

specific information due to their engagement in several reform committees (Abdel-Fattah, 

2008; Devarajan et al., 2019). Subsequently, they are likely to be more eligible to disclose 

further AMLCTF information within the bank environment.  

Moreover, agency theory supports thesis findings and confirms that board independence 

positively influences AMLCTF disclosure. The theory assumes that large independents raise 

the information in annual reports, minimise agency issues between the directors and 

shareholders, and reduce information asymmetry (Fama & Jensen, 1983; García-Meca & 

Śnchez-Ballesta, 2010). Also, the declarations indicate banks' transparency and good 

governance (Al Maskati & Hamdan, 2017; Albitar, 2015; Devarajan et al., 2019; García-Meca 

& Śnchez-Ballesta, 2010; Samaha et al., 2012). Equally, the disclosures highlight their 

concerns about preventing financial crime risks.  

6.6.1.3 AMLCTF Disclosure Score and Audit Committee Size 

In Table 6-2, the association of AMLCTF disclosure score and audit committee size appears 

positive and significant at 1%. These results match the research expectations. In contrast, 

the thesis findings are incompatible with Mathuva et al. (2020) research that examines audit 
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committee size's influence on AML information in audited annual reports and shows a 

negative and significant outcome. Nevertheless, earlier disclosure studies represent a 

positive association between reporting levels and audit committee size (Albitar, 2015; Madi 

et al., 2014). Thus, the current research accepts hypothesis H3.5 about AMLCTF disclosure is 

likely to be positively influenced by audit committee size and considers the independent 

variable a determinant of  AMLCTF disclosure. The findings show that AMLCTF information 

increases with the larger audit committees. Due to the committee's role in certifying the 

accuracy of the financial information, this large size may reflect the members' concerns, 

knowledge, and experiences in fighting against the potential of ML and TF. Also, the size 

may indicate the range of diversity in the members’ views that influence the bank AMLCTF 

reporting levels. Furthermore, the large number of committee members is likely to expand 

the efficiency of detecting, monitoring and settling any issues related to the financial 

disclosure (Mangena & Pike, 2005).   

Moreover, the research findings are consistent with the agency theory, which assumes that 

a large audit committee improves reporting levels. This practice indicates the committee's 

efforts in combating illegalities, complying with AMLCTF disclosure regulations, lessening 

agency problems, and reducing information asymmetry (Mathuva et al., 2020). The increase 

in declarations enhances the shareholders' confidence in the auditors' work, which is likely 

to improve the transparency and reliability of information and check any legal liability 

consequences related to reporting false information.  

6.6.1.4 AMLCTF Disclosure Score and Board Female 

The study findings show that board female is negatively associated with AMLCTF disclosure 

score with a significant level of 1%. These negative results contradict the research 

expectations (positive and significant) and mean that the presence of the female on board 

reduces the AMLCTF declaration score. Thus, the research rejects hypothesis H3.6 about 

AMLCTF disclosure is likely to be positively influenced by board gender diversity. At the 

same time, to the best of the researcher’s knowledge, no prior literature test the impact of 

gender diversity on AMLCTF disclosure. On the other hand, the current findings are 

inconsistent with previous disclosure studies' outcomes (Bueno et al., 2018; Nalikka, 2009; 

M. A. Rouf, 2016; Saha & Kabra, 2022; Sartawi et al., 2014). However, the thesis considers 

the independent variable: board gender diversity, as a determinant of  AMLCTF information. 
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In addition, the descriptive statistics in Table 6-1 exhibit a mean of 13.3% for female 

presence on board which points to low gender diversity in the UK banks. Although the 

average diversity is minimum, it impacts AMLCTF reporting adversely.  Further, Nadeem 

(2019) emphasises that board diversity impacts the level of reporting. Hence, women's 

minimum expertise and experience affect the ability to increase the disclosure volume 

(Handajani et al., 2014). Also, hiring incapable females to satisfy corporate diversity needs 

instead of appointing suitably qualified members negatively influences the declaration level 

(Alfraih, 2016). Therefore, incompetent females on the board may reduce the AMLCTF 

information.  

Furthermore, agency theory does not support the research findings. The theory assumes 

that the adverse association between AMLCTF disclosure and board diversity increases 

information asymmetry and agency cost (Mathuva et al., 2020). Adding to that, Croson & 

Gneezy (2009) state that females' emotional reaction shapes their behaviours in the 

boardroom as they are sensitive to social context. For instance, the female emotional sense 

toward mitigating ML and TF risk is likely stronger than males. Thus, board females who 

tend to lower the AMLCTF disclosure are likely to be afraid of announcing the occurrence of 

suspicious activities in annual reports. Also, increasing the number of illegal transactions 

leads to losing the firm reputation and trust in the procedures followed to combat financial 

crime. Moreover, females are often less confident and competitive than males in absorbing 

threats (Croson & Gneezy, 2009). Accordingly, board females are keen to minimise the 

AMLCTF information in response to the appearance of the firm's ML and TF issues and lack 

of confidence about the reality of the suspected operation consequences.  

6.6.1.5 AMLCTF Disclosure Score and Big4 Audit Firms 

Table 6-2 shows the relationship between AMLCTF disclosure score and big4 auditors is 

positive and significant at 10% in Table 6-2 Panel A and at 5% in Table 6-2 Panel B. 

Therefore, the research recognises big4 auditors as a determinant variable of AMLCTF 

disclosure. Hence,  the study accepts hypothesis H3.7 about AMLCTF disclosure is likely to 

be positively influenced by big4 audit firms. These findings are parallel with study 

expectations and previous AML disclosure literature. Mathuva et al. (2020) report that AML 

declarations increase by engaging with big4 auditors. Besides, several studies show a 

positive relationship between voluntary disclosure and big4 auditors (Al-Janadi et al., 2013; 
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Albitar, 2015; Bhayani, 2012; Elfeky, 2017; Kamel & Awadallah, 2017; Scaltrito, 2015). From 

the theoretical views, agency theory argues that the big4 audit firm appoints highly qualified 

auditors to enhance disclosure levels with unbiased opinions that help minimise agency 

costs and information gaps (Alagla, 2019; Scaltrito, 2015). The big4 auditor secures the 

stakeholder's interest by checking the accuracy of disclosures and providing a high 

information level to reflect transparency. 

Although the descriptive statistics in Table 6-1 indicate that 89% of the UK banks deal with 

big4 audit firms for auditing purposes. These findings reflect that these financial firms 

dealing with big4 auditors are keen to provide greater extents of AMLCTF declarations. Also, 

the big4 auditors publish high levels of information to ensure their better reputation in the 

market and improve accounting transparency (Devalle e al., 2016; Tessema, 2019). 

Moreover, the disclosures increase when appointing big4 audit firms may reflect the 

auditor's expertise surrounding AMLCTF aspects and responsibility to determine the impacts 

of any suspected ML and TF activities within the financial statements. Further, the role of 

big4 audit firms in examining the material effect of financial crime limits the director's 

unethical behaviours (Hassan & Halbouni, 2013).   

6.6.1.6 AMLCTF Disclosure Score and Audit Tenure 

Audit tenure association with the dependent variable AMLCTF disclosure score is negative 

and insignificant in Table 6-2. These findings are incompatible with the study expectations 

(positive and significant) and the theoretical views of agency theory. Hence, the research 

rejects hypothesis H3.8 about AMLCTF disclosure is likely to be positively influenced by audit 

tenure. At the same time, the findings indicate that audit tenure is not a determinant of 

AMLCTF information. Further, to the best of the researcher’s knowledge, no earlier study 

examines the impact of audit tenure on AMLCTF disclosure. However, some scholars state 

that audit tenure negatively affects ML (Mohammadi et al., 2020). 

The negative and insignificant results in Table 6-2 mean that audit tenure has no impact on 

the AMLCTF information in the UK banks' annual reports. These insignificant findings may 

appear due to the scope of the auditing work, which is not involved mainly in implementing 

AMLCTF procedures. Indeed, reporting the occurrence of suspicious activities depends on 

the auditor's ability to figure out the financial crime during the routine auditing procedure 

(Mohammadi et al., 2020). Also, insignificant outputs may appear due to the auditing firm's 
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familiarity with the bank context and risk exposure. Moreover, some banks are keen to 

remain with existing auditors to avoid the new auditor fees, while the tenure period does 

not signify any improvements in their auditing practices.  

6.6.2 Control Variables Empirical Results  

Model (1) includes 15 control variables. The first five variables refer to the CAMEL approach. 

Several studies use the CAMEL framework as a proxy for bank-specific variables (Chatain et 

al., 2009; Dang, 2011; Hossain, 2008; Ongore & Kusa, 2013). Chatain et al. (2009) state that 

the CAMEL approach helps to assess the AMLCTF in financial firms. Also, this technique 

assists in determining the effectiveness of the control system and ensuring the bank's 

compliance with the regulations (Wu & Bowe, 2012). Similarly, the CAMEL identifies firm 

risk exposure and financial performance through disclosure transparency (Hossain, 2008; 

Wu & Bowe, 2012). In addition, five further bank-related variables are added to model (1) 

based on prior literature discussions and year dummies from 2015 to 2019. Table 6-2 

summarises Tobit's results based on the association between AMLCTF disclosure and 15 

control variables, where the earnings variable is ROA in Table 6-2 Panel A and ROE in Table 

6-2 Panel B.  

Table 6-2 shows that the relationship between AMLCTF disclosure and bank size is positive 

and significant at 1%. The findings are consistent with the study expectations and imply that 

the large banks disclose higher AMLCTF information. These results are inconsistent with 

prior AML reporting research. For example, Mathuva et al. (2020) represent a negative and 

insignificant relationship between AML disclosure and bank size. Meanwhile, AMLCTF 

disclosure studies do not explore the same association. In contrast, several accounting 

scholars support the current thesis's positive relationship between voluntary disclosures in 

annual reports and firm size (Abdel-Fattah, 2008; Albitar, 2015; Alsaeed, 2006; Bhayani, 

2012; Elfeky, 2017; Hossain, 2008; Hossain & Reaz, 2007). Moreover, the findings are 

compatible with the agency theory perspective. The theory assumes that big banks may 

tend to raise the declaration responding to their large transactions, transparency and 

satisfying shareholder's needs (Haniffa & Cooke, 2002; Jensen & Mecking, 1976; Nandi & 

Ghosh, 2012). Also, enhancing reporting reduces agency costs and asymmetric information. 

It gives large firms better chances of obtaining new funds at lower costs (Alsaeed, 2006). 

Further, large banks pay more to their consultants and analysts to enhance the disclosure 



173 
 

levels (Aryani & Hussainey, 2017). Equally, signalling theory supports the study results, 

which expose that large firms increase declarations to signal their practices and 

performance (Al-Sartawi & Reyad, 2018; Watson et al., 2002). Thus, large banks' disclosure 

possibly attacks financial analysts who guide the client's investment decisions in secure and 

stable financial firms (Hussainey & Al-Najjar, 2011). 

Furthermore, Table 6-2 represents a negative and significant relationship between the 

AMLCTF disclosure score and four control variables: the year dummies 2015, 2016 and 

2017, and the nature of the business. For the first three controls, the findings are significant 

at 1% for 2015 and 2016 and at 5% for 2017. These findings conflict with the research 

expectations (positive and significant) and theoretical framework (signalling and crying wolf 

theories). Indeed, the previous AML disclosure studies used annual reports year as a control 

variable but did not indicate its relationship with declaration score as their studies set for 

panel data with controlling the effect of time (Mathuva et al., 2020). Subsequently, these 

negative outcomes indicate that the AMLCTF disclosure reduces with year dummies 2015-

2017. These adverse outputs occur due to the costly implementations of AMLCTF (Murithi, 

2013; Mohamud, 2017), which may affect the extent of disclosures. Also, 20% of the data 

samples do not care about disclosing AMLCTF information in their annual reports; 182 banks 

out of a total of 625 receive a 0 disclosure score. Besides, some banks tend to maintain the 

same AMLCTF information and sentences in their reports for 2015-2017 while implementing 

minor changes to the composition of the paragraphs. Further, some banks are incorporated 

in the UK but not the parent company, and their annual reports are not comprehensive 

enough like the parent reports with more AMLCTF details.  

Regarding the control variable: the nature of business, the association between AMLCTF 

disclosure and this control is negative and significant at 5%. Accordingly, the research 

findings show that the AMLCTF information reduces in the annual reports when the nature 

of the business is a bank7. Thus, the outputs are incompatible with the study expectations 

(positive and significant) and theoretical assumptions (signalling theory). At the same time, 

 
 

7 The nature of business collected from Companies House and the research sample was classified into: bank, 
Administration of financial markets, Security and commodity contracts dealing activities, Financial 
intermediation, and Activities auxiliary to financial intermediation. For more details, see Table 4-5 and visit: 
https://find-and-update.company-information.service.gov.uk/ (Accessed 15 July 2022) 

https://find-and-update.company-information.service.gov.uk/
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some prior AML disclosure scholars focus on a certain nature of the business (Mathuva et 

al., 2020; Nobanee & Ellili, 2018), while others did not mention the nature of their sample 

banks (Nobanee & Ellili, 2017). The results in Table 6-2 show that when the nature of the 

business is a bank, it attempts to minimise the reporting of AMLCTF. Regardless of the 

priority of combating financial crime and banks' concerns about disclosing AMLCTF 

information, these negative results may appear due to annual reports' attention to AMLCTF 

information being lower than other details of the reports. These businesses reduce the 

declarations due to their confidence in their AMLCTF practices. Vaithilingam & Nair (2007) 

confirm that the strength of corporate governance and efficiency of legal framework leads 

to slower expansion of ML and TF. Additionally, adverse findings may occur as most sample 

banks are not parents, and their disclosure levels are limited compared to the parent annual 

reports.   

Also, Table 6-2 represents an insignificant association between AMLCTF disclosure and other 

control variables. There is a positive and insignificant relationship between the dependent 

variable and five controls (capital adequacy, management quality, liquidity, deposits and 

type of bank) as follows. First, capital adequacy results are inconsistent with the study 

expectation (positive and significant) and theoretical framework (signalling theory and 

agency theory). Indeed, prior AMLCTF disclosure studies do not explore the association 

between AMLCTF disclosure and capital adequacy. In comparison, earlier disclosure studies 

show a positive and insignificant relationship between the level of disclosure in annual 

reports and the capital adequacy of financial firms (Ahmed, 2021). Thus, the thesis findings 

indicate that capital adequacy does not affect AMLCTF reporting. Table 6-3 provides two 

examples from the data sample to show that the UK banks are diverse in their capital 

adequacy ratio, while the disclosure scores are unaffected by capital adequacy alterations. 

For instance, the CAF Bank Ltd's annual report 2015 presents low capital adequacy (0.022) 

when the disclosure of AMLCTF information is 0.180. This score is better than the Wyelands 

Bank Plc score of 0.000 with a high capital adequacy ratio (0.987).  

Second, the association between AMLCTF disclosure and control management quality is 

positive but insignificant. The findings imply that management quality does not impact the 

AMLCTF declarations in annual reports. These findings are inconsistent with the study 

expectation (positive and significant) and theoretical framework (agency theory). Likewise, 
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the recent thesis outcomes are consistent with the previous AML disclosure literature 

results (Mathuva et al., 2020). Moreover, Table 6-3 represents two examples from the 

research sample that support the insignificant outputs. Paragon Bank Plc, with a lower 

management quality ratio (-48.082), discloses (0.360) better than Sainsbury’s Bank Plc 

(0.000) with a higher management quality ratio (42.167). 

Third, the association between the primary variable and liquidity is positive and 

insignificant. These results contradict the study expectation (non-directional significant) and 

theoretical framework (signalling and agency theory). Besides, the findings are inconsistent 

with prior AML literature that finds a negative and significant relationship between AML 

disclosure and the proportion of liquid cash in the bank (Mathuva et al., 2020). But, previous 

voluntary disclosure scholars confirm that liquidity is not influencing disclosures (Lan et al., 

2013). Further, Table 6-3 clarifies this insignificance through two examples. Al Rayan Bank 

PLC's AMLCTF disclosure score is 0.560, while the liquidity ratio (0.001) is lower than the 

Smith & Williamson Investment Services Limited ratio (0.708) with no AMLCTF reporting 

score. 

Fourth, there is a positive and insignificant relationship between AMLCTF disclosure and 

deposits.  The results are incompatible with the study expectation (positive and significant) 

and theoretical framework (signalling theory).  Indeed, to the best of the researcher's 

knowledge, no previous AMLCTF disclosure studies investigate the deposit effects on 

AMLCTF information. However, the literature finds that banks with high deposits enhance 

the disclosures overall (Wu & Bowe, 2012). Hence, the thesis's insignificant results apply 

that deposits do not influence the disclosure of AMLCTF. Meanwhile, Table 6-3 displays two 

examples from the study sample to clarify the findings. The 2016 annual report of Credit 

Suisse International, with a declaration score of  0.120 and a low deposit ratio of 0.001, is 

better than Bira Bank Limited, with a score of 0.000 and a high deposit ratio of 1.792 for the 

same financial year. 

Finally, the association between AMLCTF information and the type of bank is positive and 

insignificant. The findings are inconsistent with the study expectation (positive and 

significant) and theoretical framework (signalling theory).   Indeed, there is no prior AMLCTF 

disclosure research exploring the relationship between the two variables. The findings in 

Table 6-2 express that type of bank is not influencing AMLCTF disclosure. At the same time, 
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Table 6-3  demonstrates the insignificant results with four examples from the data set. The 

disclosure score for PLC banks and not PLC banks does not matter, and banks may receive 

identical scores. For instance, the annual report for 2017 shows the AMLCTF score is 0.000 

for both Ahli United Bank (UK) PLC and Alliance Trust Savings Limited. Likewise, for higher 

scores, both Bank of London and the Middle East plc and Arbuthnot Latham & Co Limited 

obtain a score of 0.180. 
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Table 6-3 Examples of Control Variables Reflect Tobit Insignificant Results  

Bank Name Control Variable Disclosure Score Annual report  

CAF Bank Ltd Capital Adequacy low 0.022 0.180 2015 

Wyelands Bank Plc High 0.987 0.000 2015 

CAF Bank Ltd Asset Quality low 0.020 0.180 2015 

Al Rayan Bank PLC High 1.056 0.000 2015 

Paragon Bank Plc Management Quality Low -48.082 0.360 2016 

Sainsbury’s Bank Plc High 42.167 0.000 2016 

BFC Bank Limited Earnings  Low ROA -0.149 
ROE -0.326 

0.580 2017 

Methodist Chapel Aid Limited  High ROA 0.357 
ROE 1.000 

0.000 2017 

Al Rayan Bank PLC Liquidity Low 0.001 0.560 2019 

Smith & Williamson Investment Services Limited High 0.708 0.000 2019 

Credit Suisse International Deposits Low 0.001 0.120 2016 

Bira Bank Limited High 1.792 0.000 2016 

OakNorth Bank plc Age Young 6 0.500 2019 

R. Raphael & Sons Plc  Old 232 0.000 2019 

Ahli United Bank (UK) PLC Type of Bank   0.000 2017 

Bank of London and The Middle East plc    0.180 2017 

Alliance Trust Savings Limited    0.000 2017 

Arbuthnot Latham & Co Limited    0.180 2017 

Westpac Europe Ltd 2018   0.000 2018 

Standard Chartered Bank    0.800 2018 
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Furthermore, Table 6-2 demonstrates a negative and insignificant association between 

AMLCTF disclosure and four controls (asset quality, earnings, 2018 and age). These 

insignificant results are represented as follows. First, for the impact of asset quality on the 

dependent variable, the findings conflict with the research expectations (positive and 

significant) and theoretical perspective (agency theory). Moreover, the results are 

compatible with Mathuva et al. (2020) insignificant findings between AML disclosure and 

the relative size of bank loans. Hence, the current thesis's insignificant outputs indicate that 

the UK banks' asset quality does not impact AMLCTF disclosure. Also, Table 6-3 provides two 

examples from the research sample to impose the findings. With a low asset quality ratio 

(0.020), CAF Bank Ltd AMLCTF reporting score (0.180) is higher than Al Rayan Bank PLC 

score (0.000) with a high asset quality ratio (1.056). 

Second, the findings show a negative and insignificant relationship between AMLCTF 

reporting and bank earnings (using ROA in Table 6-2 Panel A and ROE in Table 6-2 Panel B). 

The results are incompatible with the thesis expectations (positive and significant) and the 

theoretical arguments (signalling, agency and economic theories). To the best of the 

researcher’s knowledge, no AMLCTF studies investigate bank performance impact on the 

disclosure of AMLCTF. Nevertheless, the AML studies determine an insignificant association 

between AML information and ROE (Mathuva et al., 2020). Thus, the current thesis findings 

expose that financial firm earnings do not affect AMLCTF disclosures. Together Table 6-3 

displays two examples to reflect the occurrence of insignificant results. The BFC Bank 

Limited, with lower earnings (ROA -0.149 and ROE -0.326), receives an AMLCTF disclosure 

score (0.580) that is better than Methodist Chapel Aid Limited, with higher performance 

(ROA 0.357 and ROE 1.000) and reporting a score of 0.000. 

Third, the association between AMLCTF disclosure and 2018 is negative and insignificant. 

The findings are incompatible with the research expectations (positive and significant) and 

the theoretical viewpoint (signalling theory). Consequently, the results indicate that 2018 

disclosures of AMLCTF information do not matter compared to the rest of the research 

period.  Although Table 6-3 shows two examples of the fluctuating AMLCTF disclosure 

between 0.000 for Westpac Europe Ltd and 0.800 for Standard Chartered Bank in the year 

2018. However, this variation is not significant. 
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Finally, there is a negative and insignificant association between AMLCTF disclosure score 

and bank age. These findings contradict the study expectations (positive and significant) and 

theoretical perspectives (signalling and agency theory). Besides, to the best of the 

researcher’s knowledge, no AMLCTF declaration studies examine the impact of age on 

reporting preventing ML and TF operations. Instead, the thesis results are consistent with 

earlier scholars' studies' insignificant findings that explore the relationship between 

voluntary disclosures and firm age  (Al Maskati & Hamdan, 2017; Alsaeed, 2006; Bhayani, 

2012; Elmagrhi et al., 2016; Habbash et al., 2016; Hossain, 2008; Hossain & Reaz, 2007; 

Jouirou & Chenguel, 2014). Hence, the current thesis findings express that bank age is not 

influencing AMLCTF information in annual reports. Table 6-3 offers two examples from the 

research sample to present these insignificant results. The annual report 2019 for OakNorth 

Bank plc receives an AMLCTF disclosure score of 0.500 when the bank age is 6 years. This 

age is lower than R. Raphael & Sons Plc at 232 years old, which does not disclose AMLCTF in 

their annual report 2019. 

In addition, Table 6-4 provides two examples from the thesis sample to prove the Tobit 

insignificant findings. Both examples' data focus on their annual reports for 2018 because 

the relationship between AMLCTF disclosure and the year 2018 is not significant.  It is clear 

that the FBN Bank (UK) Ltd disclosure score (0.100) is higher than the Ahli United Bank (UK) 

PLC declaration score (0.000). Correspondingly, when a firm's reporting score (X) is higher 

than a firm (Y) with no disclosures, the listed control variables in Table 6-4 are assumed to 

be higher with the better AMLCTF disclosure score except for age and type of bank. 

Unfortunately, the FBN Bank (UK) Ltd; (X); shows low capital adequacy, asset quality, 

management quality, earnings, liquidity, and deposits with a higher AMLCTF declarations 

score. However, the Ahli United Bank (UK); (Y); receives high results for the above variables 

but with no disclosure score.  

Moreover, the thesis expects the disclosure score for old banks to be higher than other 

small firms without disclosure. In contrast, the findings are insignificant, and bank (X) at 36 

years obtains an AMLCFT reporting score better than bank (Y) at 52 years old. Furthermore, 

the research assumes that PLC banks disclose more than not PLC ones. Nevertheless, the 

two examples in Table 6-4 imply the results conflict with the study expectations and indicate 

that the bank (X), which is not PLC, discloses more than the bank (Y), which is PLC. 
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Table 6-4 Two Examples Reflect Tobit Insignificant Control Variables Findings 

Bank Name FBN Bank (UK) Ltd 
(X) 

Ahli United Bank (UK) PLC 
(Y) 

AMLCTF Disclosure Score 0.100 0.000 

Control variables   

Annual Report Year 2018 2018 

Capital Adequacy 0.049 0.099 

Asset Quality 0.180 0.499 

Management Quality -1.349 0.795 

Earnings ROA -0.013 
ROE -0.263 

ROA 0.012 
ROE 0.122 

Liquidity 0.007 0.193 

Deposits 0.797 0.882 

Age 36 52 

Type of Bank Not PLC PLC 

 

As per the discussion above, the Tobit regression results show that the AMLCTF disclosure 

relationship is insignificant with the following control variable: capital adequacy, asset 

quality, management quality, earnings, liquidity, deposits, 2018, age and type of bank. 

These insignificant results are likely to appear due to several potential reasons. First, the UK 

banks are diverse in their voluntary AMLCTF disclosure practices, which makes the reporting 

behaviour unclear. Some banks tend to disclose more than others as the regulators do not 

limit the reporting to a specific level. Indeed, these declarations are likely to vary according 

to the firms' concerns, risk profiles and costs of implementing AMLCTF procedures. The 

costs are likely to enhance the banks operating expenses (Johansen & Plenborg, 2013; 

Mohamud, 2017; Murithi, 2013). Financial firms may face some problems and are cautious 

about any raises in their expenses that worsen their situation. Thus, the annual reports are 

likely to show AMLCTF information based on their implementing costs.  

Second, the thesis focuses on annual reports to examine AMLCTF information, and banks 

may use other publications to show their disclosures, such as interim reports and press 

releases. Third, the AMLCTF information may be considered internal information, and 

financial firms do not represent their fully combating ML and TF disclosures in annual 

reports. Fourth, some observations within the research are not the parent bank, and their 

annual reports do not include enough details about AMLCTF compared to the parent bank. 

Fifth, the bank context is likely to impact its AMLCTF disclosures according to the 
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shareholder's interest and the firm prospects, such as gaining new and current clients' 

loyalty and trust by focusing on performance-related factors rather than fighting crimes. 

Finally, AMLCTF disclosure is not equal for all research samples and may model (1) control 

variables not directly impacting the AMLCTF information. 

6.6.3 Summary of Tobit Regression Results 

The regression results for model (1) show that several corporate governance mechanisms 

influence AMLCTF disclosure. The relationship is positive with board independence, audit 

committee size and big4 audit firms, while it is negative with board gender diversity (board 

female). At the same time, the study considers these variables as the determinants of 

AMLCTF declarations. On the other hand, the research finds that the AMLCTF information is 

not influenced by board size and audit tenure.  

Regarding the control variables, the outcomes indicate a significant relationship between 

the dependent variable and these controls: the bank size,  the year dummies 2015-2017 and 

the nature of business. However, the findings are insignificant for these controls: CAMEL 

characteristics, deposits, bank age and dummy year 2018. Nevertheless, In section 6.8, the 

research performs two further regression tests to confirm the Tobit findings: robust multiple 

linear regression and lag approach (t-1). 

6.7 Controlling Endogeneity  

After checking the regression diagnostics in Appendix C.1  and treating the regression issues 

in Appendix C.3 , prior studies also are keen to deal with endogeneity that might cause 

biased results and negatively impact the regression analyses conclusions (Abdel-Fattah, 

2008). Nevertheless, the reasons behind the occurrence of endogeneity are omitted 

variables, model misspecification and reverse causality relations between the dependent 

and independent variables (Enache & Hussainey, 2020; Habib et al., 2018). Indeed, the 

academic literature recommends several approaches to deal with the endogeneity issue. 

First, do-nothing. However, it is unpractical and does not solve the endogeneity problem 

(Abdel-Fattah, 2008; Elsayed, 2010). Second, numerous control variables are added to 

eliminate omitted variables issue (Larcker & Rusticus, 2010).  Third, implement a lag 

approach that allows the dependent variable to exceed/beyond the independent variables 

by one year (Ibrahim, 2017). This technique helps to solve the occurrence of reverse 
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causality. Fourth, selecting between random- or fixed-effect panel data analysis assists in 

treating the model misspecification (Enache & Hussainey, 2020). Finally, implementing two-

stage least squares (2SLS) regression and utilising panel data to combat the influence of 

endogeneity (Gujarati, 2004).  

However, Alipour et al. (2019) argue that the 2SLS technique could indicate a correlation 

between the instrumental variables (IV) that are used and endogenous variables but not 

with the error terms. Also, this model cannot treat the presence of multicollinearity 

problems (Alipour et al., 2019). Likewise, Larcker & Rusticus (2010) state that determining 

the suitable IV is complex, and the instrumental that is selected may influence the results 

negatively. Although 2SLS technique results are likely to be affected by the IV selection, OLS 

results with an endogeneity appearance are more reliable than the regression results with 

IV (Larcker & Rusticus, 2010).  

Further, several tests are operated to examine the availability of endogeneity after running 

the regression. First, conduct the Ramsey test to check the omitted variables issue (Ibrahim, 

2017). Second, using the Hausman specification test assists in solving model misspecification 

by selecting the efficient model between the fixed- and random-effect model (Mathuva et 

al., 2020; Saha & Kabra, 2022). Therefore, this research performs the Ramsey RESET test in 

STATA software. The test results in Table 0-4 exhibit an F-statistic of 8.16 for model (1) when 

using ROA as a control variable and 8.12 when using ROE instead of ROA. Also, the test 

results indicate a probability of 0.000 (p-value ˂ 0.05), which confirms the existence of 

omitted variables and shows that model (1) faces an endogeneity problem. The omitted 

variables' issue can be solved by adding more controls to the model. Also, the study runs the 

Hausman specification test. Table 6-5 shows a p-value of 0.24 (p-value ˃ 0.05) when the 

control variable is ROA and a p-value of 0.00 when the control variable is ROE (p-value ˂ 

0.05). These findings suggest using random-effect regression for model (1) when the control 

variable is ROA. Likewise, the results propose performing fixed-effect regression for the 

same model when ROE replaces the control ROA.  

In short, the research implements the second and third approaches that are discussed 

above as solutions to mitigate endogeneity. Indeed, the study includes 15 control variables 

besides one dependent variable (AMLCTF disclosure score) and six independent variables 

(corporate governance variables). Also, it conducts a lag approach (t-1) regression that 
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includes a lag of one year backward for the dependent variable and examines its 

relationship with the independent variables.   

Table 6-5 Hausman (1978) specification test 

Hausman (1978) specification test 
 

Control Variable ROA ROE 

 Coef. Coef. 
 

Chi-square test value 20.631 50.524 

 P-value .243 0 

 

6.8 Further Analyses 

This section assesses the relationship between the dependent variable (AMLCTF disclosure 

score) and the independent variables (6 corporate mechanism variables) by running two 

further regressions: the robust regression and lag approach (t-1). The advantage of selecting 

robust regression is to reduce the potential of outliers. Besides, the lag technique (t-1) 

assists in solving the endogeneity issue related to reverse causality. Thus, implementing 

several regression types allow for tracing the outcome changes and ensures that the study 

conclusions are unbiased by performing the various treatment techniques or regression 

models (Cooke, 1998). Also, it helps to confirm the study outcomes are not method-driven 

and ensure the robustness of the analysis and results (Abdel-Fattah, 2008; Cooke, 1998). 

The below subsections discuss the findings of further regression analyses. 

6.8.1 Robust Multiple Linear Regression 

Appendices C.2  and C.3  discuss the outliers' existence and suggest using robust regression 

in treating the negative potentials of these unusual and influential data. Also, the presence 

of these data affects the multiple linear regression results according to their allocated 

weight, which is greater than the other observations of the research sample (Abdel-Fattah, 

2008). Prior literature does not recommend removing them from the sample but solving the 

outliers issue (Ibrahim, 2017). Therefore, the study employs robust multiple linear 

regression to confirm the results of Tobit regression and the reliability of the findings with 

the appearance of unusual and influential data problems. Moreover, the robust model helps 

to provide unbiased outcomes and ensures findings are method-undriven (Draper, 1988). In 

addition, the current thesis runs the robust regression twice by using two proxies for the 
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control variable earnings: ROA and ROE. Each proxy is utilised at a time to avoid collinearity. 

Further, these variables are the dependent variables in model (2) and implementing the 

same factors in model (1) supports exploring the link between the study models (1) and (2). 

The robust multiple linear regression results in Table 6-6 Panel C show model (1) r-squared 

is 0.341 when the control variable: earnings is ROA. Besides, Table 6-6 Panel D represents 

the same model r-squared of 0.340 when the control variable: earnings, is ROE. These 

outcomes indicate that the robust model explains 34.1% (Table 6-6 Panel C) and 34.0% 

(Table 6-6 Panel D) of the research sample with ROE and ROA, respectively. Hence, ROA is 

better in explaining the data sample by 0.1%. Moreover, for the relationship between the 

dependent and independent variables, the findings show that the association of AMLCTF 

disclosure score with board independence is positive and statistically significant at 1% (Table 

6-6 Panel C Coef = 0.140 and p-value = 0.000; Table 6-6 Panel D Coef = 0.137 and p-value = 

0.000). Similarly, the relationship between the dependent variable and audit committee size 

is positive and significant at 1% (Table 6-6 Panel C and Table 6-6 Panel D Coef = 0.019 and p-

value = 0.000). Likewise, the main variable relationship with big4 audit firms is positive and 

significant at 5% (Table 6-6 Panel C Coef = 0.049 and p-value = 0.029; Table 6-6 Panel D Coef 

= 0.053 and p-value = 0.018).  

Moreover, the results indicate that board female is negatively and statistically significant at 

1% (Table 6-6 Panel C Coef = -0.184 and p-value = 0.007; Table 6-6 Panel D Coef = -0.187 and 

p-value = 0.006). Nevertheless, the dependent variable relationship is insignificant with 

board size and audit tenure. The board size association appears as positive but not 

significant (Table 6-6 Panel C Coef = 0.003 and p-value = 0.367; Table 6-6 Panel D Coef = 

0.003 and p-value = 0.340). Whereas the audit tenure association occurs as negative and 

insignificant (Table 6-6 Panel C Coef = -0.012 and p-value = 0.177; Table 6-6 Panel D Coef = -

0.013 and p-value = 0.140). 

Regarding the control variables findings, the primary variable association is positive and 

significant at 1% with bank size. In contrast, the relationship of AMLCTF disclosure appears 

negative and significant at 1% with the sample period (2015 - 2016) and at 5% with the 

period 2017 and the nature of business. However, there is a positive and insignificant 

relationship between  AMLCTF disclosure and each of these controls: capital adequacy, 

management quality, liquidity, deposits and type of bank. Also, there is a negative and 
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insignificant association between the dependent variable and each of these controls: asset 

quality, earnings, the year 2018 and age.  

Overall, robust regression results indicate board independence, audit committee size, board 

female, and big4 audit firms are determinants of AMLCTF disclosure. However, board size 

and audit tenure are not AMLCTF disclosure drivers. Also, robust multiple linear regression 

findings show a significant relationship between AMLCTF reporting and each of these 

controls:  bank size, year dummies 2015-2017 and the nature of business. However, the 

association is insignificant between AMLCTF declarations and each of these controls: CAMEL 

characteristics, deposits, age and dummy year 2018 do not impact. 
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Table 6-6 Robust Multiple Linear Regression Results for Model (1) 

Panel C: Control Variable ROA 

 

Disclosure Score  Coef.  St.Err.  t-

value 

 p-

value 

 [95% 

Conf 

 Interval]  Sig 

Board Size .003 .003 0.90 .367 -.003 .009  

Board Independence .14 .034 4.10 0 .073 .207 *** 

Audit Committee Size .019 .005 3.98 0 .01 .029 *** 

Board Female -.184 .067 -2.73 .007 -.315 -.052 *** 

Big4 Audit Firms .049 .023 2.19 .029 .005 .094 ** 

Audit Tenure -.012 .009 -1.35 .177 -.029 .005  

Capital Adequacy .031 .056 0.56 .577 -.079 .142  

Asset Quality -.037 .028 -1.35 .179 -.091 .017  

Management Quality .001 .0005 1.32 .188 -.0003 .002  

Earnings: ROA -.222 .137 -1.61 .107 -.491 .048  

Liquidity .017 .043 0.41 .686 -.066 .101  

Deposits .047 .032 1.48 .139 -.015 .109  

Log Bank Size .037 .004 8.31 0 .028 .046 *** 

YD 2015 -.133 .035 -3.78 0 -.201 -.064 *** 

YD 2016 -.105 .029 -3.59 0 -.162 -.047 *** 

YD 2017 -.057 .025 -2.27 .024 -.106 -.008 ** 

YD 2018 -.021 .023 -0.90 .371 -.067 .025  

YD 2019 0 Omitted  

Age -.0001 .0001 -0.79 .432 -.0003 .0001  

Type of Bank .027 .018 1.47 .141 -.009 .062  

Nature of Business -.035 .017 -2.09 .037 -.068 -.002 ** 

Constant -.633 .107 -5.90 0 -.843 -.422 *** 

 

Mean dependent var 0.227 SD dependent var  0.210 

R-squared  0.341 Number of obs   625.000 

F-test   16.480 Prob > F  0.000 

Akaike crit. (AIC) -399.611 Bayesian crit. (BIC) -306.418 

*** p<.01, ** p<.05, * p<.1 

 
 

Panel D: Control Variable ROE 

 

Disclosure Score  Coef. St.Err.  t-

value 

 p-

value 

 [95% 

Conf 

 Interval]  Sig 

Board Size .003 .003 0.96 .34 -.003 .01  

Board Independence .137 .034 4.08 0 .071 .204 *** 

Audit Committee Size .019 .005 3.97 0 .01 .029 *** 

Board Female -.187 .067 -2.78 .006 -.319 -.055 *** 

Big4 Audit Firms .053 .022 2.37 .018 .009 .097 ** 

Audit Tenure -.013 .009 -1.48 .14 -.03 .004  

Capital Adequacy .029 .056 0.51 .608 -.081 .139  

Asset Quality -.039 .027 -1.42 .157 -.092 .015  

Management Quality .001 .0005 1.33 .183 -.0003 .002  

Earnings: ROE -.023 .023 -1.00 .316 -.067 .022  

Liquidity .021 .043 0.50 .618 -.063 .106  

Deposits .046 .032 1.46 .145 -.016 .108  

Log Bank Size .037 .004 8.31 0 .028 .046 *** 

YD 2015 -.137 .035 -3.89 0 -.206 -.068 *** 

YD 2016 -.108 .029 -3.69 0 -.166 -.051 *** 

YD 2017 -.059 .025 -2.34 .019 -.108 -.01 ** 

YD 2018 -.022 .023 -0.96 .338 -.068 .024  

YD 2019 0 Omitted  

Age -.0001 .0001 -0.87 .384 -.0003 .0001  

Type of Bank .029 .018 1.59 .112 -.007 .064  

Nature of Business -.034 .017 -2.05 .041 -.067 -.001 ** 

Constant -.633 .108 -5.87 0 -.845 -.422 *** 

 

Mean dependent var 0.227 SD dependent var  0.210 

R-squared  0.340 Number of obs   625.000 

F-test   16.504 Prob > F  0.000 

Akaike crit. (AIC) -398.984 Bayesian crit. (BIC) -305.791 

*** p<.01, ** p<.05, * p<.1 
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6.8.2 Lag Approach - Multiple Linear Regression 

A way to solve the endogeneity issue is by using a lag approach (Leszczensky & Wolbring, 

2022). The lag technique eliminates reverse causality, the causal association between the 

model variables when the dependent variable (Y) affects the independent variable (X), and 

the X affects Y reversely.  Also, the lag approach (t-1) keeps the dependent variable beyond 

the independent variables by one year (Ibrahim, 2017). It highlights the Y (AMLCTF 

disclosure score) relationship with the X’s (corporate governance mechanisms) in future 

periods. Moreover, this type of regression helps confirm Tobit outcomes (see sections 6.5 

and 6.6) which is used to analyse model (1) as the parametric statistical test does not meet 

the regression assumptions. Further, the lag approach is tested twice by utilising two 

proxies for the control variable earnings: ROA and ROE, in which each proxy is employed in a 

time due to collinearity issues. Also, these proxies assist in determining the relationship 

between the research models (1) and (2). 

Table 6-7 Panel E shows that the lag approach r-squared is 0.321 when the control variable 

is ROA. This r-squared is lower than the robust multiple linear regression r-squared (0.341) 

for the same model (1) when the control variable is ROA (see Table 6-6 Panel C). Besides, 

Table 6-7 Panel F represents the r-squared of 0.322 when the control variable is ROE, and 

this value is higher than the ROA r-squared but lower than the robust regression r-squared 

(0.340) (see Table 6-6 Panel D). These results show that robust regression is better for 

explaining the sample observations when the control variable is ROA. In comparison, for the 

lag approach, the regression outputs with ROE are better in explaining the data sample than 

the model with ROA by 0.001. However, these r-squared values seem to be normal in 

accounting disclosure studies. For example, Elfeky (2017) displays an r-squared of 0.337 

when examining the determinants of voluntary disclosures in emerging markets.  

Furthermore, Table 6-7 shows the relationship between the lag of AMLCTF disclosure score 

and board independence is positive and statistically significant at 1% (Table 6-7 Panel E and 

Table 6-7 Panel F Coef = 0.120 and p-value = 0.004). Equally, the association between the 

dependent variable and audit committee size is positive and statistically significant at 1% 

(Table 6-7 Panel E Coef = 0.017 and p-value = 0.001; Table 6-7 Panel F Coef = 0.016 and p-

value = 0.001). In addition, the findings expose the relationship between the lag AMLCTF 

disclosure and board female is negative and significant at 1% (Table 6-7 Panel E Coef = -
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0.218 and p-value = 0.003; Table 6-7 Panel F Coef = -0.221 and p-value = 0.003). Further, the 

results of the lag approach show the association between dependent variable and audit 

tenure is negative and significant at 10% (Table 6-7 Panel E Coef = -0.016 and p-value = 

0.062; Table 6-7 Panel F Coef = -0.016 and p-value = 0.073). 

On the other hand, for the insignificant findings, the association between the dependent 

variable and board size is positive and insignificant (Table 6-7 Panel E Coef = 0.003 and p-

value = 0.356; Table 6-7 Panel F Coef = 0.003 and p-value = 0.375). also, the relationship of 

the lag of AMLCT disclosure and big4 audit firms is positive and insignificant (Table 6-7 Panel 

E Coef = 0.030 and p-value = 0.316; Table 6-7 Panel F Coef = 0.028 and p-value = 0.347). 

Regarding the control variables, the outcomes in Table 6-7 indicate that the association of 

lag AMLCTF disclosure score is positive and statistically significant at 1% with bank size, the 

years 2018 and 2019. Likewise, it is positive and significant at 10% with the type of bank and 

2017. In addition, the findings imply a negative and significant relationship between the 

dependent variable and the nature of business at 5%.  The lag AMLCTF disclosure 

association is negative and insignificant with asset quality and age. However, the dependent 

variable relationship is positive and insignificant with each of these controls: capital 

adequacy, management quality, earnings (ROA and ROE), liquidity and deposits.  

Consequently, the lag approach regression results represent that board independence, audit 

committee size, board female, and audit tenure are the determinants of AMLCTF disclosure. 

In comparison, board size and big4 audit firms are not drivers for the disclosures. Also, there 

is a significant association between the lag of AMLCTF reporting and each of these controls: 

bank size, the years 2017-2019, type of bank and the nature of business. Nevertheless, the 

dependent variable relationship is insignificant with the following controls: CAMEL 

characteristics, deposits and age. 
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Table 6-7 Lag Approach (t-1) - Multiple Linear Regression Results for Model (1) 

Panel E: Control Variable ROA 

 

Lag Disclosure Score 

(t-1) 

 Coef. St.Err.  t-

value 

 p-

value 

 [95% 

Conf 

 Interval]  Sig 

Board Size .003 .004 0.92 .356 -.004 .011  

Board Independence .12 .041 2.92 .004 .04 .201 *** 

Audit Committee Size .017 .005 3.22 .001 .006 .027 *** 

Board Female -.218 .074 -2.97 .003 -.363 -.074 *** 

Big4 Audit Firms .03 .03 1.00 .316 -.029 .09  

Audit Tenure -.016 .009 -1.87 .062 -.033 .001 * 

Capital Adequacy .003 .071 0.04 .966 -.137 .143  

Asset Quality -.038 .034 -1.13 .258 -.104 .028  

Management Quality .0003 .0005 0.69 .491 -.001 .001  

Earnings: ROA .099 .155 0.64 .521 -.204 .403  

Liquidity .029 .047 0.62 .533 -.063 .121  

Deposits .036 .037 0.97 .334 -.037 .108  

Log Bank Size .038 .005 7.16 0 .027 .048 *** 

YD 2015 0 Omitted  

YD 2016 0 Omitted  

YD 2017 .039 .024 1.65 .1 -.007 .085 * 

YD 2018 .094 .026 3.57 0 .042 .145 *** 

YD 2019 .13 .03 4.40 0 .072 .189 *** 

Age -.00003 .0001 -0.24 .811 -.0002 .0002  

Type of Bank .037 .019 1.93 .054 -.001 .075 * 

Nature of Business -.042 .02 -2.09 .037 -.081 -.003 ** 

Constant -.729 .121 -6.03 0 -.967 -.492 *** 

 

Mean dependent var 0.215 SD dependent var  0.208 

R-squared  0.321 Number of obs   500.000 

F-test   11.967 Prob > F  0.000 

Akaike crit. (AIC) -305.902 Bayesian crit. (BIC) -221.609 

*** p<.01, ** p<.05, * p<.1 

 
 

Panel F: Control Variable ROE 

 

Lag Disclosure Score 

(t-1) 

 Coef. St.Err.  t-

value 

 p-

value 

 [95% 

Conf 

 Interval]  Sig 

Board Size .003 .004 0.89 .375 -.004 .01  

Board  Independence .12 .041 2.93 .004 .04 .201 *** 

Audit Committee Size .016 .005 3.20 .001 .006 .027 *** 

Board Female -.221 .073 -3.02 .003 -.365 -.078 *** 

Big4 Audit Firms .028 .03 0.94 .347 -.031 .088  

Audit Tenure -.016 .009 -1.79 .073 -.033 .001 * 

Capital Adequacy .01 .072 0.14 .887 -.131 .151  

Asset Quality -.038 .034 -1.13 .257 -.104 .028  

Management Quality .0003 .0005 0.68 .497 -.001 .001  

Earnings: ROE .019 .018 1.06 .288 -.016 .053  

Liquidity .022 .048 0.46 .644 -.071 .115  

Deposits .039 .037 1.06 .292 -.034 .112  

Log Bank Size .038 .005 7.24 0 .028 .048 *** 

YD 2015 0 Omitted  

YD 2016 0 Omitted  

YD 2017 .038 .023 1.62 .106 -.008 .084  

YD 2018 .093 .026 3.53 0 .041 .144 *** 

YD 2019 .128 .03 4.32 0 .07 .186 *** 

Age -.00002 .0001 -0.20 .839 -.0003 .0002  

Type of Bank .036 .019 1.89 .06 -.001 .074 * 

Nature of Business -.043 .02 -2.13 .034 -.082 -.003 ** 

Constant -.738 .121 -6.11 0 -.975 -.5 *** 

 

Mean dependent var 0.215 SD dependent var  0.208 

R-squared  0.322 Number of obs   500.000 

F-test   12.023 Prob > F  0.000 

Akaike crit. (AIC) -306.651 Bayesian crit. (BIC) -222.359 

*** p<.01, ** p<.05, * p<.1 
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6.9  Chapter Summary 

This chapter answers the research's second question about the determinates of AMLCTF 

information. The descriptive statistics in Table 6-1 show that the research sample includes 

625 observations from 2015 to 2019. The dependent variable is the AMLCTF disclosure 

score, and the six independent variables are corporate governance mechanisms. Besides, 

model (1) includes 15 control variables. After representing the descriptive statistics, the 

study performs the Pearson Correlation test and the Spearman Correlation test to check the 

level of collinearity issue. Accordingly, Table 0-9 presents coefficient results lower than the 

maximum p-value that is suggested by prior research of 70% and 80% (Abdel-Fattah, 2008; 

Alsaeed, 2006; Elsayed, 2010; Ibrahim, 2017). Therefore, there is a lack of multicollinearity 

in the model (1).  Then, the research attempts to check for regression diagnostics to 

implement the appropriate statistical test. However, due to unsatisfying regression 

assumptions, the study performs the analysis with the non-parametric statistical test Tobit 

regression. Besides, the study runs two further regressions to confirm the Tobit results 

)robust multiple linear regression and the lag approach). 

Table 6-8 Summarises the coefficient sign and significant level of the relationship between 

dependent and independent variables in three regressions: Tobit, robust and lag approach 

(t-1). Table 6-8 Panel G implements ROA as a control variable for earnings, and Table 6-8 

Panel H replaces ROA with ROE. The summary shows that three corporate governance 

variables (board independence, audit committee size and board female) are the 

determinants of AMLCTF disclosure. Thus, there is a positive and significant relationship 

between the dependent variable and board independence and audit committee size in all 

the tested regressions. In contrast, the association between the dependent variable and 

board female overall models is negative and significant. Also, the summary indicates an 

insignificant relationship between the AMLCTF disclosure and the rest of 3 tested corporate 

governance mechanisms: board size, big4 audit firms and audit tenure.  

Regarding the control variables, the summary represents that the association between 

AMLCTF declaration and each of these controls is significant: bank size and the nature of 

business. In contrast, the summary shows that the relationship between AMLCTF disclosure 

and each of these controls is insignificant: capital adequacy, asset quality, management 
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quality, earnings (ROA and ROE), liquidity, deposits, the years 2015-2019, age and type of 

bank. 

Moreover, the relationship between the AMLCTF declarations and earnings is insignificant. 

These findings show that bank performance does not affect the disclosure. Besides, the 

increase in board independence, audit committee size, and bank size enhances the AMLCTF 

information. In contrast, the rise in board females decreases the disclosures. Also, the 

nature of business (bank nature) affects the declarations negatively.  The next chapter 

discusses the AMLCTF economic consequences. 
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Table 6-8 Summary of Regressions Coefficient Signs and Significant Levels for Model (1) 

Panel G: Control Variable ROA Panel H: Control Variable ROE  

Variable 
Tobit Robust Lag Approach (t-1) Variable Tobit Robust Lag Approach (t-1) Expected 

Relationship 

Dependent Disclosure Score Lag Disclosure Score Dependent Disclosure Score Lag Disclosure Score  

Independent         

Board Size + + + Board Size + + + + 

Board Independence +*** +*** +*** Board Independence +*** +*** +*** + 

Audit Committee Size +*** +*** +*** Audit Committee Size +*** +*** +*** + 

Board Female -*** -*** -*** Board Female -*** -*** -*** + 

Big4 Audit Firms +* +** + Big4 Audit Firms +** +** + + 

Audit Tenure - - -* Audit Tenure - - -* + 

Control Variables         

Capital Adequacy + + + Capital Adequacy + + + + 

Asset Quality - - - Asset Quality - - - + 

Management Quality + + + Management Quality + + + + 

Earnings: ROA - - + Earnings: ROE - - + + 

Liquidity + + + Liquidity + + + +/- 

Deposits + + + Deposits + + + + 

Log Bank Size +*** +*** +*** Log Bank Size +*** +*** +*** + 

YD 2015 -*** -*** Omitted YD 2015 -*** -*** Omitted + 

YD 2016 -*** -*** Omitted YD 2016 -*** -*** Omitted + 

YD 2017 -** -** +* YD 2017 -** -** + + 

YD 2018 - - +*** YD 2018 - - +*** + 

YD 2019 Omitted Omitted +*** YD 2019 Omitted Omitted +*** + 

Age - - - Age - - - + 

Type of Bank + + +* Type of Bank +* + +* + 

Nature of Business -** -** -** Nature of Business -** -** -** + 

Constant -*** -*** -*** Constant -*** -*** -***  

*** P<.01, ** P<.05, * P<.1 
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Chapter Seven:  Empirical Findings of the Economic 

Consequences of AMLCTF Disclosure 

7.1  Overview 

This chapter answers the third research question, ‘What is the influence of the AMLCTF 

disclosure on the financial performance of the UK banking sector?’. The chapter shows the 

descriptive statistics of the dependent, independent and control variables. It also checks 

regression diagnostics such as linearity, normality, multicollinearity and autocorrelation. The 

chapter ends with the results of regression analyses and discussions. 

7.2  Descriptive Statistics 

According to the descriptive statistics of the research variables in Table 7-1, this chapter 

includes two performance proxies as dependent variables: ROA and ROE. The research runs 

model (2) twice, and each of these proxies replaces the other due to collinearity. For 

example, in the first run, the study uses ROA only as a dependent variable, while in the 

second trial, the ROE replaces ROA. Indeed, the descriptive statistics for ROA display a mean 

of 0.008, a standard deviation of 0.051, a median of 0.00355, a minimum value of -0.201, 

and a maximum value of 0.778.  Furthermore, the descriptive statistics for ROE show a 

mean of 0.062, a standard deviation of 0.426, a median of 0.03722, a minimum value of -

1.244 and a maximum value of 9.9. In prior AML literature, Mathuva et al. (2020) represent 

a higher ROE mean, median and minimum value of 0.174, 0.182 and -0.120, 

correspondingly, while their study reports a lower ROE standard deviation and maximum 

value of 0.090 and 0.555, respectively. Further, Nobanee & Ellili (2018) use the ROE as a 

proxy for bank performance without showing its descriptive statistics. Similarly, for AMLCTF 

literature, Nobanee & Ellili (2017) do not represent the descriptive statistics of ROE. 

In comparison, after reviewing AMLCTF and AML disclosure studies of Mathuva et al. (2020) 

and Nobanee & Ellili (2018, 2017), the researcher notes that earlier research does not use 

ROA as a proxy for bank profitability. But the AML compliance study by Murithi (2013) 

employs ROA without providing descriptive statistics. Nevertheless, voluntary disclosure 

studies use ROA as a proxy for performance, like the research of Elfeky (2017).  
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Besides, Table 7-1 represents the descriptive statistics of the independent variable AMLCTF 

disclosure score with a mean of 0.227, a standard deviation of 0.209, a median of 0.2, a 

minimum of 0 and a maximum score of 0.84. Indeed, the current research average is higher 

than the earlier AMLCTF disclosure scholars' scores of 0.116 for the UK banks by Nobanee & 

Ellili (2017) and 0.202 for money exchange providers in the GCC countries by Siddique et al. 

(2021). Also, it is greater than the mean of previous AML declaration studies by Van der 

Zahn et al. (2007), Harvey & Lau (2009), Nobanee & Ellili (2018), and Mathuva et al. (2020) 

(see the discussion in section 6.2). Moreover, comparing this thesis score with the prior 

AMLCTF disclosure study by Nobanee & Ellili (2017) on UK banks, the current descriptive 

statistics indicate that the UK banks' disclosure efforts are proceeding forward. These efforts 

are evident in the UK's emphasise on publications such as the Anti-money laundering and 

counter-terrorist financing supervision report since 2011 (HM Treasury, 2011) and the UK 

national risk assessment of money laundering and terrorist financing since 2015 (HM 

Treasury, 2015).  

In addition, model (2) includes 20 control variables, in which 6 out of 20 are corporate 

governance mechanisms, 9 controls are related to bank-specific variables (CAMEL except for 

earnings) and other bank-related factors, and year dummies 2015-2019. The descriptive 

statistic of corporate governance appears as follows. The board size mean is 9 members, the 

standard deviation is 2.774, the median is 9, the minimum number of boards is 3, and the 

maximum is 19 members. Similarly, the descriptive shows board independence average is 

0.394, the standard deviation is 0.228, the median is 0.375, the minimum is 0, and the 

maximum is 0.9. Moreover, the audit committee size descriptive statistics imply a mean of 2 

members, a standard deviation of 1.829, a median of 3, a minimum of 0, and a maximum of 

12. Also, the female presence on the board average is about 0.133. The standard deviation 

is 0.134, the median is 0.111, the minimum female ratio is 0, and the maximum is 0.571. 

Further, for dummy variables, the big4 audit firms descriptive statistics show a mean of 

0.893 and a standard deviation of 0.31. In addition, audit tenure descriptive demonstrates 

an average of 2 years, a standard deviation of 1.368 and a median of  2, a minimum tenure 

of 1 year and a maximum of 5 years during the research period from 2015 to 2019. 

The descriptive statistic of capital adequacy implies a mean of 0.161, a standard deviation of 

0.158, a median of 0.109, a minimum of 0.021, and a maximum of 1.019. The asset quality 
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mean is 0.375, the standard deviation is 0.282, the median is 0.359, the minimum is 0, and 

the maximum is 1.056. The management quality average is 4.173, the standard deviation is 

17.345, the median is 1.486, the minimum is -48.082, and the maximum is 206.436. Liquidity 

shows a mean of 0.152, a standard deviation of 0.194, a median of 0.087, a minimum of 0 

and a maximum of 1.424. Deposits descriptive statistics mean is 0.659, the standard 

deviation is 0.291, the median is 0.792, the minimum is 0, and the maximum is 1.792. Bank 

size on average is 44420000000 billion GBP (Log 21.398), the standard deviation is 

147700000000 (Log 2.4), the median is 1400000000 (Log 21.061), the minimum is 2504000 

million GBP (Log 14.733), and the maximum is 1135320000000 trillion GBP (Log 27.758).  

The age of the UK banks on average is 58 years; a standard deviation is 65.906, a median is 

33, a minimum is 2, and a maximum is 324 years. For the dummy variables, the type of bank 

reflects that 44% of the sample are PLC banks with a standard deviation of 0.497, and 56% 

are not PLC banks. Nature of business indicates that 78% of the observations are banks and 

the standard deviation is 0.412, while 22% represent other financial natures. Besides 

presenting the descriptive statistics above, the research control variables include year 

dummies 2015-2019. 

Table 7-1 Descriptive Statistics of Model (2) 

Panel A: Descriptive Statistics of Research Variables (Observations=625, Period 2015-2019) 
  
 Variable 
  

Mean Std. Dev. Median Min Max 

Dependent 
  
 ROA 0.008 0.051 0.00355 -0.201 0.778 

 ROE 0.062 0.426 0.03722 -1.244 9.9 

Independent 
  
 AMLCTF Disclosure Score 0.227 0.21 0.2 0.00 0.84 

Controls 
  
 Board Size 9.109 2.774 9 3 19 

 Board Independence 0.394 0.23 0.375 0 0.9 

 Audit Committee Size 2.752 1.829 3 0 12 

 Board Gender Diversity 
(Board Female) 

0.133 0.134 0.111 0 0.571 

 Big4 Audit Firms 0.893 0.31 1 0 1 

Audit Tenure 2.629 1.368 2 1 5 

 Capital Adequacy 0.161 0.158 0.10973 0.021 1.019 

 Asset Quality 0.375 0.282 0.35935 0.00 1.056 

 Management Quality 4.173 17.345 1.5 -48.082 206.436 

 Liquidity 0.152 0.194 0.08750 0.00 1.424 
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 Deposits 0.659 0.291 0.79215 0.00 1.792 

 Bank Size 44420000000 147700000000 1400000000 2504000 1135000000000 

 Age 58.224 65.906 33 2 324 

 Type of Bank 0.44 0.497 0 0 1 

 Nature of Business 0.784 0.412 1 0 1 

Panel B: Descriptive Statistics of Dummy Variables (Observations=625, Period 2015-2019) 
 

Variable   Classification Dummy Observations Percentage 

Big4 Audit Firms Leading Auditing Firms 1 558 89% 

Other Auditing Firms 0 67 11% 

Type of Bank Public Limited Company 1 275 44% 

Private Limited (Unlimited) 
Company 

0 350 56% 

Nature of Business Bank 1 490 78% 

Other Financial Business 0 135 22% 

 

7.3 The Correlation Test 

This study conducts correlation tests to check the coefficient of the independent variables in 

a continuous matrix. The values should not exceed the range of 70% to 80% to confirm no 

collinearity issues (Elsayed, 2010; Field, 2009; Ibrahim, 2017). Hence, the Pearson 

correlation matrix for parametric statistical tests in Table 0-17 (Panel A) and Table 0-18 

(Panel A) present maximum p-values of -0.596 (negative correlation) and 0.525 (positive 

correlation). The negative correlation is between the control variables audit tenure and 

2015, while the positive correlation is between audit tenure and 2019. 

Likewise, Table 0-17 (Panel B) and Table 0-18 (Panel B) display the Spearman correlation 

results for non-parametric statistical tests showing maximum p-values of -0.642 (negative 

correlation) and 0.539 (positive correlation). The p-value of -0.642 is between the control 

variables audit tenure and 2015. Whereas the p-value of 0.539 is between board females 

and bank size. Hence, these maximum p-values are not exceeding the p-value range of 70% -

80%, which is suggested by several prior literature (Al-Sartawi & Reyad, 2018; Elsayed, 2010; 

Field, 2009; Ibrahim, 2017). Therefore, the independent research variables are not highly 

correlated, and there are no collinearity issues. 

7.4 Regression Diagnostics 

The research checks the data sample fitness within parametric or non-parametric statistical 

tests by assessing regression assumptions. These assumptions include checking linearity, 

normality, homoscedasticity, multicollinearity, and autocorrelation. If these diagnostics fit 

with the regression requirements, then the statistical test is parametric, and if any of these 
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assumptions are unsatisfied, then it is non-parametric. Thus, Appendix D.1 shows these 

checks in more detail and indicates that the parametric statistical test does not apply to the 

research analysis. Consequently, the study decides to rely on a non-parametric statistical 

test, quantile regression, upon not meeting the regression assumptions.  

7.5 Quantile Regression Analysis  

The third research objective explores the economic consequences of AMLCTF disclosure by 

examining the impact of AMLCTF disclosure score on bank performance. The thesis uses 

accounting-based performance indicators, in particular ROA and ROE. Indeed, the thesis 

performs the regression test twice, in which ROA is the dependent variable in the first trial 

and ROE replaces ROA in the second trial. Furthermore, the current study relies on a non-

parametric statistical test, quantile regression, due to the failures of satisfying regression 

assumptions. To the best of the researcher’s knowledge, no prior AMLCTF reporting 

literature implements quantile regression. However, several studies within the disclosure 

field use the quantile approach for the non-parametric statistical test analysis, such as 

Abdel-Fattah (2008), Ibrahim (2017) and  Khalifa et al. (2018).  

Thus, the research depends on quantile regression to discuss the influence of AMLCTF 

disclosure on the UK banking sector profitability. This type of regression does not require 

fitting with any regression assumptions. The earlier research states that quantile regression 

provides robust findings compared to multiple linear regression outcomes (Abdel-Fattah, 

2008). Also, it allows for studying the impact of exogenous factors on the whole distribution 

of the endogenous factor, not just considering the sample mean (Khalifa et al., 2018). 

Moreover, the quantile regression assessment is based on the data sample median and 

provides more robust findings for un-normal errors and unusual and influential data issues 

(Ibrahim, 2017). Besides, the thesis utilises the quantile technique to evaluate model (2) 

because it is appropriate for analysing negative values.  In the descriptive statistics Table 

7-1, the minimum value of the dependent variable ROA is -0.201 while ROE is -1.244. In 

comparison, the research model (1) uses Tobit regression, which limits the dependent 

variable range between zero and positive values (Ibrahim, 2017). The descriptive statistics in 

Table 6-1 represent the AMLCTF disclosure score range with positive values between 0 and 

0.84. 
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Hence, the research performs the quantile regression at different quantiles 0.50, 0.60, 0.70, 

0.80, 0.90 and 0.95 to determine the association between the dependent and independent 

variables. Table 7-2 shows a negative and significant relationship between bank 

performance (using ROA and ROE as proxies) and AMLCTF disclosure for all the tested 

quantiles except for 0.90 and 0.95. Therefore, the research empirical analysis discussion 

relies on the negative and significant relationship between the dependent and independent 

variables, which appears more frequently in Table 7-2.  

Table 7-2 Quantile Regression at Different Quantiles 

Quantile Regression at Different Quantiles 
Independent Variable: AMLCTF Disclosure 

Quantiles Dependent Variable ROA Dependent Variable ROE 

 Coef P-Value Pseudo R2 Coef P-Value Pseudo R2 

0.50 -0.004** 0.037 0.026 -0.053*** 0.001 0.062 

0.60 -0.005* 0.083 0.032 -0.063*** 0.003 0.065 

0.70 -0.008** 0.012 0.047 -0.095*** 0.001 0.072 

0.80 -0.01** 0.022 0.060 -0.106** 0.012 0.095 

0.90 -0.002 0.968 0.088 -0.087 0.515 0.118 

0.95 0.29 0.579 0.294 -0.011 0.935 0.208 

*** p<.01, ** p<.05, * p<.1 

 

Table 7-3 results depend on the median quantile regression of 0.50. Table 7-3 Panel I 

presents a Pseudo-r-squared of 0.026 and shows the relationship between the dependent 

(ROA) and independent variable (AMLCTF disclosure score) as negative and significant at 5% 

(Coef = -.004 and p-value = 0.037). Similarly, Table 7-3 Panel J displays a Pseudo-r-squared of 

0.062 better than Panel I and indicates the association between ROE and AMLCTF disclosure 

as negative and significant at 1% (Coef = -.053 and p-value = 0.001).  

 

Regarding the control variables in Table 7-3 Panel I, the ROA relationship is positive and 

significant with deposits at 1%, while with audit tenure, capital adequacy and asset quality 

at 5%. At the same time, the dependent variable ROA association is negative and significant 

at 1% with liquidity and 10% with the nature of business. However, no significant 

relationship appears with the rest control variables. For example, there is a positive and 

insignificant association between ROA and these controls: board female, big4 audit firms, 

bank size and the years 2015-2018. Likewise, there is a negative but insignificant relation 
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between ROA and these controls: board size, board independence, audit committee size, 

management quality, age and type of bank.  

On the other hand, Table 7-3 Panel J expresses the association between ROE and deposits as 

positive and significant at 1%. Equally, there is a positive and significant relationship 

between ROE and these controls: asset quality and bank size at 5%. Meanwhile, the 

relationship of the dependent variable is positive and insignificant with board 

independence, board female, big4 audit firms, audit tenure, 2015, 2017, 2018, age and the 

nature of business. In addition, there is a negative and insignificant association between 

ROE and each of these controls: board size, audit committee size, capital adequacy, 

management quality, liquidity, the year 2016 and type of bank.  
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Table 7-3 Quantile Regression Results for Model (2) 

Panel I: Dependent Variable ROA 

 

ROA  Coef.  St.Err.  t-

value 

 p-

value 

 [95% 

Conf 

 Interval]  Sig 

Disclosure Score -.004 .002 -2.09 .037 -.008 -.0002 ** 
Board Size -.0001 .0001 -0.81 .42 -.0004 .0002  

Board Independence -.0003 .002 -0.18 .855 -.004 .003  

Audit Committee Size -.00007 .0002 -0.33 .74 -.0005 .0004  
Board Female .004 .003 1.23 .218 -.002 .01  

Big4 Audit Firms .001 .001 1.09 .274 -.001 .004  
Audit Tenure .001 .0004 2.06 .04 .0003 .002 ** 

Capital Adequacy .007 .003 2.30 .022 .001 .012 ** 

Asset Quality .003 .001 2.28 .023 .0004 .006 ** 
Management Quality -.00003 .00002 -1.42 .156 -.0001 .00001  

Liquidity -.005 .002 -2.94 .003 -.009 -.002 *** 

Deposits .004 .001 2.93 .004 .001 .007 *** 
Log Bank Size .0003 .0002 1.30 .194 -.0001 .001  

YD 2015 .003 .002 1.60 .111 -.001 .006  

YD 2016 .001 .001 0.86 .389 -.002 .004  
YD 2017 .001 .001 1.02 .307 -.001 .003  

YD 2018 .001 .001 1.28 .2 -.001 .003  

YD 2019 0 Omitted  
Age -0.000001 0.00001 -0.12 .907 -.00001 0.00001  

Type of Bank -.001 .001 -0.72 .469 -.002 .001  

Nature of Business -.001 .001 -1.66 .097 -.003 .0002 * 
Constant -.008 .005 -1.51 .132 -.018 .002  

 

Mean dependent var 0.008 SD dependent var  0.051 

Pseudo r-squared  0.026 Number of obs      625.000 

*** p<.01, ** p<.05, * p<.1 

 
 

Panel J: Dependent Variable ROE 

 

ROE  Coef.  St.Err.  t-

value 

 p-

value 

 [95% 

Conf 

 Interval]  Sig 

Disclosure Score -.053 .016 -3.30 .001 -.085 -.022 *** 
Board Size -.0002 .001 -0.19 .847 -.003 .002  

Board Independence .002 .014 0.17 .867 -.026 .031  

Audit Committee Size -.001 .002 -0.29 .771 -.004 .003  
Board Female .035 .026 1.34 .182 -.016 .086  

Big4 Audit Firms .002 .011 0.19 .851 -.019 .023  
Audit Tenure .002 .003 0.57 .571 -.005 .009  

Capital Adequacy -.014 .024 -0.58 .564 -.062 .034  

Asset Quality .024 .012 2.08 .037 .001 .047 ** 
Management Quality -.0002 .0002 -1.47 .142 -.001 .0001  

Liquidity -.023 .016 -1.45 .146 -.053 .008  

Deposits .035 .013 2.76 .006 .01 .06 *** 
Log Bank Size .005 .002 2.53 .012 .001 .009 ** 

YD 2015 .011 .014 0.79 .432 -.016 .038  

YD 2016 -.0001 .012 -0.01 .995 -.023 .023  
YD 2017 .009 .01 0.88 .377 -.011 .028  

YD 2018 .011 .009 1.22 .223 -.007 .029  

YD 2019 0 Omitted  
Age .0001 .00004 1.30 .195 -.00003 .0001  

Type of Bank -.005 .007 -0.73 .466 -.018 .008  

Nature of Business .0001 .007 0.01 .991 -.014 .014  
Constant -.091 .044 -2.06 .04 -.177 -.004 ** 

 

Mean dependent var 0.062 SD dependent var  0.426 

Pseudo r-squared  0.062 Number of obs      625.000 

*** p<.01, ** p<.05, * p<.1 
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7.6 Discussion of Quantile Regression Results 

This section tends to answer the third research question, ‘What is the influence of the 

AMLCTF disclosure on the UK banking sector performance?’. Section 7.6 explains the 

relationship between the dependent variable bank performance (using ROA and ROE as 

performance proxies) and the independent variable AMLCTF disclosure in the model (2). 

Besides, model (2) includes 20 control variables (corporate governance mechanisms, bank-

specific characteristics, other bank-related variables and annual report year dummies). The 

below subsections focus on quantile regression outputs to interpret the research findings in 

Table 7-3. 

7.6.1 Independent Variable Empirical Result (AMLCTF Disclosure) 

Table 7-3 implies that the relationship between bank performance and AMLCTF disclosure is 

negative and significant at 5% when the dependent variable is ROA  (Table 7-3 Panel I) and 

at 1% when the dependent variable is ROE (Table 7-3 Panel J). These significant results are 

inconsistent with the study's expectations (positive and significant) and theoretical 

perspectives (agency theory, signalling theory and economic theory). Hence, the research 

rejects hypothesis H3.9 about bank performance is likely to be positively influenced by 

AMLCTF disclosure. Nevertheless, the current thesis findings are incompatible with prior 

AML and AMLCTF disclosure literature. When ROE is a proxy for performance, Nobanee & 

Ellili (2017) find an insignificant association between ROE and AMLCTF disclosure. Similarly, 

Nobanee & Ellili (2018) and Mathuva et al. (2020) obtain insignificant results between ROE 

and AML disclosure. On the other hand, no earlier AML and AMLCTF disclosure researches 

examine the economic consequences of disclosures by using ROA as a proxy for 

performance. Furthermore, the former studies indicate that ML risk negatively impacts bank 

performance (utilising ROA as a performance proxy) (Mohamud, 2017). Also, Aish et al. 

(2021) find a negative and significant association between ML in Pakistanian conventional 

banks and Malaysian Islamic banks and profitability (ROA and ROE). 

Therefore, the negative findings in Table 7-3 indicate that the increase in AMLCTF 

disclosures decreases bank performance. The banks may attempt to attract market 

attention by maximising their AMLCTF reporting practices, but these practices reduce their 

profitability for the costs of implementing and updating the AMLCTF practices. The 

literature confirms that bank performance minimises with the increase in AML 
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implementation cost (Mohamud, 2017). Also, Murithi (2013) express that declaring AML 

information enhances reporting costs due to the rise of the other associated costs such as  

AML monitoring, screening, and training. Equally, Johansen & Plenborg (2013) explain that 

annual reports display various specific information that is prioritised based on readers' 

demand for disclosures and the cost of resources consumed on reporting. In addition, 

countering crime declarations are likely to be underneath the banks' ethical practices 

regardless of the disclosure costs and the lack of standard levels for AMLCTF reporting in the 

laws and regulations. Hassanein & Hussainey (2015) expose that firm directors have the 

flexibility to decide the levels and contents of narrative disclosures in the UK. Thus, the UK 

banks vary in their reporting of AMLCTF information due to this flexibility. Also,  the silences 

of the laws and regulations regarding the disclosure levels lead to ambiguity and make the 

institutions diverse in their decisions to address AMLCTF reporting. Hence, implementing 

more AMLCTF practices may increase expenses that negatively influence bank earnings 

(Mohamud, 2017; Murithi, 2013). 

7.6.2 Control Variables Empirical Results 

Model (2) include 20 control variables. 6 out of 20 are corporate governance mechanisms, 4 

are related to bank-specific characteristics (CAMEL except for earnings), 5 are other bank-

related factors, and 5 are year dummies. Accordingly, Table 7-3 demonstrates a positive and 

significant relationship between bank performance (ROA and ROE) and these control 

variables: asset quality at 5% and deposits at 1%. For asset quality, to the best of the 

researcher’s knowledge, no earlier AMLCTF disclosure literature evaluates the relationship 

between bank profitability and asset quality ratio. Moreover, the findings are compatible 

with the agency theory and signalling theory perspectives. Hence, the outputs imply that 

banks tend to increase their asset quality through income sources by issuing loans, which 

influences their performance. Thus, borrowing demand with high interest is more profitable 

under acceptable risk levels (Alper & Anbar, 2011). 

In addition, Table 7-3 presents the association between dependent variables and deposit 

ratio as positive and significant. These results are consistent with the research expectations 

and theoretical viewpoint (agency theory). Indeed, no previous AMLCTF disclosure research 

explores the same association. The results imply that the rise in deposits increases bank 

earnings. Upon the bank's ability to pay depositors' interests, deposits are the easiest source 
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of financial funding with the lowest cost (Alper & Anbar, 2011; Masood & Ashraf, 2012; 

Saona, 2016). Besides, banks compete to provide more facilities and services to attract new 

depositors and maintain the current ones (Hun et al., 2017). At the same time, the financial 

firm uses these deposits to meet other loan requests and earn more income, thus enhancing 

bank profitability. Similarly, the bank might invest in these deposits and improve its 

performance (Menicucci & Paolucci, 2016). 

Forwards, Table 7-3 displays that the other 17 control variables maintain insignificant 

association with the dependent variables (ROA and ROE). The results show a positive and 

insignificant association between bank performance and 7 controls out of 17 (board female, 

big4 auditors, audit tenure, bank size, 2015, 2017 and 2018). Moreover, the findings 

indicate a negative and insignificant relationship between the dependent and 5 control 

variables (board size, audit committee size, management quality, liquidity and type of bank). 

Furthermore, Table 7-3 shows the results of 5 controls out of 17 that are diverse in their 

relationship direction (positive and negative) with bank profitability. However, the findings 

are still insignificant for these 5 controls (board independence, capital adequacy, 2016, age 

and nature of business). These not significant results are inconsistent with the research 

expectations and the theoretical viewpoints (see subsection 4.7.3.2.3). 

Table 7-4 shows two examples from the thesis observations: Marks & Spencer Financial 

Services Plc (X) and FCMB Bank (UK) Limited (Y). Both firms' results are represented for the 

period 2015- 2019. Some of these results reflect the insignificant relationship between the 

dependent variables (ROA and ROE) and model (2) control variables. For example, in 2015, 

the ROA is 0.006 for both banks, but bank (X) is audited by a big4 firm and bank (Y) is not. At 

the same time, bank (X) is older than bank (Y). Similarly, bank (X) is PLC while bank (Y) is not. 

Equally, the bank (Y) nature of business is a bank, but the bank (X) is another nature.  

Indeed, when analysing the association of the dependent variables and these controls, the 

above insignificant results are likely to appear due to some potential reasons. First, bank 

profitability is not equal for all the thesis observations, and these controls may not directly 

affect performance. Second, model (2) focuses on accounting-based performance proxies 

ROA and ROE and may use other performance proxies assists in providing significant 

findings.  Third, the thesis utilises 20 control variables in model (2) and may replace these 

controls with another measurement to bring different results. Finally, the research data 
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depends on the UK banks' annual reports from 2015 to 2019 and may use another context 

and period that promotes significant results. Hence, the current thesis's insignificant results 

seem to be expected in earlier literature (see subsection 4.7.3.2.3). 

Table 7-4 Two Examples Reflect Quantile Regression Insignificant Control Variables Findings 

Bank Name Marks & Spencer Financial Services Plc 
(X) 

FCMB Bank (UK) Limited 
(Y) 

Year 2015 2015 

Dependent Variable  
(ROA and ROE) 

ROA = 0.006 ROA = 0.006 

 ROE = 0.016 ROE = 0.103 

Independent Variable 
(AMLCTF Disclosure Score) 

0.120 0.000 

Control Variables   

Board Size 11 7 

Board Independence 0.182 0.286 

Audit Committee Size 0 4 

Board Female 0.182 0.000 

Big4 Audit Firms Yes No 

Audit tenure 1 1 

Capital Adequacy 0.061 0.383 

Management Quality 4.747 7.762 

Liquidity 0.002 0.307 

Bank Size 22.237 18.069 

Age 32 7 

Type of Bank PLC Not PLC 

Nature of Business Other Business 
(Financial intermediation not elsewhere 

classified) 

Bank 

 

7.6.3 Summary of Quantile Regression Results 

In short, AMLCTF disclosure affects bank profitability negatively. The quantile regression 

results of model (2) show that the relationship between bank performance and each of 

these control variables is positive and significant: asset quality and deposits. Besides, Table 

7-3 shows the association of the dependent variables is insignificant with the rest 17 

controls (board size, board independence, audit committee size, board female, big4, audit 

tenure, capital adequacy, liquidity, bank size, the year 2015, 2016, 2017, 2018, age, type of 

bank and nature of business).   
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7.7  Controlling Endogeneity  

The endogeneity issue is likely to appear with the problem of omitted variables, model 

misspecification and reverse causality associations between the dependent and 

independent variables (Enache & Hussainey, 2020; Habib et al., 2018).  These problems can 

influence the reliability of the study findings and conclusions. According to the discussion in 

6.7, prior literature suggests some procedures to deal with endogeneity (Abdel-Fattah, 

2008; Elsayed, 2010; Enache & Hussainey, 2020; Habib et al., 2018; Ibrahim, 2017; Larcker & 

Rusticus, 2010). First, do-nothing. This technique is not practical as it ignores the problem 

that exists. Second, adding several control variables to solve the issue of omitted variables. 

Thus, the study checks for the omitted variables issue by performing the Ramsey RESET test.  

The results in Table 0-12 indicate the occurrence of omitted variables in model (2) with a 

probability of 0.000. Accordingly, the current research includes 20 controls related to 

corporate governance mechanisms, bank-specific characteristics (CAMEL except for 

earnings), other bank-related variables and annual report year dummies to treat 

endogeneity. Third, implement the lag approach to treat reverse causality by including a lag 

of one year (t-1) between the dependent and independent variables in model (2). Fourth, 

run the Hausman specification test to solve the issue of model misspecification by choosing 

between the fixed- and random-effect models (Mathuva et al., 2020; Saha & Kabra, 2022). 

The test results in Table 7-5 show a p-value of 0.00 (p-value ˂ 0.05) for both the dependent 

variables. These outcomes recommend using fixed-effect regression. However, the current 

thesis implements the second and third approaches for controlling endogeneity.  

Table 7-5 Hausman (1978) Specification Test for Model (2) 

Hausman (1978) specification test 
 

 The Dependent Variable is 
ROA 

The Dependent Variable is 
ROE 

   Coef Coef 

Chi-square test value 68.006 140.373 

 P-value 0 0 
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7.8  Further Analyses  

After conducting quantile regression in section 7.5, the research analysis is extended by 

running the robust multiple linear regression and lag approach (t-1). The reason for 

implementing robust regression is to minimise outliers' negative impact, while the lag 

technique helps control endogeneity issues. Hence, performing several regressions ensure 

the research conclusions are not method-driven and confirm the results (Abdel-Fattah, 

2008; Cooke, 1998). The following subsections discuss the findings of further analyses. 

7.8.1 Robust Multiple Linear Regression 

One of the advantages of performing robust regression is to lower the impact of unusual 

and influential data (Abdel-Fattah, 2008). For model (2), the thesis runs the analysis twice by 

using ROA as a proxy for the dependent variable in the first test. Then, the ROE replaces 

ROA in the second trial. Table 7-6 Panel K represents the robust multiple linear regression 

results when the dependent variable is ROA with an r-squared is 8.2%. Besides, Table 7-6 

Panel L displays the findings when bank performance is ROE and implies an r-squared of 

7.8%, which is lower than the r-squared for ROA. These outcomes indicate that ROA is 

better than ROE in explaining the study sample outputs by 0.4%. Also, Table 7-6 shows that 

AMLCTF disclosure negatively affects bank performance (ROA and ROE) and the significant 

level is 5% (Table 7-6 Panel K Coef = -0.018 and p-value = 0.036; Table 7-6 Panel L Coef = -

0.131 and p-value = 0.011).  These results are consistent with quantile regression outcomes 

in Table 7-3 but incompatible with research expectations (positive and significant) and 

theoretical perspectives (agency, signalling and economic theories).  

Regarding control variables, the relationship between bank performance and board 

independence is positive and significant at 10% (Table 7-6 Panel K Coef = 0.026 and p-value 

= 0.071; Table 7-6 Panel L Coef = 0.128 and p-value = 0.069). On the other hand, Table 7-6 

Panel K shows that only ROA association is positive and significant with board female at 5% 

(Coef = 0.059 and p-value = 0.037) and bank age at 10% (Coef = 0.0005 and p-value = 0.078). 

Nevertheless, the association is positive and insignificant between ROA and 9 controls: audit 

committee size, audit tenure, asset quality, liquidity, the year 2015-2018 and nature of 

business. At the same time, the relationship is negative and insignificant between ROA and 7 

controls: board size, big4 audit firms, capital adequacy, management quality, deposits, bank 

size and type of bank. 
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Equally, Table 7-6 Panel L displays a positive and insignificant relationship between ROE   

and each of these 10 controls: board size, audit committee size, board female, big4 audit 

firms, asset quality, management quality, liquidity, age, type of bank and nature of business. 

Likewise, the ROE relationship is negative and insignificant with each of these 8 controls: 

audit tenure, capital adequacy, deposits, bank size, and the years 2015-2018.  

.
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Table 7-6 Robust Multiple Linear Regression for Model (2) 

Panel K: The Dependent Variable is ROA 

 

ROA  Coef.  St.Err.  t-

value 

 p-

value 

 [95% 

Conf 

 Interval]  Sig 

Disclosure Score -.018 .009 -2.10 .036 -.035 -.001 ** 
Board Size -.0003 .001 -0.31 .755 -.002 .001  

Board Independence .026 .014 1.81 .071 -.002 .054 * 

Audit Committee Size .001 .001 1.05 .296 -.001 .003  
Board Female .059 .028 2.09 .037 .003 .114 ** 

Big4 Audit Firms -.014 .011 -1.33 .185 -.036 .007  
Audit Tenure .003 .004 0.67 .503 -.005 .01  

Capital Adequacy -.033 .041 -0.79 .429 -.113 .048  

Asset Quality .012 .009 1.43 .153 -.005 .029  
Management Quality -.00002 .00004 -0.43 .667 -.0001 .0001  

Liquidity .024 .034 0.72 .474 -.043 .091  

Deposits -.023 .025 -0.92 .359 -.071 .026  
Log Bank Size -.004 .004 -1.05 .295 -.011 .003  

YD 2015 .004 .017 0.26 .795 -.029 .038  

YD  2016 .002 .013 0.18 .857 -.024 .029  
YD 2017 .00003 .011 0.00 .998 -.021 .021  

YD 2018 .001 .009 0.06 .953 -.017 .018  

YD 2019 0 Omitted  
Age .00005 .00003 1.77 .078 -0.00001 .0001 * 

Type of Bank -.008 .006 -1.39 .167 -.018 .003  

Nature of Business .0001 .005 0.02 .981 -.01 .01  
Constant .092 .092 1.01 .314 -.088 .272  

 

Mean dependent var 0.008 SD dependent var  0.051 

R-squared  0.082 Number of obs   625.000 
F-test   1.676 Prob > F  0.033 

Akaike crit. (AIC) -1968.146 Bayesian crit. (BIC) -1874.953 

*** p<.01, ** p<.05, * p<.1 
 

 

Panel L: The Dependent Variable is ROE 

 

ROE  Coef.  St.Err.  t-

value 

 p-

value 

 [95% 

Conf 

 Interval]  Sig 

Disclosure Score -.131 .051 -2.56 .011 -.232 -.03 ** 
Board Size .005 .007 0.68 .499 -.009 .018  

Board Independence .128 .07 1.82 .069 -.01 .266 * 

Audit Committee Size .009 .011 0.85 .394 -.012 .031  
Board Female .44 .313 1.40 .161 -.176 1.055  

Big4 Audit Firms .031 .087 0.35 .723 -.14 .202  
Audit Tenure -.025 .044 -0.56 .576 -.111 .062  

Capital Adequacy -.43 .475 -0.91 .366 -1.364 .503  

Asset Quality .055 .037 1.47 .141 -.018 .128  
Management Quality .0001 .0003 0.40 .691 -.0004 .001  

Liquidity .424 .409 1.04 .3 -.38 1.228  

Deposits -.248 .284 -0.87 .382 -.805 .309  
Log Bank Size -.035 .042 -0.84 .4 -.118 .047  

YD 2015 -.129 .195 -0.66 .509 -.512 .254  

YD 2016 -.113 .151 -0.75 .454 -.41 .183  
YD 2017 -.081 .12 -0.67 .502 -.317 .155  

YD 2018 -.058 .092 -0.63 .526 -.24 .123  

YD 2019 0 Omitted  
Age .0001 .0002 0.40 .691 -.0003 .0004  

Type of Bank .008 .049 0.17 .864 -.088 .105  

Nature of Business .032 .045 0.72 .47 -.055 .12  
Constant .897 1.067 0.84 .401 -1.197 2.992  

 

Mean dependent var 0.062 SD dependent var  0.426 

R-squared  0.078 Number of obs   625.000 
F-test   2.007 Prob > F  0.006 

Akaike crit. (AIC) 695.666 Bayesian crit. (BIC) 788.858 

*** p<.01, ** p<.05, * p<.1 
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7.8.2 Lag Approach – Multiple Linear Regression 

The study decides to implement a lag technique to solve the occurrence of reverse causality 

and to confirm quantile findings (see sections 7.5 and 7.6). The thesis runs the lag approach 

for model (2) twice by using the lag of ROA only in the first test and replacing it with the lag 

of ROE in the second regression run.  Table 7-7 Panel M highlights model (2) r-squared of 

13.6% when the dependent variable is the lag of ROA, while Table 7-7 Panel N shows an r-

squared of 14.6% when the dependent variable is the lag of ROE. These figures confirm that 

the lag approach results explain the research sample better than the robust multiple linear 

regression r-squared of 8.2% when the dependent is ROA and 7.8% when the dependent is 

ROE. Also, Table 7-7 expresses a negative and significant relationship between bank 

performance and AMLCTF disclosure at 5% with a lag of ROA and 1% with a lag of ROE 

(Table 7-7 Panel M Coef = -0.024 and p-value = 0.017; Table 7-7 Panel N Coef = -0.164 and p-

value = 0.000). Hence, these outcomes are inconsistent with research expectations (positive 

and significant) and the theoretical viewpoints (agency, signalling and economic theories). 

For the control variables in model (2), the association between the lag of bank performance 

and board independence is positive and significant at 1% for the lag of ROA (Table 7-7 Panel 

M Coef = 0.027 and p-value = 0.003) and 10% for the lag of ROE (Table 7-7 Panel N Coef = 

0.068 and p-value = 0.062). Likewise, the relationship between the lag of bank performance 

and board female is positive and significant at 5% for the lag of ROA (Table 7-7 Panel M Coef 

= 0.037 and p-value = 0.024) and 1% for the lag of ROE (Table 7-7 Panel N Coef = 0.181 and 

p-value = 0.005). Similarly, the association between the lag of profitability and audit tenure 

is positive and significant at 1% (Table 7-7 Panel M Coef = 0.007 and p-value = 0.000; Table 

7-7 Panel N Coef = 0.024 and p-value = 0.002). At the same time, the relationship between 

the dependent variable and age is positive and significant at 5% (Table 7-7 Panel M Coef = 

0.0001 and p-value = 0.045; Table 7-7 Panel N Coef = 0.0002 and p-value = 0.043). 

In contrast, there is a negative and significant association between the dependent variable 

and big4 audit firms at 1% (Table 7-7 Panel M Coef = -0.023 and p-value = 0.001; Table 7-7 

Panel N Coef = -0.086 and p-value = 0.001). Nevertheless, there is a negative and significant 

relationship between the lag of ROA and the type of bank at 1%  (Table 7-7 Panel M Coef = -

0.012 and p-value = 0.006). However, when the lag of ROE replaces the lag of ROA, the 

significance level appears at 10% (Table 7-7 Panel N Coef = -0.031 and p-value = 0.069). 
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Further, Table 7-7 Panel M shows that the association between the lag of ROA and the 

control variables 2018 and 2019 is negative and significant at 10%. For the year 2018, the 

Coef is -0.01, and the p-value is 0.081, while for the year 2019, the Coef is -0.013, and the p-

value is 0.051.   

On the other hand, Table 7-7 indicates a positive and insignificant relationship between the 

dependent variable and the following controls: capital adequacy, assets quality and deposits 

and bank size when the dependent is the lag of ROE. Also, the association is negative and 

insignificant between the lag of bank performance and these controls: board size, audit 

committee size, management quality, liquidity, bank size (when the dependent is the lag of 

ROA), 2017, and nature of business. Besides, the findings are negative and insignificant for 

2018 and 2019 when the dependent is the lag of ROE only.



211 
 

Table 7-7 Lag Approach (t-1) - Multiple Linear Regression Results for Model (2) 

Panel M: The Dependent Variable Lag ROA (t-1) 

 

 lag_ROA (t-1) Coef. St.Err. t-

value 

p-

value 

[95% 

Conf 

Interval] Sig 

Disclosure Score -.024 .01 -2.39 .017 -.044 -.004 ** 

Board Size -.0001 .001 -0.09 .931 -.002 .002  

Board Independence .027 .009 2.94 .003 .009 .045 *** 

Audit Committee Size -.0002 .001 -0.18 .856 -.002 .002  

BoardFemale .037 .016 2.26 .024 .005 .068 ** 

Big4 Audit Firm -.023 .007 -3.47 .001 -.037 -.01 *** 

Audit Tenure .007 .002 3.58 .000 .003 .011 *** 

Capital Adequacy .01 .016 0.62 .538 -.021 .041  

Assets Quality .008 .007 1.11 .267 -.006 .023  

Management Quality -.0001 .0001 -0.55 .585 -.0002 .0001  

Liquidity -.012 .01 -1.18 .24 -.032 .008  

Deposits .003 .008 0.37 .709 -.013 .019  

Log Bank Size -.0002 .001 -0.17 .863 -.003 .002  

YD 2015 0 Omitted  

YD 2016 0 Omitted  

YD 2017 -.006 .005 -1.14 .253 -.016 .004  

YD 2018 -.01 .006 -1.75 .081 -.022 .001 * 

YD 2019 -.013 .007 -1.96 .051 -.026 .00004 * 

Age .0001 .00002 2.01 .045 .000001 .0001 ** 

Type of Bank -.012 .004 -2.78 .006 -.02 -.003 *** 

Nature of Business -.003 .004 -0.75 .452 -.012 .005  

Constant .01 .028 0.36 .721 -.044 .064  

 

Mean dependent var 0.007 SD dependent var  0.041 

R-squared  0.136 Number of obs   500.000 

F-test   3.990 Prob > F  0.000 

Akaike crit. (AIC) -1809.974 Bayesian crit. (BIC) -1725.682 

*** p<.01, ** p<.05, * p<.1 
 

Panel N: The Dependent Variable Lag ROE (t-1) 

 

 lag_ROE (t-1) Coef. St.Err. t-

value 

 p-

value 

[95% 

Conf 

Interval] Sig 

Disclosure Score -.164 .04 -4.12 .000 -.243 -.086 *** 

Board Size -.00003 .003 -0.01 .991 -.006 .006  

Board Independence .068 .037 1.87 .062 -.003 .14 * 

Audit Committee Size -.003 .005 -0.64 .524 -.012 .006  

Board Female .181 .064 2.80 .005 .054 .307 *** 

Big4 Audit Firms -.086 .027 -3.21 .001 -.138 -.033 *** 

Audit Tenure .024 .008 3.07 .002 .009 .039 *** 

Capital Adequacy .031 .063 0.49 .626 -.093 .154  

Assets Quality .046 .03 1.55 .123 -.012 .104  

Management Quality -.0002 .0004 -0.45 .651 -.001 .001  

Liquidity -.041 .041 -0.99 .324 -.121 .04  

Deposits .049 .032 1.52 .129 -.014 .113  

Log Bank Size .007 .005 1.45 .146 -.002 .016  

YD 2015 0 Omitted  

YD 2016 0 Omitted  

YD 2017 -.032 .021 -1.54 .125 -.073 .009  

YD 2018 -.031 .023 -1.33 .183 -.077 .015  

YD 2019 -.041 .027 -1.56 .12 -.093 .011  

Age .0002 .0001 2.03 .043 .00001 .0004 ** 

Type of Bank -.031 .017 -1.82 .069 -.064 .002 * 

Nature of Business -.015 .018 -0.82 .412 -.049 .02  

Constant -.112 .109 -1.02 .308 -.327 .103  

 

Mean dependent var 0.049 SD dependent var  0.164 

R-squared  0.146 Number of obs   500.000 

F-test   4.329 Prob > F  0.000 

Akaike crit. (AIC) -428.980 Bayesian crit. (BIC) -344.688 

*** p<.01, ** p<.05, * p<.1   
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7.9  Chapter Summary 

This chapter answers the study's third question regards the economic consequences of 

AMLCTF disclosure. In model (2), the research uses two proxies for the dependent variable 

bank performance: ROA and ROE. The independent variable is the AMLCTF disclosure score, 

and the 20 control variables include corporate governance mechanisms (6 factors), bank-

specific characteristics (4 variables), other bank-related variables (5 factors) and annual 

report year dummies (from 2015 to 2019). The chapter represents the descriptive statistics 

of these variables and performs the correlation test. Both Pearson- and Spearman 

Correlation tests in Table 0-17 and Table 0-18 indicate no collinearity issues as the p-value is 

lower than 70%-80% (Abdel-Fattah, 2008; Alsaeed, 2006; Elsayed, 2010; Ibrahim, 2017). 

Also, the research conducts regression diagnostics (linearity, normality, homoscedasticity, 

multicollinearity, and autocorrelation) to check the data sample fitness within parametric or 

non-parametric statistical tests. Thus, Appendix D.1  shows these checks in more detail and 

concludes that the parametric statistical test is not applicable for the research analysis upon 

not meeting the regression assumptions.  

Therefore, the study depends on a non-parametric statistical test (quantile regression) and 

runs further robust multiple linear and lag approach regressions to confirm the findings. 

Accordingly, Table 7-8 shows that AMLCTF disclosure negatively affects bank performance. 

These findings conflict with the research hypothesis H3.9 and mean that bank profitability 

decreases with the increases in AMLCTF disclosures. This decline may occur due to the cost 

of AMLCTF implementations (Mohamud, 2017; Murithi, 2013). Indeed, firms with high 

profits tend to disclose more combating financial crime information to enhance the bank's 

reputation and customers' confidence in its secure financial operations.  Magnusson (2009) 

notes that implementing AMLCTF regulations heavily increases an organisation's 

expenditures. Likewise, Johansen & Plenborg (2013) clarify that information in annual 

reports is prioritised based on disclosure demands and the cost of resources used for 

publishing. Besides. Mohamud (2017) states that the costs paid for employing AML reduce 

bank earnings. Also, Murithi (2013) expresses that AML information increases disclosure 

costs due to increasing other related costs, for example, AML monitoring, screening, and 

training. 



213 
 

Consequently, firms that comply with AMLCTF regulations and disclose the related 

information in the annual reports face reductions in their financial performance compared 

to those with no or lower levels of AMLCTF disclosure. Besides, Table 7-8 reveals an 

insignificant relationship between bank performance and 19 control variables (board size, 

board independence, audit committee size, board female, big4, audit tenure, capital 

adequacy, asset quality, management quality, liquidity deposits, bank size, 2015, 2016, 

2017, 2018, age, type of bank and nature of business).  
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Table 7-8 Summary of Regressions Coefficient Signs and Significant levels for Model (2) 

Panel O: The Dependent Variable is ROA Panel P: The Dependent Variable is ROE  

Variable Quantile (50) 
Regression 

Robust 
Regression 

Lag Approach 
(t-1) 

Variable Quantile (50) 
Regression 

Robust 
Regression 

Lag Approach 
(t-1) 

Expected 
Relationship 

Dependent ROA 
 

Lag ROA Dependent ROE 
 

Lag ROE  

Independent    
 

    

Disclosure Score -** -** -** Disclosure Score -*** -** -*** + 

Control Variables         

Board Size - - - Board Size - + - + 

Board Independence - +* +*** Board Independence + +* +* + 

Audit Committee Size - + - Audit Committee Size - + - + 

Board Female + +** +** Board Female + + +*** + 

Big4 Audit Firms + - -*** Big4 Audit Firms + + -*** + 

Audit Tenure +** + +*** Audit Tenure + - +*** + 

Capital Adequacy +** - + Capital Adequacy - - + + 

Asset Quality +** + + Asset Quality +** + + + 

Management Quality - - - Management Quality - + - + 

Liquidity -*** + - Liquidity - + - +/- 

Deposits +*** - + Deposits +*** - + + 

Log Bank Size + - - Log Bank Size +** - + + 

YD2015 + + Omitted YD2015 + - Omitted + 

YD2016 + + Omitted YD2016 - - Omitted + 

YD2017 + + - YD2017 + - - + 

YD2018 + + -* YD2018 + - - + 

YD2019 Omitted Omitted -* YD2019 Omitted Omitted - + 

Age - +* +** Age + + +** + 

Type of Bank - - -*** Type of Bank - + -* + 

Nature of Business -* + - Nature of Business + + - + 

Constant - + + Constant -** + -  

*** P<.01, ** P<.05, * P<.1         
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Chapter Eight:  Conclusion 

8.1 Research Summary 

This research examines the AMLCTF disclosure in the UK banking sector, its determinants 

and economic consequences. Also, the thesis highlights the UK’s efforts in fighting ML and 

TF through the laws and regulations. Besides, it represents some international organisations 

that work hard to combat ML and TF hazards, such as FATF, IMF, and BIOG. In addition, the 

study depends on the agency, signalling, crying wolf, transparency-stability, transparency-

fragility and economic theories in developing its theoretical framework and hypotheses. 

Although the earlier AMLCTF disclosure studies are limited, to the best of the researcher's 

knowledge, the current thesis identifies prior research gaps and decides the methodology 

that is used to answer the thesis questions.  

The first research question is ‘What is the level of AMLCTF disclosure in annual reports of 

the UK banking sector?’. The thesis developed a new comprehensive AMLCTF disclosure 

index to answer this question, and the results show the AMCTF disclosure score average is 

0.227. This score is higher than prior AMLCTF literature averages of Nobanee & Ellili (2017) 

and Siddique et al. (2021). However, the results imply that the AMLCTF information in the 

UK banks' annual reports is low. Thus, the UK law authority may need to find some methods 

to increase the disclosure requirements.  Nevertheless, the study finds the AMLCTF 

declarations improve over time. These improvements indicate that the financial firms are 

concerned about signalling their efforts to prevent ML and TF and reduce information 

asymmetry by raising disclosures.  

Moreover, the thesis calculates the total actual scores of each index category and item to 

understand the kind of AMLCTF information that is likely to be disclosed more than others in 

reporting. The results show that the highest category scored is ‘Rist Context’ due to the 

potential negative impacts of ML and TF on the bank's survival and reputation. For the same 

reason, the outcomes show that the highest item scored is ‘Financial Crime, Cyber Crime, 

Organised Crime Risk, Corruption Risk, Bribery Risk, Money Laundering Risk, Counter-

Terrorist Financing Risk and Fraud Risk’. On the other hand, the lowest category scored is 

the ‘know Your Customers’ upon the confidentiality of information; the banks tend to 

disclose it in a limited manner. Besides, the minimum item scored is ‘Reports of 
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International Transportation of Currency, Cross-Border Movements of Currency, Currency 

Transactions Report (CTR) and Foreign Currency Movements or Transfers’ due to the banks' 

intention regarding the crimes attached to these services are minimal.  

The second research question is, ‘Which corporate governance mechanisms drive the 

AMLCTF disclosure?’. Underpinning agency theory, the results indicate that board 

independence, audit committee size and board female are the determinants of AMLCTF 

disclosure. Therefore, banks can improve AMLCTF disclosure by appointing more 

independent board members. Moreover, the banks may enhance the disclosure by 

increasing the audit committee size. The UK corporate governance code states the size to be 

at least 3 or 2 members in small firms (Financial Reporting Council, 2018). Hence, the 

greater audit committee size reflects more knowledge and experience, which is likely 

leading to expanding the AMLCTF declaration levels. Besides, the findings show that 

appointing female board members negatively influences disclosure. The adverse results may 

occur due to the females' emotional intentions.  Thus, banks may reduce board gender 

diversity to avoid reducing AMLCTF disclosures. Regarding the control variables, there is a 

significant relationship between AMLCTF disclosure and each of these controls: bank size 

and the nature of business. 

The thesis's last question is, ‘What is the influence of the AMLCTF disclosure on the UK 

banking sector performance?’. Depending on the agency, signalling and economic theories, 

the findings conflict with the research hypothesis and show that AMLCTF disclosure 

negatively impacts bank performance. Accordingly, banks with greater AMLCTF information 

are likely engaged with the potential of paying more costs for AMLCTF implementation. 

These costs are probably reducing their profitability.  

8.2 Research Implications 

The research analysis and findings propose multiple practical implications. The development 

of the AMLCTF disclosure index may benefit law authorities. It may assist the UK 

policymakers and international institutions in setting a global index or checklist for best 

practices of AMLCTF reporting via reviewing the current index contents. In addition, 

regulatory bodies may launch techniques or schemes that help promote institutions' 

declarations. For instance, appointed authorities regularly evaluate AMLCTF disclosure and 
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rank the firms based on the assessment outcomes. This method may create a competitive 

advantage by encouraging the firms to improve AMLCTF efforts and reporting. Also, it may 

strengthen the weak aspects toward best combating ML and TF procedures. The assessment 

may guide the policymakers to figure out the tightness and looseness of the banking 

industry in preventing these crimes.  

Besides, this thesis provides a better understanding of corporate governance mechanisms 

that influence AMLCTF reporting and highlights the disclosures' economic consequences. 

Also, the thesis depends on a number of theories to explain the research models and 

anticipate the relationship between the model's variables. These theories may assist in 

promoting the regulators' decision to enhance AMLCTF disclosure policies. 

Moreover, through the study results, the low levels of AMLCTF disclosure suggest enhancing 

the reporting levels and increasing the transparency to satisfy the interest of annual report 

readers and make them aware of the banking context safety against ML and TF crimes. Also, 

declaring AMLCTF information helps maintain the stakeholders' faith and attract new 

investment. Further, the thesis suggests new areas for future research (see section 8.3)  due 

to the limited number of prior AMLCTF disclosure studies. The researchers' contributions 

may support the firms' AMLCTF practices and enhance the level and quality of AMLCTF 

information. 

8.3 Limitations and Future Research 

Although this research contributes to the AMLCTF disclosure literature, it has some 

limitations and provides suggestions for future research. First, the thesis covers 625 

observations (40%) out of 1545 in the list compiled by the bank of England on 30th April 

2019 for several reasons mentioned in subsection 4.7.1.  The study focuses on the UK 

financial sector, particularly banks, and do not recognise the non-financial sector disclosures 

in fighting ML and TF. Therefore, the research conclusions are likely to be applied more to 

the UK banking sector or any developed country with the same financial service context. 

Thus, to extend the number of observations in future studies, the researchers may compare 

the disclosure level of financial firms with non-financial businesses and resemble the 

declarations between developed and developing countries. Such research may assist in 
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understanding the similarities and differences in reporting AMLCTF and enhance the 

policymakers' requirements for better fighting the risk of ML and TF. 

Second,  the study analyses of AMLCTF disclosure depend on the data and information in 

annual reports. Thus, future research may extend the medium beyond yearly reports to 

include other information hubs, such as the firm's interim reports, websites, AMLCTF 

records, disclosure forms and social media announcements.  

Third, the research depends only on a quantitative approach to examine AMLCTF disclosure 

behaviour, determinants and consequences. Hence, future research may use the qualitative 

approach, such as designing questionnaires and conducting interviews to assess the reality 

of disclosed information in annual reports.  The qualitative approach is likely better for 

understanding the thesis results and looking at the AMLCTF disclosure phenomenon in 

depth. 

Fourth, although the development of the AMLCTF disclosure index depends on different 

sources, future researchers can still extend the index content based on updates available for 

the same resources used to generate this thesis index. These updates include amendments 

to AMLCTF laws and regulations and international organisations' standards.  Also, the 

updates are likely affected by criminals' never-ending invented techniques to perform illicit 

operations. Besides, the updates are influenced by the country's efforts and assessments for 

ML and TF risks and checking the compliance level with international requirements and 

recommendations.  

Fifth, from the theoretical perspective, the thesis uses the transparency-fragility theory to 

confirm hypotheses H3.1 and H3.2 aside from assessing the banks' engagement in ML and 

TF operations. Accordingly, future studies may use this theory to examine AMLCTF 

disclosure scores for the banks that are suspected of financial crimes or are punished by law 

enforcement bodies and evaluate the disclosure drivers. In addition, other researchers may 

check the AMLCTF declaration of fined firms and its impact on reputation.   

Sixth, the study focuses the analysis of the AMLCTF disclosure determinants on a limited 

number of corporate governance mechanisms (board size, board independence, audit 

committee size, board gender diversity, big4 and audit tenure). The thesis uses these 

variables based on reviewing previous literature and the current study's theoretical 
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framework. Consequently, future research may expand the assessment of AMLCT disclosure 

drivers by obtaining different corporate governance mechanisms, such as managerial 

ownership and other board characteristics that are not evaluated in the current study (for 

example, expertise, meetings, compensations and age). 

Seventh, the thesis limited the AMLCTF declaration's economic consequences by relying on 

the accounting-based performance variables. The analysis does not include market-based 

performance factors due to the lack of data in the databases that are utilised in the recent 

study and financial data limitations in the sample annual reports that are collected from the 

Companies House service website. Thus, other researchers may test the AMLCTF disclosure 

impact on firm performance by examining market-based performance variables, such as 

Tobin-Q, price-earnings ratio, and market-to-book value.   

Finally, the study is limited to scoring AMLCTF disclosure without considering the reporting 

quality. Hence, future studies may be interested in looking at the AMLCTF information tone, 

whether positive or negative.  Also, the researchers may examine the AMLCTF declaration 

readability and the extent to which the disclosures satisfy the shareholders' needs. 
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Appendices 
A. Chapter Four 

Table 0-1 List of the Research Sample Banks 

No Bank Name No. Bank Name 
 

1   Abbey National Treasury Services Plc 64  J.P. Morgan Securities plc 

2  ABC International Bank Plc 65  Jordan International Bank Plc 

3  Access Bank UK Limited, The 66  Julian Hodge Bank Limited 

4  ADIB (UK) Ltd 67  Kexim Bank (UK) Ltd 

5  Ahli United Bank (UK) PLC 68  Kingdom Bank Ltd 

6  AIB Group (UK) Plc 69  Lloyds Bank Plc 

7  Al Rayan Bank PLC 70  Macquarie Bank International Ltd 

8  Alliance Trust Savings Limited 71  Marks & Spencer Financial Services Plc 

9  Alpha Bank London Limited 72  Melli Bank plc 

10  Arbuthnot Latham & Co Limited 73  Methodist Chapel Aid Limited 

11  Axis Bank UK Limited 74  Metro Bank PLC 

12  Bank Mandiri (Europe) Limited 75  Mizuho International Plc 

13  Bank of Beirut (UK) Ltd 76  Morgan Stanley Bank International Limited 

14  Bank of Ceylon (UK) Ltd 77  National Bank of Egypt (UK) Limited 

15  Bank of China (UK) Ltd 78  National Bank of Kuwait (International) Plc 

16  Bank of Ireland (UK) Plc 79  National Westminster Bank Plc 

17  Bank of London and The Middle East plc 80  NatWest Markets Plc 

18  Bank of Scotland plc 81  Nomura Bank International Plc 

19  Bank of the Philippine Islands (Europe) 
PLC 

82  
Northern Bank Limited 

20  Bank Saderat Plc 83  OakNorth Bank plc 

21  Bank Sepah International Plc 84  Paragon Bank Plc 

22  Barclays Bank Plc 85  PCF Bank Limited 

23  BFC Bank Limited 86  Persia International Bank Plc 

24  Bira Bank Limited 87  Philippine National Bank (Europe) Plc 

25  BMCE Bank International plc 88  Punjab National Bank (International) Limited 

26  British Arab Commercial Bank Plc 89  QIB (UK) Plc 

27  Brown Shipley & Co Limited 90  R. Raphael & Sons Plc 

28  CAF Bank Ltd 91  Rathbone Investment Management Limited 

29  Cambridge & Counties Bank Limited 92  RBC Europe Limited 

30  Cater Allen Limited 93  Reliance Bank Ltd 

31  Charity Bank Limited, The 94  Royal Bank of Scotland Plc, The 

32  Charter Court Financial Services Limited 95  Sainsbury’s Bank Plc 

33  China Construction Bank (London) 
Limited 

96  
Santander UK Plc 

34  CIBC World Markets Plc 97  Schroder & Co Ltd 

35  Close Brothers Limited 98  Scotiabank Europe Plc 

36  Clydesdale Bank Plc 99  Secure Trust Bank Plc 

37  Credit Suisse (UK) Limited 100  SG Kleinwort Hambros Bank Limited 

38  Credit Suisse International 101  Shawbrook Bank Limited 

39  Crown Agents Bank Limited 102  Smith & Williamson Investment Services 
Limited 

40  Cynergy Bank Limited  103  Sonali Bank (UK) Limited 

41  DB UK Bank Limited 104  Standard Chartered Bank 

42  EFG Private Bank Limited 105  Sumitomo Mitsui Banking Corporation Europe 
Limited 

43  Europe Arab Bank plc 106  Tandem Bank Limited 
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44  FBN Bank (UK) Ltd 107  TD Bank Europe Limited 

45  FCMB Bank (UK) Limited 108  Tesco Personal Finance Plc 

46  Gatehouse Bank Plc 109  Bank of New York Mellon (International) 
Limited, The 

47  Ghana International Bank Plc 110  TSB Bank plc 

48  Goldman Sachs International Bank 111  Turkish Bank (UK) Ltd 

49  Guaranty Trust Bank (UK) Limited 112  Ulster Bank Ltd 

50  Gulf International Bank (UK) Limited 113  Union Bank of India (UK) Limited 

51  Hampden & Co Plc 114  Union Bank UK Plc 

52  Hampshire Trust Bank Plc 115  United Bank for Africa (UK) Limited 

53  Havin Bank Ltd 116  United National Bank Limited 

54  HBL Bank UK Limited 117  United Trust Bank Limited 

55  HSBC Bank Plc 118  Unity Trust Bank Plc 

56  HSBC Private Bank (UK) Limited 119  Vanquis Bank Limited 

57  HSBC Trust Company (UK) Ltd 120  Virgin Money plc 

58  ICBC (London) plc 121  Weatherbys Bank Limited 

59  ICBC Standard Bank Plc 122  Wesleyan Bank Limited 

60  ICICI Bank UK Plc 123  Westpac Europe Ltd 

61  Investec Bank PLC 124  Wyelands Bank Plc 

62  Itau BBA International PLC 125  Zenith Bank (UK) Limited 

63   J.P. Morgan Europe Limited   



249 
 

B. Chapter Five 

Table 0-2 Examples of Pilot Study AMLCTF Disclosure Score 

Bank Name Sainsbury’s Bank Plc Santander UK Plc Schroder & Co Ltd 

                                  Year 
Index Item No. 

2015 2016 2017 2018 2019 2015 2016 2017 2018 2019 2015 2016 2017 2018 2019 

1 0 0 0 1 1 1 1 1 1 1 0 0 0 0 0 

2 0 0 1 1 1 1 1 1 1 1 0 0 0 0 0 

3 0 0 1 1 1 1 1 1 1 1 0 0 0 0 0 

4 0 0 0 1 1 0 0 0 0 0 0 0 0 0 0 

5 0 0 0 0 0 1 1 1 1 1 0 0 0 0 0 

Total Category 1 0 0 2 4 4 4 4 4 4 4 0 0 0 0 0 

6 0 0 1 1 1 1 1 1 1 1 0 0 0 0 0 

7 0 0 0 0 0 1 0 1 0 0 0 0 0 0 0 

8 0 0 0 1 1 1 1 1 1 1 0 0 0 0 0 

9 0 0 1 1 1 1 1 1 1 1 0 0 0 0 0 

10 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 

11 0 0 0 0 0 1 1 1 1 1 0 0 0 0 0 

Total Category 2 0 0 2 3 3 5 4 5 4 4 0 0 0 0 0 

12 0 0 0 0 0 1 1 1 1 1 0 0 0 0 0 

13 0 0 0 1 0 0 0 0 1 0 0 0 0 0 0 

14 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 

15 0 0 1 1 1 0 1 1 1 1 0 0 0 0 0 

16 0 0 1 1 1 1 1 1 1 1 0 0 0 0 0 

17 0 0 0 0 1 1 1 1 1 1 0 0 0 0 0 

Total Category 3 0 0 2 3 3 3 4 4 5 4 0 0 0 0 0 

18 0 0 0 0 0 1 0 1 1 0 0 0 0 0 0 

19 0 0 0 0 0 0 0 1 0 0 0 0 0 0 0 

20 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 

21 0 0 0 0 1 1 1 1 1 1 0 0 0 0 0 

22 0 0 0 0 0 1 1 1 1 1 0 0 0 0 0 

23 0 0 0 0 0 1 1 1 0 0 0 0 0 0 0 

Total Category 4 0 0 0 0 1 4 3 5 3 2 0 0 0 0 0 

24 0 0 0 0 0 1 1 1 1 1 0 0 0 0 0 

25 0 0 1 0 1 1 1 1 1 1 0 0 0 0 0 

26 0 0 1 1 1 1 1 1 1 1 0 0 0 0 0 

27 0 0 1 1 1 1 1 1 1 1 0 0 0 0 0 

28 0 0 1 1 1 1 1 1 1 1 0 0 0 0 0 

29 0 0 0 0 0 0 1 1 1 1 0 0 0 0 0 

30 0 0 1 1 1 1 1 1 1 1 0 0 0 0 0 

31 0 0 1 1 1 1 1 1 1 1 0 0 0 0 0 

Total Category 5 0 0 6 5 6 7 8 8 8 8 0 0 0 0 0 

32 0 0 1 1 1 1 1 1 1 1 0 0 0 0 0 
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33 0 0 0 0 1 1 0 1 0 1 0 0 0 0 0 

34 0 0 0 0 1 1 1 1 0 1 0 0 0 0 0 

35 0 0 0 0 0 0 0 0 0 1 0 0 0 0 0 

36 0 0 1 1 1 1 1 1 1 1 0 0 0 0 0 

37 0 0 0 0 0 1 1 1 1 1 0 0 0 0 0 

38 0 0 0 0 0 0 1 0 0 1 0 0 0 0 0 

39 0 0 1 0 1 1 1 1 1 1 0 0 0 0 0 

40 0 0 0 0 0 0 0 1 0 0 0 0 0 0 0 

41 0 0 1 1 1 1 1 1 1 1 0 0 0 0 0 

Total Category 6 0 0 4 3 6 7 7 8 5 9 0 0 0 0 0 

42 0 0 0 0 0 0 0 1 0 0 0 0 0 0 0 

43 0 0 1 0 1 1 1 1 1 1 0 0 0 0 0 

44 0 0 0 0 1 0 1 0 1 1 0 0 0 0 0 

45 0 0 0 0 0 0 1 1 0 0 0 0 0 0 0 

46 0 0 0 0 0 0 1 0 1 0 0 0 0 0 0 

Total Category 7 0 0 1 0 2 1 4 3 3 2 0 0 0 0 0 

47 0 0 0 1 1 1 1 1 1 1 0 0 0 0 0 

48 0 0 1 0 0 1 1 1 1 1 0 0 0 0 0 

49 0 0 0 0 0 0 1 0 1 1 0 0 0 0 0 

50 0 0 1 1 1 0 0 1 1 1 0 0 0 0 0 

Total Category 8 0 0 2 2 2 2 3 3 4 4 0 0 0 0 0 

Total Actual Scores 0 0 19 20 27 33 37 40 36 37 0 0 0 0 0 

Disclosure Scoring % 0 0 0.38 0.4 0.54 0.66 0.74 0.8 0.72 0.74 0 0 0 0 0 



251 
 

Table 0-3 Results of Reliability Krippendorff’s Alpha for Each AMLCTF Disclosure Index Item by STATA 

 

Note: The letters from E to BI represent the index items continually from 1 to 50. 

                                                                               

Test scale                                                   0.2641      0.9472

                                                                               

BI              625    +       0.5502        0.5230          0.2636      0.9461

BH              625    +       0.5980        0.5728          0.2625      0.9458

BG              625    +       0.5353        0.5075          0.2639      0.9462

BF              625    +       0.6346        0.6111          0.2617      0.9456

BD              625    +       0.4099        0.3777          0.2668      0.9469

BC              625    +       0.3735        0.3402          0.2676      0.9471

BB              625    +       0.6180        0.5938          0.2621      0.9457

BA              625    +       0.6734        0.6519          0.2608      0.9453

AZ              625    +       0.2703        0.2346          0.2699      0.9477

AX              625    +       0.6608        0.6386          0.2611      0.9454

AW              625    +       0.5111        0.4823          0.2645      0.9463

AV              625    +       0.6649        0.6430          0.2610      0.9454

AU              625    +       0.4427        0.4115          0.2660      0.9467

AT              625    +       0.5243        0.4960          0.2642      0.9462

AS              625    +       0.7238        0.7050          0.2597      0.9450

AR              625    +       0.4137        0.3815          0.2667      0.9469

AQ              625    +       0.6622        0.6401          0.2611      0.9454

AP              625    +       0.6498        0.6270          0.2614      0.9455

AO              625    +       0.6784        0.6571          0.2607      0.9453

AM              625    +       0.6236        0.5996          0.2620      0.9456

AL              625    +       0.6373        0.6140          0.2617      0.9455

AK              625    +       0.5186        0.4901          0.2643      0.9463

AJ              625    +       0.6555        0.6331          0.2613      0.9454

AI              625    +       0.6893        0.6686          0.2605      0.9452

AH              625    +       0.6105        0.5859          0.2623      0.9457

AG              625    +       0.5999        0.5748          0.2625      0.9458

AF              625    +       0.6492        0.6265          0.2614      0.9455

AD              625    +       0.3789        0.3457          0.2675      0.9471

AC              625    +       0.6018        0.5768          0.2625      0.9458

AB              625    +       0.4867        0.4570          0.2650      0.9464

AA              625    -       0.0447        0.0068          0.2750      0.9489

Z               625    +       0.2850        0.2496          0.2696      0.9476

Y               625    +       0.5419        0.5144          0.2638      0.9461

W               625    +       0.4660        0.4356          0.2655      0.9466

V               625    +       0.6706        0.6489          0.2609      0.9453

U               625    +       0.4412        0.4099          0.2661      0.9467

T               625    +       0.0419        0.0040          0.2750      0.9490

S               625    +       0.4200        0.3881          0.2665      0.9468

R               625    +       0.5308        0.5027          0.2641      0.9462

P               625    +       0.3089        0.2740          0.2690      0.9475

O               625    +       0.4552        0.4244          0.2657      0.9466

N               625    +       0.6572        0.6348          0.2612      0.9454

M               625    +       0.6261        0.6022          0.2619      0.9456

L               625    +       0.5348        0.5069          0.2640      0.9462

K               625    +       0.6510        0.6284          0.2614      0.9455

I               625    +       0.5513        0.5241          0.2636      0.9461

H               625    +       0.1505        0.1132          0.2726      0.9484

G               625    +       0.6583        0.6361          0.2612      0.9454

F               625    +       0.6639        0.6419          0.2611      0.9454

E               625    +       0.6570        0.6346          0.2612      0.9454

                                                                               

Item            Obs  Sign   correlation   correlation     correlation     alpha

                             Item-test     Item-rest       interitem

                                                            Average

Test scale = mean(standardized items)
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C. Chapter Six  

C.1  Regression Diagnostics for Model (1) 

The research checks regression diagnostics to decide the best statistical test (parametric or 

non-parametric) for model (1) analysis. These checks include linearity, normality, 

homoscedasticity, multicollinearity and autocorrelation. Hence, the thesis runs each 

regression diagnostic twice (whenever required, especially in numerical tests) using two 

different proxies for the control variable profitability. Model (1) examines the relationship 

between AMLCTF disclosure and corporate governance mechanisms. Indeed, this model 

implements several control variables, in which the first trial uses ROA, among other 

controls, while the second run replaces the ROA with ROE. Hence, the statistical test is 

parametric if the regression assumptions are satisfied. Otherwise non-parametric. The 

following subsections explain regression diagnostics. 

C.1.1  Checking Linearity 

Testing linearity examines the fitting extent of OLS assumptions within the linear regression 

model. This test is graphically constructed by plotting the dependent variable and 

independent variables (each at a time) or plotting a scatter graph for residual values versus 

independent variables (Elsayed, 2010). These plots should be in a line pattern to validate the 

linearity checking. Accordingly, Figure 0-1 presents the linearity matrix for the AMLCTF 

disclosure score and corporate governance variables.  

 shows the plots of residuals versus governance variables. Hence, both figures exhibit 

random plots with a lack of linearity.  

Figure 0-1 Linearity Matrix of AMLCTF Disclosure Score and Governance Variables 
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Figure 0-2 Checking Linearity by Plotting Residual Values Versus Corporate Governance Variables 

Residual values vs board size 

 

Residual values vs board independence 

 

Residual values vs audit committee size 

 

Residual values vs board female 

 

Residual values vs big4 

 

Residual values vs audit tenure 

 

In addition, Seo (2011) considers the Ramsey RESET test as a valuable check to detect 

linearity problems with a p-value less than 0.05. Also, this test identifies the issue of omitted 

variables that exist in the model and may influence the regression results. Consequently, 

Table 0-4 indicates no linear relationship between the dependent and independent 

variables. The results of model (1) show an F-statistic of 8.16 (when the control variable is 

ROA) and 8.12 (when the control variable is ROE). The probability is 0.000 (p-value ˂ 0.05), 

which is statistically significant at 5%. Similarly, this lack of linearity is common and 

compatible with most previous disclosure literature (Cooke, 1998; Haniffa & Cooke, 2002). 
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Table 0-4 Linearity Checking by Ramsey RESET Test for Model (1) 

Ramsey RESET test for omitted variables 
 

Control variable ROA Control variable ROE 

Omitted: Powers of fitted values of 
DisclosureScore 
H0: Model has no omitted variables 
F(3, 601) =   8.16 
 Prob > F = 0.0000 

Omitted: Powers of fitted values of 
DisclosureScore 
H0: Model has no omitted variables 
F(3, 601) =   8.12 
 Prob > F = 0.0000 

 

C.1.2  Checking Normality 

Addressing normality involves checking the normal distribution of error terms with constant 

mean zero, and variance by plotting the residuals graphically in a histogram or Normal P-P 

plots. The histogram shape should appear as a bell, and the Normal P-P plots should be in a 

straight line pattern to confirm the normality. This checking is helpful to trust the 

hypotheses tests and ensure the residuals lack correlations. Further, Kozak & Piepho (2018) 

state that a diagnostic check is better with standardised residuals to avoid heterogeneous 

variance issues. Therefore, Figure 0-3 demonstrates the histogram results with a non-

normal distribution as the k-density estimates deviate from the upper tail of normal density.  

Figure 0-3 Checking Normality by Kernel Density Plot for Model (1) 
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Figure 0-4 Checking Normality by Normal Probability (P-P) Plot for Model (1) 

Normal P-P plots of standardised residuals 
 

 

Normal P-P plots of residuals 
 

 

 

Alternatively, Shapiro–Wilk test is another way to test for normality (Barakat & Hussainey, 

2013; Field et al., 2012). The test probability should be greater than the significant level of 

0.05 to confirm normality. Thus, Table 0-5 reports residuals and standardised residuals 

probabilities of 0.00001. The results are statistically significant at a 5% level (p-value ˂ 0.05) 

and imply rejecting the normality of residuals and standardised residuals. 

Table 0-5 Checking Normality with Shapiro-Wilk W Test for Model (1) 

 

C.1.3  Checking Homoscedasticity 

Homoscedasticity checks the extent of variance of the error terms (residuals) is constant for 

all variables in the regression model (Field et al., 2012). It is tested graphically by plotting 

the standardised residuals fitted values versus standardised predicted values of the 

dependent variable (Elsayed, 2010) or residuals versus fitted values (Ibrahim, 2017). The 

plot pattern should not be far from zero in the scatter horizontal line. This check is 

appropriate to ensure the inferences and accuracy of regression results.  Furthermore, 

homoscedasticity is the inverse concept of heteroscedasticity. The lack of homoscedasticity 

Shapiro–Wilk W Test for Normal Data 
 

Variable  Observations W V Z Prob>z 

Model (1): Control variable ROA 

Residuals 625 0.985 6.156 4.412 0.00001 

Standardised residuals 625 0.985 5.961 4.334 0.00001 

Model (1): Control variable ROE 

Residuals 625 0.985 6.140 4.406 0.00001 

Standardised residuals 625 0.985 5.961 4.334 0.00001 
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confirms the appearance of heteroscedasticity. Heteroscedasticity graphically occurs when 

the plots spread out from the horizontal line zero. Therefore, Figure 0-5 shows plotting 

spreads from zero, which enhances heteroscedasticity's appearance.  

Figure 0-5 Checking Homoscedasticity Graphically for Model (1) 

Standardised residuals versus standardised 
predicted values of the dependent variable 

 

Residuals versus fitted values 
 

 

 

Simultaneously, heteroscedasticity can be checked statistically by Breusch–Pagan/Cook–

Weisberg test (Al Maskati & Hamdan, 2017; Cooke, 1998) and Cameron & Trivedi's 

decomposition test (González et al., 2021). As a result, Table 0-6 expresses the Breusch–

Pagan/Cook–Weisberg result with a probability value of 0.0000. Likewise, Table 0-7 reports 

Cameron & Trivedi's decomposition findings with heteroscedasticity p-value of 0.00, 

skewness of 0.00 and kurtosis of 0.08. Hence, the results are statistically significant at 5% 

and verify the occurrence of heteroscedasticity and the absence of homoscedasticity. 

Table 0-6 Checking Heteroskedasticity by Breusch–Pagan/Cook–Weisberg Test for Model (1) 

Breusch–Pagan/Cook–Weisberg test for heteroskedasticity 
 

Control variable ROA Control variable ROE 

Assumption: Normal error terms 
Variable: Fitted values of DisclosureScore 
H0: Constant variance 
chi2(1) =  28.84 
Prob > chi2 = 0.0000 

Assumption: Normal error terms 
Variable: Fitted values of DisclosureScore 
H0: Constant variance 
chi2(1) =  28.99 
Prob > chi2 = 0.0000 
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Table 0-7 Checking Heteroskedasticity by Cameron & Trivedi's Decomposition Of IM-Test for Model 
(1) 

Cameron & Trivedi's decomposition of IM-test  (White’s test)    
                                                                                                 

 Control variable  ROA Control variable ROE 

Source chi2 df p chi2 df p 

Heteroskedasticity   305.970 216     0.000 314.590 216 0.000 
Skewness    49.490 20     0.000 49.180 20 0.000 
Kurtosis     3.040 1     0.081 3.030 1 0.082 
Total   358.510 237     0.000 366.800 237 0.000 

 

C.1.4  Checking Multicollinearity 

Another check for regression diagnostics is multicollinearity. It tests the degree of the 

relationships between the independent variables and if any high interactions available may 

carry out weak findings (Alsaeed, 2006).  This check is essential to increase the independent 

variables' statistical power. The study utilises variance inflation factor (VIF) and correlation 

test to check multicollinearity existence. The VIF of the independent variables should not 

exceed a score of 10, and tolerance should not be below 0.2 (Al-Sartawi & Reyad, 2018; 

Orazalin et al., 2016). Accordingly, Table 0-8 shows VIF results for model (1) with two 

proxies for control variable profitability: ROA (Panel A) and ROE (Panel B). In Panel A, the 

VIF's lowest value is  1.033, the highest is 4.02, and the mean is 1.716. In Panel B, the VIF's 

lowest value is 1.033, the highest is 4.028, and the average is 1.717. Both panels’ VIF 

outcomes are less than 10.  

In addition, the tolerance for Panel A displays the lowest value is 0.249, and the highest is 

0.968. Whereas for Panel B, the lowest tolerance is 0.248, and the highest is 0.968, which is 

above 0.2. Meanwhile, the control variable YD 2019 is automatically omitted from both 

tests of VIF and tolerance because of collinearity. Therefore, all the independent variables 

do not suffer from multicollinearity issues except YD 2019.  

Table 0-8 Variance Inflation Factor for Model (1) 

Panel A: Control Variable ROA Panel B: Control Variable ROE 

     VIF   1/VIF 
Tolerance 

 YD 2015 4.02 .249 
 Audit Tenure 2.863 .349 
 YD 2016 2.846 .351 
 YD 2017 2.061 .485 

     VIF   1/VIF 
Tolerance 

 YD 2015 4.028 .248 
 Audit Tenure 2.864 .349 
 YD 2016 2.855 .35 
 YD 2017 2.066 .484 
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 Deposits 1.755 .57 
 Capital Adequacy 1.716 .583 
 YD 2018 1.705 .586 
 Board Size 1.571 .637 
 Bank Size 1.568 .638 
 Board Independence 1.492 .67 
 Audit Committee Size 1.475 .678 
 Asset Quality 1.446 .691 
 Board Female 1.429 .7 
 Big4 1.365 .732 
 Type of Bank 1.364 .733 
 Age 1.229 .814 
 Liquidity 1.202 .832 
 Nature of Business 1.102 .907 
 ROA 1.072 .933 
 Management Quality 1.033 .968 
 Mean VIF 1.716 . 

 

 Deposits 1.765 .567 
 Capital Adequacy 1.725 .58 
 YD 2018 1.709 .585 
 Board Size 1.569 .637 
 Bank Size 1.569 .637 
 Board Independence 1.482 .675 
 Audit Committee Size 1.476 .678 
 Asset Quality 1.443 .693 
 Board Female 1.423 .703 
 Type of Bank 1.35 .741 
 Big4 1.349 .741 
 Liquidity 1.232 .812 
 Age 1.225 .816 
 Nature of Business 1.104 .905 
 ROE 1.067 .937 
 Management Quality 1.033 .968 
 Mean VIF 1.717 . 

 

 

Moreover, the research conducts correlation tests and discusses the results in section 6.3. 

Table 0-9 Panel A and B indicated Pearson Correlation matrix results for parametric 

statistical tests with maximum p-values of -0.60 (negative correlation) and 0.52 (positive 

correlation). Similarly, Table 0-9 Panel C and D show Spearman Correlation for the non-

parametric statistical test with maximum p-values of -0.64 (negative correlation) and 0.54 

(positive correlation). These results are lower than the suggested range by the previous 

literature of 70%-80% and confirm no correlation issues (Elsayed, 2010; Field, 2009; Ibrahim, 

2017). 
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Table 0-9 Pearson and Spearman Correlation Matrix of Model (1) 

Panel A: Model (1) Pearson Correlation Matrix 
(Control Variable ROA) 
 

Variables (1) (2) (3) (4) (5) (6) (7) (8) (9) (10) (11) 

(1) Disclosure Score 1.00           

(2) Board Size 0.31*** 1.00          

(3) Board Independence 0.26*** 0.16*** 1.00         

(4) Audit Committee 0.31*** 0.43*** 0.31*** 1.00        

(5) Board Female  0.18*** 0.37*** 0.10* 0.10* 1.00       

(6) Big4 Audit Firms 0.15*** 0.17*** -0.18*** -0.06 0.19*** 1.00      

(7) Audit Tenure 0.12** 0.02 -0.03 0.04 0.11** 0.04 1.00     

(8) Capital Adequacy -0.20*** -0.30*** 0.04 -0.14*** -0.28*** -0.37*** -0.04 1.00    

(9) Asset Quality 0.08 0.14*** 0.15*** 0.18*** 0.02 0.19*** 0.00 -0.23*** 1.00   

(10) Management Quality 0.04 -0.02 -0.01 0.05 -0.07 0.00 0.03 -0.02 -0.07 1.00  

(11) ROA -0.10* -0.02 0.11** 0.01 0.08* -0.12** 0.04 0.02 -0.00 -0.01 1.00 

(12) Liquidity -0.04 -0.05 -0.07 -0.10* -0.03 -0.08 -0.01 0.16*** -0.26*** -0.00 0.07 

(13) Deposits -0.01 0.04 -0.14*** 0.13** 0.03 0.07 0.02 -0.42*** 0.35*** 0.05 -0.03 

(14) Bank Size 0.42*** 0.31*** 0.35*** 0.19*** 0.32*** 0.10** -0.04 -0.18*** -0.04 -0.02 -0.04 

(15) YD 2015 -0.14*** -0.03 -0.03 -0.06 -0.10** 0.02 -0.60*** 0.03 -0.03 0.01 -0.02 

(16) YD 2016 -0.07 -0.03 -0.00 -0.00 -0.07 0.02 -0.27*** 0.01 -0.02 -0.05 -0.02 

(17) YD 2017 0.02 0.04 0.02 0.01 0.00 0.02 0.05 -0.02 0.02 0.03 -0.01 

(18) YD 2018 0.08* 0.02 -0.01 0.02 0.07 -0.01 0.30*** -0.02 0.02 0.03 0.01 

(19) YD 2019 0.11** 0.00 0.03 0.03 0.10** -0.05 0.52*** -0.01 0.02 -0.02 0.04 

(20) Age 0.09* 0.15*** 0.16*** 0.02 0.29*** 0.04 0.01 -0.20*** -0.03 0.04 0.08 

(21) Type of Bank 0.28*** 0.25*** 0.36*** 0.29*** 0.02 -0.06 -0.03 0.08* 0.08* -0.06 -0.08* 

(22) Nature of Business -0.02 0.05 0.10* 0.19*** -0.12** -0.04 0.01 -0.05 0.10** 0.00 -0.01 

 

Variables (12) (13) (14) (15) (16) (17) (18) (19) (20) (21) (22) 

(12) Liquidity 1.00           

(13) Deposits 0.06 1.00          

(14) Bank size -0.10** -0.24*** 1.00         

(15) YD 2015 -0.01 -0.06 0.02 1.00        

(16) YD 2016 -0.01 0.00 0.02 -0.25*** 1.00       
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(17) YD 2017 -0.01 0.02 0.00 -0.25*** -0.25*** 1.00      

(18) YD 2018 0.01 0.04 -0.02 -0.25*** -0.25*** -0.25*** 1.00     

(19) YD 2019 0.02 -0.00 -0.02 -0.25*** -0.25*** -0.25*** -0.25*** 1.00    

(20) Age -0.03 0.07 0.29*** -0.02 -0.01 -0.00 0.01 0.02 1.00   

(21) Type of Bank -0.08* -0.21*** 0.25*** 0.00 0.00 0.00 -0.00 0.00 -0.07 1.00  

(22) Nature of Business -0.19*** 0.02 0.04 0.00 0.00 0.00 -0.00 0.00 -0.03 0.11** 1.00 

*** p<0.01, ** p<0.05, * p<0.1 

Panel B: Model (1) Pearson Correlation Matrix 
(Control Variable ROE) 
 

Variables (1) (2) (3) (4) (5) (6) (7) (8) (9) (10) (11) 

(1) Disclosure Score 1.00           

(2) Board Size 0.31*** 1.00          

(3) Board Independence 0.26*** 0.16*** 1.00         

(4) Audit Committee 0.31*** 0.43*** 0.31*** 1.00        

(5) Board Female  0.18*** 0.37*** 0.10* 0.10* 1.00       

(6) Big4 Audit Firms 0.15*** 0.17*** -0.18*** -0.06 0.19*** 1.00      

(7) Audit Tenure 0.12** 0.02 -0.03 0.04 0.11** 0.04 1.00     

(8) Capital Adequacy -0.20*** -0.30*** 0.04 -0.14*** -0.28*** -0.37*** -0.04 1.00    

(9) Asset Quality 0.08 0.14*** 0.15*** 0.18*** 0.02 0.19*** 0.00 -0.23*** 1.00   

(10) Management Quality 0.04 -0.02 -0.01 0.05 -0.07 0.00 0.03 -0.02 -0.07 1.00  

(11) ROE -0.05 0.04 0.07 0.03 0.09* -0.01 0.01 -0.02 -0.02 -0.01 1.00 

(12) Liquidity -0.04 -0.05 -0.07 -0.10* -0.03 -0.08 -0.01 0.16*** -0.26*** -0.00 0.15*** 

(13) Deposits -0.01 0.04 -0.14*** 0.13** 0.03 0.07 0.02 -0.42*** 0.35*** 0.05 -0.05 

(14) Bank Size 0.42*** 0.31*** 0.35*** 0.19*** 0.32*** 0.10** -0.04 -0.18*** -0.04 -0.02 -0.02 

(15) YD 2015 -0.14*** -0.03 -0.03 -0.06 -0.10** 0.02 -0.60*** 0.03 -0.03 0.01 -0.02 

(16) YD 2016 -0.07 -0.03 -0.00 -0.00 -0.07 0.02 -0.27*** 0.01 -0.02 -0.05 -0.03 

(17) YD 2017 0.02 0.04 0.02 0.01 0.00 0.02 0.05 -0.02 0.02 0.03 -0.01 

(18) YD 2018 0.08* 0.02 -0.01 0.02 0.07 -0.01 0.30*** -0.02 0.02 0.03 -0.00 

(19) YD 2019 0.11** 0.00 0.03 0.03 0.10** -0.05 0.52*** -0.01 0.02 -0.02 0.06 

(20) Age 0.09* 0.15*** 0.16*** 0.02 0.29*** 0.04 0.01 -0.20*** -0.03 0.04 0.02 

(21) Type of Bank 0.28*** 0.25*** 0.36*** 0.29*** 0.02 -0.06 -0.03 0.08* 0.08* -0.06 -0.01 

(22) Nature of Business -0.02 0.05 0.10* 0.19*** -0.12** -0.04 0.01 -0.05 0.10** 0.00 0.01 

 

Variables (12) (13) (14) (15) (16) (17) (18) (19) (20) (21) (22) 
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(12) Liquidity 1.00           

(13) Deposits 0.06 1.00          

(14) Bank size -0.10** -0.24*** 1.00         

(15) YD 2015 -0.01 -0.06 0.02 1.00        

(16) YD 2016 -0.01 0.00 0.02 -0.25*** 1.00       

(17) YD 2017 -0.01 0.02 0.00 -0.25*** -0.25*** 1.00      

(18) YD 2018 0.01 0.04 -0.02 -0.25*** -0.25*** -0.25*** 1.00     

(19) YD 2019 0.02 -0.00 -0.02 -0.25*** -0.25*** -0.25*** -0.25*** 1.00    

(20) Age -0.03 0.07 0.29*** -0.02 -0.01 -0.00 0.01 0.02 1.00   

(21) Type of Bank -0.08* -0.21*** 0.25*** 0.00 0.00 0.00 -0.00 0.00 -0.07 1.00  

(22) Nature of Business -0.19*** 0.02 0.04 0.00 0.00 0.00 -0.00 0.00 -0.03 0.11** 1.00 

*** p<0.01, ** p<0.05, * p<0.1 

Panel C: Model (1) Spearman Correlation Matrix 
(Control Variable ROA) 
 

Variables (1) (2) (3) (4) (5) (6) (7) (8) (9) (10) (11) 

(1) Disclosure Score 1.000           

(2) Board Size 0.2610* 1.0000          

(3) Board Independence 0.2204* 0.1284* 1.000         

(4) Audit Committee 0.3200* 0.3958* 0.3047* 1.000        

(5) Board Female 0.1606* 0.4146* 0.1211* 0.1134* 1.000       

(6) Big4 Audit Firms 0.1494* 0.1733* -0.1792* -0.0819 0.1957* 1.000      

(7) Audit Tenure 0.1334* 0.0241 -0.0261 0.0397 0.1136* 0.0433 1.000     

(8) Capital Adequacy -0.1607* -0.3641* -0.0348 -0.1195* -0.3653* -0.3101* -0.0004 1.000    

(9) Asset Quality 0.1008 0.1469* 0.1578* 0.1874* 0.0322 0.1753* 0.0034 -0.0430 1.000   

(10) Management Quality 0.0731 -0.0307 0.1242* 0.1075* 0.0040 -0.0513 0.0131 -0.0943 0.0280 1.000  

(11) ROA -0.1500* -0.0257   -0.0344  -0.0532    0.0795    0.0582    0.0590    0.1166*   0.1541* 0.1570* 1.000 

(12) Liquidity 0.0515 0.0457 0.0610 0.0011 -0.0005 -0.0463 0.0219 0.0333 -0.1084* -0.0641 -0.0600    

(13) Deposits -0.0573 0.0040 -0.1711* 0.0520 0.0244 0.0916 0.0195 -0.4002* 0.2238* 0.0867 0.0733    

(14) Bank Size 0.3398* 0.4558* 0.0943 0.1532* 0.5387* 0.4074* 0.0558 -0.5995* 0.1164* 0.0248 0.0669 

(15) YD 2015 -0.1455* -0.0205 -0.0363 -0.0533 -0.1047* 0.0181 -0.6420* 0.0351 -0.0291 -0.0110 -0.0033   

(16) YD 2016 -0.0789 -0.0384 0.0014 -0.0115 -0.0675 0.0181 -0.2433* -0.0063 -0.0190 -0.0183 -0.0397   

(17) YD 2017 0.0218 0.0361 0.0220 0.0237 0.0018 0.0181 0.0950 0.0069 0.0204 -0.0004 0.0039    

(18) YD 2018 0.0865 0.0257 -0.0155 0.0205 0.0743 -0.0078 0.3162* -0.0256 0.0190 0.0190 0.0592    

(19) YD 2019 0.1161* -0.0029 0.0284 0.0206 0.0960 -0.0465 0.4741* -0.0100 0.0087 0.0107 -0.0200    
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(20) Age -0.0019 0.1066* 0.1048* 0.0385 0.3042* 0.0340 0.0545 -0.2691* -0.0600 0.0935 0.0582   

(21) Type of Bank 0.2667* 0.2498* 0.3566* 0.2903* 0.0203 -0.0575 -0.0277 -0.0355 0.0856 -0.0317 -0.1485* 

(22) Nature of Business -0.0227 0.0724 0.0873 0.1927* -0.1120* -0.0436 0.0105 -0.0245 0.1154* -0.0015 -0.0912   

 

Variables (12) (13) (14) (15) (16) (17) (18) (19) (20) (21) (22) 

(12) Liquidity 1.000           

(13) Deposits 0.1338* 1.000          

(14) Bank Size -0.0415 -0.0487 1.000         

(15) YD 2015 -0.0434 -0.0680 -0.0482 1.000        

(16) YD 2016 -0.0270 0.0041 -0.0103 -0.2500* 1.000       

(17) YD 2017 0.0143 0.0106 0.0067 -0.2500* -0.2500* 1.000      

(18) YD 2018 0.0277 0.0430 0.0289 -0.2500* -0.2500* -0.2500* 1.000     

(19) YD 2019 0.0285 0.0102 0.0229 -0.2500* -0.2500* -0.2500* -0.2500* 1.000    

(20) Age -0.0392 0.0787 0.2301* -0.0442 -0.0221 0.0000 0.0221 0.0442 1.000   

(21) Type of Bank -0.0506 -0.2591* 0.2721* 0.0000 0.0000 0.0000 0.0000 0.0000 -0.0601 1.000  

(22) Nature of Business -0.0566 -0.0009 -0.0722 0.0000 0.0000 0.0000 0.0000 0.0000 -0.0433 0.1128* 1.000 

*** p<.01, ** p<.05, * p<.1 

Panel D: Model (1) Spearman Correlation Matrix 
(Control Variable ROE) 
 

Variables (1) (2) (3) (4) (5) (6) (7) (8) (9) (10) (11) 

(1) Disclosure Score 1.000           

(2) Board Size 0.2610* 1.0000          

(3) Board Independence 0.2204* 0.1284* 1.000         

(4) Audit Committee 0.3200* 0.3958* 0.3047* 1.000        

(5) Board Female 0.1606* 0.4146* 0.1211* 0.1134* 1.000       

(6) Big4 Audit Firms 0.1494* 0.1733* -0.1792* -0.0819 0.1957* 1.000      

(7) Audit Tenure 0.1334* 0.0241 -0.0261 0.0397 0.1136* 0.0433 1.000     

(8) Capital Adequacy -0.1607* -0.3641* -0.0348 -0.1195* -0.3653* -0.3101* -0.0004 1.000    

(9) Asset Quality 0.1008 0.1469* 0.1578* 0.1874* 0.0322 0.1753* 0.0034 -0.0430 1.000   

(10) Management Quality 0.0731 -0.0307 0.1242* 0.1075* 0.0040 -0.0513 0.0131 -0.0943 0.0280 1.000  

(11) ROE -0.1246*   0.0907    0.0040   -0.0349    0.1856*   0.1201*   0.0512   -0.1687*   0.1763* 0.1718* 1.000 

(12) Liquidity 0.0515 0.0457 0.0610 0.0011 -0.0005 -0.0463 0.0219 0.0333 -0.1084* -0.0641 -0.0510 

(13) Deposits -0.0573 0.0040 -0.1711* 0.0520 0.0244 0.0916 0.0195 -0.4002* 0.2238* 0.0867 0.1828* 

(14) Bank Size 0.3398* 0.4558* 0.0943 0.1532* 0.5387* 0.4074* 0.0558 -0.5995* 0.1164* 0.0248 0.2046* 
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(15) YD 2015 -0.1455* -0.0205 -0.0363 -0.0533 -0.1047* 0.0181 -0.6420* 0.0351 -0.0291 -0.0110 -0.0130 

(16) YD 2016 -0.0789 -0.0384 0.0014 -0.0115 -0.0675 0.0181 -0.2433* -0.0063 -0.0190 -0.0183 -0.0548 

(17) YD 2017 0.0218 0.0361 0.0220 0.0237 0.0018 0.0181 0.0950 0.0069 0.0204 -0.0004 0.0250 

(18) YD 2018 0.0865 0.0257 -0.0155 0.0205 0.0743 -0.0078 0.3162* -0.0256 0.0190 0.0190 0.0749 

(19) YD 2019 0.1161* -0.0029 0.0284 0.0206 0.0960 -0.0465 0.4741* -0.0100 0.0087 0.0107 -0.0321 

(20) Age -0.0019 0.1066* 0.1048* 0.0385 0.3042* 0.0340 0.0545 -0.2691* -0.0600 0.0935 0.1431* 

(21) Type of Bank 0.2667* 0.2498* 0.3566* 0.2903* 0.0203 -0.0575 -0.0277 -0.0355 0.0856 -0.0317 -0.1461* 

(22) Nature of Business -0.0227 0.0724 0.0873 0.1927* -0.1120* -0.0436 0.0105 -0.0245 0.1154* -0.0015 -0.0467 

 

Variables (12) (13) (14) (15) (16) (17) (18) (19) (20) (21) (22) 

(12) Liquidity 1.000           

(13) Deposits 0.1338* 1.000          

(14) Bank Size -0.0415 -0.0487 1.000         

(15) YD 2015 -0.0434 -0.0680 -0.0482 1.000        

(16) YD 2016 -0.0270 0.0041 -0.0103 -0.2500* 1.000       

(17) YD 2017 0.0143 0.0106 0.0067 -0.2500* -0.2500* 1.000      

(18) YD 2018 0.0277 0.0430 0.0289 -0.2500* -0.2500* -0.2500* 1.000     

(19) YD 2019 0.0285 0.0102 0.0229 -0.2500* -0.2500* -0.2500* -0.2500* 1.000    

(20) Age -0.0392 0.0787 0.2301* -0.0442 -0.0221 0.0000 0.0221 0.0442 1.000   

(21) Type of Bank -0.0506 -0.2591* 0.2721* 0.0000 0.0000 0.0000 0.0000 0.0000 -0.0601 1.000  

(22) Nature of Business -0.0566 -0.0009 -0.0722 0.0000 0.0000 0.0000 0.0000 0.0000 -0.0433 0.1128* 1.000 

*** p<.01, ** p<.05, * p<.1 
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C.1.5  Checking Autocorrelation 

The autocorrelation tests the independent residuals across the research period (Alsaeed, 

2006; Field et al., 2012). It is helpful checking to improve the fitness of the regression model, 

especially with time series. This test is conducted graphically by scatter-plot of residual 

values versus the study period and should show no interactions between residuals. 

Therefore, Figure 0-6 displays no serial correlations between the residual values.  

Figure 0-6 Checking Autocorrelation Graphically for Model (1) 

  

Furthermore, prior literature suggests performing Durbin–Watson (DW) test to check for 

autocorrelation. Field et al. (2012) mention that the test results vary based on the number 

of data samples and model predictors. Also, the range of the DW test is between 0 and 4 

with a cut-off point of 2 (Field et al., 2012); if the value is less than 2 means a positive 

correlation between the closest residuals. If the value equals 2 means no correlation, 

whereas if the value is more than 2 indicates a negative correlation. Also, Field et al. (2012) 

point out that values below 1 or above 3 cause concern.  

Afterwards, Table 0-10 represents the results of the DW test for model (1) by using two 

different proxies for control variable profitability (ROA and ROE).  The d-statistics are 0.8094 

(when running the test with ROA) and 0.8109 (when running the test with ROE). The results 

are below 1, which needs attention and indicates a positive correlation between adjacent 

residuals since it is less than 2. 
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Table 0-10 Checking Autocorrelation by Durbin–Watson Test for Model (1) 

Model (1) Durbin–Watson d-statistic 
DW d-statistic( 21,   625)  

 Control Variable 
ROA 

Control Variable 
ROE 

𝐴𝑀𝐿𝐶𝑇𝐹𝐷𝑖𝑡 =  𝛼 + 𝛽1𝑁𝑈𝑀𝑖𝑡 +  𝛽2𝐵𝐷𝐼𝑖𝑡  +
𝛽3𝐴𝐶𝑆𝐼𝑍𝑖𝑡  + 𝛽4𝐵𝐺𝐷𝑖𝑡 + 𝛽5𝐵𝐼𝐺4𝑖𝑡 +
𝛽6𝐴𝑈𝑇𝑈𝑖𝑡 + 𝛽𝑘𝐶𝑂𝑁𝑇𝑉𝐴𝑅𝑖𝑡 +  𝜀𝑖𝑡    

0.8094 0.8109 

 

C.1.6  Summary of Regression Diagnostics  

In brief, the research tests regression diagnostic for model (1) with dependent variable 

AMLCTF disclosure and multiple independent variables and controls. The thesis checks the 

regression diagnostics for the same model twice (whenever required in numerical tests 

only) by using ROA and ROE as proxies for the control variable profitability. The diagnostic 

results do not meet regression assumptions graphically and numerically except for the 

graphical presentation of multicollinearity and autocorrelation. The results express a non-

linear relationship between the AMLCTF disclosure score and corporate governance 

variables. The standardised error terms are not normally distributed. Also, statistically, there 

are heteroscedasticity and autocorrelation issues. However, the graphical presentation of 

autocorrelation indicates no problems when scatter-plot of residual values versus the study 

period. Regarding multicollinearity, all the independent variables do not suffer from 

collinearity issues except for the control variable 2019. Therefore, to improve the model 

outputs, this study attempts to treat the regression issues (see Appendix C.3 ) and recheck 

the assumptions' fitness; if the regression diagnostics are still not satisfied, the research 

carries the analysis with a non-parametric statistical test.  

C.2  Unusual and Influential Data for Model (1) 

After checking regression diagnostics, it is clear that multiple linear regression is not 

appropriate for analysing the model variables. Thus, prior studies suggest considering the 

availability of unusual observations and influential data.  From there, the research intended 

to detect these issues before performing the statistical test and running the regression 

analysis (Cooke, 1998; Elsayed, 2010). Moreover, Abdel-Fattah (2008) describes the unusual 

observations as outliers with abnormal distances from the rest of the data sample and 

having high residual values.  Also, the unusual observations are those with high leverage and 

are recognised by the distance extent (the far) of independent variables from their mean.  
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Moreover, the influential data are realised when the estimated coefficient changes 

substantially with data removable. Consequently, unusual observations and influential data 

negatively impact the OLS results (Field, 2009). This issue occurs because these data weights 

are greater than the other observations in the sample, thus affecting the model outcomes. 

The earlier literature suggests several ways to detect them graphically and numerically. For 

example, Field (2009) recommends scanning the research population by sorting each 

variable ascendingly and identifying the unordinary value. In addition, Abdel-Fattah (2008) 

proposes to draw graphical plots of leverage versus squared residuals to identify the 

unusual and influential observations with high leverage. Thus, Figure 0-7 shows some 

suspected unusual points far from the centre of other random sample plots.  

On the other hand, Pell (2000) notes that the critical value of outliers is beyond ± 2.5 

standardised residuals. Besides, Ibrahim (2017) attempts to calculate the number of outliers 

by the observations with the highest number of standardised residuals, in which the values 

are greater than ± 2.5. Hence, the outliers ratio is determined by the number of outliers to 

the total number of observations. This calculation results confirm the outliers issue when 

the significate level is below 5%. Respectively, Table 0-11 shows a ratio of 0.8% less than 5%. 

These results confirm the existence of outliers within the sample size with 5 observations. 

Figure 0-7 Detect Outliers by Plotting Leverage Versus Squared-Residuals for Model (1) 
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Table 0-11 Detect Outliers by Highest Standardised Residuals for Model (1) 

Model (1) Observation with standardised 
residual greater than ± 2.5  

Total 
observations 

Ratio 

𝐴𝑀𝐿𝐶𝑇𝐹𝐷𝑖𝑡 =   𝛼 +  𝛽
1
𝐵𝑁𝑈𝑀𝑖𝑡 +

 𝛽
2

𝐵𝐷𝐼𝑖𝑡  + 𝛽
3

𝐴𝐶𝑆𝐼𝑍𝑖𝑡  + 𝛽
4

𝐵𝐺𝐷𝑖𝑡 +

𝛽
5

𝐵𝐼𝐺4
𝑖𝑡 

+ 𝛽
6
𝐴𝑈𝑇𝑈

𝑖𝑡 
+

𝛽
𝑘
𝐶𝑂𝑁𝑇𝑉𝐴𝑅𝑖𝑡 +  𝜀𝑖𝑡   

5 625 0.8% 

 

C.3  Treating Regression Issues for Model (1) 

This section tends to treat regression issues as model (1) does not meet all regression 

assumptions. At the same time, some of the observations suffer from unusual and 

influential data issues. In this regard, Draper (1988) notes four methods to treat these 

failures of regression requirements: First, do-nothing. This method ignores all the problems 

that impact the empirical analysis, and its unpractical approach leads to unreliable 

regression results. Second, data-analytic. This approach solves the issues of regression 

assumptions such as linearity and homoscedasticity by data transformation and treating the 

outliers. Third, model expansion. This technique screens the observations in the second 

method to identify the departures. The found departures are modelled accordingly on the 

raw data scale via expanding the parametric model by Generalised Linear Models (GLM) 

(Abdel-Fattah, 2008). The models help to treat heteroscedasticity issues. Finally, the robust 

method utilises non-classical approaches such as M-, R-, and L- estimators and does not 

require satisfying the regression assumptions (Cooke, 1998). Besides, robust regression 

reduces the negative impact of outliers (Ibrahim, 2017).  

Consequently, to satisfy regression requirements, the study decides to perform the second 

and fourth techniques. However, the second method: data-analytic, is used to run 

parametric statistical tests after winsorisation and transformation (Draper, 1988). 

Therefore, the next subsections C.3.1  and C.3.2  perform winsorisation and transformation 

procedures and recheck satisfying regression assumptions. If the regression diagnostics are 

still not satisfied, the research analysis proceeds with a non-parametric statistical test.  At 

the same time, the research discusses the fourth approach in more detail within subsection 

6.8.1. 
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C.3.1  Data Winsoristion  

Winsorising research data is a helpful solution to treat the failures of parametric regression 

assumptions, particularly limiting the potential impact of outliers (Abdel-Fattah, 2008; 

Barakat & Hussainey, 2013; Nahar, Jubb, & Azim, 2016). Also, this procedure is more ethical 

and appropriate than removing unusual data from the sample size. Nevertheless, in this 

process, the extreme values are replaced by the nearest minimum or maximum actual 

values in the data set close to these outliers according to the decided winsorisation level. 

However, this level is debatable within prior studies. Some researchers set the top and 

bottom winsorising levels at 1% (Alipour et al., 2019; Habib et al., 2018; Hassanein & 

Hussainey, 2015; Ravenda et al., 2019) while others at 5% (Tessema, 2019). Similarly, 

Ibrahim (2017) suggests deciding the winsorisation level based on the calculated ratio of 

outliers (see the discussion in Appendix C.2 ), and this ratio is performed for all the study 

variables. Consequently, Table 0-11 indicates that the outliers ratio is 0.8%, which is near 

the proposed winsorisation level of 1% by the previous literature. Accordingly, all the 

research variables are winsorised top and bottom at 1%. 

C.3.2  Data Transformation 

The transformation technique is widely recommended in disclosure studies when the 

regression assumptions are not satisfied due to non-linearity, non-normality, 

heteroscedasticity, and unusual observations (Abdel-Fattah, 2008; Cooke, 1998; Haj-Salem 

et al., 2020). Statistically, there are several transformation forms: logarithmic (log), square, 

square root, inverse, and exponential. However, the most common form is log 

transformation. In addition, Elsayed (2010) conducts the transformation technique in 

several ways and states that log transformation is the best mode for better results. 

Alongside, it is preferable to apply the same transformation form for all research variables 

to maintain the exact relationship between the dependent and independent variables 

(Cooke, 1998; Ibrahim, 2017). Even though the log is performed for positive values only, the 

research attempts to convert all the zero and negative values to positive ones by adding a 

constant value to all study variables with zero and negative values before operating the log 

transformation (Ibrahim, 2017). The constant is decided based on the minimum winsorised 

value (zero or negative), and it is calculated by adding the nearest absolute positive number 

to this minimum value. For instance, if the minimum value is -2.5, add the nearest positive 
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absolute number 3 to obtain a positive result of 0.5. Then this positive number (0.5) is ready 

for log transformation. Indeed, the absolute number (3) is added to all the study 

observations for the same variable to maintain an undriven relationship between the model 

variables.  

Consequently, after performing the winsorisation at 1% and transformation procedures, the 

research attempts to recheck the fitness of the regression assumptions. However, the 

regression diagnostics are still not met. Then, the current research tends to run non-

parametric statistical tests Tobit regression that ignore satisfying regression assumptions. As 

well, it runs further analyses such as robust regression and lag approach (t-1). Hence, 

employing different types of regression is helpful to ensure the results are not method-

driven, confirm the robustness of the outcomes and validate the conclusions (Abdel-Fattah, 

2008; Cooke, 1998). 

D. Chapter Seven 

D.1  Regression Diagnostics for Model (2) 

The study performs regression diagnostics to identify which statistical test (parametric or 

non-parametric) is appropriate for model (2) analysis. The diagnostic assumptions include 

checking for linearity, normality, homoscedasticity, multicollinearity and autocorrelation. 

These tests run twice (whenever required, especially in numerical tests) using two proxies 

for the dependent variable performance: ROA and ROE. The thesis implements ROA only in 

the first run and replaces the ROA with ROE in the second run. Thus, the statistical test is 

parametric if the regression assumptions are satisfied. Otherwise non-parametric. The 

following subsections explain regression diagnostics. 

D.1.1  Checking Linearity 

Figure 0-8 shows a lack of linearity when plotting both residuals and standardised residual 

versus AMLCTF disclosure scores. At the same time, the Ramsey RESET test results in Table 

0-12Error! Reference source not found. present no linear association between profitability 

proxies (the ROA neither ROE) and independent variables. The outcomes for model (2) with 

the dependent variable ROA report an F-statistic of 87.80 and a probability of 0.000.  

Similarly, for the same model, when ROE replaces ROA, the outputs show an F-statistic of 

1150.02 and a probability of 0.000 (p-value ˂ 0.05).  Therefore, these findings numerically 
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are statistically significant at 5% and confirm the no linearity for both the dependent 

variables. Also, these results are consistent with prior literature that fail to confirm the 

linearity (Cooke, 1998; Haniffa & Cooke, 2002). 

Figure 0-8 Checking linearity by Plotting Residual and Standard Residual Values Versus AMLCTF 
Disclosure Score 

Standardised Residual Values Versus AMLCTF Disclosure 

Score (The Dependent Variable is ROA) 

Residual Values Versus AMLCTF Disclosure Score (The  

Dependent Variable is ROA)  

 
Standardised Residual Values Versus AMLCTF Disclosure 

Score (The Dependent Variable is ROE) 
 

Residual Values Versus AMLCTF Disclosure Score (The 

Dependent Variable is ROE) 

 

Table 0-12 Linearity Checking by Ramsey RESET Test for Model (2) 

Ramsey RESET test for omitted variables 

The Dependent Variable is ROA The Dependent Variable is ROE 

Omitted: Powers of fitted values of ROA 

H0: Model has no omitted variables 

F(3, 601) =  87.80 

 Prob > F = 0.0000 

Omitted: Powers of fitted values of ROE 

H0: Model has no omitted variables 

F(3, 601) = 1150.02 

 Prob > F =  0.0000 
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D.1.2  Checking Normality 

Figure 0-9 shows that the Kernal density estimate exceeds the normal density shape from 

the middle for both the dependent variables ROA and ROE. Similarly, Figure 0-10 exhibits 

the Normal P-P plots with residuals and standardised residuals, and the shape of the plots 

deviates from the normality line. All the figures confirm graphically non-normal distribution. 

In addition, the Shapiro–Wilk test results in Table 0-13 display that residuals and 

standardised residuals probabilities are 0.00. These results are statistically significant at 5% 

and confirm the non-normality for the regressions-dependent variables ROA and ROE. 

Figure 0-9 Checking Normality by Kernel Density Plot for Model (2) 

The Dependent Variable is ROA 

 

The Dependent Variable is ROA 

The Dependent Variable is ROE The Dependent Variable is ROE 

 

 

 

 

 

Figure 0-10 Checking Normality of Model (2) By Normal Probability (P-P) Plot 
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The Dependent Variable is ROA  The Dependent Variable is ROA 

The Dependent Variable is ROE  
 

The Dependent Variable is ROE  
 

 

Table 0-13 Checking Normality with Shapiro-Wilk W Test for Model (2) 

 

D.1.3  Checking Homoscedasticity 

Figure 0-11 results imply a lack of homoscedasticity as the plots spread randomly from the 

horizontal line zero. The regression with performance proxy ROE represents the plots nearer 

to the zero line than the regression with proxy ROA but still graphically indicates 

heteroscedasticity. Meanwhile, the Breusch–Pagan/Cook–Weisberg test in Table 0-14Error! 

Reference source not found. shows a probability value of 0.00 that is statistically significant 

at 5% for both dependent variables, ROA or ROE. Besides, Cameron & Trivedi's 

Shapiro–Wilk W Test for Normal Data 
 

The Dependent Variable is ROA 

Variable  Observations W V Z Prob>z 

Residuals 625 0.467 219.264 13.086 0.000 

Standardised Residuals 625 0.461 221.894 13.115 0.000 
The Dependent Variable is ROE 

Residuals 625 0.295 290.020 13.765 0.000 

Standardised Residuals 625 0.286 293.624 13.795 0.000 
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decomposition of IM-test for heteroscedasticity in Table 0-15 reports a p-value of 0.00, a 

skewness of 0.00 and a kurtosis of 0.249 for model (2) when the dependent variable is ROA. 

The same test is performed for the second run when the dependent variable is ROE and 

presents a p-value of 0.00, a skewness of 0.00 and a kurtosis of 0.314. Thus, both checks' 

findings are statistically significant at 5% and verify the occurrence of heteroscedasticity and 

the absence of homoscedasticity. 

Figure 0-11 Checking homoscedasticity graphically for Model (2) 

Standardised Residuals Versus Standardised Predicted 
Values of the Dependent Variable (ROA) 

Residuals Versus Fitted Values 
The Dependent Variable is ROA 

Standardised Residuals Versus Standardised Predicted 
Values of the Dependent Variable (ROE) 

Residuals Versus Fitted Values 
The Dependent Variable is ROE 

 

Table 0-14 Checking Heteroskedasticity by Breusch–Pagan/Cook–Weisberg Test for Model (2) 

Breusch–Pagan/Cook–Weisberg Test for Heteroskedasticity 
 

The Dependent Variable is ROA The Dependent Variable is ROE 

Assumption: Normal error terms 
Variable: Fitted values of ROA 
H0: Constant variance 
chi2(1) = 1168.61 
Prob > chi2 =  0.0000 

Assumption: Normal error terms 
Variable: Fitted values of ROE 
H0: Constant variance 
chi2(1) = 8680.84 
Prob > chi2 =  0.0000 
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Table 0-15 Checking Heteroskedasticity by Cameron & Trivedi's Decomposition of IM-Test for Model 
(2) 

Cameron & Trivedi's Decomposition of IM-Test  (White’s Test) 
                                                                                                 

Source The Dependent Variable is ROA The Dependent Variable is ROE 
chi2 df p chi2 df p 

Heteroskedasticity   562.990 216     0.000   569.460 216     0.000 

Skewness    54.800 20     0.000    54.420 20     0.000 

Kurtosis     1.330 1     0.249     1.010 1     0.314 

Total   619.120 237     0.000   624.890 237     0.000 

 

D.1.4  Checking Multicollinearity 

The VIF test for model (2) in Table 0-16 Variance Inflation Factor  shows the lowest value is 

1.038, and the highest is 4.114. These VIF values indicate no collinearity with a score of less 

than 10. At the same time, the tolerance (1/VIF) lowest value is 0.243, and the highest is 

0.963, which expresses no tolerance with a value less than 0.2 (Al-Sartawi & Reyad, 2018).  

Hence, the results confirm no issue of multicollinearity within the research-independent 

variables except for the year 2019. Moreover, the Pearson correlation matrix for parametric 

statistical tests in Table 0-17 (Panel A when the dependent variable is ROA) and Table 0-18 

(Panel A when the dependent variable is ROE) present maximum p-values of -0.596 

(negative correlation) and 0.525 (positive correlation). Likewise, the Spearman Correlation 

for the non-parametric statistical test in Table 0-17 and Table 0-18. (Panel’s B) shows 

maximum p-values of -0.6420 (negative correlation) and 0.5387 (positive correlation) for 

both dependent variables ROA and ROE. Hence, these maximum p-values are not exceeding 

prior literature p-value range of 70% -80% (Al-Sartawi & Reyad, 2018; Elsayed, 2010; Field, 

2009; Ibrahim, 2017) and confirm no collinearity issues. 

Table 0-16 Variance Inflation Factor for Model (2) 

Variance Inflation Factor 

     VIF   1/VIF 

 YD2015 4.114 .243 
 YD2016 2.906 .344 
 Audit Tenure 2.865 .349 
 Log Bank Size 2.745 .364 
 YD 2017 2.078 .481 
 Capital Adequacy 1.984 .504 
 Deposits 1.783 .561 
 YD 2018 1.708 .585 
 Board Female 1.62 .617 
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 Board Size 1.608 .622 
 Audit Committee Size 1.511 .662 
 Disclosure Score 1.511 .662 
 Type of Bank 1.479 .676 
 Asset Quality 1.439 .695 
 Board Independence 1.438 .695 
 Big4 1.43 .699 
 Age 1.204 .831 
 Liquidity 1.192 .839 
 Nature of Business 1.112 .899 
 Management Quality 1.038 .963 
 Mean VIF 1.838 . 
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Table 0-17 Pearson and Spearman Correlation Matrix for Model (2) when the Dependent Variable ROA 

Panel A: Pearson Correlation Matrix 
 

Variables (1) (2) (3) (4) (5) (6) (7) (8) (9) (10) (11) 

(1) ROA 1.000           

(2) Disclosure Score -0.095* 1.000          

(3) Board Size -0.024 0.308*** 1.000         

(4) Board Independence 0.105** 0.261*** 0.165*** 1.000        

(5) Audit Committee Size 0.013 0.309*** 0.425*** 0.311*** 1.000       

(6) Board Female  0.084* 0.183*** 0.368*** 0.100* 0.102* 1.000      

(7) Big4 Audit Firms -0.117** 0.153*** 0.172*** -0.183*** -0.056 0.191*** 1.000     

(8) Audit Tenure 0.045 0.119** 0.021 -0.028 0.037 0.105** 0.042 1.000    

(9) Capital Adequacy 0.022 -0.201*** -0.296*** 0.037 -0.137*** -0.276*** -0.370*** -0.043 1.000   

(10) Asset Quality -0.000 0.077 0.137*** 0.150*** 0.181*** 0.020 0.188*** 0.003 -0.228*** 1.000  

(11) Management Quality -0.009 0.043 -0.016 -0.010 0.046 -0.065 0.004 0.030 -0.025 -0.066 1.000 

(12) Liquidity 0.071 -0.039 -0.052 -0.071 -0.095* -0.031 -0.078 -0.008 0.161*** -0.259*** -0.003 

(13) Deposits -0.031 -0.008 0.039 -0.145*** 0.129** 0.028 0.067 0.018 -0.422*** 0.351*** 0.047 

(14) Bank Size -0.036 0.424*** 0.312*** 0.346*** 0.194*** 0.321*** 0.104** -0.044 -0.180*** -0.043 -0.023 

(15) YD 2015 -0.020 -0.139*** -0.030 -0.034 -0.059 -0.104** 0.018 -0.596*** 0.035 -0.032 0.011 

(16) YD 2016 -0.020 -0.075 -0.031 -0.001 -0.004 -0.071 0.018 -0.274*** 0.014 -0.022 -0.046 

(17) YD 2017 -0.014 0.024 0.038 0.020 0.011 0.000 0.018 0.045 -0.019 0.018 0.027 

(18) YD 2018 0.012 0.083* 0.022 -0.012 0.020 0.072 -0.008 0.300*** -0.017 0.019 0.032 

(19) YD 2019 0.042 0.107** 0.001 0.028 0.033 0.103** -0.047 0.525*** -0.013 0.016 -0.023 

(20) Age 0.077 0.087* 0.151*** 0.157*** 0.019 0.286*** 0.040 0.014 -0.195*** -0.034 0.040 

(21) Type of Bank -0.079* 0.278*** 0.255*** 0.361*** 0.293*** 0.019 -0.058 -0.028 0.079* 0.081* -0.063 

(22) Nature of Business -0.007 -0.023 0.053 0.096* 0.186*** -0.118** -0.044 0.011 -0.049 0.104** 0.001 

 

Variables (12) (13) (14) (15) (16) (17) (18) (19) (20) (21) (22) 

(12) Liquidity 1.000           

(13) Deposits 0.064 1.000          

(14) Bank size -0.104** -0.236*** 1.000         

(15) YD 2015 -0.007 -0.056 0.016 1.000        

(16) YD 2016 -0.011 0.002 0.020 -0.250*** 1.000       

(17) YD  2017 -0.013 0.022 0.003 -0.250*** -0.250*** 1.000      
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(18) YD 2018 0.009 0.036 -0.018 -0.250*** -0.250*** -0.250*** 1.000     

(19) YD 2019 0.022 -0.004 -0.021 -0.250*** -0.250*** -0.250*** -0.250*** 1.000    

(20) Age -0.027 0.070 0.292*** -0.015 -0.008 -0.000 0.008 0.015 1.000   

(21) Type of Bank -0.079* -0.213*** 0.248*** 0.000 0.000 0.000 -0.000 0.000 -0.065 1.000  

(22) Nature of Business -0.189*** 0.022 0.044 0.000 0.000 0.000 -0.000 0.000 -0.031 0.113** 1.000 

*** p<0.01, ** p<0.05, * p<0.1 

Panel B: Spearman Correlation Matrix 
 

Variables (1) (2) (3) (4) (5) (6) (7) (8) (9) (10) (11) 

(1) ROA 1.0000            

(2) Disclosure Score -0.1500 1.0000           

(3) Board Size -0.0257 0.2610 1.0000          

(4) Board Independence -0.0344 0.2204 0.1284 1.0000         

(5) Audit Committee Size -0.0532 0.3200 0.3958 0.3047 1.0000        

(6) Board Female 0.0795 0.1606 0.4146 0.1211 0.1134 1.0000       

(7) Big4 Audit Firms 0.0582 0.1494 0.1733 -0.1792 -0.0819 0.1957 1.0000      

(8) Audit Tenure 0.0590 0.1334 0.0241 -0.0261 0.0397 0.1136 0.0433 1.0000     

(9) Capital Adequacy 0.1166 -0.1607 -0.3641 -0.0348 -0.1195 -0.3653 -0.3101 -0.0004 1.0000    

(10) Asset Quality 0.1541 0.1008 0.1469 0.1578 0.1874 0.0322 0.1753 0.0034 -0.0430 1.0000   

(11) Management Quality 0.1570 0.0731 -0.0307 0.1242 0.1075 0.0040 -0.0513 0.0131 -0.0943 0.0280 1.0000  

(12) Liquidity -0.0600 0.0515 0.0457 0.0610 0.0011 -0.0005 -0.0463 0.0219 0.0333 -0.1084 -0.0641 

(13) Deposits 0.0733 -0.0573 0.0040 -0.1711 0.0520 0.0244 0.0916 0.0195 -0.4002 0.2238 0.0867 

(14) Bank Size 0.0669 0.3398 0.4558 0.0943 0.1532 0.5387 0.4074 0.0558 -0.5995 0.1164 0.0248 

(15) YD 2015 -0.0033 -0.1455 -0.0205 -0.0363 -0.0533 -0.1047 0.0181 -0.6420 0.0351 -0.0291 -0.0110 

(16) YD 2016 -0.0397 -0.0789 -0.0384 0.0014 -0.0115 -0.0675 0.0181 -0.2433 -0.0063 -0.0190 -0.0183 

(17) YD 2017 0.0039 0.0218 0.0361 0.0220 0.0237 0.0018 0.0181 0.0950 0.0069 0.0204 -0.0004 

(18) YD 2018 0.0592 0.0865 0.0257 -0.0155 0.0205 0.0743 -0.0078 0.3162 -0.0256 0.0190 0.0190 

(19) YD 2019 -0.0200 0.1161 -0.0029 0.0284 0.0206 0.0960 -0.0465 0.4741 -0.0100 0.0087 0.0107 

(20) Age 0.0582 -0.0019 0.1066 0.1048 0.0385 0.3042 0.0340 0.0545 -0.2691 -0.0600 0.0935 

(21) Type of Bank -0.1485 0.2667 0.2498 0.3566 0.2903 0.0203 -0.0575 -0.0277 -0.0355 0.0856 -0.0317 

(22) Nature of Business -0.0912 -0.0227 0.0724 0.0873 0.1927 -0.1120 -0.0436 0.0105 -0.0245 0.1154 -0.0015 

 

Variables (12) (13) (14) (15) (16) (17) (18) (19) (20) (21) (22) 

(12) Liquidity 1.0000            

(13) Deposits 0.1338 1.0000           
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(14) Bank Size -0.0415 -0.0487 1.0000          

(15) YD 2015 -0.0434 -0.0680 -0.0482 1.0000         

(16) YD 2016 -0.0270 0.0041 -0.0103 -0.2500 1.0000        

(17) YD 2017 0.0143 0.0106 0.0067 -0.2500 -0.2500 1.0000       

(18) YD 2018 0.0277 0.0430 0.0289 -0.2500 -0.2500 -0.2500 1.0000      

(19) YD 2019 0.0285 0.0102 0.0229 -0.2500 -0.2500 -0.2500 -0.2500 1.0000     

(20) Age -0.0392 0.0787 0.2301 -0.0442 -0.0221 0.0000 0.0221 0.0442  1.0000    

(21) Type of Bank -0.0506 -0.2591 0.2721 0.0000 0.0000 0.0000 0.0000 0.0000  -0.0601 1.0000   

(22) Nature of Business -0.0566 -0.0009 -0.0722 0.0000 0.0000 0.0000 0.0000 0.0000 -0.0433 0.1128 1.0000  

*** p<.01, ** p<.05, * p<.1 

 

Table 0-18 Pearson and Spearman Correlation Matrix for Model (2) when the Dependent Variable ROE 

Panel A: Pearson Correlation Matrix 
 

Variables (1) (2) (3) (4) (5) (6) (7) (8) (9) (10) (11) 

(1) ROE 1.000           

(2) Disclosure Score -0.048 1.000          

(3) Board Size 0.043 0.308*** 1.000         

(4) Board Independence 0.068 0.261*** 0.165*** 1.000        

(5) Audit Committee Size 0.030 0.309*** 0.425*** 0.311*** 1.000       

(6) Board Female  0.090* 0.183*** 0.368*** 0.100* 0.102* 1.000      

(7) Big4 Audit Firms -0.014 0.153*** 0.172*** -0.183*** -0.056 0.191*** 1.000     

(8) Audit Tenure 0.005 0.119** 0.021 -0.028 0.037 0.105** 0.042 1.000    

(9) Capital Adequacy -0.024 -0.201*** -0.296*** 0.037 -0.137*** -0.276*** -0.370*** -0.043 1.000   

(10) Asset Quality -0.024 0.077 0.137*** 0.150*** 0.181*** 0.020 0.188*** 0.003 -0.228*** 1.000  

(11) Management Quality -0.006 0.043 -0.016 -0.010 0.046 -0.065 0.004 0.030 -0.025 -0.066 1.000 

(12) Liquidity 0.155*** -0.039 -0.052 -0.071 -0.095* -0.031 -0.078 -0.008 0.161*** -0.259*** -0.003 

(13) Deposits -0.052 -0.008 0.039 -0.145*** 0.129** 0.028 0.067 0.018 -0.422*** 0.351*** 0.047 

(14) Bank Size -0.019 0.424*** 0.312*** 0.346*** 0.194*** 0.321*** 0.104** -0.044 -0.180*** -0.043 -0.023 

(15) YD 2015 -0.017 -0.139*** -0.030 -0.034 -0.059 -0.104** 0.018 -0.596*** 0.035 -0.032 0.011 

(16) YD 2016 -0.032 -0.075 -0.031 -0.001 -0.004 -0.071 0.018 -0.274*** 0.014 -0.022 -0.046 

(17) YD 2017 -0.011 0.024 0.038 0.020 0.011 0.000 0.018 0.045 -0.019 0.018 0.027 

(18) YD 2018 -0.003 0.083* 0.022 -0.012 0.020 0.072 -0.008 0.300*** -0.017 0.019 0.032 
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(19) YD 2019 0.062 0.107** 0.001 0.028 0.033 0.103** -0.047 0.525*** -0.013 0.016 -0.023 

(20) Age 0.022 0.087* 0.151*** 0.157*** 0.019 0.286*** 0.040 0.014 -0.195*** -0.034 0.040 

(21) Type of Bank -0.006 0.278*** 0.255*** 0.361*** 0.293*** 0.019 -0.058 -0.028 0.079* 0.081* -0.063 

(22) Nature of Business 0.009 -0.023 0.053 0.096* 0.186*** -0.118** -0.044 0.011 -0.049 0.104** 0.001 

 

Variables (12) (13) (14) (15) (16) (17) (18) (19) (20) (21) (22) 

(12) Liquidity 1.000           

(13) Deposits 0.064 1.000          

(14) Bank Size -0.104** -0.236*** 1.000         

(15) YD 2015 -0.007 -0.056 0.016 1.000        

(16) YD 2016 -0.011 0.002 0.020 -0.250*** 1.000       

(17) YD 2017 -0.013 0.022 0.003 -0.250*** -0.250*** 1.000      

(18) YD 2018 0.009 0.036 -0.018 -0.250*** -0.250*** -0.250*** 1.000     

(19) YD 2019 0.022 -0.004 -0.021 -0.250*** -0.250*** -0.250*** -0.250*** 1.000    

(20) Age -0.027 0.070 0.292*** -0.015 -0.008 -0.000 0.008 0.015 1.000   

(21) Type of Bank -0.079* -0.213*** 0.248*** 0.000 0.000 0.000 -0.000 0.000 -0.065 1.000  

(22) Nature of Business -0.189*** 0.022 0.044 0.000 0.000 0.000 -0.000 0.000 -0.031 0.113** 1.000 

*** p<0.01, ** p<0.05, * p<0.1 

Panel B: Spearman Correlation Matrix 
 

Variables (1) (2) (3) (4) (5) (6) (7) (8) (9) (10) (11) 

(1) ROE 1.000           

(2) Disclosure Score -0.1246* 1.0000          

(3) Board Size 0.0907  0.2610* 1.0000         

(4) Board Independence 0.0040  0.2204* 0.1284* 1.0000        

(5) Audit Committee Size -0.0349  0.3200* 0.3958* 0.3047* 1.0000       

(6) Board Female  0.1856*  0.1606* 0.4146* 0.1211* 0.1134* 1.0000      

(7) Big4 Audit Firms 0.1201*   0.1494* 0.1733* -0.1792* -0.0819 0.1957* 1.0000     

(8) Audit Tenure 0.0512   0.1334* 0.0241 -0.0261 0.0397 0.1136* 0.0433 1.0000    

(9) Capital Adequacy -0.1687*       -0.1607* -0.3641* -0.0348 -0.1195* -0.3653* -0.3101* -0.0004  1.0000   

(10) Asset Quality 0.1763*  0.1008 0.1469* 0.1578* 0.1874* 0.0322 0.1753* 0.0034   -0.0430 1.0000  

(11) Management Quality 0.1718*  0.0731 -0.0307 0.1242* 0.1075* 0.0040 -0.0513 0.0131  -0.0943 0.0280 1.0000 

(12) Liquidity -0.0510  0.0515 0.0457 0.0610 0.0011 -0.0005 -0.0463 0.0219   0.0333 -0.1084* -0.0641 

(13) Deposits 0.1828*   -0.0573 0.0040 -0.1711* 0.0520 0.0244 0.0916 0.0195   -0.4002* 0.2238* 0.0867 

(14) Bank Size 0.2046*  0.3398* 0.4558* 0.0943 0.1532* 0.5387* 0.4074* 0.0558   -0.5995* 0.1164* 0.0248 



280 
 

(15) YD 2015 -0.0130  -0.1455* -0.0205 -0.0363 -0.0533 -0.1047* 0.0181 -0.6420*  0.0351 -0.0291 -0.0110 

(16) YD 2016 -0.0548  -0.0789 -0.0384 0.0014 -0.0115 -0.0675 0.0181 -0.2433*  -0.0063 -0.0190 -0.0183 

(17) YD 2017 0.0250   0.0218 0.0361 0.0220 0.0237 0.0018 0.0181 0.0950  0.0069 0.0204 -0.0004 

(18) YD 2018 0.0749  0.0865 0.0257 -0.0155 0.0205 0.0743 -0.0078 0.3162*  -0.0256 0.0190 0.0190 

(19) YD 2019 -0.0321  0.1161* -0.0029 0.0284 0.0206 0.0960 -0.0465 0.4741*  -0.0100 0.0087 0.0107 

(20) Age 0.1431*  -0.0019 0.1066* 0.1048* 0.0385 0.3042* 0.0340 0.0545  -0.2691* -0.0600 0.0935 

(21) Type of Bank -0.1461*  0.2667* 0.2498* 0.3566* 0.2903* 0.0203 -0.0575 -0.0277  -0.0355 0.0856 -0.0317 

(22) Nature of Business -0.0467  -0.0227 0.0724 0.0873 0.1927* -0.1120* -0.0436 0.0105  -0.0245 0.1154* -0.0015 

 

Variables (12) (13) (14) (15) (16) (17) (18) (19) (20) (21) (22) 

(12) Liquidity 1.000           

(13) Deposits 0.1338* 1.000          

(14) Bank Size -0.0415  -0.0487 1.000         

(15) YD 2015 -0.0434  -0.0680 -0.0482 1.000        

(16) YD 2016 -0.0270  0.0041 -0.0103 -0.2500* 1.000       

(17) YD 2017 0.0143  0.0106 0.0067 -0.2500*  -0.2500*  1.000      

(18) YD 2018 0.0277  0.0430 0.0289 -0.2500*  -0.2500*  -0.2500*  1.000     

(19) YD 2019 0.0285  0.0102 0.0229 -0.2500*  -0.2500*  -0.2500*  -0.2500*  1.000    

(20) Age -0.0392  0.0787 0.2301* -0.0442  -0.0221 0.0000 0.0221 0.0442 1.000   

(21) Type of Bank -0.0506  -0.2591* 0.2721* 0.0000  0.0000 0.0000 0.0000 0.0000 -0.0601 1.000  

(22) Nature of Business -0.0566  -0.0009 -0.0722 0.0000 0.0000 0.0000 0.0000 0.0000 -0.0433  0.1128* 1.000 

*** p<.01, ** p<.05, * p<.1 
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D.1.5  Checking Autocorrelation 

The scatter-plot in Figure 0-12 exhibits the residual values versus the research period 

without serial correlation detected graphically for model (2) with both dependent variables 

ROA and ROE. Also, Durbin–Watson test results show 1.156272 for model (2) when the 

dependent variable is ROA, and when ROE replaces ROA, the test indicates 1.750403. These 

outputs are within the DW test range from 0 to 4 (Field et al., 2012). Nevertheless, the 

numerical findings in Table 0-19 reveal a positive correlation between adjacent residuals 

since it is less than 2.   

Figure 0-12 Checking autocorrelation graphically for Model (2) 

The Dependent Variable is ROA The Dependent Variable is ROE 

 

Table 0-19  Checking Autocorrelation by Durbin–Watson Test for Model (2) 

Model (2) 

The Dependent Variable Proxies ROA and ROE 

Durbin–Watson D-Statistic 

𝑅𝑂𝐴𝑖𝑡 =  𝛼 + 𝛽1𝐴𝑀𝐿𝐶𝑇𝐹𝐷𝑖𝑡 + 𝛽𝑘𝐶𝑂𝑁𝑇𝑉𝐴𝑅𝑖𝑡 +  𝜀𝑖𝑡 DW d-statistic( 21,   625) =   1.156272 

𝑅𝑂𝐸𝑖𝑡 =  𝛼 + 𝛽1𝐴𝑀𝐿𝐶𝑇𝐹𝐷𝑖𝑡 + 𝛽𝑘𝐶𝑂𝑁𝑇𝑉𝐴𝑅𝑖𝑡 +  𝜀𝑖𝑡 DW d-statistic( 21,   625) =   1.750403 

 

D.1.6  Summary of Regression Diagnostics  

In short, this section checks five regression diagnostics graphically and numerically to 

identify the appropriate statistical test for the research model (2). These tests conclude the 

following. First, there is no linear association between bank performance and AMLCTF 

disclosure (when using the performance proxies ROA or ROE). Second, the outcomes show 

no normality appears with residuals and standardised residuals. Third, checking for 

regression diagnostics indicates the absence of homoscedasticity and the existence of 
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heteroscedasticity. Fourth, no issue of multicollinearity with Pearson and Spearman 

correlation tests. However, due to collinearity, the VIF test omitted the results of the control 

variable year 2019. Fifth, the graphical autocorrelation check presents no correlation, but 

the numerical DW test shows a positive correlation between adjacent residuals. Therefore, 

the parametric statistical test is not applicable for model (2) upon not satisfying regression 

diagnostic assumptions. Subsequently, the study decides to rely on non-parametric 

statistical tests to examine the economic consequences of AMLCTF disclosure through 

model (2) in Chapter Seven: . 

D.2  Unusual and Influential Data for Model (2) 

Before moving to the regression analysis, the research checks for unusual and influential 

data that might affect the study results if the outliers ratio exceeds the significant level of 

5% (Ibrahim, 2017). According to Figure 0-13, model (2) suffer from unusual observations 

and influential data with the appearance of some random plots far from the centre of the 

rest data sample. In addition, Table 0-20 shows that model (2) with the dependent variable 

ROA includes 12 observations as outliers with standardised residuals greater than ± 2.5.  

When ROE replaces ROA in the same model, the thesis detects 2 observations as outliers. 

Thus, the outliers ratio is 1.92% for model (2) with ROA and 0.32% for the same model with 

ROE, not exceeding 5%. Therefore, these findings confirm the existence of unusual and 

influential data within the dataset.  Also, it is acceptable to keep them and perform the 

regression analysis as the outlier data are within the level of significance upon the earlier 

literature recommendations (Abdel-Fattah, 2008; Ibrahim, 2017).  

Figure 0-13 Detect Outliers by Leverage Versus Squared-Residuals for Model (2) 

The Dependent Variable is ROA The Dependent Variable is ROE 
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Table 0-20 Detect outliers by Highest Standardised Residuals for Model (2) 

Model (2) 
The Dependent Variable proxies ROA and ROE 

Observations with 
Standardised Residual 
Greater than ± 2.5  

Total Observations Ratio 

𝑅𝑂𝐴𝑖𝑡 =  𝛼 + 𝛽1𝐴𝑀𝐿𝐶𝑇𝐹𝐷𝑖𝑡 

+ 𝛽𝑘𝐶𝑂𝑁𝑇𝑉𝐴𝑅𝑖𝑡 

+ 𝜀𝑖𝑡 

12 625 1.92% 

𝑅𝑂𝐸𝑖𝑡 =  𝛼 + 𝛽1𝐴𝑀𝐿𝐶𝑇𝐹𝐷𝑖𝑡 

+ 𝛽𝑘𝐶𝑂𝑁𝑇𝑉𝐴𝑅𝑖𝑡 

+ 𝜀𝑖𝑡 

2 625 0.32% 

 

D.3  Treating Regression Issues for Model (2) 

The regression diagnostics in Appendix D.1  show that the data sample does not meet all the 

regression assumptions.  Draper (1988) suggests four techniques to treat the failures of 

satisfying regression requirements. First, do-nothing. This technique is unpractical and 

affects the regression findings (Ibrahim, 2017). Second, perform the data-analytic approach. 

This method is practical, solves regression requirements through data transformation, and 

treats the outliers issue by winsorisation (Abdel-Fattah, 2008; Ibrahim, 2017). Third, 

implement a model expansion approach. This mechanism expands the found departures by 

modelling the raw data via the parametric model such as Generalised Linear Models (GLM) 

(Abdel-Fattah, 2008). Fourth, conduct the robust approach. This procedure reduces the 

potential impacts of unusual and influential data (Ibrahim, 2017). Hence, the researcher 

decides to implement the second and fourth methods. Subsection 7.8.1 discuss the fourth 

approach in more detail. Besides, the below subsections D.3.1 and D.3.2 explain the data-

analytic procedure treatments with data winsorisation and transformation. Then the study 

rechecks to satisfy the regression assumptions. If the regression diagnostics are still not 

satisfied, the research proceeds with model (2) analysis with the non-parametric statistical 

tests. 

D.3.1 Data Winsorisation 

The study decides the level of winsorisation based on the ratio of unusual and influential 

data within the research sample (Ibrahim, 2017). Table 0-20 shows that the outliers ratio is 

1.92% for model (2) when the dependent variable is ROA and 0.32% when ROE replaces 

ROA in the same model. Therefore, the nearest proposed winsorisation level for top and 
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bottom observations is 1% to mitigate the impact of outliers on the multiple linear 

regression results. 

D.3.2 Data Transformation 

The research performs log transformation for all the study variables. However, the data with 

zero or negative values are converted to positive values by adding a constant number for all 

the observations related to zero or the adverse figures under the same tested variable 

(Ibrahim, 2017).  

Forward, this research runs multiple linear regression after data winsorisation at 1% and 

transformation for model (2), but the regression diagnostics are still not satisfied. Thus, the 

study decides to employ non-parametric statistical tests. The thesis implement quantile 

regression for model (2). Besides, the study runs other regression types as further analyses 

(see section 7.8) to ensure the results are not method-driven and confirm the robustness of 

the outcomes (Cooke, 1998; Abdel-Fattah, 2008). 
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